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ABSTRACT
Purpose: The objective of this study is to identify and analyze various factors 
that influence users' acceptance of mobile government applications (mG-Apps).
Methodology: This study has constructed a research model grounded on the 
Unified Theory of Acceptance and Use of Technology (UTAUT). Further, 
information quality and trust, two vital constructs, have been added to the 
UTAUT to enhance the predictability of the model. Data collected from a sample 
size of 212 from Bangladesh has been used to test the model.
Findings: We have employed the popular structural equation modeling (SEM) 
to assess the data. Our results suggest that the significant elements impacting 
users' acceptance of mG-Appsare performance expectancy, effort expectancy, 
facilitating conditions, information quality and trust. In contrast, social influence 
is identified as an insignificant predictor.
Practical Implications: This research will assist different government agencies, 
policymakers, and practitioners in the creation of timely and effective policies to 
develop and promote myriad mG-Apps to render services to the citizens.
Originality/Value: This research has offered an innovative framework to assess 
the acceptance of mG-apps by the citizens. This unique model has been 
constructed by expanding UTAUT with two key contextual constructs such as 
information quality and trust. We believe, this study will contribute to the extant 
body of theory surrounding the use of mobile government, e-government, and 
mobile applications development.
Limitations: This study only looks at the opinions of people in Bangladesh, 
hence the researchers recommend that the proposed study model should be 
validated by using data collected from other similar countries.

1. Introduction
Major developments in technology in recent years have significantly improved a number of mobile 
device features.Besides,most technology advancements in the telecommunications industry have made 
it possible to provide services to citizens more quickly (Biel, Grill, & Gruhn, 2010). Innovative 
hardware and software capabilities allow governmental and commercial organizations to provide 
mobile consumers a wide variety of services (Payne, 2013). Both private and public institutions have a 
significant chance to minimize the digital divide that exists between the general population and the 
government because of the proliferation of modern mobile devices such as smartphones, iPads, and
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other tablets that can run applications. For instance, after mobile applications for online payments were 
introduced, mobile device usage in African nations significantly increased from 50% to 58.4% (Al-
Azizi, Al-Badi, & Al-Zrafi, 2018). These data signify the need to use mobile apps to improve public 
services. 

Many government organizations in Bangladesh have begun to invest in and devote funds to 
projects that would leverage mobile applications to put their resources into action. Mobile applications 
provide a variety of internet-based services and are viewed as promising new markets for Bangladeshi 
government stakeholders to interact and communicate with one another. The mobile services are 
widely available and practical. People have the option to use mobile apps to conduct many types of 
transactions, such as financial or instructive ones. Apps for mobile devices allow users to pay bills, 
report violations, and communicate with authorities (Naqvi & Al-Shihi, 2014). However, research has 
shown that past government-run online programs have been either ineffective or had significant delays 
in being adopted, and the objectives of mGov adoption have not been met thus far (Gao, Krogstie, & 
Siau, 2014). For instance, in the context of underdeveloped countries, 35% of eGov programs were 
determined to be unsuccessful, only 15% of projects were successful, and 50% were only partially 
completed (Napitupulu & Sensuse, 2014).

There has been a rise in the quantity of government-related mobile apps recently since mobile 
communication technologies have developed. "Electronic government" (hereinafter referred to as 
"eGov") is defined as "the use of ICTs and their application by government to offer information and 
public services to the populace". Governments are increasingly employing contemporary methods to 
reconsider their services and offer online services to the public (Veeramootoo, Nunkoo, & Dwivedi, 
2018). On the other hand, the public tends to view the use of mobile apps for government services with 
doubt and distrust (Dwivedi et al., 2017). However, among the most crucial resources for mobile 
governance (mGov) is thought to be smartphone apps (Abdelghaffar & Magdy, 2012). Due to the 
portability of mobile devices and their ability to enable 24/7 Internet access, mobile applications are 
currently employed extensively across practically all corporate and government sectors (Al-Masaeed & 
Love, 2015). As a way to provide citizens with more convenient and timely services, mobile 
applications are increasingly being used by the government. Currently, many governments are 
developing mobile apps to provide vital services to their citizens, thus it's important to assess their 
acceptance (Rana & Dwivedi, 2015). The term "Mg-App" is used frequently in this study to refer to 
apps for government services on mobile devices. 

The prior research relating to mobile use for government services in Bangladesh is at nascent 
stage. Thus, this study aims to provide insights about various determinants of using mobile apps for 
government services and to propose strategies to enhance accessibility and convenience for users. 
Specifically, the goals of this research are to (i) determinethe predictorsand (ii) analyze those predictors 
of mG-Apps adoption in Bangladesh. We use structural Equation Modeling (SEM) approach to 
accomplish our research goals. The first objective is achieved by investigating the literature. The 
second objective is achieved by testing hypotheses.

In the first part of this report, the introduction is written where the whole summary of this 
report is included. The remaining portions of this article are constructed as follows: literature review is 
presented in Chapter 2 which includes both table of important literature and description of other 
literature. In chapter 3, theoretical framework of this report is written which includes description of 
theory, model of this research and construct and hypothesis of that model. Analyzing the data and 
drawing conclusions is covered in the fifth chapter. Chapter six covers the discussion of the analysis. 
Research implications are narrated in Chapter 7. Finally, chapter 8 presents the final thoughts, caveats, 
and directions for future study.

2. Literature Review
2.1 An Overview of Government Services Available Online in Bangladesh
The notion of mobile government is taken from Electronic government. E-government is a system that 
enables cooperation between the government, its citizens, and its several departments. The primary 
goal of E-Gov is to provide government stakeholders with efficient and cost-effective services (Al-
Azizi et al., 2018). The concept of e-Bangladesh was formed in 2002 to administer e-Gov 
infrastructure and technology projects for residents, according to Sadik Hasan (2003). Bangladesh's 
ranking for technological usage has improved since 2002, according to a 2014 UN study (United 
Nations, 2014). Bangladesh is ready for e-Gov, according to this ranking. However, many in 
Bangladesh are unwilling to adopt new technologies. This stops the public from collecting government 
benefits. The Bangladeshi government wants to provide efficient and engaging services. Bangladesh's 
imperative for enhanced telecommunications infrastructure is a primary concern. Government bodies 
have recently created improvement in mobile services.

2.2 Adoption of mobile government
In recent years, several studies have looked into how m-Gov is being used (e.g., Liu et al., 2014; 
Ahmad & Khalid, 2017).  A research project carried out by Shareef et al. (2012) wanted to understand 
citizens' willingness to use m-Gov services. Their research technique for mobile government 
acceptance varies from the government website. Liang et al. (2017) employed the basement theory 
framework to evaluate the adoption of e-Gov cloud technology in China they found organizational, 
technological, and cloud trust factors drove e-Gov cloud service uptake. Liu et al. (2014) researched 
m-Gov adoption in the countryside of China and found TAM components and honesty determined m-
Gov acceptability. Ahmad and Khalid (2017) performed study in the UAE and found that, in addition 
to TAM components, cost, trust, social impact, service variety, and demographic characteristics 
influenced consumers' behavior toward mobile government services. Table 1 shows review of some 
relevant literature.  

2.3 Mobile Government Applications
Most people will use mobile apps for government services if they trust them and think they will work 
well (Sharma, et al., 2018). In their study they used a structural equation model and a neural network 
model. Besides in the UTAUT model, two additional constructs were included in their research. 
Information and trust are these two concepts. According to a survey of UAE nationals, social influence 
and trust are not negatively correlated with end users' willingness to utilize apps for government 
services on mobile devices (Sharma, et al., 2018). Researchers have shown that mobile government 
makes it simpler for people to access government services (Almarashdeh, 2018). Researchers employ 
the structural equation modeling technique to demonstrate this. To verify this theory, many hypotheses 
are developed and investigated. 

From what we've talked about so far, I think there is a gap in the literature about how mobile 
applications are used in government services. I can't find any direct report regarding this issue. In some 
literature, some parts of this topic are discussed only. Like in the literature, there is a discussion about 
the adoption of mobile applications for other countries but there is no article indicating that mobile 
applications have been adopted in Bangladesh for the provision of government services. Consequently, 
a study is currently being conducted to identify the elements that impact individuals' choices to utilize 
mobile applications for accessing government services. A model was created as part of this study to 
elucidate the factors driving the utilization of mobile government services in Bangladesh.

3.Theory, Model and Hypotheses
3.1 Theory and Proposed Model
We have used the popular UTAUT model which is widely used to assess any emerging technology 
adoption from users' perspective. Information systems(IS) research uses UTAUT, a model based on 
eight technology adoption models and the model analyzes human behavior and technology intent 
(Venkatesh, Morris, Davis, & Davis, 2003). By contrasting eight widely accepted frameworks for 
identifying how individuals respond to new technologies, Venkatesh et al. (2003) developed an 
extensive model that integrates the insights of all of them. The UTAUT concept was developed for the 
express purpose of new technology adoption. Numerous studies suggested that UTAUT could be used 
to study IS acceptance and success in emerging nations (Gupta, Dasgupta, & Gupta, 2008). Our 
research is based on this model since it is unified and best represents other technology acceptance 

models. Performance expectancy, effort expectancy, social influence, and facilitating factors make up 
the UTAUT model. 

In addition, we have incorporated two relevant contextual constructs such as trust and 
information quality with the existing UTAUT, which has enhanced the predictive capacity of the 
model. Government mobile applications are not fully captured by the UTAUT's constructs only. 
Government IS services require trust (Hung, Chang, & Kuo, 2013). For this we include trust in our 
research. In order for eGov services, such as mGov, to be successful, government agencies must 
effectively share pertinent information with commercial, public, and municipal organizations, as well 
as the general public (Dwivedi et al., 2017). Numerous studies have investigated the trust and risk 
involved in online (e.g. Luo, Li, Zhang, & Shim, 2010; Alalwan, Dwivedi, Rana, & Simintiras, 2016). 
We have no knowledge of any research that particularly examine the impact of trust and perceived 
threat on the acceptance of government-issued mobile apps. Trust has been recognized as a significant 
exogenous variable in this study on mGov. Besides to spread mobile government, information quality 
plays an important role. For this we include information quality as one of the constructs.

Figure 1 represents the research model that is founded on what we've talked about so far. It is 
thought that UTAUT constructs, as well as trust and the quality of information, are what make people 
use mobile apps for government services.

Figure 1.
Proposed Research Model.
Source: Authors Developed.

3.2 Constructs and Hypothesis
3.2.1 Performance Expectancy
Performance expectancy is approximately how much does a person expects new technology to 
improve their work performance (Venkatesh et al., 2003). As predicted by the UTAUT model, research, 
performance expectancy predicts behavioral intention in order to use cutting-edge technical knowledge 
(Alalwan, Dwivedi, & Rana, 2017). We hypothesize that performance expectancy affects mG-App 
users' behavior intentions. If they want government services on demand, the citizens of Bangladesh 
must use smartphone apps. Alalwan et al. (2017) validated that expectancy of performance affect 
Middle Eastern mobile technology adoption. Thus, we hypothesize:

H1. Performance expectancy and intention to use mGApp are positively related.

3.2.2 Effort Expectancy
Effort expectancy" is a person's estimate of the mental and physical effort required to use a system or 
technology (Venkatesh et al., 2003). Time and effort spent learning a new information system affecting 
usage intentions is suggested by the UTAUT model. Technology adoption studies (e.g. Alalwan et al., 
2017; Hanafizadeh et al., 2014) show that effort expectancy strongly influences behavior. Al-Busaidi 
(2012) noted that users are less likely to use complex information systems. The widely used TAM 
(Davis, 1989) acceptance model states that consumers will adopt modern technology when this is easy 
to use and doesn't require more work. mG-Apps, which require expertise and effort, may affect 
behavioral adoption to use mobile apps. Thus, this study hypothesizes: 
H2. Effort expectancy and intention to use mG-App are positively related.

3.2.3 Social Influence
When consumers are unfamiliar with new services, reference groups may influence their adoption (e.g. 
Ahmad & Khalid, 2017; Venkatesh et al., 2012). Social effect refers to the degree to which individuals 
think that their relatives, friends, coworkers, and other close acquaintances anticipate them to utilize a 
certain technology (Venkatesh et al., 2012). Social influence determines mobile commerce adoption, 
according to Chong (2013). According to Leong and et al., (2013), in Oman, social influence may 
affect mGApp use. According to prior research, social influence may alter behavioral adoption 
(Alalwan et al., 2017). Thus, our hypothesis:
H3. Social influence is positively related to the acceptance of mG-App.

3.2.4 Facilitatin Gconditions
The term "facilitating condition" refers to the extent how an individual views the presence of an 
administrative and technological infrastructure that enables the effective utilization of government 
services (Venkatesh et al., 2003). Users of the MG-App express concerns regarding the ability to 
access links and the speed at which data may be uploaded and downloaded. According to Lewis, 
Fretwell, Ryan, and Parham (2013), people who use new technologies require assistance. Consumers 
are reluctant to adopt new technologies when support structures are weak (Hew, Lee, Ooi, & Wei, 
2015). In his study of consumer behavior in mobile commerce, Chong (2013) demonstrated the impact 
of favorable conditions. Indicators, such as the ones mentioned above, highlight the significance of 
favorable conditions for the adoption of mG-App. Multiple recent IS studies (Ahmad & Khalid, 2017; 
Alalwan et al., 2015) find that enabling factors are the primary influence on behavioral intention. Thus, 
our theories are:
H4. Facilitating conditions and intention to accept mG-App are positively connected.

3.2.5 Trust
Research on the diffusion of technical breakthroughs suggests that people's seeming lack of confidence 
in it can lead to their reluctance to adopt and utilize it. Evaluating the viewpoints of each individual on 
new technology; the way people behave and the degree of trust they have in you can significantly 
impact their willingness to employ advanced technology (Venkatesh, Thong, Chan, Hu, & Brown, 
2011). Trust was found as a significant predictor of information system adoption in multiple research 
investigations. Bangladesh recently adopted mGApps, where individuals prefer to physically access 
services provided by the government. They would rather communicate face-to-face encounters and 
continue manually after service or information requests. If service requests are unclear or unreliable, 
mobile apps may be avoided. Thus, to provide information, consumers must have the trust to use 
mobile apps to transact (Montazemi & Saremi, 2013). This study examines whether respondents are 

willing to trust mG-Apps. If respondents trust mG-Apps, their behavior will improve. For this we 
suggest the following theory:
H5. Trust has a positive effect on individual's behavioral adoption to use mG-App.

3.2.6 Information quality
The concept of information quality is established and described by Delone and McLean (1992, 2003) 
as a system's completeness, timeliness, correctness, and relevance. Inaccurate and irrelevant 
government service information will harm users' behavior. Researchers (Al-Busaidi & Al-Shihi, 2012; 
Sharma, Gaur, Saddikuti, & Rastogi, 2017) have found that the acceptability of recent advancements in 
informational technology is influenced by the presence of high-quality content. According to Tam and 
Oliveira (2016), information quality affects mobile technology use. We hypothesize that information 
quality influences Bangladeshi acceptance of mG-App:
H6. Information quality and intention to accept mG-App are positively related.

4. Methodology
4.1 Variables and Measurement
Based on extant literature, a survey instrument was created. This questionnaire has 23 questions. The 
questionnaire has two parts. Name, age, and other demographic questions are asked initially. 23 close-
ended questions measure this model's 7 constructs in the second section. Items measuring the 
constructs were derived from the literature and adapted to the context of the study. Except for the 
controls, a five-point Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree) was used to 
assess all other critical constructs. The methods used to measure the control variables were based on 
the previous research (Ilmudeen and Bao, 2018). Pre-testing improved measuring item clarity, 
uniformity, and comprehensibility. 30 volunteers participated in a pilot test. Following the pilot test, we 
made adjustments to the research questions.Table 2 shows constructs, measurement items and sources.

4.2 Data Collection Procedure and Sample

212 adult mobile government service users provided data.The authors aimed to get different mobile 
app users to answer the questionnaire. Electronic and hard-copy surveys were distributed. Convenience 
sampling was used to obtain data as it is very easy and less costly for the authors. The Structure 
Equation Model requires 200 responders, according to the literature. For collecting data, we developed 
an online questionnaire using google form and shared indifferent online platforms such as Facebook, 
WhatsApp, and LinkedIn. We also distributed printed version of questionnaire to different citizens who 
showed willingness to provide answers. This procedure yielded 250 data. After data cleansing, 212 
surveys were analyzed.

4.3 Non-Response Bias

The independent t-test was used to compare all of the constructs. From the results of the test, we found 
no statistically significant differences. The chi-squared test for independence was used to double-check 
these findings, and it revealed no statistically significant deviations. This study's data set, thus, was 
deemed to be free of non-response bias.

4.4. Data Analysis

At first stage, we perform some basic analysis. The constructs' validity and reliability, the model's 
predictive value, and the total variance explained were then evaluated using SEM. The SEM approach 
was chosen because it allows researchers to examine the relationships between all of the constructs 
simultaneously. Because of its emphasis on theory construction and discovery rather than model 
verification, SEM is also a more appropriate method for this study. SEM cannot, however, explore the 
non-linear interactions between the components, which could lead to a simplified analysis of the 
complicated decision-making process itself. We have generated six hypotheses for employing SEM, 
and by applying the findings from these hypotheses, we may achieve our research goals.The SEM 
result satisfies both objectives 1 and 2. SEM is therefore the ideal method for our study.

5. Analysis
5.1 Demographics Description
There were a total of 212 participants in this study, with females accounting for 51% (or 108 
participants) and males for 49% (or 104 participants). Ninety percent of the respondents in this study 
are under the age of thirty, making up 191 of the total sample size. The majority of those in the sample 
(67%) have at least a bachelor's degree, with another 19% holding a master's or doctorate, and the 
remaining 14% holding only a secondary school diploma. The study sample is also representative of 
Internet users with regard to their past week's usage frequency. It shows how long people spend online. 
About 38% (or 81 respondents) spent 0-1 hours online, about 24% (or 51 respondents) spent 6-10 
hours, and about 37% (or 80 respondents) spent > 11 hours online. Furthermore, the sample also 
reveals the user's past behavior on the Internet. It reveals that 71 percent of participants (or 151 
participants) have been Internet users for more than eight years. About 10% of the sample, or 21 
people, had used the Internet for fewer than one year, while about 19%, or 40 people, had been doing 
so for five or more years. Results show that the majority of the sample group regularly uses the 
Internet. Table 3 shows summary of the demographics of the respondents. 

5.2 Common Method Bias and Multicollinearity Test
A behavioral study using cross-sectional survey data is prone to common method bias (CMB). Since 
there was no external verification of the data, we focused on CMB which might compromise the 
study's findings. We evaluated CMB using SPSS 23.0 and Harman's single-factor test. Principal axis 
factor (PAF) analysis was performed to determine the number of variables necessary to explain 
variance. The results of our test indicate that a single construct accounted for only 34.87 percent of the 
variance, which is much lower than the minimum value of 50 percent. The evaluation of CMB was 
conducted utilizing the variance inflation factor (VIF) data obtained from the comprehensive 
collinearity test (Table 4). The lower VIF values (< 3.3) indicated that this study is free from CMB 
risk. Also, VIF scores below 10 indicate that this study does not have multicollinearity.

5.3 Measurement Model
Construct reliability measurements include Cronbach's alpha, Dijkstra-rho Henseler's (A), and 
composite reliability. The results showed that each construct had reliability criterion values of 0.70 or 
above, proving internal reliability (Henseler et al., 2014; Henseler et al., 2009) (Table 5). Their 
loadings determined indicators reliability. Item loadings greater than 0.70 suggested a higher 
correlation between an item and its construct (Hair et al., 2012). Thus, loading should exceed 0.70. 
Table 5 shows reasonable loading values. The indication is reliable.

The average variance extracted (AVE) values were used to determine convergent validity. If the 
AVE values for all variables are more than 0.5, a data set demonstrates convergent validity (Fornell and 
Larcker, 1981). Table 5 demonstrates that the AVE values for all variables fall within an acceptable 
range. Convergent validity is therefore verified.

The heterotrait-monotrait ratio assessed discriminant validity. HTMT measures average 
indicator correlations across constructs. Henseler et al. (2014) recommended discriminant validity 
below 0.90. Table 6 shows heterotrait-monotrait ratios for all variables are below 0.90. This supports 
constructs' discriminant validity according to Henseler et al., (2014). Tables 5 and 6 show that 
variables are within the literature's range. We found convergent validity and good internal reliability.

In this table, the values of loading, Cronbach's alpha, rho-A, composite reliability and average 
variable extracted are mentioned which are calculated by using SmartPLS software.

In the above table HTMT ratio is shown which confirms the discriminant validity of this 
research. As all the values given in table 6 are less than 0.90 we can say that this research has 
discriminant validity.

By using the Fornell Larckar approach this report measure the convergent validity of the data. 
All AVE square roots are greater than their corresponding correlation coefficients, as seen in Table 7. 
The condition for Fornell Larckar approach is established in the table 7. So convergent validity is 
prevailed here.

5.4 Structural Model
After verifying the measuring model's psychometrics, this research studies the structural model. SEM 
determines path strength, importance, and insignificance. Structural evaluation follows measuring test 
rules. R-square assessed structural model fit. Path coefficients (Beta) and t-statistics were utilized to 
evaluate the study hypotheses individually. Bootstrapping with 5,000 re-samples determined path 
significance. The model explained 69.2% of behavioral adoption variance, according to R-square. Path 
coefficients need to be statistically significant at a p-value of at least 0.05 in order to confirm the 
relationships (Byrne, 2016). Table 8 displays structural model path, coefficients, t-statistics, p-value, 
and decision.

Table 8 shows that, at the 5% level of confidence, the results for H1 (p<0.05), H2 (p<0.05), H4 
(p<0.05), H5(p<0.05), and H6(p<0.05) are all significant. At the 5% level of significance, however, the 
path for H3 (p>0.05) lacks statistical significance. This suggests that trust, information quality, 
facilitating conditions, performance expectancy, and effort expectancy all have a big impact on how 
mobile government is adopted behaviorally. Social influence, however, has no effect on the adoption of 
mobile governance.

6. Discussion
Government agencies use mobile phones and other digital means to reach people and citizens to 
increase participation, knowledge, trust, and engagement. Government decision-makers have struggled 
to reach remote citizens with updated information. Sparse locations hinder socioeconomic progress in 
emerging countries. Mobile apps may help society's socioeconomic growth and government service 
delivery. The study shows that citizens across the nation are eager to utilize mobile apps for services 
offered by the government. In this paper, the researchers examined six parameters affecting mG-App 
use by the citizens. Five of six criteria influenced citizens' use of mobile government app. Trust, 
information quality, performance expectancy, facilitating conditions and effort expectancy affect mG-
App adoption in developing countries like Bangladesh. Reasons for the six conceptions' importance 
and non-significance are discussed in the followingsection.

The mG-confidence app is the best way to figure out how people will use new technology. 
Thus, consumers must enter personal and credit card information to use mG-Apps for private 
transactions. The mG-Apps are more likely to be trusted when they have up-to-date information and 
are easy to use. Implementing encryption measures to comply with stricter privacy regulations can 
increase trust in mG-Apps. The privacy policies and information of the mG-new App aim to promote 
user engagement. This proves that a lack of trust is one of the biggest reasons why people don't use 
new systems or technologies (Alalwan et al., 2017).

Consequently, performance expectancy is the second most important constructs in selecting 
mG-App. Citizens evaluate mG-App based on its functional utilities (performance expectancy). 

Demonstrating and publicizing significant features helps improve government online services. 
Furthermore, by introducing new and varied technical channels, the usefulness of government 
institutions can be expanded (Ghalandari, 2012). A study determined that people's openness to trying 
out new technologies is significantly influenced by their expectations of how well they will work 
(Alalwan et al., 2017).

Consequently, effort expectancy is a significant anticipator of users' desire to utilize mG-App. 
This research reveals that inhabitants of Bangladesh, even expats, prefer to execute financial activities 
and acquire information about government services via mobile applications that involve less effort and 
time than other traditional means. The majority of research using the UTAUT has discovered a 
statistically significant correlation between effort expectancy and behavioral adoption (Alalwan et al., 
2017). In contrast to earlier studies (Ahmad & Khalid, 2017), our study reveals that the correlation 
between social impact and behavioral adoption is minimal, suggesting that residents in Bangladesh are 
unlikely to advocate the usage of mG-Apps to their loved ones. In a study done in the Sultanate of 
Oman, Riffai, Grant, and Edgar (2012) found that social impact did not significantly predict behavioral 
adoption in the mobile banking environment. Furthermore, this conclusion aligns with earlier research 
conducted in several sectors of information systems (Alalwan et al., 2017). 

The results also show that supportive settings make it easier for people to change their behavior 
to use the mG-App.  Citizens emphasize available funds, specific skill sets, and amenities such as 
increased Internet access, secured mobile apps, and phones to access and employ mG-App for utilizing 
and accessing govt. services through mobile applications. Multiple further empirical research in the 
field of information systems provide evidence to support this idea (Ahmad & Khalid, 2017). 

The results conclusively demonstrated a robust and favorable relation between the quality of 
information and the intention to utilize the mG-App. This demonstrates the significance of factors such 
as relevant content, frequent updates, and comparable features in driving mG-app adoption. Individuals 
are more inclined to utilize mobile applications if they offer superior information. The findings align 
with previous research indicating the significance of information quality in influencing a user's 
adoption of new technology (Sharma et al., 2017).

7. Implications

7.1 Implications for Theory

Researchers and academics will find the result of this study useful. The model has extended the 
UTAUT framework by include information quality and trust in its explanation of users' acceptance of 
mG-Apps in an Asian environment. The UTAUT model is a well-known framework for analyzing how 
people respond to and adopt new technologies. These two new components can be used by other 
researchers when they work with the UTAUT theory. The statistical findings demonstrate that this 
study's research model can predict behavioral adoption toward mG-App. All measurement indices and 
structural models were within their allowed range. The UTAUT's R-square initially stood at 53% as 
anticipated, but rose to 69.2% upon the inclusion of more data. Therefore, the inclusion of additional 
components enhances the predictive capacity of the study model. This research is a valuable addition 
to the growing database of theory that pertains to the utilization of mobile government, e-government, 
and mobile application development. Second, the study's results supplement the literature about the 
usage of mobile devices for government functions. Furthermore, this research's results can be applied 
to advancing technological advancements in studies of adoption. This study looks at how popular 
government service apps are for mobile devices in a South Asian country like Bangladesh. It adds 
important results to the literature.

7.2 Implications for Practices
This study shows that information quality, effort expectancy, facilitating conditions, trust, performance 
expectancy are significantly related in the context of mG-Apps adoption. Thus, respected authorities 
should consider those concepts while developing citizen-centric mobile apps. Government agencies 
would utilize these findings to develop and implement similar projects in several areas. The results of 
this study are going to support Bangladeshi government agencies in the development of policies that 
effectively encourage the use of mG-Apps. The acceptability of mG-Apps is influenced by both 
performance expectancy and trust, and decision-makers can improve the quality of these apps by 
providing reliable and expedient services. Performance and effort expectancy also affect behavior. In 
other words, residents favor low-effort government service mobile apps. Therefore, it is advisable for 
government mobile app developers to minimize the complexity of app usage and exploration. 
Experienced users can also assist creating mobile apps. Surokkha, a nationwide platform, allows 
residents to register for Coronavirus immunizations, receive certificates, and store data. Government 
officials may add a mG-Apps feedback signal to Surokkha to include user input. The Bangladeshi 
government may also organize a PPP to encourage smart mobile app use. Facilitating factors also 
affect behavioral adoption. This suggests residents' value government-provided mobile access to 
government services. It is advisable for the government to periodically provide concise training 
programs on facility usage in public and commercial organizations across the country. The 
organization indicated above would provide information to potential and prospective clients regarding 
government services accessible on mobile devices, as well as update them on new and upcoming 
services.

The strong link between trust and how people plan to use mG-Apps shows that security and 
privacy are important to people when they use state services on smartphones and other tools. 
Programmers and system analysts should enhance the security of apps by implementing an additional 
safety mechanism to safeguard against mG-Apps. The Bangladeshi government's "Mobile Applications 
Secure Development Guidelines" ensures security and robustness. The quality of information that 
citizens receive has an impact on their behavioral intentions. This suggests that the government is 
expected to provide citizens with information on government services that is precise, accurate, 
meaningful, pertinent, complete, and timely. When information is linked to mobile transactions, 
timeliness and trust are even higher. Mobile app developers should adopt the One Web Approach to 
display the same content on all mobile devices. These mobile apps should have automated notifications 
for the latest modifications. Public and corporate institutions should ensure user data relevancy and 
timeliness. 
8. Conclusion, limitations and Future Research Directions
8.1 Conclusion
Within this work, we tried to identify the crucial elements impacting the behavioral adoption of 
Bangladeshi citizens to utilize the mG-App. In conclusion, the study gave a good understanding of the 
most important things. The findings indicated that positive behavioral intentions were influenced by 
factors including information quality, effort expectancy, facilitating factor, trust, and performance 
expectancy. When considering whether or not to use mG-App, these factors are crucial. There was no 
empirical support indicating that social influence had an impact on the intention to take action, 
implying that individuals in Bangladesh are resistant to the influence of recommendations when it 
comes to their utilization of the mG-App. Therefore, mG-App are strongly recommended for use by 
the people of Bangladesh. As another bonus, it has been found that user-friendly technology increases 
users' behavioral intentions. Government entities will benefit from the results of this investigation since 
they will provide appropriate tactics to encourage more people to get government services through 
mobile apps.

8.2 Limitations and Future Research Directions
Even though this study has made important contributions, it also has some problems. Firstly, this study 
only looks at the opinions of people in Bangladesh, hence the researcher recommended that the 
proposed study model should be implemented with caution in other Asian nations. Future research can 
be conducted to other country context to validate this model. Secondly, the data acquired for this study 
is limited to Dhaka city as the author is a student; financing to collect data across the country is a 
challenge. Future studies can be done by obtaining data from all over the country. Thirdly, because the 
bulk of the respondents were between the ages of 20 and 40, it was suggested that the proposed study 
model be tested with more balanced age group information. Fourthly, this study did not evaluate the 
influence of demographic variables as moderators. If that effect can be seen, the outcome could be 
more interesting. Finally, this study focuses on the initial adoption mG-App, future studies can assess 
the continuous usage intention of mG-app.
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The Acceptance of Mobile Applications for Government Services (MG- App): 
A Study From Users' Perspective
Monisha Akter Meem1 & Dr. Abul Khayer2*

ABSTRACT
Purpose: The objective of this study is to identify and analyze various factors 
that influence users' acceptance of mobile government applications (mG-Apps).
Methodology: This study has constructed a research model grounded on the 
Unified Theory of Acceptance and Use of Technology (UTAUT). Further, 
information quality and trust, two vital constructs, have been added to the 
UTAUT to enhance the predictability of the model. Data collected from a sample 
size of 212 from Bangladesh has been used to test the model.
Findings: We have employed the popular structural equation modeling (SEM) 
to assess the data. Our results suggest that the significant elements impacting 
users' acceptance of mG-Appsare performance expectancy, effort expectancy, 
facilitating conditions, information quality and trust. In contrast, social influence 
is identified as an insignificant predictor.
Practical Implications: This research will assist different government agencies, 
policymakers, and practitioners in the creation of timely and effective policies to 
develop and promote myriad mG-Apps to render services to the citizens.
Originality/Value: This research has offered an innovative framework to assess 
the acceptance of mG-apps by the citizens. This unique model has been 
constructed by expanding UTAUT with two key contextual constructs such as 
information quality and trust. We believe, this study will contribute to the extant 
body of theory surrounding the use of mobile government, e-government, and 
mobile applications development.
Limitations: This study only looks at the opinions of people in Bangladesh, 
hence the researchers recommend that the proposed study model should be 
validated by using data collected from other similar countries.

1. Introduction
Major developments in technology in recent years have significantly improved a number of mobile 
device features.Besides,most technology advancements in the telecommunications industry have made 
it possible to provide services to citizens more quickly (Biel, Grill, & Gruhn, 2010). Innovative 
hardware and software capabilities allow governmental and commercial organizations to provide 
mobile consumers a wide variety of services (Payne, 2013). Both private and public institutions have a 
significant chance to minimize the digital divide that exists between the general population and the 
government because of the proliferation of modern mobile devices such as smartphones, iPads, and
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other tablets that can run applications. For instance, after mobile applications for online payments were 
introduced, mobile device usage in African nations significantly increased from 50% to 58.4% (Al-
Azizi, Al-Badi, & Al-Zrafi, 2018). These data signify the need to use mobile apps to improve public 
services. 

Many government organizations in Bangladesh have begun to invest in and devote funds to 
projects that would leverage mobile applications to put their resources into action. Mobile applications 
provide a variety of internet-based services and are viewed as promising new markets for Bangladeshi 
government stakeholders to interact and communicate with one another. The mobile services are 
widely available and practical. People have the option to use mobile apps to conduct many types of 
transactions, such as financial or instructive ones. Apps for mobile devices allow users to pay bills, 
report violations, and communicate with authorities (Naqvi & Al-Shihi, 2014). However, research has 
shown that past government-run online programs have been either ineffective or had significant delays 
in being adopted, and the objectives of mGov adoption have not been met thus far (Gao, Krogstie, & 
Siau, 2014). For instance, in the context of underdeveloped countries, 35% of eGov programs were 
determined to be unsuccessful, only 15% of projects were successful, and 50% were only partially 
completed (Napitupulu & Sensuse, 2014).

There has been a rise in the quantity of government-related mobile apps recently since mobile 
communication technologies have developed. "Electronic government" (hereinafter referred to as 
"eGov") is defined as "the use of ICTs and their application by government to offer information and 
public services to the populace". Governments are increasingly employing contemporary methods to 
reconsider their services and offer online services to the public (Veeramootoo, Nunkoo, & Dwivedi, 
2018). On the other hand, the public tends to view the use of mobile apps for government services with 
doubt and distrust (Dwivedi et al., 2017). However, among the most crucial resources for mobile 
governance (mGov) is thought to be smartphone apps (Abdelghaffar & Magdy, 2012). Due to the 
portability of mobile devices and their ability to enable 24/7 Internet access, mobile applications are 
currently employed extensively across practically all corporate and government sectors (Al-Masaeed & 
Love, 2015). As a way to provide citizens with more convenient and timely services, mobile 
applications are increasingly being used by the government. Currently, many governments are 
developing mobile apps to provide vital services to their citizens, thus it's important to assess their 
acceptance (Rana & Dwivedi, 2015). The term "Mg-App" is used frequently in this study to refer to 
apps for government services on mobile devices. 

The prior research relating to mobile use for government services in Bangladesh is at nascent 
stage. Thus, this study aims to provide insights about various determinants of using mobile apps for 
government services and to propose strategies to enhance accessibility and convenience for users. 
Specifically, the goals of this research are to (i) determinethe predictorsand (ii) analyze those predictors 
of mG-Apps adoption in Bangladesh. We use structural Equation Modeling (SEM) approach to 
accomplish our research goals. The first objective is achieved by investigating the literature. The 
second objective is achieved by testing hypotheses.

In the first part of this report, the introduction is written where the whole summary of this 
report is included. The remaining portions of this article are constructed as follows: literature review is 
presented in Chapter 2 which includes both table of important literature and description of other 
literature. In chapter 3, theoretical framework of this report is written which includes description of 
theory, model of this research and construct and hypothesis of that model. Analyzing the data and 
drawing conclusions is covered in the fifth chapter. Chapter six covers the discussion of the analysis. 
Research implications are narrated in Chapter 7. Finally, chapter 8 presents the final thoughts, caveats, 
and directions for future study.

2. Literature Review
2.1 An Overview of Government Services Available Online in Bangladesh
The notion of mobile government is taken from Electronic government. E-government is a system that 
enables cooperation between the government, its citizens, and its several departments. The primary 
goal of E-Gov is to provide government stakeholders with efficient and cost-effective services (Al-
Azizi et al., 2018). The concept of e-Bangladesh was formed in 2002 to administer e-Gov 
infrastructure and technology projects for residents, according to Sadik Hasan (2003). Bangladesh's 
ranking for technological usage has improved since 2002, according to a 2014 UN study (United 
Nations, 2014). Bangladesh is ready for e-Gov, according to this ranking. However, many in 
Bangladesh are unwilling to adopt new technologies. This stops the public from collecting government 
benefits. The Bangladeshi government wants to provide efficient and engaging services. Bangladesh's 
imperative for enhanced telecommunications infrastructure is a primary concern. Government bodies 
have recently created improvement in mobile services.

2.2 Adoption of mobile government
In recent years, several studies have looked into how m-Gov is being used (e.g., Liu et al., 2014; 
Ahmad & Khalid, 2017).  A research project carried out by Shareef et al. (2012) wanted to understand 
citizens' willingness to use m-Gov services. Their research technique for mobile government 
acceptance varies from the government website. Liang et al. (2017) employed the basement theory 
framework to evaluate the adoption of e-Gov cloud technology in China they found organizational, 
technological, and cloud trust factors drove e-Gov cloud service uptake. Liu et al. (2014) researched 
m-Gov adoption in the countryside of China and found TAM components and honesty determined m-
Gov acceptability. Ahmad and Khalid (2017) performed study in the UAE and found that, in addition 
to TAM components, cost, trust, social impact, service variety, and demographic characteristics 
influenced consumers' behavior toward mobile government services. Table 1 shows review of some 
relevant literature.  

2.3 Mobile Government Applications
Most people will use mobile apps for government services if they trust them and think they will work 
well (Sharma, et al., 2018). In their study they used a structural equation model and a neural network 
model. Besides in the UTAUT model, two additional constructs were included in their research. 
Information and trust are these two concepts. According to a survey of UAE nationals, social influence 
and trust are not negatively correlated with end users' willingness to utilize apps for government 
services on mobile devices (Sharma, et al., 2018). Researchers have shown that mobile government 
makes it simpler for people to access government services (Almarashdeh, 2018). Researchers employ 
the structural equation modeling technique to demonstrate this. To verify this theory, many hypotheses 
are developed and investigated. 

From what we've talked about so far, I think there is a gap in the literature about how mobile 
applications are used in government services. I can't find any direct report regarding this issue. In some 
literature, some parts of this topic are discussed only. Like in the literature, there is a discussion about 
the adoption of mobile applications for other countries but there is no article indicating that mobile 
applications have been adopted in Bangladesh for the provision of government services. Consequently, 
a study is currently being conducted to identify the elements that impact individuals' choices to utilize 
mobile applications for accessing government services. A model was created as part of this study to 
elucidate the factors driving the utilization of mobile government services in Bangladesh.

3.Theory, Model and Hypotheses
3.1 Theory and Proposed Model
We have used the popular UTAUT model which is widely used to assess any emerging technology 
adoption from users' perspective. Information systems(IS) research uses UTAUT, a model based on 
eight technology adoption models and the model analyzes human behavior and technology intent 
(Venkatesh, Morris, Davis, & Davis, 2003). By contrasting eight widely accepted frameworks for 
identifying how individuals respond to new technologies, Venkatesh et al. (2003) developed an 
extensive model that integrates the insights of all of them. The UTAUT concept was developed for the 
express purpose of new technology adoption. Numerous studies suggested that UTAUT could be used 
to study IS acceptance and success in emerging nations (Gupta, Dasgupta, & Gupta, 2008). Our 
research is based on this model since it is unified and best represents other technology acceptance 

models. Performance expectancy, effort expectancy, social influence, and facilitating factors make up 
the UTAUT model. 

In addition, we have incorporated two relevant contextual constructs such as trust and 
information quality with the existing UTAUT, which has enhanced the predictive capacity of the 
model. Government mobile applications are not fully captured by the UTAUT's constructs only. 
Government IS services require trust (Hung, Chang, & Kuo, 2013). For this we include trust in our 
research. In order for eGov services, such as mGov, to be successful, government agencies must 
effectively share pertinent information with commercial, public, and municipal organizations, as well 
as the general public (Dwivedi et al., 2017). Numerous studies have investigated the trust and risk 
involved in online (e.g. Luo, Li, Zhang, & Shim, 2010; Alalwan, Dwivedi, Rana, & Simintiras, 2016). 
We have no knowledge of any research that particularly examine the impact of trust and perceived 
threat on the acceptance of government-issued mobile apps. Trust has been recognized as a significant 
exogenous variable in this study on mGov. Besides to spread mobile government, information quality 
plays an important role. For this we include information quality as one of the constructs.

Figure 1 represents the research model that is founded on what we've talked about so far. It is 
thought that UTAUT constructs, as well as trust and the quality of information, are what make people 
use mobile apps for government services.

Figure 1.
Proposed Research Model.
Source: Authors Developed.

3.2 Constructs and Hypothesis
3.2.1 Performance Expectancy
Performance expectancy is approximately how much does a person expects new technology to 
improve their work performance (Venkatesh et al., 2003). As predicted by the UTAUT model, research, 
performance expectancy predicts behavioral intention in order to use cutting-edge technical knowledge 
(Alalwan, Dwivedi, & Rana, 2017). We hypothesize that performance expectancy affects mG-App 
users' behavior intentions. If they want government services on demand, the citizens of Bangladesh 
must use smartphone apps. Alalwan et al. (2017) validated that expectancy of performance affect 
Middle Eastern mobile technology adoption. Thus, we hypothesize:

H1. Performance expectancy and intention to use mGApp are positively related.

3.2.2 Effort Expectancy
Effort expectancy" is a person's estimate of the mental and physical effort required to use a system or 
technology (Venkatesh et al., 2003). Time and effort spent learning a new information system affecting 
usage intentions is suggested by the UTAUT model. Technology adoption studies (e.g. Alalwan et al., 
2017; Hanafizadeh et al., 2014) show that effort expectancy strongly influences behavior. Al-Busaidi 
(2012) noted that users are less likely to use complex information systems. The widely used TAM 
(Davis, 1989) acceptance model states that consumers will adopt modern technology when this is easy 
to use and doesn't require more work. mG-Apps, which require expertise and effort, may affect 
behavioral adoption to use mobile apps. Thus, this study hypothesizes: 
H2. Effort expectancy and intention to use mG-App are positively related.

3.2.3 Social Influence
When consumers are unfamiliar with new services, reference groups may influence their adoption (e.g. 
Ahmad & Khalid, 2017; Venkatesh et al., 2012). Social effect refers to the degree to which individuals 
think that their relatives, friends, coworkers, and other close acquaintances anticipate them to utilize a 
certain technology (Venkatesh et al., 2012). Social influence determines mobile commerce adoption, 
according to Chong (2013). According to Leong and et al., (2013), in Oman, social influence may 
affect mGApp use. According to prior research, social influence may alter behavioral adoption 
(Alalwan et al., 2017). Thus, our hypothesis:
H3. Social influence is positively related to the acceptance of mG-App.

3.2.4 Facilitatin Gconditions
The term "facilitating condition" refers to the extent how an individual views the presence of an 
administrative and technological infrastructure that enables the effective utilization of government 
services (Venkatesh et al., 2003). Users of the MG-App express concerns regarding the ability to 
access links and the speed at which data may be uploaded and downloaded. According to Lewis, 
Fretwell, Ryan, and Parham (2013), people who use new technologies require assistance. Consumers 
are reluctant to adopt new technologies when support structures are weak (Hew, Lee, Ooi, & Wei, 
2015). In his study of consumer behavior in mobile commerce, Chong (2013) demonstrated the impact 
of favorable conditions. Indicators, such as the ones mentioned above, highlight the significance of 
favorable conditions for the adoption of mG-App. Multiple recent IS studies (Ahmad & Khalid, 2017; 
Alalwan et al., 2015) find that enabling factors are the primary influence on behavioral intention. Thus, 
our theories are:
H4. Facilitating conditions and intention to accept mG-App are positively connected.

3.2.5 Trust
Research on the diffusion of technical breakthroughs suggests that people's seeming lack of confidence 
in it can lead to their reluctance to adopt and utilize it. Evaluating the viewpoints of each individual on 
new technology; the way people behave and the degree of trust they have in you can significantly 
impact their willingness to employ advanced technology (Venkatesh, Thong, Chan, Hu, & Brown, 
2011). Trust was found as a significant predictor of information system adoption in multiple research 
investigations. Bangladesh recently adopted mGApps, where individuals prefer to physically access 
services provided by the government. They would rather communicate face-to-face encounters and 
continue manually after service or information requests. If service requests are unclear or unreliable, 
mobile apps may be avoided. Thus, to provide information, consumers must have the trust to use 
mobile apps to transact (Montazemi & Saremi, 2013). This study examines whether respondents are 

willing to trust mG-Apps. If respondents trust mG-Apps, their behavior will improve. For this we 
suggest the following theory:
H5. Trust has a positive effect on individual's behavioral adoption to use mG-App.

3.2.6 Information quality
The concept of information quality is established and described by Delone and McLean (1992, 2003) 
as a system's completeness, timeliness, correctness, and relevance. Inaccurate and irrelevant 
government service information will harm users' behavior. Researchers (Al-Busaidi & Al-Shihi, 2012; 
Sharma, Gaur, Saddikuti, & Rastogi, 2017) have found that the acceptability of recent advancements in 
informational technology is influenced by the presence of high-quality content. According to Tam and 
Oliveira (2016), information quality affects mobile technology use. We hypothesize that information 
quality influences Bangladeshi acceptance of mG-App:
H6. Information quality and intention to accept mG-App are positively related.

4. Methodology
4.1 Variables and Measurement
Based on extant literature, a survey instrument was created. This questionnaire has 23 questions. The 
questionnaire has two parts. Name, age, and other demographic questions are asked initially. 23 close-
ended questions measure this model's 7 constructs in the second section. Items measuring the 
constructs were derived from the literature and adapted to the context of the study. Except for the 
controls, a five-point Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree) was used to 
assess all other critical constructs. The methods used to measure the control variables were based on 
the previous research (Ilmudeen and Bao, 2018). Pre-testing improved measuring item clarity, 
uniformity, and comprehensibility. 30 volunteers participated in a pilot test. Following the pilot test, we 
made adjustments to the research questions.Table 2 shows constructs, measurement items and sources.

4.2 Data Collection Procedure and Sample

212 adult mobile government service users provided data.The authors aimed to get different mobile 
app users to answer the questionnaire. Electronic and hard-copy surveys were distributed. Convenience 
sampling was used to obtain data as it is very easy and less costly for the authors. The Structure 
Equation Model requires 200 responders, according to the literature. For collecting data, we developed 
an online questionnaire using google form and shared indifferent online platforms such as Facebook, 
WhatsApp, and LinkedIn. We also distributed printed version of questionnaire to different citizens who 
showed willingness to provide answers. This procedure yielded 250 data. After data cleansing, 212 
surveys were analyzed.

4.3 Non-Response Bias

The independent t-test was used to compare all of the constructs. From the results of the test, we found 
no statistically significant differences. The chi-squared test for independence was used to double-check 
these findings, and it revealed no statistically significant deviations. This study's data set, thus, was 
deemed to be free of non-response bias.

4.4. Data Analysis

At first stage, we perform some basic analysis. The constructs' validity and reliability, the model's 
predictive value, and the total variance explained were then evaluated using SEM. The SEM approach 
was chosen because it allows researchers to examine the relationships between all of the constructs 
simultaneously. Because of its emphasis on theory construction and discovery rather than model 
verification, SEM is also a more appropriate method for this study. SEM cannot, however, explore the 
non-linear interactions between the components, which could lead to a simplified analysis of the 
complicated decision-making process itself. We have generated six hypotheses for employing SEM, 
and by applying the findings from these hypotheses, we may achieve our research goals.The SEM 
result satisfies both objectives 1 and 2. SEM is therefore the ideal method for our study.

5. Analysis
5.1 Demographics Description
There were a total of 212 participants in this study, with females accounting for 51% (or 108 
participants) and males for 49% (or 104 participants). Ninety percent of the respondents in this study 
are under the age of thirty, making up 191 of the total sample size. The majority of those in the sample 
(67%) have at least a bachelor's degree, with another 19% holding a master's or doctorate, and the 
remaining 14% holding only a secondary school diploma. The study sample is also representative of 
Internet users with regard to their past week's usage frequency. It shows how long people spend online. 
About 38% (or 81 respondents) spent 0-1 hours online, about 24% (or 51 respondents) spent 6-10 
hours, and about 37% (or 80 respondents) spent > 11 hours online. Furthermore, the sample also 
reveals the user's past behavior on the Internet. It reveals that 71 percent of participants (or 151 
participants) have been Internet users for more than eight years. About 10% of the sample, or 21 
people, had used the Internet for fewer than one year, while about 19%, or 40 people, had been doing 
so for five or more years. Results show that the majority of the sample group regularly uses the 
Internet. Table 3 shows summary of the demographics of the respondents. 

5.2 Common Method Bias and Multicollinearity Test
A behavioral study using cross-sectional survey data is prone to common method bias (CMB). Since 
there was no external verification of the data, we focused on CMB which might compromise the 
study's findings. We evaluated CMB using SPSS 23.0 and Harman's single-factor test. Principal axis 
factor (PAF) analysis was performed to determine the number of variables necessary to explain 
variance. The results of our test indicate that a single construct accounted for only 34.87 percent of the 
variance, which is much lower than the minimum value of 50 percent. The evaluation of CMB was 
conducted utilizing the variance inflation factor (VIF) data obtained from the comprehensive 
collinearity test (Table 4). The lower VIF values (< 3.3) indicated that this study is free from CMB 
risk. Also, VIF scores below 10 indicate that this study does not have multicollinearity.

5.3 Measurement Model
Construct reliability measurements include Cronbach's alpha, Dijkstra-rho Henseler's (A), and 
composite reliability. The results showed that each construct had reliability criterion values of 0.70 or 
above, proving internal reliability (Henseler et al., 2014; Henseler et al., 2009) (Table 5). Their 
loadings determined indicators reliability. Item loadings greater than 0.70 suggested a higher 
correlation between an item and its construct (Hair et al., 2012). Thus, loading should exceed 0.70. 
Table 5 shows reasonable loading values. The indication is reliable.

The average variance extracted (AVE) values were used to determine convergent validity. If the 
AVE values for all variables are more than 0.5, a data set demonstrates convergent validity (Fornell and 
Larcker, 1981). Table 5 demonstrates that the AVE values for all variables fall within an acceptable 
range. Convergent validity is therefore verified.

The heterotrait-monotrait ratio assessed discriminant validity. HTMT measures average 
indicator correlations across constructs. Henseler et al. (2014) recommended discriminant validity 
below 0.90. Table 6 shows heterotrait-monotrait ratios for all variables are below 0.90. This supports 
constructs' discriminant validity according to Henseler et al., (2014). Tables 5 and 6 show that 
variables are within the literature's range. We found convergent validity and good internal reliability.

In this table, the values of loading, Cronbach's alpha, rho-A, composite reliability and average 
variable extracted are mentioned which are calculated by using SmartPLS software.

In the above table HTMT ratio is shown which confirms the discriminant validity of this 
research. As all the values given in table 6 are less than 0.90 we can say that this research has 
discriminant validity.

By using the Fornell Larckar approach this report measure the convergent validity of the data. 
All AVE square roots are greater than their corresponding correlation coefficients, as seen in Table 7. 
The condition for Fornell Larckar approach is established in the table 7. So convergent validity is 
prevailed here.

5.4 Structural Model
After verifying the measuring model's psychometrics, this research studies the structural model. SEM 
determines path strength, importance, and insignificance. Structural evaluation follows measuring test 
rules. R-square assessed structural model fit. Path coefficients (Beta) and t-statistics were utilized to 
evaluate the study hypotheses individually. Bootstrapping with 5,000 re-samples determined path 
significance. The model explained 69.2% of behavioral adoption variance, according to R-square. Path 
coefficients need to be statistically significant at a p-value of at least 0.05 in order to confirm the 
relationships (Byrne, 2016). Table 8 displays structural model path, coefficients, t-statistics, p-value, 
and decision.

Table 8 shows that, at the 5% level of confidence, the results for H1 (p<0.05), H2 (p<0.05), H4 
(p<0.05), H5(p<0.05), and H6(p<0.05) are all significant. At the 5% level of significance, however, the 
path for H3 (p>0.05) lacks statistical significance. This suggests that trust, information quality, 
facilitating conditions, performance expectancy, and effort expectancy all have a big impact on how 
mobile government is adopted behaviorally. Social influence, however, has no effect on the adoption of 
mobile governance.

6. Discussion
Government agencies use mobile phones and other digital means to reach people and citizens to 
increase participation, knowledge, trust, and engagement. Government decision-makers have struggled 
to reach remote citizens with updated information. Sparse locations hinder socioeconomic progress in 
emerging countries. Mobile apps may help society's socioeconomic growth and government service 
delivery. The study shows that citizens across the nation are eager to utilize mobile apps for services 
offered by the government. In this paper, the researchers examined six parameters affecting mG-App 
use by the citizens. Five of six criteria influenced citizens' use of mobile government app. Trust, 
information quality, performance expectancy, facilitating conditions and effort expectancy affect mG-
App adoption in developing countries like Bangladesh. Reasons for the six conceptions' importance 
and non-significance are discussed in the followingsection.

The mG-confidence app is the best way to figure out how people will use new technology. 
Thus, consumers must enter personal and credit card information to use mG-Apps for private 
transactions. The mG-Apps are more likely to be trusted when they have up-to-date information and 
are easy to use. Implementing encryption measures to comply with stricter privacy regulations can 
increase trust in mG-Apps. The privacy policies and information of the mG-new App aim to promote 
user engagement. This proves that a lack of trust is one of the biggest reasons why people don't use 
new systems or technologies (Alalwan et al., 2017).

Consequently, performance expectancy is the second most important constructs in selecting 
mG-App. Citizens evaluate mG-App based on its functional utilities (performance expectancy). 

Demonstrating and publicizing significant features helps improve government online services. 
Furthermore, by introducing new and varied technical channels, the usefulness of government 
institutions can be expanded (Ghalandari, 2012). A study determined that people's openness to trying 
out new technologies is significantly influenced by their expectations of how well they will work 
(Alalwan et al., 2017).

Consequently, effort expectancy is a significant anticipator of users' desire to utilize mG-App. 
This research reveals that inhabitants of Bangladesh, even expats, prefer to execute financial activities 
and acquire information about government services via mobile applications that involve less effort and 
time than other traditional means. The majority of research using the UTAUT has discovered a 
statistically significant correlation between effort expectancy and behavioral adoption (Alalwan et al., 
2017). In contrast to earlier studies (Ahmad & Khalid, 2017), our study reveals that the correlation 
between social impact and behavioral adoption is minimal, suggesting that residents in Bangladesh are 
unlikely to advocate the usage of mG-Apps to their loved ones. In a study done in the Sultanate of 
Oman, Riffai, Grant, and Edgar (2012) found that social impact did not significantly predict behavioral 
adoption in the mobile banking environment. Furthermore, this conclusion aligns with earlier research 
conducted in several sectors of information systems (Alalwan et al., 2017). 

The results also show that supportive settings make it easier for people to change their behavior 
to use the mG-App.  Citizens emphasize available funds, specific skill sets, and amenities such as 
increased Internet access, secured mobile apps, and phones to access and employ mG-App for utilizing 
and accessing govt. services through mobile applications. Multiple further empirical research in the 
field of information systems provide evidence to support this idea (Ahmad & Khalid, 2017). 

The results conclusively demonstrated a robust and favorable relation between the quality of 
information and the intention to utilize the mG-App. This demonstrates the significance of factors such 
as relevant content, frequent updates, and comparable features in driving mG-app adoption. Individuals 
are more inclined to utilize mobile applications if they offer superior information. The findings align 
with previous research indicating the significance of information quality in influencing a user's 
adoption of new technology (Sharma et al., 2017).

7. Implications

7.1 Implications for Theory

Researchers and academics will find the result of this study useful. The model has extended the 
UTAUT framework by include information quality and trust in its explanation of users' acceptance of 
mG-Apps in an Asian environment. The UTAUT model is a well-known framework for analyzing how 
people respond to and adopt new technologies. These two new components can be used by other 
researchers when they work with the UTAUT theory. The statistical findings demonstrate that this 
study's research model can predict behavioral adoption toward mG-App. All measurement indices and 
structural models were within their allowed range. The UTAUT's R-square initially stood at 53% as 
anticipated, but rose to 69.2% upon the inclusion of more data. Therefore, the inclusion of additional 
components enhances the predictive capacity of the study model. This research is a valuable addition 
to the growing database of theory that pertains to the utilization of mobile government, e-government, 
and mobile application development. Second, the study's results supplement the literature about the 
usage of mobile devices for government functions. Furthermore, this research's results can be applied 
to advancing technological advancements in studies of adoption. This study looks at how popular 
government service apps are for mobile devices in a South Asian country like Bangladesh. It adds 
important results to the literature.

7.2 Implications for Practices
This study shows that information quality, effort expectancy, facilitating conditions, trust, performance 
expectancy are significantly related in the context of mG-Apps adoption. Thus, respected authorities 
should consider those concepts while developing citizen-centric mobile apps. Government agencies 
would utilize these findings to develop and implement similar projects in several areas. The results of 
this study are going to support Bangladeshi government agencies in the development of policies that 
effectively encourage the use of mG-Apps. The acceptability of mG-Apps is influenced by both 
performance expectancy and trust, and decision-makers can improve the quality of these apps by 
providing reliable and expedient services. Performance and effort expectancy also affect behavior. In 
other words, residents favor low-effort government service mobile apps. Therefore, it is advisable for 
government mobile app developers to minimize the complexity of app usage and exploration. 
Experienced users can also assist creating mobile apps. Surokkha, a nationwide platform, allows 
residents to register for Coronavirus immunizations, receive certificates, and store data. Government 
officials may add a mG-Apps feedback signal to Surokkha to include user input. The Bangladeshi 
government may also organize a PPP to encourage smart mobile app use. Facilitating factors also 
affect behavioral adoption. This suggests residents' value government-provided mobile access to 
government services. It is advisable for the government to periodically provide concise training 
programs on facility usage in public and commercial organizations across the country. The 
organization indicated above would provide information to potential and prospective clients regarding 
government services accessible on mobile devices, as well as update them on new and upcoming 
services.

The strong link between trust and how people plan to use mG-Apps shows that security and 
privacy are important to people when they use state services on smartphones and other tools. 
Programmers and system analysts should enhance the security of apps by implementing an additional 
safety mechanism to safeguard against mG-Apps. The Bangladeshi government's "Mobile Applications 
Secure Development Guidelines" ensures security and robustness. The quality of information that 
citizens receive has an impact on their behavioral intentions. This suggests that the government is 
expected to provide citizens with information on government services that is precise, accurate, 
meaningful, pertinent, complete, and timely. When information is linked to mobile transactions, 
timeliness and trust are even higher. Mobile app developers should adopt the One Web Approach to 
display the same content on all mobile devices. These mobile apps should have automated notifications 
for the latest modifications. Public and corporate institutions should ensure user data relevancy and 
timeliness. 
8. Conclusion, limitations and Future Research Directions
8.1 Conclusion
Within this work, we tried to identify the crucial elements impacting the behavioral adoption of 
Bangladeshi citizens to utilize the mG-App. In conclusion, the study gave a good understanding of the 
most important things. The findings indicated that positive behavioral intentions were influenced by 
factors including information quality, effort expectancy, facilitating factor, trust, and performance 
expectancy. When considering whether or not to use mG-App, these factors are crucial. There was no 
empirical support indicating that social influence had an impact on the intention to take action, 
implying that individuals in Bangladesh are resistant to the influence of recommendations when it 
comes to their utilization of the mG-App. Therefore, mG-App are strongly recommended for use by 
the people of Bangladesh. As another bonus, it has been found that user-friendly technology increases 
users' behavioral intentions. Government entities will benefit from the results of this investigation since 
they will provide appropriate tactics to encourage more people to get government services through 
mobile apps.

8.2 Limitations and Future Research Directions
Even though this study has made important contributions, it also has some problems. Firstly, this study 
only looks at the opinions of people in Bangladesh, hence the researcher recommended that the 
proposed study model should be implemented with caution in other Asian nations. Future research can 
be conducted to other country context to validate this model. Secondly, the data acquired for this study 
is limited to Dhaka city as the author is a student; financing to collect data across the country is a 
challenge. Future studies can be done by obtaining data from all over the country. Thirdly, because the 
bulk of the respondents were between the ages of 20 and 40, it was suggested that the proposed study 
model be tested with more balanced age group information. Fourthly, this study did not evaluate the 
influence of demographic variables as moderators. If that effect can be seen, the outcome could be 
more interesting. Finally, this study focuses on the initial adoption mG-App, future studies can assess 
the continuous usage intention of mG-app.

References
Abaza, M., & Saif, F. (2015). The adoption of mobile government services in developing countries. 

International Journal of Computer Science Issues, 12(1), 137-145.
Abdelghaffar, H., & Magdy, Y. (2012). The adoption of mobile government services in developing 

countries:The case of Egypt. International Journalof Information, 2(4),333-341.
Ahmad, S. Z., & Khalid, K. (2017). The adoption of M-government services from the user's 

perspectives: Empirical evidence from the United Arab Emirates. International Journal of 
Information Management, 37(5), 367-379.

Akter, S., D'Ambra, J. & Ray, P. (2013). Development and validation of an instrument to measure user 
perceived service quality of mHealth. Information Management, 50(4),181-195.

Alalwan, A. A., Dwivedi, Y. K., Rana, N. P., Lal, B., & Williams, M. D. (2015). Consumer adoption of 
Internet banking in Jordan: Examining the role of hedonic motivation, habit, self-efficacy and 
trust. Journal of Financial Services Marketing, 20(2), 145-157.

Alalwan, A. A., Dwivedi, Y. K., Rana, N. P., & Simintiras, A. C. (2016a). Jordanian consumers' 
adoption of telebanking: In?uence of perceived usefulness, trust and self- efficacy. The 
International Journal of Bank Marketing, 34(5), 690-709.

Alalwan, A. A., Dwivedi, Y. K., Rana, N. P., & Williams, M. D. (2016b). Consumer adoption of mobile 
banking in Jordan: Examining the role of usefulness, ease of use, perceived risk and self-
e?cacy. Journal of Enterprise Information Management, 29(1),118-139.

Alalwan, A. A., Dwivedi, Y. K., & Rana, N. P. (2017). Factors in?uencing adoption of mobile banking 
by Jordanian bank customers: Extending UTAUT2 with trust. International Journal of 
Information Management, 37(3), 99-110.

Alarcón, D. & Sánchez, J. A., (2015), Assessing convergent and discriminant validity in the ADHD-R 
IV rating scale: User-written commands for Average Variance Extracted (AVE), Composite 
Reliability (CR), and Heterotrait-Monotrait ratio of correlations (HTMT). Spanish STATA 
Meeting, Accessed on 13-07-2017, Available at: [http://www.stata.com/meeting/spain15/ 
abstracts/materials/spain15_alarcon.pdf].

Alateyah, S., Crowder, R. M., & Wills, G. B. (2013). Factors a?ecting the Citizen's intention to adopt 
E-government in Saudi Arabia. International Journal of Social, Human Science and 
Engineering, 7(9), 80-85.

Al-Azizi, L., Al-Badi, A.H., & Al-Zra?, T. (2018),Exploring the factors inuencing employees' 
willingness to use mobile applications in Oman: using Utaut model, Journal of e-Government 
Studies and Best Practices, 2018 (2018), DOI:10.5171/2018.

Al-Busaidi, H. A. S. (2012). A model of intention to use mobile government services. a (Ph.D. thesis at 
School of Management and Information Systems, Faculty of Business and Law, Victoria 
University).Retrieved from https://vuir.vu.edu.au/21309/

Al-Busaidi, K. A., & Al-Shihi, H. (2012). Key factors to instructors' satisfaction of learning 
management systems in blended learning. Journal of Computing in Higher Education, 24(1), 
18-39.

Al-Hubaishi, H., Ahmad, S. & Hussain, M., 2017. Exploring mobile government from the service 
quality perspective. Journal of Enterprise Information Management, 30(1),4-16.

Al-Masaeed, S., & Love, S. (2015). Building a user centric success factors model for mobile 
government. In IGI Global eBooks (pp. 1579-1599). https://doi.org/10.4018/978-1-4666-7456-
1.ch068

 Almarashdeh, I., (2018). The Important of Service Quality and the Trust in Technology on Users 
Perspectives to Continues Use of Mobile Services. Journal of Theoretical & Applied 
Information Technology, 96(10). 2954-2972.

Asongu, S. A., & Nwachukwu, J. C. (2016). The mobile phone in the di?usion of knowledge for 
institutional quality in sub-Saharan Africa. World Development, 86,133-147.

Attuquayefio, S., & Addo, H. (2014). Review of studies with UTAUT as conceptual framework. 
European Scientific Journal, 10(8), 249-258.

Azzalini, A., Browne, R. P., Genton, M. G., & McNicholas, P. D. (2016). On nomenclature for, and the 
relative merits of, two formulations of skew distributions. Statistics & Probability Letters, 110, 
201-206.

Bennet, M. A., Sankaranarayanan, S., & Babu, G. S. (2015). Performance and analysis of e?ective iris 
recognition system using independent component analysis. Journal of Chemical and 
Pharmaceutical Sciences, 8(3), 571-576.

Biel, B., Grill, T., & Gruhn, V. (2010). Exploring the bene?ts of the combination of a software 
architecture analysis and a usability evaluation of a mobile application. Journal of Systems and 
Software, 83(11), 2031-2044.

Bonett, D. G., & Wright, T. A. (2015). Cronbach's alpha reliability: Interval estimation, hypothesis 
testing, and sample size planning. Journal of Organizational Behavior, 36(1), 3-15.

Byrne, B. M. (2016). Structural equation modeling with AMOS: Basic concepts, applications, and 
programming. Routledge eBooks. https://doi.org/10.4324/9781315757421

Chai, S., Herath, T., Park, I., & Rao, H. -R. (2006). Repeated use of e-gov web sites: A satisfaction and 
con?dentiality perspective. International Journal of Electronic Government Research (IJEGR), 
2(3), 1-22.

Chiang, W.-Y. K., Zhang, D., & Zhou, L. (2006). Predicting and explaining patronage behavior toward 
web and traditional stores using neural networks: A comparative analysis with logistic 
regression. Decision Support Systems, 41(2), 514-531. 

Chen, Z., Vogel, D. and Wang, Z., 2016. How to satisfy citizens? Using mobile government to 
reengineer fair government processes. Decision Support Systems, 82, 47-57.

Chong, A. Y.-L. (2013a). Mobile commerce usage activities: The roles of demographic and motivation 
variables. Technological Forecasting and Social Change, 80(7), 1350- 1359.

Chong, A. Y.-L. (2013b). A two-staged SEM-neural network approach for understanding and 
predicting the determinants of m-commerce adoption. Expert Systems with Applications, 40(4), 
1240-1247.

Chong, A. Y.-L., Liu, M. J., Luo, J., & Keng-Boon, O. (2015). Predicting RFID adoption in healthcare 
supply chain from the perspectives of users. International Journal of Production Economics, 
159, 66-75.

Colesca, S. E. (2015). Understanding Trust in e-Government. Engineering Economics, 63(4), 7-15.
Davis, F. D. (1989). Perceived usefulness, perceived ease of use, and user acceptance of information 

technology. MIS Quarterly, 13(3), 319-340.
Delone, W. H., & McLean, E. R. (1992). Information systems success: The quest for the dependent 

variable. Information Systems Research, 3(1), 60-95.
Delone, W. H., & McLean, E. R. (2003). The DeLone and McLean model of information systems 

success: A ten-year update. Journal of Management Information Systems, 19(4),9-30.
Dwivedi, Y. K., Rana, N. P., Janssen, M., Lal, B., Williams, M. D., & Clement, M. (2017). An 

empirical validation of a unified model of electronic government adoption (UMEGA). 
Government Information Quarterly, 34(2), 211-230.

Gao, S., Krogstie, J., & Siau, K. (2014). Adoption of mobile information services: An empirical study. 
Mobile Information Systems, 10(2), 147-171.

Ghalandari, K. (2012). The effect of performance expectancy, effort expectancy, social influence and 
facilitating conditions on acceptance of e-banking services in Iran: The moderating role of age 
and gender. Middle-East Journal of Scientific Research, 12(6), 801-807.

Gilbert, D., Balestrini, P., & Littleboy, D. (2004). Barriers and benefits in the adoption of 
e?government. International Journal of Public Sector Management, 17(4), 286-301.

Gupta, B., Dasgupta, S., & Gupta, A. (2008). Adoption of ICT in a government organisation in a 
developing country: An empirical study. The Journal of Strategic Information Systems, 17(2), 
140-154.

Hanafizadeh, P., Behboudi, M., Koshksaray, A. A., & Tabar, M. J. S. (2014). Mobile- banking adoption 
by Iranian bank clients. Telematics and Informatics, 31(1), 62-78.

Haykin, S. (2001). Neural networks: Principles and practices (2nd edn.). Upper Saddle River,NJ.: 
Prentice Hall.

Hew, J.-J., Lee, V.-H., Ooi, K.-B., & Wei, J. (2015). What catalyzes mobile apps usage intention: An 
empirical analysis. Industrial Management & Data Systems, 115(7), 1269-1291.

Hajiheydari, N. and Ashkani, M., 2018. Mobile application user behavior in the developing countries: 
A survey in Iran. Information Systems, 77, 22-33.

Hung, S.-Y., Chang, C.-M., & Kuo, S.-R. (2013). User acceptance of mobile e- government services: 
An empirical study. Government Information Quarterly, 30(1), 33- 44.

Lallmahomed, M. Z., Lallmahomed, N., & Lallmahomed, G. M. (2017). Factors influencing the 
adoption of e-government Services in Mauritius. Telematics and Informatics, 34(4), 57-72.

Leong, L.-Y., Hew, T.-S., Tan, G. W.-H., & Ooi, K.-B. (2013). Predicting the determinants of the NFC-
enabled mobile credit card acceptance: A neural networks approach. Expert Systems with 
Applications, 40(14), 5604-5620.

Lewis, C. C., Fretwell, C. E., Ryan, J., & Parham, J. B. (2013). Faculty use of established and 
emerging technologies in higher education: A unified theory of acceptance and use of 
technology perspective. International Journal of Higher Education, 2(2), 22-34.

Liang, Y., Qi, G., Wei, K., & Chen, J. (2017). Exploring the determinant and in?uence mechanism of e-
government cloud adoption in government agencies in China. Government Information 
Quarterly, 34(3), 481-495.

Liébana-Cabanillas, F., Marinkovi?, V., & Kalini?, Z. (2017). A SEM-neural network approach for 
predicting antecedents of m-commerce acceptance. International Journal of Information 
Management, 37(2), 14-24.

Liu, Y., Li, H., Kostakos, V., Goncalves, J., Hosio, S., & Hu, F. (2014). An empirical investigation of 
mobile government adoption in rural China: A case study in Zhejiang province. Government 
Information Quarterly, 31(3), 432-442.

Luo, X., Li, H., Zhang, J., & Shim, J. P. (2010). Examining multi-dimensional trust and multi-faceted 
risk in initial acceptance of emerging technologies: An empirical study of mobile banking 
services. Decision Support Systems, 49(2), 222-234.

Martins, C., Oliveira, T., & Popovic, A. (2014). Understanding the Internet banking adoption: A unified 
theory of acceptance and use of technology and perceived risk application. International 
Journal of information management, 34(1), 1-13.

MOE, (2013), Ministry of Education, Accessed on 27-8-2016, Retrieved from www.moe.gov.om.
Montazemi, A. R., & Saremi, H. Q. (2013). Factors affecting internet banking pre- usage expectation 

formation, In the proceeding of 46th. Hawaii International Conference on System Sciences, 
4666-4675. Retrieved from https://experts.mcmaster.ca/display/publication1657076

MOP (2000). Ministry of Manpower. Accessed on 13-7-2017, Available at: http://www.manpower.gov.om/.
Murugesan, S. (2013). Mobile apps in Africa. IT Professional, 15(5), 8-11.
Napitupulu, D., & Sensuse, D. I. (2014). The critical success factors study for e-government 

implementation. International Journal of Computer Applications, 89(16), 23-32.
Naqvi, S. J., & Al-Shihi, H. (2014). Factors a?ecting M-commerce adoption in Oman using technology 

acceptance modeling approach. TEM Journal, 3(4), 315-322.
Nixon, M. P. (2016). Human (E) government revisited. International Journal of business and 

eGovernment Studies, 8(1), 1-18.
Payne, J. (2013). Secure mobile application development. IT Professional, 15(3), 6-9.
Royal Oman Police, (2000), Royal Oman Police, Accessed on Available at: https://www.rop.gov.om.
Poulton, M. M. (2001). Multi-layer perceptrons and back-propagation learning. Handbook of 

Geophysical Exploration: Seismic Exploration. 30. Handbook of Geophysical Exploration: 
Seismic Exploration (pp. 27-53). Handbook of Geophysical Exploration: Seismic Exploration.

Raitoharju, R. (2014). Information technology acceptance in the Finnish social and healthcare sector: 
Exploring the effects of cultural factors. Publications of the Tuku School of Economics.

Rana, N. P., & Dwivedi, Y. K. (2015). Citizen's adoption of an e-government system: Validating 
extended social cognitive theory (SCT). Government Information Quarterly, 32(2), 172-181.

Rana, N. P., Dwivedi, Y. K., Williams, M. D., & Weerakkody, V. (2015). Investigating success of an e-
government initiative: Validation of an integrated IS success model. Information Systems 
Frontiers, 17(1), 127-142.

Rana, N. P., Dwivedi, Y. K., Williams, M. D., & Weerakkody, V. (2016). Adoption of online public 
grievance redressal system in India: Toward developing a unified view. Computers in Human 
Behavior, 59, 265-282.

Rana, N. P., Dwivedi, Y. K., Lal, B., Williams, M. D., & Clement, M. (2017). Citizens 'adoption of an 
electronic government system: Toward a unified view. Information Systems Frontiers, 19(3), 
549-568.

Riffai, M. M. M. A., Grant, K., & Edgar, D. (2012). Big TAM in Oman: Exploring the promise of on-
line banking, its adoption by customers and the challenges of banking in Oman. International 
Journal of Information Management, 32(3), 239-250.

Sexton, R. S., Johnson, R. A., & Hignite, M. A. (2002). Predicting internet/e- commerce use. Internet 
Research, 12(5), 402-410.

Shareef, M. A., Archer, N., & Dwivedi, Y. K. (2012). Examining adoption behavior of mobile 
government. The Journal of Computer Information Systems, 53(2), 39-49.

Sharma, S. K., Joshi, A., & Sharma, H. (2016). A multi-analytical approach to predict the Facebook 
usage in higher education. Computers in Human Behavior, 55, 340-353.

Sharma, S., Al-Badi, A., Rana, N. and Al-Azizi, L., 2018. Mobile applications in government services 
(mG-App) from user's perspectives: A predictive modelling approach. Government Information 
Quarterly, 35(4), 557-568.

Sharma, S. K., Gaur, A., Saddikuti, V., & Rastogi, A. (2017). Structural equation model(SEM)-neural 
network (NN) model for predicting quality determinants of e- learning management systems. 
Behaviour & Information Technology, 36(10), 1053-1066.

Sim, J.-J., Tan, G. W.-H., Wong, J. C., Ooi, K.-B., & Hew, T.-S. (2014). Understanding and predicting 
the motivators of mobile music acceptance-a multi-stage MRA- artificial neural network 
approach. Telematics and Informatics, 31(4), 569-584.

Sun, Y., Liu, L., Peng, X., Dong, Y., & Barnes, S. J. (2014). Understanding Chinese users' continuance 
intention toward online social networks: An integrative theoretical model. Electronic Markets, 
24(1), 57-66.

Tam, C., & Oliveira, T. (2016). Understanding the impact of m-banking on individual performance: 
DeLone & McLean and TTF perspective. Computers in Human Behavior, 61, 233-244.

Tan, G. W.-H., Ooi, K.-B., Leong, L.-Y., & Lin, B. (2014). Predicting the drivers of behavioral 
intention to use mobile learning: A hybrid SEM-neural networks approach. Computers in 
Human Behavior, 36, 198-213.

The Public Authority for Consumer Protection (2000). The Public Authority for Consumer Protection. 
Accessed on 26-08-2016, Available at http://pacp.gov.om.

UN E-Government Survey (2014). E-Government Survey 2014. Retrieved from:<http://unpan3.un.org/ 
egovkb/Portals/egovkb/Documents/un/2014-Survey/E-Gov_ Complete_Survey-2014.pdf >

United Nations (2014). Government survey 2014: E-government for the future we want. United 
Nations: Department of economic and social affairs.

Veeramootoo, N., Nunkoo, R., & Dwivedi, Y. K. (2018). What determines success of an e-government 
service? Validation of an integrative model of e-?ling continuance usage. Government 
Information Quarterly, 35(2), 161-174.

Venkatesh, V., Morris, M. G., Davis, G. B., & Davis, F. D. (2003). User acceptance of information 
technology: Toward a unified view. MIS Quarterly, 27(3), 425-478. https://doi.org/10.2307/ 
30036540

Venkatesh, V., Thong, J. Y., Chan, F. K., Hu, P. J. H., & Brown, S. A. (2011). Extending the two-stage 
information systems continuance model: Incorporating UTAUT predictors and the role of 
context. Information Systems Journal, 21(6), 527-555.

Venkatesh, V., Thong, J. Y., & Xu, X. (2012). Consumer acceptance and use of information 
technology: Extending the uni?ed theory of acceptance and use of technology. MIS Quarterly, 
36, 157-178.

Viechtbauer, W., Smits, L., Kotz, D., Budé, L., Spigt, M., Serroyen, J., & Crutzen, R. (2015). A simple 
formula for the calculation of sample size in pilot studies. Journal of Clinical Epidemiology, 
68(11), 1375-1379.

Wang, Y.-S., & Liao, Y.-W. (2008). Assessing eGovernment systems success: A validation of the 
DeLone and McLean model of information systems success. Government Information 
Quarterly, 25(4), 717-733.

Williams, M. D., Rana, N. P., Dwivedi, Y. K., & Lal, B. (2011). Is UTAUT really used or justice for the 
sake of it? A systematic review of citations of UTAUT's originating article. In the proceeding of 
the European Conference on Information Systems (ECIS2011). 231.

Yang, K., & Forney, J. C. (2013). The moderating role of consumer technology anxiety in mobile 
shopping adoption: Differential effects of facilitating conditions and social infiuences. Journal 
of Electronic Commerce Research, 14(4), 334.

Zhou, T. (2012). Understanding users' initial trust in mobile banking: An elaboration likelihood 
perspective. Computers in Human Behavior, 28(4), 1518-1525.

Zhou, T., Lu, Y., & Wang, B. (2010). Integrating TTF and UTAUT to explain mobile banking user 
adoption. Computers in Human Behavior, 26(4), 760-767.

Zhu, J. and Hou, H., 2021. Research on User Experience Evaluation of Mobile Applications in 
Government Services. IEEE Access, 9, 52634-52641. 



BUFT Journal of Business & Economics (BJBE), ISSN 2664-9942 (Print) Vol. 5 319

  

The Acceptance of Mobile Applications for Government Services (MG- App): 
A Study From Users' Perspective
Monisha Akter Meem1 & Dr. Abul Khayer2*

ABSTRACT
Purpose: The objective of this study is to identify and analyze various factors 
that influence users' acceptance of mobile government applications (mG-Apps).
Methodology: This study has constructed a research model grounded on the 
Unified Theory of Acceptance and Use of Technology (UTAUT). Further, 
information quality and trust, two vital constructs, have been added to the 
UTAUT to enhance the predictability of the model. Data collected from a sample 
size of 212 from Bangladesh has been used to test the model.
Findings: We have employed the popular structural equation modeling (SEM) 
to assess the data. Our results suggest that the significant elements impacting 
users' acceptance of mG-Appsare performance expectancy, effort expectancy, 
facilitating conditions, information quality and trust. In contrast, social influence 
is identified as an insignificant predictor.
Practical Implications: This research will assist different government agencies, 
policymakers, and practitioners in the creation of timely and effective policies to 
develop and promote myriad mG-Apps to render services to the citizens.
Originality/Value: This research has offered an innovative framework to assess 
the acceptance of mG-apps by the citizens. This unique model has been 
constructed by expanding UTAUT with two key contextual constructs such as 
information quality and trust. We believe, this study will contribute to the extant 
body of theory surrounding the use of mobile government, e-government, and 
mobile applications development.
Limitations: This study only looks at the opinions of people in Bangladesh, 
hence the researchers recommend that the proposed study model should be 
validated by using data collected from other similar countries.

1. Introduction
Major developments in technology in recent years have significantly improved a number of mobile 
device features.Besides,most technology advancements in the telecommunications industry have made 
it possible to provide services to citizens more quickly (Biel, Grill, & Gruhn, 2010). Innovative 
hardware and software capabilities allow governmental and commercial organizations to provide 
mobile consumers a wide variety of services (Payne, 2013). Both private and public institutions have a 
significant chance to minimize the digital divide that exists between the general population and the 
government because of the proliferation of modern mobile devices such as smartphones, iPads, and
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other tablets that can run applications. For instance, after mobile applications for online payments were 
introduced, mobile device usage in African nations significantly increased from 50% to 58.4% (Al-
Azizi, Al-Badi, & Al-Zrafi, 2018). These data signify the need to use mobile apps to improve public 
services. 

Many government organizations in Bangladesh have begun to invest in and devote funds to 
projects that would leverage mobile applications to put their resources into action. Mobile applications 
provide a variety of internet-based services and are viewed as promising new markets for Bangladeshi 
government stakeholders to interact and communicate with one another. The mobile services are 
widely available and practical. People have the option to use mobile apps to conduct many types of 
transactions, such as financial or instructive ones. Apps for mobile devices allow users to pay bills, 
report violations, and communicate with authorities (Naqvi & Al-Shihi, 2014). However, research has 
shown that past government-run online programs have been either ineffective or had significant delays 
in being adopted, and the objectives of mGov adoption have not been met thus far (Gao, Krogstie, & 
Siau, 2014). For instance, in the context of underdeveloped countries, 35% of eGov programs were 
determined to be unsuccessful, only 15% of projects were successful, and 50% were only partially 
completed (Napitupulu & Sensuse, 2014).

There has been a rise in the quantity of government-related mobile apps recently since mobile 
communication technologies have developed. "Electronic government" (hereinafter referred to as 
"eGov") is defined as "the use of ICTs and their application by government to offer information and 
public services to the populace". Governments are increasingly employing contemporary methods to 
reconsider their services and offer online services to the public (Veeramootoo, Nunkoo, & Dwivedi, 
2018). On the other hand, the public tends to view the use of mobile apps for government services with 
doubt and distrust (Dwivedi et al., 2017). However, among the most crucial resources for mobile 
governance (mGov) is thought to be smartphone apps (Abdelghaffar & Magdy, 2012). Due to the 
portability of mobile devices and their ability to enable 24/7 Internet access, mobile applications are 
currently employed extensively across practically all corporate and government sectors (Al-Masaeed & 
Love, 2015). As a way to provide citizens with more convenient and timely services, mobile 
applications are increasingly being used by the government. Currently, many governments are 
developing mobile apps to provide vital services to their citizens, thus it's important to assess their 
acceptance (Rana & Dwivedi, 2015). The term "Mg-App" is used frequently in this study to refer to 
apps for government services on mobile devices. 

The prior research relating to mobile use for government services in Bangladesh is at nascent 
stage. Thus, this study aims to provide insights about various determinants of using mobile apps for 
government services and to propose strategies to enhance accessibility and convenience for users. 
Specifically, the goals of this research are to (i) determinethe predictorsand (ii) analyze those predictors 
of mG-Apps adoption in Bangladesh. We use structural Equation Modeling (SEM) approach to 
accomplish our research goals. The first objective is achieved by investigating the literature. The 
second objective is achieved by testing hypotheses.

In the first part of this report, the introduction is written where the whole summary of this 
report is included. The remaining portions of this article are constructed as follows: literature review is 
presented in Chapter 2 which includes both table of important literature and description of other 
literature. In chapter 3, theoretical framework of this report is written which includes description of 
theory, model of this research and construct and hypothesis of that model. Analyzing the data and 
drawing conclusions is covered in the fifth chapter. Chapter six covers the discussion of the analysis. 
Research implications are narrated in Chapter 7. Finally, chapter 8 presents the final thoughts, caveats, 
and directions for future study.

2. Literature Review
2.1 An Overview of Government Services Available Online in Bangladesh
The notion of mobile government is taken from Electronic government. E-government is a system that 
enables cooperation between the government, its citizens, and its several departments. The primary 
goal of E-Gov is to provide government stakeholders with efficient and cost-effective services (Al-
Azizi et al., 2018). The concept of e-Bangladesh was formed in 2002 to administer e-Gov 
infrastructure and technology projects for residents, according to Sadik Hasan (2003). Bangladesh's 
ranking for technological usage has improved since 2002, according to a 2014 UN study (United 
Nations, 2014). Bangladesh is ready for e-Gov, according to this ranking. However, many in 
Bangladesh are unwilling to adopt new technologies. This stops the public from collecting government 
benefits. The Bangladeshi government wants to provide efficient and engaging services. Bangladesh's 
imperative for enhanced telecommunications infrastructure is a primary concern. Government bodies 
have recently created improvement in mobile services.

2.2 Adoption of mobile government
In recent years, several studies have looked into how m-Gov is being used (e.g., Liu et al., 2014; 
Ahmad & Khalid, 2017).  A research project carried out by Shareef et al. (2012) wanted to understand 
citizens' willingness to use m-Gov services. Their research technique for mobile government 
acceptance varies from the government website. Liang et al. (2017) employed the basement theory 
framework to evaluate the adoption of e-Gov cloud technology in China they found organizational, 
technological, and cloud trust factors drove e-Gov cloud service uptake. Liu et al. (2014) researched 
m-Gov adoption in the countryside of China and found TAM components and honesty determined m-
Gov acceptability. Ahmad and Khalid (2017) performed study in the UAE and found that, in addition 
to TAM components, cost, trust, social impact, service variety, and demographic characteristics 
influenced consumers' behavior toward mobile government services. Table 1 shows review of some 
relevant literature.  

2.3 Mobile Government Applications
Most people will use mobile apps for government services if they trust them and think they will work 
well (Sharma, et al., 2018). In their study they used a structural equation model and a neural network 
model. Besides in the UTAUT model, two additional constructs were included in their research. 
Information and trust are these two concepts. According to a survey of UAE nationals, social influence 
and trust are not negatively correlated with end users' willingness to utilize apps for government 
services on mobile devices (Sharma, et al., 2018). Researchers have shown that mobile government 
makes it simpler for people to access government services (Almarashdeh, 2018). Researchers employ 
the structural equation modeling technique to demonstrate this. To verify this theory, many hypotheses 
are developed and investigated. 

From what we've talked about so far, I think there is a gap in the literature about how mobile 
applications are used in government services. I can't find any direct report regarding this issue. In some 
literature, some parts of this topic are discussed only. Like in the literature, there is a discussion about 
the adoption of mobile applications for other countries but there is no article indicating that mobile 
applications have been adopted in Bangladesh for the provision of government services. Consequently, 
a study is currently being conducted to identify the elements that impact individuals' choices to utilize 
mobile applications for accessing government services. A model was created as part of this study to 
elucidate the factors driving the utilization of mobile government services in Bangladesh.

3.Theory, Model and Hypotheses
3.1 Theory and Proposed Model
We have used the popular UTAUT model which is widely used to assess any emerging technology 
adoption from users' perspective. Information systems(IS) research uses UTAUT, a model based on 
eight technology adoption models and the model analyzes human behavior and technology intent 
(Venkatesh, Morris, Davis, & Davis, 2003). By contrasting eight widely accepted frameworks for 
identifying how individuals respond to new technologies, Venkatesh et al. (2003) developed an 
extensive model that integrates the insights of all of them. The UTAUT concept was developed for the 
express purpose of new technology adoption. Numerous studies suggested that UTAUT could be used 
to study IS acceptance and success in emerging nations (Gupta, Dasgupta, & Gupta, 2008). Our 
research is based on this model since it is unified and best represents other technology acceptance 

models. Performance expectancy, effort expectancy, social influence, and facilitating factors make up 
the UTAUT model. 

In addition, we have incorporated two relevant contextual constructs such as trust and 
information quality with the existing UTAUT, which has enhanced the predictive capacity of the 
model. Government mobile applications are not fully captured by the UTAUT's constructs only. 
Government IS services require trust (Hung, Chang, & Kuo, 2013). For this we include trust in our 
research. In order for eGov services, such as mGov, to be successful, government agencies must 
effectively share pertinent information with commercial, public, and municipal organizations, as well 
as the general public (Dwivedi et al., 2017). Numerous studies have investigated the trust and risk 
involved in online (e.g. Luo, Li, Zhang, & Shim, 2010; Alalwan, Dwivedi, Rana, & Simintiras, 2016). 
We have no knowledge of any research that particularly examine the impact of trust and perceived 
threat on the acceptance of government-issued mobile apps. Trust has been recognized as a significant 
exogenous variable in this study on mGov. Besides to spread mobile government, information quality 
plays an important role. For this we include information quality as one of the constructs.

Figure 1 represents the research model that is founded on what we've talked about so far. It is 
thought that UTAUT constructs, as well as trust and the quality of information, are what make people 
use mobile apps for government services.

Figure 1.
Proposed Research Model.
Source: Authors Developed.

3.2 Constructs and Hypothesis
3.2.1 Performance Expectancy
Performance expectancy is approximately how much does a person expects new technology to 
improve their work performance (Venkatesh et al., 2003). As predicted by the UTAUT model, research, 
performance expectancy predicts behavioral intention in order to use cutting-edge technical knowledge 
(Alalwan, Dwivedi, & Rana, 2017). We hypothesize that performance expectancy affects mG-App 
users' behavior intentions. If they want government services on demand, the citizens of Bangladesh 
must use smartphone apps. Alalwan et al. (2017) validated that expectancy of performance affect 
Middle Eastern mobile technology adoption. Thus, we hypothesize:

H1. Performance expectancy and intention to use mGApp are positively related.

3.2.2 Effort Expectancy
Effort expectancy" is a person's estimate of the mental and physical effort required to use a system or 
technology (Venkatesh et al., 2003). Time and effort spent learning a new information system affecting 
usage intentions is suggested by the UTAUT model. Technology adoption studies (e.g. Alalwan et al., 
2017; Hanafizadeh et al., 2014) show that effort expectancy strongly influences behavior. Al-Busaidi 
(2012) noted that users are less likely to use complex information systems. The widely used TAM 
(Davis, 1989) acceptance model states that consumers will adopt modern technology when this is easy 
to use and doesn't require more work. mG-Apps, which require expertise and effort, may affect 
behavioral adoption to use mobile apps. Thus, this study hypothesizes: 
H2. Effort expectancy and intention to use mG-App are positively related.

3.2.3 Social Influence
When consumers are unfamiliar with new services, reference groups may influence their adoption (e.g. 
Ahmad & Khalid, 2017; Venkatesh et al., 2012). Social effect refers to the degree to which individuals 
think that their relatives, friends, coworkers, and other close acquaintances anticipate them to utilize a 
certain technology (Venkatesh et al., 2012). Social influence determines mobile commerce adoption, 
according to Chong (2013). According to Leong and et al., (2013), in Oman, social influence may 
affect mGApp use. According to prior research, social influence may alter behavioral adoption 
(Alalwan et al., 2017). Thus, our hypothesis:
H3. Social influence is positively related to the acceptance of mG-App.

3.2.4 Facilitatin Gconditions
The term "facilitating condition" refers to the extent how an individual views the presence of an 
administrative and technological infrastructure that enables the effective utilization of government 
services (Venkatesh et al., 2003). Users of the MG-App express concerns regarding the ability to 
access links and the speed at which data may be uploaded and downloaded. According to Lewis, 
Fretwell, Ryan, and Parham (2013), people who use new technologies require assistance. Consumers 
are reluctant to adopt new technologies when support structures are weak (Hew, Lee, Ooi, & Wei, 
2015). In his study of consumer behavior in mobile commerce, Chong (2013) demonstrated the impact 
of favorable conditions. Indicators, such as the ones mentioned above, highlight the significance of 
favorable conditions for the adoption of mG-App. Multiple recent IS studies (Ahmad & Khalid, 2017; 
Alalwan et al., 2015) find that enabling factors are the primary influence on behavioral intention. Thus, 
our theories are:
H4. Facilitating conditions and intention to accept mG-App are positively connected.

3.2.5 Trust
Research on the diffusion of technical breakthroughs suggests that people's seeming lack of confidence 
in it can lead to their reluctance to adopt and utilize it. Evaluating the viewpoints of each individual on 
new technology; the way people behave and the degree of trust they have in you can significantly 
impact their willingness to employ advanced technology (Venkatesh, Thong, Chan, Hu, & Brown, 
2011). Trust was found as a significant predictor of information system adoption in multiple research 
investigations. Bangladesh recently adopted mGApps, where individuals prefer to physically access 
services provided by the government. They would rather communicate face-to-face encounters and 
continue manually after service or information requests. If service requests are unclear or unreliable, 
mobile apps may be avoided. Thus, to provide information, consumers must have the trust to use 
mobile apps to transact (Montazemi & Saremi, 2013). This study examines whether respondents are 

willing to trust mG-Apps. If respondents trust mG-Apps, their behavior will improve. For this we 
suggest the following theory:
H5. Trust has a positive effect on individual's behavioral adoption to use mG-App.

3.2.6 Information quality
The concept of information quality is established and described by Delone and McLean (1992, 2003) 
as a system's completeness, timeliness, correctness, and relevance. Inaccurate and irrelevant 
government service information will harm users' behavior. Researchers (Al-Busaidi & Al-Shihi, 2012; 
Sharma, Gaur, Saddikuti, & Rastogi, 2017) have found that the acceptability of recent advancements in 
informational technology is influenced by the presence of high-quality content. According to Tam and 
Oliveira (2016), information quality affects mobile technology use. We hypothesize that information 
quality influences Bangladeshi acceptance of mG-App:
H6. Information quality and intention to accept mG-App are positively related.

4. Methodology
4.1 Variables and Measurement
Based on extant literature, a survey instrument was created. This questionnaire has 23 questions. The 
questionnaire has two parts. Name, age, and other demographic questions are asked initially. 23 close-
ended questions measure this model's 7 constructs in the second section. Items measuring the 
constructs were derived from the literature and adapted to the context of the study. Except for the 
controls, a five-point Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree) was used to 
assess all other critical constructs. The methods used to measure the control variables were based on 
the previous research (Ilmudeen and Bao, 2018). Pre-testing improved measuring item clarity, 
uniformity, and comprehensibility. 30 volunteers participated in a pilot test. Following the pilot test, we 
made adjustments to the research questions.Table 2 shows constructs, measurement items and sources.

4.2 Data Collection Procedure and Sample

212 adult mobile government service users provided data.The authors aimed to get different mobile 
app users to answer the questionnaire. Electronic and hard-copy surveys were distributed. Convenience 
sampling was used to obtain data as it is very easy and less costly for the authors. The Structure 
Equation Model requires 200 responders, according to the literature. For collecting data, we developed 
an online questionnaire using google form and shared indifferent online platforms such as Facebook, 
WhatsApp, and LinkedIn. We also distributed printed version of questionnaire to different citizens who 
showed willingness to provide answers. This procedure yielded 250 data. After data cleansing, 212 
surveys were analyzed.

4.3 Non-Response Bias

The independent t-test was used to compare all of the constructs. From the results of the test, we found 
no statistically significant differences. The chi-squared test for independence was used to double-check 
these findings, and it revealed no statistically significant deviations. This study's data set, thus, was 
deemed to be free of non-response bias.

4.4. Data Analysis

At first stage, we perform some basic analysis. The constructs' validity and reliability, the model's 
predictive value, and the total variance explained were then evaluated using SEM. The SEM approach 
was chosen because it allows researchers to examine the relationships between all of the constructs 
simultaneously. Because of its emphasis on theory construction and discovery rather than model 
verification, SEM is also a more appropriate method for this study. SEM cannot, however, explore the 
non-linear interactions between the components, which could lead to a simplified analysis of the 
complicated decision-making process itself. We have generated six hypotheses for employing SEM, 
and by applying the findings from these hypotheses, we may achieve our research goals.The SEM 
result satisfies both objectives 1 and 2. SEM is therefore the ideal method for our study.

5. Analysis
5.1 Demographics Description
There were a total of 212 participants in this study, with females accounting for 51% (or 108 
participants) and males for 49% (or 104 participants). Ninety percent of the respondents in this study 
are under the age of thirty, making up 191 of the total sample size. The majority of those in the sample 
(67%) have at least a bachelor's degree, with another 19% holding a master's or doctorate, and the 
remaining 14% holding only a secondary school diploma. The study sample is also representative of 
Internet users with regard to their past week's usage frequency. It shows how long people spend online. 
About 38% (or 81 respondents) spent 0-1 hours online, about 24% (or 51 respondents) spent 6-10 
hours, and about 37% (or 80 respondents) spent > 11 hours online. Furthermore, the sample also 
reveals the user's past behavior on the Internet. It reveals that 71 percent of participants (or 151 
participants) have been Internet users for more than eight years. About 10% of the sample, or 21 
people, had used the Internet for fewer than one year, while about 19%, or 40 people, had been doing 
so for five or more years. Results show that the majority of the sample group regularly uses the 
Internet. Table 3 shows summary of the demographics of the respondents. 

5.2 Common Method Bias and Multicollinearity Test
A behavioral study using cross-sectional survey data is prone to common method bias (CMB). Since 
there was no external verification of the data, we focused on CMB which might compromise the 
study's findings. We evaluated CMB using SPSS 23.0 and Harman's single-factor test. Principal axis 
factor (PAF) analysis was performed to determine the number of variables necessary to explain 
variance. The results of our test indicate that a single construct accounted for only 34.87 percent of the 
variance, which is much lower than the minimum value of 50 percent. The evaluation of CMB was 
conducted utilizing the variance inflation factor (VIF) data obtained from the comprehensive 
collinearity test (Table 4). The lower VIF values (< 3.3) indicated that this study is free from CMB 
risk. Also, VIF scores below 10 indicate that this study does not have multicollinearity.

5.3 Measurement Model
Construct reliability measurements include Cronbach's alpha, Dijkstra-rho Henseler's (A), and 
composite reliability. The results showed that each construct had reliability criterion values of 0.70 or 
above, proving internal reliability (Henseler et al., 2014; Henseler et al., 2009) (Table 5). Their 
loadings determined indicators reliability. Item loadings greater than 0.70 suggested a higher 
correlation between an item and its construct (Hair et al., 2012). Thus, loading should exceed 0.70. 
Table 5 shows reasonable loading values. The indication is reliable.

The average variance extracted (AVE) values were used to determine convergent validity. If the 
AVE values for all variables are more than 0.5, a data set demonstrates convergent validity (Fornell and 
Larcker, 1981). Table 5 demonstrates that the AVE values for all variables fall within an acceptable 
range. Convergent validity is therefore verified.

The heterotrait-monotrait ratio assessed discriminant validity. HTMT measures average 
indicator correlations across constructs. Henseler et al. (2014) recommended discriminant validity 
below 0.90. Table 6 shows heterotrait-monotrait ratios for all variables are below 0.90. This supports 
constructs' discriminant validity according to Henseler et al., (2014). Tables 5 and 6 show that 
variables are within the literature's range. We found convergent validity and good internal reliability.

In this table, the values of loading, Cronbach's alpha, rho-A, composite reliability and average 
variable extracted are mentioned which are calculated by using SmartPLS software.

In the above table HTMT ratio is shown which confirms the discriminant validity of this 
research. As all the values given in table 6 are less than 0.90 we can say that this research has 
discriminant validity.

By using the Fornell Larckar approach this report measure the convergent validity of the data. 
All AVE square roots are greater than their corresponding correlation coefficients, as seen in Table 7. 
The condition for Fornell Larckar approach is established in the table 7. So convergent validity is 
prevailed here.

5.4 Structural Model
After verifying the measuring model's psychometrics, this research studies the structural model. SEM 
determines path strength, importance, and insignificance. Structural evaluation follows measuring test 
rules. R-square assessed structural model fit. Path coefficients (Beta) and t-statistics were utilized to 
evaluate the study hypotheses individually. Bootstrapping with 5,000 re-samples determined path 
significance. The model explained 69.2% of behavioral adoption variance, according to R-square. Path 
coefficients need to be statistically significant at a p-value of at least 0.05 in order to confirm the 
relationships (Byrne, 2016). Table 8 displays structural model path, coefficients, t-statistics, p-value, 
and decision.

Table 8 shows that, at the 5% level of confidence, the results for H1 (p<0.05), H2 (p<0.05), H4 
(p<0.05), H5(p<0.05), and H6(p<0.05) are all significant. At the 5% level of significance, however, the 
path for H3 (p>0.05) lacks statistical significance. This suggests that trust, information quality, 
facilitating conditions, performance expectancy, and effort expectancy all have a big impact on how 
mobile government is adopted behaviorally. Social influence, however, has no effect on the adoption of 
mobile governance.

6. Discussion
Government agencies use mobile phones and other digital means to reach people and citizens to 
increase participation, knowledge, trust, and engagement. Government decision-makers have struggled 
to reach remote citizens with updated information. Sparse locations hinder socioeconomic progress in 
emerging countries. Mobile apps may help society's socioeconomic growth and government service 
delivery. The study shows that citizens across the nation are eager to utilize mobile apps for services 
offered by the government. In this paper, the researchers examined six parameters affecting mG-App 
use by the citizens. Five of six criteria influenced citizens' use of mobile government app. Trust, 
information quality, performance expectancy, facilitating conditions and effort expectancy affect mG-
App adoption in developing countries like Bangladesh. Reasons for the six conceptions' importance 
and non-significance are discussed in the followingsection.

The mG-confidence app is the best way to figure out how people will use new technology. 
Thus, consumers must enter personal and credit card information to use mG-Apps for private 
transactions. The mG-Apps are more likely to be trusted when they have up-to-date information and 
are easy to use. Implementing encryption measures to comply with stricter privacy regulations can 
increase trust in mG-Apps. The privacy policies and information of the mG-new App aim to promote 
user engagement. This proves that a lack of trust is one of the biggest reasons why people don't use 
new systems or technologies (Alalwan et al., 2017).

Consequently, performance expectancy is the second most important constructs in selecting 
mG-App. Citizens evaluate mG-App based on its functional utilities (performance expectancy). 

Demonstrating and publicizing significant features helps improve government online services. 
Furthermore, by introducing new and varied technical channels, the usefulness of government 
institutions can be expanded (Ghalandari, 2012). A study determined that people's openness to trying 
out new technologies is significantly influenced by their expectations of how well they will work 
(Alalwan et al., 2017).

Consequently, effort expectancy is a significant anticipator of users' desire to utilize mG-App. 
This research reveals that inhabitants of Bangladesh, even expats, prefer to execute financial activities 
and acquire information about government services via mobile applications that involve less effort and 
time than other traditional means. The majority of research using the UTAUT has discovered a 
statistically significant correlation between effort expectancy and behavioral adoption (Alalwan et al., 
2017). In contrast to earlier studies (Ahmad & Khalid, 2017), our study reveals that the correlation 
between social impact and behavioral adoption is minimal, suggesting that residents in Bangladesh are 
unlikely to advocate the usage of mG-Apps to their loved ones. In a study done in the Sultanate of 
Oman, Riffai, Grant, and Edgar (2012) found that social impact did not significantly predict behavioral 
adoption in the mobile banking environment. Furthermore, this conclusion aligns with earlier research 
conducted in several sectors of information systems (Alalwan et al., 2017). 

The results also show that supportive settings make it easier for people to change their behavior 
to use the mG-App.  Citizens emphasize available funds, specific skill sets, and amenities such as 
increased Internet access, secured mobile apps, and phones to access and employ mG-App for utilizing 
and accessing govt. services through mobile applications. Multiple further empirical research in the 
field of information systems provide evidence to support this idea (Ahmad & Khalid, 2017). 

The results conclusively demonstrated a robust and favorable relation between the quality of 
information and the intention to utilize the mG-App. This demonstrates the significance of factors such 
as relevant content, frequent updates, and comparable features in driving mG-app adoption. Individuals 
are more inclined to utilize mobile applications if they offer superior information. The findings align 
with previous research indicating the significance of information quality in influencing a user's 
adoption of new technology (Sharma et al., 2017).

7. Implications

7.1 Implications for Theory

Researchers and academics will find the result of this study useful. The model has extended the 
UTAUT framework by include information quality and trust in its explanation of users' acceptance of 
mG-Apps in an Asian environment. The UTAUT model is a well-known framework for analyzing how 
people respond to and adopt new technologies. These two new components can be used by other 
researchers when they work with the UTAUT theory. The statistical findings demonstrate that this 
study's research model can predict behavioral adoption toward mG-App. All measurement indices and 
structural models were within their allowed range. The UTAUT's R-square initially stood at 53% as 
anticipated, but rose to 69.2% upon the inclusion of more data. Therefore, the inclusion of additional 
components enhances the predictive capacity of the study model. This research is a valuable addition 
to the growing database of theory that pertains to the utilization of mobile government, e-government, 
and mobile application development. Second, the study's results supplement the literature about the 
usage of mobile devices for government functions. Furthermore, this research's results can be applied 
to advancing technological advancements in studies of adoption. This study looks at how popular 
government service apps are for mobile devices in a South Asian country like Bangladesh. It adds 
important results to the literature.

7.2 Implications for Practices
This study shows that information quality, effort expectancy, facilitating conditions, trust, performance 
expectancy are significantly related in the context of mG-Apps adoption. Thus, respected authorities 
should consider those concepts while developing citizen-centric mobile apps. Government agencies 
would utilize these findings to develop and implement similar projects in several areas. The results of 
this study are going to support Bangladeshi government agencies in the development of policies that 
effectively encourage the use of mG-Apps. The acceptability of mG-Apps is influenced by both 
performance expectancy and trust, and decision-makers can improve the quality of these apps by 
providing reliable and expedient services. Performance and effort expectancy also affect behavior. In 
other words, residents favor low-effort government service mobile apps. Therefore, it is advisable for 
government mobile app developers to minimize the complexity of app usage and exploration. 
Experienced users can also assist creating mobile apps. Surokkha, a nationwide platform, allows 
residents to register for Coronavirus immunizations, receive certificates, and store data. Government 
officials may add a mG-Apps feedback signal to Surokkha to include user input. The Bangladeshi 
government may also organize a PPP to encourage smart mobile app use. Facilitating factors also 
affect behavioral adoption. This suggests residents' value government-provided mobile access to 
government services. It is advisable for the government to periodically provide concise training 
programs on facility usage in public and commercial organizations across the country. The 
organization indicated above would provide information to potential and prospective clients regarding 
government services accessible on mobile devices, as well as update them on new and upcoming 
services.

The strong link between trust and how people plan to use mG-Apps shows that security and 
privacy are important to people when they use state services on smartphones and other tools. 
Programmers and system analysts should enhance the security of apps by implementing an additional 
safety mechanism to safeguard against mG-Apps. The Bangladeshi government's "Mobile Applications 
Secure Development Guidelines" ensures security and robustness. The quality of information that 
citizens receive has an impact on their behavioral intentions. This suggests that the government is 
expected to provide citizens with information on government services that is precise, accurate, 
meaningful, pertinent, complete, and timely. When information is linked to mobile transactions, 
timeliness and trust are even higher. Mobile app developers should adopt the One Web Approach to 
display the same content on all mobile devices. These mobile apps should have automated notifications 
for the latest modifications. Public and corporate institutions should ensure user data relevancy and 
timeliness. 
8. Conclusion, limitations and Future Research Directions
8.1 Conclusion
Within this work, we tried to identify the crucial elements impacting the behavioral adoption of 
Bangladeshi citizens to utilize the mG-App. In conclusion, the study gave a good understanding of the 
most important things. The findings indicated that positive behavioral intentions were influenced by 
factors including information quality, effort expectancy, facilitating factor, trust, and performance 
expectancy. When considering whether or not to use mG-App, these factors are crucial. There was no 
empirical support indicating that social influence had an impact on the intention to take action, 
implying that individuals in Bangladesh are resistant to the influence of recommendations when it 
comes to their utilization of the mG-App. Therefore, mG-App are strongly recommended for use by 
the people of Bangladesh. As another bonus, it has been found that user-friendly technology increases 
users' behavioral intentions. Government entities will benefit from the results of this investigation since 
they will provide appropriate tactics to encourage more people to get government services through 
mobile apps.

8.2 Limitations and Future Research Directions
Even though this study has made important contributions, it also has some problems. Firstly, this study 
only looks at the opinions of people in Bangladesh, hence the researcher recommended that the 
proposed study model should be implemented with caution in other Asian nations. Future research can 
be conducted to other country context to validate this model. Secondly, the data acquired for this study 
is limited to Dhaka city as the author is a student; financing to collect data across the country is a 
challenge. Future studies can be done by obtaining data from all over the country. Thirdly, because the 
bulk of the respondents were between the ages of 20 and 40, it was suggested that the proposed study 
model be tested with more balanced age group information. Fourthly, this study did not evaluate the 
influence of demographic variables as moderators. If that effect can be seen, the outcome could be 
more interesting. Finally, this study focuses on the initial adoption mG-App, future studies can assess 
the continuous usage intention of mG-app.
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    Objective of
    the paper
Analyzing the plans 
to use mobile apps 
for government 
services (mG- App) 
in Oman

The goal of this 
study is to find out 
what factors directly 
or indirectly affect 
how people in Iran 
use mobile 
applications. In other 
words, this study 
looks at how users 
make decisions, 

taking into account 
things like subjective 
norms, attitude, 
perception, and 
quality.
The objective of 
this research is to 
find out what makes 
people in a 
developing country 
more likely to use 
mobile government 
(m-government) 
services.

Researchers looked 
into the elements that 
affect individuals' 
willingness to use 
mobile government 
services.
In pursuit of the 
objective, the study 
seeks to assess the 
user experience of 
mobile applications 
utilized for 
government services, 
as perceived by 
users, and provide 
recommendations for 
enhancement.
To figure out the 
different parts of 
service quality and 
how they affect 
mobile government 
services.

Studying how 
different aspects of 
mobile and wireless 
technology (MWT) 
affect m-Government 
users' experiences is 
important. With this 
in mind, this study 
aims to (1) identify 
seven mobile web 
and texting (MWT) 
capabilities of m-
Government and (2) 
investigate the 
mechanism by which 
these functions 
influence end-user 
satisfaction.

Methodology

This research broadened the 
scope of the UTAUT model 
by incorporating two new 
concepts: trust and information 
quality. Five hundred and 
thirteen users of a smartphone 
app in Oman provided data 
for this research.

In this study, 39 hypotheses 
were made and put into nine 
groups based on where they 
came from, such as TAM and 
TPB. Structure equation 
modeling was used to analyze 
the data and evaluate the 
model and hypothesis with a 
sample of 1348 possible users 
of mobile applications in 
Iran.

The study is grounded on a 
self-administered questionnaire 
survey of 120 participants in 
the United Arab Emirates 
(UAE). The study used 
sophisticated statistical 
techniques to examine an 
expanded version of the 
Technology Acceptance Model 
(TAM) that incorporates the 
variables of social influence, 
trust, number of services, 
perceived usefulness of 
information technology, cost, 
and demographic profiles.

- Online survey of 536 
respondents.

- Quantitative research
- Hypothesis testing

Analyzed in three stage.
- User experience evaluation 

index using literature
- Survey through 

questionnaire
- Empirical research using 

data of four provinces of 
China

From the literature on
m-development government's 
and change from e-government 
to service models, quality 
dimensions for m-government 
services were taken. This helps 
us figure out what aspects of 
service quality are needed to 
make m-.government more 
efficient, reliable, and 
responsible. The dimensions 
are shown in the context of m-
government service quality as 
a whole.

This study develops a 
research paradigm by 
integrating the perspectives 
of task-technology fit and 
theory of procedural fairness. 
This is a study that utilizes 
quantitative research 
methods. A survey was 
conducted in China, where 
449 individuals with 
extensive expertise were 
requested to complete a 
questionnaire.

   Theory/ 
Model

- Structural 
equation 
model.

- Neural 
network 
model

- Structural  
Equation 
Model

- Technology 
Acceptance  
Model 
(TAM)

- Structural  
Equation 
Model

  

- Emotional 
design 
theory, as 
proposed by 
Donald 
Norman. 
Entropy 
methods

- Grey 
correlation 
analysis 
method

- Donald 
Norman's 
theory.

  

- TIFmodel
- Structural 
 Equation
   Model

Findings

The findings revealed 
that people's faith in 
mG-App and their 
expectations for its 
performance are the two 
most influential elements 
in their propensity to 
utilize it.

Even though several 
internal and external 
variables were looked 
into, this paper suggests 
that you focus on how 
satisfaction affects your 
intentions. The report's 
findings revealed that 
trust had a more 
pronounced impact on 

subjective norms, while 
perceived usefulness and 
simplicity of use had a 
bigger influence on 
behavioral control.
The findings of this 
study indicate that 
individuals in the UAE 
are more inclined to 
utilize m-government 
services if they  have 
confidence in and can be 
convinced   by the 
opinions of others.

Provides evidence that 
mobile government 
facilitate and helps 
citizens to access 
government service in a 
better way than before.
Some problems have been 
found with the way 
mobile apps for 
government services are 
being built in China, such 
as the same design for all 
interfaces, complicated 
ways to join in, no 
interactive features, and 
no way to understand 
government information.
Using a taxonomy of six 
categories, this research 
has identified 20 
characteristics of mobile 
government sub-quality.

Users' satisfaction with 
government services is 
higher when they are 
provided with the three 
essential procedural 
elements, namely 
transparency, 
information accuracy, 
and voice.
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The Acceptance of Mobile Applications for Government Services (MG- App): 
A Study From Users' Perspective
Monisha Akter Meem1 & Dr. Abul Khayer2*

ABSTRACT
Purpose: The objective of this study is to identify and analyze various factors 
that influence users' acceptance of mobile government applications (mG-Apps).
Methodology: This study has constructed a research model grounded on the 
Unified Theory of Acceptance and Use of Technology (UTAUT). Further, 
information quality and trust, two vital constructs, have been added to the 
UTAUT to enhance the predictability of the model. Data collected from a sample 
size of 212 from Bangladesh has been used to test the model.
Findings: We have employed the popular structural equation modeling (SEM) 
to assess the data. Our results suggest that the significant elements impacting 
users' acceptance of mG-Appsare performance expectancy, effort expectancy, 
facilitating conditions, information quality and trust. In contrast, social influence 
is identified as an insignificant predictor.
Practical Implications: This research will assist different government agencies, 
policymakers, and practitioners in the creation of timely and effective policies to 
develop and promote myriad mG-Apps to render services to the citizens.
Originality/Value: This research has offered an innovative framework to assess 
the acceptance of mG-apps by the citizens. This unique model has been 
constructed by expanding UTAUT with two key contextual constructs such as 
information quality and trust. We believe, this study will contribute to the extant 
body of theory surrounding the use of mobile government, e-government, and 
mobile applications development.
Limitations: This study only looks at the opinions of people in Bangladesh, 
hence the researchers recommend that the proposed study model should be 
validated by using data collected from other similar countries.

1. Introduction
Major developments in technology in recent years have significantly improved a number of mobile 
device features.Besides,most technology advancements in the telecommunications industry have made 
it possible to provide services to citizens more quickly (Biel, Grill, & Gruhn, 2010). Innovative 
hardware and software capabilities allow governmental and commercial organizations to provide 
mobile consumers a wide variety of services (Payne, 2013). Both private and public institutions have a 
significant chance to minimize the digital divide that exists between the general population and the 
government because of the proliferation of modern mobile devices such as smartphones, iPads, and
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other tablets that can run applications. For instance, after mobile applications for online payments were 
introduced, mobile device usage in African nations significantly increased from 50% to 58.4% (Al-
Azizi, Al-Badi, & Al-Zrafi, 2018). These data signify the need to use mobile apps to improve public 
services. 

Many government organizations in Bangladesh have begun to invest in and devote funds to 
projects that would leverage mobile applications to put their resources into action. Mobile applications 
provide a variety of internet-based services and are viewed as promising new markets for Bangladeshi 
government stakeholders to interact and communicate with one another. The mobile services are 
widely available and practical. People have the option to use mobile apps to conduct many types of 
transactions, such as financial or instructive ones. Apps for mobile devices allow users to pay bills, 
report violations, and communicate with authorities (Naqvi & Al-Shihi, 2014). However, research has 
shown that past government-run online programs have been either ineffective or had significant delays 
in being adopted, and the objectives of mGov adoption have not been met thus far (Gao, Krogstie, & 
Siau, 2014). For instance, in the context of underdeveloped countries, 35% of eGov programs were 
determined to be unsuccessful, only 15% of projects were successful, and 50% were only partially 
completed (Napitupulu & Sensuse, 2014).

There has been a rise in the quantity of government-related mobile apps recently since mobile 
communication technologies have developed. "Electronic government" (hereinafter referred to as 
"eGov") is defined as "the use of ICTs and their application by government to offer information and 
public services to the populace". Governments are increasingly employing contemporary methods to 
reconsider their services and offer online services to the public (Veeramootoo, Nunkoo, & Dwivedi, 
2018). On the other hand, the public tends to view the use of mobile apps for government services with 
doubt and distrust (Dwivedi et al., 2017). However, among the most crucial resources for mobile 
governance (mGov) is thought to be smartphone apps (Abdelghaffar & Magdy, 2012). Due to the 
portability of mobile devices and their ability to enable 24/7 Internet access, mobile applications are 
currently employed extensively across practically all corporate and government sectors (Al-Masaeed & 
Love, 2015). As a way to provide citizens with more convenient and timely services, mobile 
applications are increasingly being used by the government. Currently, many governments are 
developing mobile apps to provide vital services to their citizens, thus it's important to assess their 
acceptance (Rana & Dwivedi, 2015). The term "Mg-App" is used frequently in this study to refer to 
apps for government services on mobile devices. 

The prior research relating to mobile use for government services in Bangladesh is at nascent 
stage. Thus, this study aims to provide insights about various determinants of using mobile apps for 
government services and to propose strategies to enhance accessibility and convenience for users. 
Specifically, the goals of this research are to (i) determinethe predictorsand (ii) analyze those predictors 
of mG-Apps adoption in Bangladesh. We use structural Equation Modeling (SEM) approach to 
accomplish our research goals. The first objective is achieved by investigating the literature. The 
second objective is achieved by testing hypotheses.

In the first part of this report, the introduction is written where the whole summary of this 
report is included. The remaining portions of this article are constructed as follows: literature review is 
presented in Chapter 2 which includes both table of important literature and description of other 
literature. In chapter 3, theoretical framework of this report is written which includes description of 
theory, model of this research and construct and hypothesis of that model. Analyzing the data and 
drawing conclusions is covered in the fifth chapter. Chapter six covers the discussion of the analysis. 
Research implications are narrated in Chapter 7. Finally, chapter 8 presents the final thoughts, caveats, 
and directions for future study.

2. Literature Review
2.1 An Overview of Government Services Available Online in Bangladesh
The notion of mobile government is taken from Electronic government. E-government is a system that 
enables cooperation between the government, its citizens, and its several departments. The primary 
goal of E-Gov is to provide government stakeholders with efficient and cost-effective services (Al-
Azizi et al., 2018). The concept of e-Bangladesh was formed in 2002 to administer e-Gov 
infrastructure and technology projects for residents, according to Sadik Hasan (2003). Bangladesh's 
ranking for technological usage has improved since 2002, according to a 2014 UN study (United 
Nations, 2014). Bangladesh is ready for e-Gov, according to this ranking. However, many in 
Bangladesh are unwilling to adopt new technologies. This stops the public from collecting government 
benefits. The Bangladeshi government wants to provide efficient and engaging services. Bangladesh's 
imperative for enhanced telecommunications infrastructure is a primary concern. Government bodies 
have recently created improvement in mobile services.

2.2 Adoption of mobile government
In recent years, several studies have looked into how m-Gov is being used (e.g., Liu et al., 2014; 
Ahmad & Khalid, 2017).  A research project carried out by Shareef et al. (2012) wanted to understand 
citizens' willingness to use m-Gov services. Their research technique for mobile government 
acceptance varies from the government website. Liang et al. (2017) employed the basement theory 
framework to evaluate the adoption of e-Gov cloud technology in China they found organizational, 
technological, and cloud trust factors drove e-Gov cloud service uptake. Liu et al. (2014) researched 
m-Gov adoption in the countryside of China and found TAM components and honesty determined m-
Gov acceptability. Ahmad and Khalid (2017) performed study in the UAE and found that, in addition 
to TAM components, cost, trust, social impact, service variety, and demographic characteristics 
influenced consumers' behavior toward mobile government services. Table 1 shows review of some 
relevant literature.  

2.3 Mobile Government Applications
Most people will use mobile apps for government services if they trust them and think they will work 
well (Sharma, et al., 2018). In their study they used a structural equation model and a neural network 
model. Besides in the UTAUT model, two additional constructs were included in their research. 
Information and trust are these two concepts. According to a survey of UAE nationals, social influence 
and trust are not negatively correlated with end users' willingness to utilize apps for government 
services on mobile devices (Sharma, et al., 2018). Researchers have shown that mobile government 
makes it simpler for people to access government services (Almarashdeh, 2018). Researchers employ 
the structural equation modeling technique to demonstrate this. To verify this theory, many hypotheses 
are developed and investigated. 

From what we've talked about so far, I think there is a gap in the literature about how mobile 
applications are used in government services. I can't find any direct report regarding this issue. In some 
literature, some parts of this topic are discussed only. Like in the literature, there is a discussion about 
the adoption of mobile applications for other countries but there is no article indicating that mobile 
applications have been adopted in Bangladesh for the provision of government services. Consequently, 
a study is currently being conducted to identify the elements that impact individuals' choices to utilize 
mobile applications for accessing government services. A model was created as part of this study to 
elucidate the factors driving the utilization of mobile government services in Bangladesh.

3.Theory, Model and Hypotheses
3.1 Theory and Proposed Model
We have used the popular UTAUT model which is widely used to assess any emerging technology 
adoption from users' perspective. Information systems(IS) research uses UTAUT, a model based on 
eight technology adoption models and the model analyzes human behavior and technology intent 
(Venkatesh, Morris, Davis, & Davis, 2003). By contrasting eight widely accepted frameworks for 
identifying how individuals respond to new technologies, Venkatesh et al. (2003) developed an 
extensive model that integrates the insights of all of them. The UTAUT concept was developed for the 
express purpose of new technology adoption. Numerous studies suggested that UTAUT could be used 
to study IS acceptance and success in emerging nations (Gupta, Dasgupta, & Gupta, 2008). Our 
research is based on this model since it is unified and best represents other technology acceptance 

models. Performance expectancy, effort expectancy, social influence, and facilitating factors make up 
the UTAUT model. 

In addition, we have incorporated two relevant contextual constructs such as trust and 
information quality with the existing UTAUT, which has enhanced the predictive capacity of the 
model. Government mobile applications are not fully captured by the UTAUT's constructs only. 
Government IS services require trust (Hung, Chang, & Kuo, 2013). For this we include trust in our 
research. In order for eGov services, such as mGov, to be successful, government agencies must 
effectively share pertinent information with commercial, public, and municipal organizations, as well 
as the general public (Dwivedi et al., 2017). Numerous studies have investigated the trust and risk 
involved in online (e.g. Luo, Li, Zhang, & Shim, 2010; Alalwan, Dwivedi, Rana, & Simintiras, 2016). 
We have no knowledge of any research that particularly examine the impact of trust and perceived 
threat on the acceptance of government-issued mobile apps. Trust has been recognized as a significant 
exogenous variable in this study on mGov. Besides to spread mobile government, information quality 
plays an important role. For this we include information quality as one of the constructs.

Figure 1 represents the research model that is founded on what we've talked about so far. It is 
thought that UTAUT constructs, as well as trust and the quality of information, are what make people 
use mobile apps for government services.

Figure 1.
Proposed Research Model.
Source: Authors Developed.

3.2 Constructs and Hypothesis
3.2.1 Performance Expectancy
Performance expectancy is approximately how much does a person expects new technology to 
improve their work performance (Venkatesh et al., 2003). As predicted by the UTAUT model, research, 
performance expectancy predicts behavioral intention in order to use cutting-edge technical knowledge 
(Alalwan, Dwivedi, & Rana, 2017). We hypothesize that performance expectancy affects mG-App 
users' behavior intentions. If they want government services on demand, the citizens of Bangladesh 
must use smartphone apps. Alalwan et al. (2017) validated that expectancy of performance affect 
Middle Eastern mobile technology adoption. Thus, we hypothesize:

H1. Performance expectancy and intention to use mGApp are positively related.

3.2.2 Effort Expectancy
Effort expectancy" is a person's estimate of the mental and physical effort required to use a system or 
technology (Venkatesh et al., 2003). Time and effort spent learning a new information system affecting 
usage intentions is suggested by the UTAUT model. Technology adoption studies (e.g. Alalwan et al., 
2017; Hanafizadeh et al., 2014) show that effort expectancy strongly influences behavior. Al-Busaidi 
(2012) noted that users are less likely to use complex information systems. The widely used TAM 
(Davis, 1989) acceptance model states that consumers will adopt modern technology when this is easy 
to use and doesn't require more work. mG-Apps, which require expertise and effort, may affect 
behavioral adoption to use mobile apps. Thus, this study hypothesizes: 
H2. Effort expectancy and intention to use mG-App are positively related.

3.2.3 Social Influence
When consumers are unfamiliar with new services, reference groups may influence their adoption (e.g. 
Ahmad & Khalid, 2017; Venkatesh et al., 2012). Social effect refers to the degree to which individuals 
think that their relatives, friends, coworkers, and other close acquaintances anticipate them to utilize a 
certain technology (Venkatesh et al., 2012). Social influence determines mobile commerce adoption, 
according to Chong (2013). According to Leong and et al., (2013), in Oman, social influence may 
affect mGApp use. According to prior research, social influence may alter behavioral adoption 
(Alalwan et al., 2017). Thus, our hypothesis:
H3. Social influence is positively related to the acceptance of mG-App.

3.2.4 Facilitatin Gconditions
The term "facilitating condition" refers to the extent how an individual views the presence of an 
administrative and technological infrastructure that enables the effective utilization of government 
services (Venkatesh et al., 2003). Users of the MG-App express concerns regarding the ability to 
access links and the speed at which data may be uploaded and downloaded. According to Lewis, 
Fretwell, Ryan, and Parham (2013), people who use new technologies require assistance. Consumers 
are reluctant to adopt new technologies when support structures are weak (Hew, Lee, Ooi, & Wei, 
2015). In his study of consumer behavior in mobile commerce, Chong (2013) demonstrated the impact 
of favorable conditions. Indicators, such as the ones mentioned above, highlight the significance of 
favorable conditions for the adoption of mG-App. Multiple recent IS studies (Ahmad & Khalid, 2017; 
Alalwan et al., 2015) find that enabling factors are the primary influence on behavioral intention. Thus, 
our theories are:
H4. Facilitating conditions and intention to accept mG-App are positively connected.

3.2.5 Trust
Research on the diffusion of technical breakthroughs suggests that people's seeming lack of confidence 
in it can lead to their reluctance to adopt and utilize it. Evaluating the viewpoints of each individual on 
new technology; the way people behave and the degree of trust they have in you can significantly 
impact their willingness to employ advanced technology (Venkatesh, Thong, Chan, Hu, & Brown, 
2011). Trust was found as a significant predictor of information system adoption in multiple research 
investigations. Bangladesh recently adopted mGApps, where individuals prefer to physically access 
services provided by the government. They would rather communicate face-to-face encounters and 
continue manually after service or information requests. If service requests are unclear or unreliable, 
mobile apps may be avoided. Thus, to provide information, consumers must have the trust to use 
mobile apps to transact (Montazemi & Saremi, 2013). This study examines whether respondents are 

willing to trust mG-Apps. If respondents trust mG-Apps, their behavior will improve. For this we 
suggest the following theory:
H5. Trust has a positive effect on individual's behavioral adoption to use mG-App.

3.2.6 Information quality
The concept of information quality is established and described by Delone and McLean (1992, 2003) 
as a system's completeness, timeliness, correctness, and relevance. Inaccurate and irrelevant 
government service information will harm users' behavior. Researchers (Al-Busaidi & Al-Shihi, 2012; 
Sharma, Gaur, Saddikuti, & Rastogi, 2017) have found that the acceptability of recent advancements in 
informational technology is influenced by the presence of high-quality content. According to Tam and 
Oliveira (2016), information quality affects mobile technology use. We hypothesize that information 
quality influences Bangladeshi acceptance of mG-App:
H6. Information quality and intention to accept mG-App are positively related.

4. Methodology
4.1 Variables and Measurement
Based on extant literature, a survey instrument was created. This questionnaire has 23 questions. The 
questionnaire has two parts. Name, age, and other demographic questions are asked initially. 23 close-
ended questions measure this model's 7 constructs in the second section. Items measuring the 
constructs were derived from the literature and adapted to the context of the study. Except for the 
controls, a five-point Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree) was used to 
assess all other critical constructs. The methods used to measure the control variables were based on 
the previous research (Ilmudeen and Bao, 2018). Pre-testing improved measuring item clarity, 
uniformity, and comprehensibility. 30 volunteers participated in a pilot test. Following the pilot test, we 
made adjustments to the research questions.Table 2 shows constructs, measurement items and sources.

4.2 Data Collection Procedure and Sample

212 adult mobile government service users provided data.The authors aimed to get different mobile 
app users to answer the questionnaire. Electronic and hard-copy surveys were distributed. Convenience 
sampling was used to obtain data as it is very easy and less costly for the authors. The Structure 
Equation Model requires 200 responders, according to the literature. For collecting data, we developed 
an online questionnaire using google form and shared indifferent online platforms such as Facebook, 
WhatsApp, and LinkedIn. We also distributed printed version of questionnaire to different citizens who 
showed willingness to provide answers. This procedure yielded 250 data. After data cleansing, 212 
surveys were analyzed.

4.3 Non-Response Bias

The independent t-test was used to compare all of the constructs. From the results of the test, we found 
no statistically significant differences. The chi-squared test for independence was used to double-check 
these findings, and it revealed no statistically significant deviations. This study's data set, thus, was 
deemed to be free of non-response bias.

4.4. Data Analysis

At first stage, we perform some basic analysis. The constructs' validity and reliability, the model's 
predictive value, and the total variance explained were then evaluated using SEM. The SEM approach 
was chosen because it allows researchers to examine the relationships between all of the constructs 
simultaneously. Because of its emphasis on theory construction and discovery rather than model 
verification, SEM is also a more appropriate method for this study. SEM cannot, however, explore the 
non-linear interactions between the components, which could lead to a simplified analysis of the 
complicated decision-making process itself. We have generated six hypotheses for employing SEM, 
and by applying the findings from these hypotheses, we may achieve our research goals.The SEM 
result satisfies both objectives 1 and 2. SEM is therefore the ideal method for our study.

5. Analysis
5.1 Demographics Description
There were a total of 212 participants in this study, with females accounting for 51% (or 108 
participants) and males for 49% (or 104 participants). Ninety percent of the respondents in this study 
are under the age of thirty, making up 191 of the total sample size. The majority of those in the sample 
(67%) have at least a bachelor's degree, with another 19% holding a master's or doctorate, and the 
remaining 14% holding only a secondary school diploma. The study sample is also representative of 
Internet users with regard to their past week's usage frequency. It shows how long people spend online. 
About 38% (or 81 respondents) spent 0-1 hours online, about 24% (or 51 respondents) spent 6-10 
hours, and about 37% (or 80 respondents) spent > 11 hours online. Furthermore, the sample also 
reveals the user's past behavior on the Internet. It reveals that 71 percent of participants (or 151 
participants) have been Internet users for more than eight years. About 10% of the sample, or 21 
people, had used the Internet for fewer than one year, while about 19%, or 40 people, had been doing 
so for five or more years. Results show that the majority of the sample group regularly uses the 
Internet. Table 3 shows summary of the demographics of the respondents. 

5.2 Common Method Bias and Multicollinearity Test
A behavioral study using cross-sectional survey data is prone to common method bias (CMB). Since 
there was no external verification of the data, we focused on CMB which might compromise the 
study's findings. We evaluated CMB using SPSS 23.0 and Harman's single-factor test. Principal axis 
factor (PAF) analysis was performed to determine the number of variables necessary to explain 
variance. The results of our test indicate that a single construct accounted for only 34.87 percent of the 
variance, which is much lower than the minimum value of 50 percent. The evaluation of CMB was 
conducted utilizing the variance inflation factor (VIF) data obtained from the comprehensive 
collinearity test (Table 4). The lower VIF values (< 3.3) indicated that this study is free from CMB 
risk. Also, VIF scores below 10 indicate that this study does not have multicollinearity.

5.3 Measurement Model
Construct reliability measurements include Cronbach's alpha, Dijkstra-rho Henseler's (A), and 
composite reliability. The results showed that each construct had reliability criterion values of 0.70 or 
above, proving internal reliability (Henseler et al., 2014; Henseler et al., 2009) (Table 5). Their 
loadings determined indicators reliability. Item loadings greater than 0.70 suggested a higher 
correlation between an item and its construct (Hair et al., 2012). Thus, loading should exceed 0.70. 
Table 5 shows reasonable loading values. The indication is reliable.

The average variance extracted (AVE) values were used to determine convergent validity. If the 
AVE values for all variables are more than 0.5, a data set demonstrates convergent validity (Fornell and 
Larcker, 1981). Table 5 demonstrates that the AVE values for all variables fall within an acceptable 
range. Convergent validity is therefore verified.

The heterotrait-monotrait ratio assessed discriminant validity. HTMT measures average 
indicator correlations across constructs. Henseler et al. (2014) recommended discriminant validity 
below 0.90. Table 6 shows heterotrait-monotrait ratios for all variables are below 0.90. This supports 
constructs' discriminant validity according to Henseler et al., (2014). Tables 5 and 6 show that 
variables are within the literature's range. We found convergent validity and good internal reliability.

In this table, the values of loading, Cronbach's alpha, rho-A, composite reliability and average 
variable extracted are mentioned which are calculated by using SmartPLS software.

In the above table HTMT ratio is shown which confirms the discriminant validity of this 
research. As all the values given in table 6 are less than 0.90 we can say that this research has 
discriminant validity.

By using the Fornell Larckar approach this report measure the convergent validity of the data. 
All AVE square roots are greater than their corresponding correlation coefficients, as seen in Table 7. 
The condition for Fornell Larckar approach is established in the table 7. So convergent validity is 
prevailed here.

5.4 Structural Model
After verifying the measuring model's psychometrics, this research studies the structural model. SEM 
determines path strength, importance, and insignificance. Structural evaluation follows measuring test 
rules. R-square assessed structural model fit. Path coefficients (Beta) and t-statistics were utilized to 
evaluate the study hypotheses individually. Bootstrapping with 5,000 re-samples determined path 
significance. The model explained 69.2% of behavioral adoption variance, according to R-square. Path 
coefficients need to be statistically significant at a p-value of at least 0.05 in order to confirm the 
relationships (Byrne, 2016). Table 8 displays structural model path, coefficients, t-statistics, p-value, 
and decision.

Table 8 shows that, at the 5% level of confidence, the results for H1 (p<0.05), H2 (p<0.05), H4 
(p<0.05), H5(p<0.05), and H6(p<0.05) are all significant. At the 5% level of significance, however, the 
path for H3 (p>0.05) lacks statistical significance. This suggests that trust, information quality, 
facilitating conditions, performance expectancy, and effort expectancy all have a big impact on how 
mobile government is adopted behaviorally. Social influence, however, has no effect on the adoption of 
mobile governance.

6. Discussion
Government agencies use mobile phones and other digital means to reach people and citizens to 
increase participation, knowledge, trust, and engagement. Government decision-makers have struggled 
to reach remote citizens with updated information. Sparse locations hinder socioeconomic progress in 
emerging countries. Mobile apps may help society's socioeconomic growth and government service 
delivery. The study shows that citizens across the nation are eager to utilize mobile apps for services 
offered by the government. In this paper, the researchers examined six parameters affecting mG-App 
use by the citizens. Five of six criteria influenced citizens' use of mobile government app. Trust, 
information quality, performance expectancy, facilitating conditions and effort expectancy affect mG-
App adoption in developing countries like Bangladesh. Reasons for the six conceptions' importance 
and non-significance are discussed in the followingsection.

The mG-confidence app is the best way to figure out how people will use new technology. 
Thus, consumers must enter personal and credit card information to use mG-Apps for private 
transactions. The mG-Apps are more likely to be trusted when they have up-to-date information and 
are easy to use. Implementing encryption measures to comply with stricter privacy regulations can 
increase trust in mG-Apps. The privacy policies and information of the mG-new App aim to promote 
user engagement. This proves that a lack of trust is one of the biggest reasons why people don't use 
new systems or technologies (Alalwan et al., 2017).

Consequently, performance expectancy is the second most important constructs in selecting 
mG-App. Citizens evaluate mG-App based on its functional utilities (performance expectancy). 

Demonstrating and publicizing significant features helps improve government online services. 
Furthermore, by introducing new and varied technical channels, the usefulness of government 
institutions can be expanded (Ghalandari, 2012). A study determined that people's openness to trying 
out new technologies is significantly influenced by their expectations of how well they will work 
(Alalwan et al., 2017).

Consequently, effort expectancy is a significant anticipator of users' desire to utilize mG-App. 
This research reveals that inhabitants of Bangladesh, even expats, prefer to execute financial activities 
and acquire information about government services via mobile applications that involve less effort and 
time than other traditional means. The majority of research using the UTAUT has discovered a 
statistically significant correlation between effort expectancy and behavioral adoption (Alalwan et al., 
2017). In contrast to earlier studies (Ahmad & Khalid, 2017), our study reveals that the correlation 
between social impact and behavioral adoption is minimal, suggesting that residents in Bangladesh are 
unlikely to advocate the usage of mG-Apps to their loved ones. In a study done in the Sultanate of 
Oman, Riffai, Grant, and Edgar (2012) found that social impact did not significantly predict behavioral 
adoption in the mobile banking environment. Furthermore, this conclusion aligns with earlier research 
conducted in several sectors of information systems (Alalwan et al., 2017). 

The results also show that supportive settings make it easier for people to change their behavior 
to use the mG-App.  Citizens emphasize available funds, specific skill sets, and amenities such as 
increased Internet access, secured mobile apps, and phones to access and employ mG-App for utilizing 
and accessing govt. services through mobile applications. Multiple further empirical research in the 
field of information systems provide evidence to support this idea (Ahmad & Khalid, 2017). 

The results conclusively demonstrated a robust and favorable relation between the quality of 
information and the intention to utilize the mG-App. This demonstrates the significance of factors such 
as relevant content, frequent updates, and comparable features in driving mG-app adoption. Individuals 
are more inclined to utilize mobile applications if they offer superior information. The findings align 
with previous research indicating the significance of information quality in influencing a user's 
adoption of new technology (Sharma et al., 2017).

7. Implications

7.1 Implications for Theory

Researchers and academics will find the result of this study useful. The model has extended the 
UTAUT framework by include information quality and trust in its explanation of users' acceptance of 
mG-Apps in an Asian environment. The UTAUT model is a well-known framework for analyzing how 
people respond to and adopt new technologies. These two new components can be used by other 
researchers when they work with the UTAUT theory. The statistical findings demonstrate that this 
study's research model can predict behavioral adoption toward mG-App. All measurement indices and 
structural models were within their allowed range. The UTAUT's R-square initially stood at 53% as 
anticipated, but rose to 69.2% upon the inclusion of more data. Therefore, the inclusion of additional 
components enhances the predictive capacity of the study model. This research is a valuable addition 
to the growing database of theory that pertains to the utilization of mobile government, e-government, 
and mobile application development. Second, the study's results supplement the literature about the 
usage of mobile devices for government functions. Furthermore, this research's results can be applied 
to advancing technological advancements in studies of adoption. This study looks at how popular 
government service apps are for mobile devices in a South Asian country like Bangladesh. It adds 
important results to the literature.

7.2 Implications for Practices
This study shows that information quality, effort expectancy, facilitating conditions, trust, performance 
expectancy are significantly related in the context of mG-Apps adoption. Thus, respected authorities 
should consider those concepts while developing citizen-centric mobile apps. Government agencies 
would utilize these findings to develop and implement similar projects in several areas. The results of 
this study are going to support Bangladeshi government agencies in the development of policies that 
effectively encourage the use of mG-Apps. The acceptability of mG-Apps is influenced by both 
performance expectancy and trust, and decision-makers can improve the quality of these apps by 
providing reliable and expedient services. Performance and effort expectancy also affect behavior. In 
other words, residents favor low-effort government service mobile apps. Therefore, it is advisable for 
government mobile app developers to minimize the complexity of app usage and exploration. 
Experienced users can also assist creating mobile apps. Surokkha, a nationwide platform, allows 
residents to register for Coronavirus immunizations, receive certificates, and store data. Government 
officials may add a mG-Apps feedback signal to Surokkha to include user input. The Bangladeshi 
government may also organize a PPP to encourage smart mobile app use. Facilitating factors also 
affect behavioral adoption. This suggests residents' value government-provided mobile access to 
government services. It is advisable for the government to periodically provide concise training 
programs on facility usage in public and commercial organizations across the country. The 
organization indicated above would provide information to potential and prospective clients regarding 
government services accessible on mobile devices, as well as update them on new and upcoming 
services.

The strong link between trust and how people plan to use mG-Apps shows that security and 
privacy are important to people when they use state services on smartphones and other tools. 
Programmers and system analysts should enhance the security of apps by implementing an additional 
safety mechanism to safeguard against mG-Apps. The Bangladeshi government's "Mobile Applications 
Secure Development Guidelines" ensures security and robustness. The quality of information that 
citizens receive has an impact on their behavioral intentions. This suggests that the government is 
expected to provide citizens with information on government services that is precise, accurate, 
meaningful, pertinent, complete, and timely. When information is linked to mobile transactions, 
timeliness and trust are even higher. Mobile app developers should adopt the One Web Approach to 
display the same content on all mobile devices. These mobile apps should have automated notifications 
for the latest modifications. Public and corporate institutions should ensure user data relevancy and 
timeliness. 
8. Conclusion, limitations and Future Research Directions
8.1 Conclusion
Within this work, we tried to identify the crucial elements impacting the behavioral adoption of 
Bangladeshi citizens to utilize the mG-App. In conclusion, the study gave a good understanding of the 
most important things. The findings indicated that positive behavioral intentions were influenced by 
factors including information quality, effort expectancy, facilitating factor, trust, and performance 
expectancy. When considering whether or not to use mG-App, these factors are crucial. There was no 
empirical support indicating that social influence had an impact on the intention to take action, 
implying that individuals in Bangladesh are resistant to the influence of recommendations when it 
comes to their utilization of the mG-App. Therefore, mG-App are strongly recommended for use by 
the people of Bangladesh. As another bonus, it has been found that user-friendly technology increases 
users' behavioral intentions. Government entities will benefit from the results of this investigation since 
they will provide appropriate tactics to encourage more people to get government services through 
mobile apps.

8.2 Limitations and Future Research Directions
Even though this study has made important contributions, it also has some problems. Firstly, this study 
only looks at the opinions of people in Bangladesh, hence the researcher recommended that the 
proposed study model should be implemented with caution in other Asian nations. Future research can 
be conducted to other country context to validate this model. Secondly, the data acquired for this study 
is limited to Dhaka city as the author is a student; financing to collect data across the country is a 
challenge. Future studies can be done by obtaining data from all over the country. Thirdly, because the 
bulk of the respondents were between the ages of 20 and 40, it was suggested that the proposed study 
model be tested with more balanced age group information. Fourthly, this study did not evaluate the 
influence of demographic variables as moderators. If that effect can be seen, the outcome could be 
more interesting. Finally, this study focuses on the initial adoption mG-App, future studies can assess 
the continuous usage intention of mG-app.
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    Objective of
    the paper
Analyzing the plans 
to use mobile apps 
for government 
services (mG- App) 
in Oman

The goal of this 
study is to find out 
what factors directly 
or indirectly affect 
how people in Iran 
use mobile 
applications. In other 
words, this study 
looks at how users 
make decisions, 

taking into account 
things like subjective 
norms, attitude, 
perception, and 
quality.
The objective of 
this research is to 
find out what makes 
people in a 
developing country 
more likely to use 
mobile government 
(m-government) 
services.

Researchers looked 
into the elements that 
affect individuals' 
willingness to use 
mobile government 
services.
In pursuit of the 
objective, the study 
seeks to assess the 
user experience of 
mobile applications 
utilized for 
government services, 
as perceived by 
users, and provide 
recommendations for 
enhancement.
To figure out the 
different parts of 
service quality and 
how they affect 
mobile government 
services.

Studying how 
different aspects of 
mobile and wireless 
technology (MWT) 
affect m-Government 
users' experiences is 
important. With this 
in mind, this study 
aims to (1) identify 
seven mobile web 
and texting (MWT) 
capabilities of m-
Government and (2) 
investigate the 
mechanism by which 
these functions 
influence end-user 
satisfaction.

Methodology

This research broadened the 
scope of the UTAUT model 
by incorporating two new 
concepts: trust and information 
quality. Five hundred and 
thirteen users of a smartphone 
app in Oman provided data 
for this research.

In this study, 39 hypotheses 
were made and put into nine 
groups based on where they 
came from, such as TAM and 
TPB. Structure equation 
modeling was used to analyze 
the data and evaluate the 
model and hypothesis with a 
sample of 1348 possible users 
of mobile applications in 
Iran.

The study is grounded on a 
self-administered questionnaire 
survey of 120 participants in 
the United Arab Emirates 
(UAE). The study used 
sophisticated statistical 
techniques to examine an 
expanded version of the 
Technology Acceptance Model 
(TAM) that incorporates the 
variables of social influence, 
trust, number of services, 
perceived usefulness of 
information technology, cost, 
and demographic profiles.

- Online survey of 536 
respondents.

- Quantitative research
- Hypothesis testing

Analyzed in three stage.
- User experience evaluation 

index using literature
- Survey through 

questionnaire
- Empirical research using 

data of four provinces of 
China

From the literature on
m-development government's 
and change from e-government 
to service models, quality 
dimensions for m-government 
services were taken. This helps 
us figure out what aspects of 
service quality are needed to 
make m-.government more 
efficient, reliable, and 
responsible. The dimensions 
are shown in the context of m-
government service quality as 
a whole.

This study develops a 
research paradigm by 
integrating the perspectives 
of task-technology fit and 
theory of procedural fairness. 
This is a study that utilizes 
quantitative research 
methods. A survey was 
conducted in China, where 
449 individuals with 
extensive expertise were 
requested to complete a 
questionnaire.

   Theory/ 
Model

- Structural 
equation 
model.

- Neural 
network 
model

- Structural  
Equation 
Model

- Technology 
Acceptance  
Model 
(TAM)

- Structural  
Equation 
Model

  

- Emotional 
design 
theory, as 
proposed by 
Donald 
Norman. 
Entropy 
methods

- Grey 
correlation 
analysis 
method

- Donald 
Norman's 
theory.

  

- TIFmodel
- Structural 
 Equation
   Model

Findings

The findings revealed 
that people's faith in 
mG-App and their 
expectations for its 
performance are the two 
most influential elements 
in their propensity to 
utilize it.

Even though several 
internal and external 
variables were looked 
into, this paper suggests 
that you focus on how 
satisfaction affects your 
intentions. The report's 
findings revealed that 
trust had a more 
pronounced impact on 

subjective norms, while 
perceived usefulness and 
simplicity of use had a 
bigger influence on 
behavioral control.
The findings of this 
study indicate that 
individuals in the UAE 
are more inclined to 
utilize m-government 
services if they  have 
confidence in and can be 
convinced   by the 
opinions of others.

Provides evidence that 
mobile government 
facilitate and helps 
citizens to access 
government service in a 
better way than before.
Some problems have been 
found with the way 
mobile apps for 
government services are 
being built in China, such 
as the same design for all 
interfaces, complicated 
ways to join in, no 
interactive features, and 
no way to understand 
government information.
Using a taxonomy of six 
categories, this research 
has identified 20 
characteristics of mobile 
government sub-quality.

Users' satisfaction with 
government services is 
higher when they are 
provided with the three 
essential procedural 
elements, namely 
transparency, 
information accuracy, 
and voice.
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The Acceptance of Mobile Applications for Government Services (MG- App): 
A Study From Users' Perspective
Monisha Akter Meem1 & Dr. Abul Khayer2*

ABSTRACT
Purpose: The objective of this study is to identify and analyze various factors 
that influence users' acceptance of mobile government applications (mG-Apps).
Methodology: This study has constructed a research model grounded on the 
Unified Theory of Acceptance and Use of Technology (UTAUT). Further, 
information quality and trust, two vital constructs, have been added to the 
UTAUT to enhance the predictability of the model. Data collected from a sample 
size of 212 from Bangladesh has been used to test the model.
Findings: We have employed the popular structural equation modeling (SEM) 
to assess the data. Our results suggest that the significant elements impacting 
users' acceptance of mG-Appsare performance expectancy, effort expectancy, 
facilitating conditions, information quality and trust. In contrast, social influence 
is identified as an insignificant predictor.
Practical Implications: This research will assist different government agencies, 
policymakers, and practitioners in the creation of timely and effective policies to 
develop and promote myriad mG-Apps to render services to the citizens.
Originality/Value: This research has offered an innovative framework to assess 
the acceptance of mG-apps by the citizens. This unique model has been 
constructed by expanding UTAUT with two key contextual constructs such as 
information quality and trust. We believe, this study will contribute to the extant 
body of theory surrounding the use of mobile government, e-government, and 
mobile applications development.
Limitations: This study only looks at the opinions of people in Bangladesh, 
hence the researchers recommend that the proposed study model should be 
validated by using data collected from other similar countries.

1. Introduction
Major developments in technology in recent years have significantly improved a number of mobile 
device features.Besides,most technology advancements in the telecommunications industry have made 
it possible to provide services to citizens more quickly (Biel, Grill, & Gruhn, 2010). Innovative 
hardware and software capabilities allow governmental and commercial organizations to provide 
mobile consumers a wide variety of services (Payne, 2013). Both private and public institutions have a 
significant chance to minimize the digital divide that exists between the general population and the 
government because of the proliferation of modern mobile devices such as smartphones, iPads, and
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other tablets that can run applications. For instance, after mobile applications for online payments were 
introduced, mobile device usage in African nations significantly increased from 50% to 58.4% (Al-
Azizi, Al-Badi, & Al-Zrafi, 2018). These data signify the need to use mobile apps to improve public 
services. 

Many government organizations in Bangladesh have begun to invest in and devote funds to 
projects that would leverage mobile applications to put their resources into action. Mobile applications 
provide a variety of internet-based services and are viewed as promising new markets for Bangladeshi 
government stakeholders to interact and communicate with one another. The mobile services are 
widely available and practical. People have the option to use mobile apps to conduct many types of 
transactions, such as financial or instructive ones. Apps for mobile devices allow users to pay bills, 
report violations, and communicate with authorities (Naqvi & Al-Shihi, 2014). However, research has 
shown that past government-run online programs have been either ineffective or had significant delays 
in being adopted, and the objectives of mGov adoption have not been met thus far (Gao, Krogstie, & 
Siau, 2014). For instance, in the context of underdeveloped countries, 35% of eGov programs were 
determined to be unsuccessful, only 15% of projects were successful, and 50% were only partially 
completed (Napitupulu & Sensuse, 2014).

There has been a rise in the quantity of government-related mobile apps recently since mobile 
communication technologies have developed. "Electronic government" (hereinafter referred to as 
"eGov") is defined as "the use of ICTs and their application by government to offer information and 
public services to the populace". Governments are increasingly employing contemporary methods to 
reconsider their services and offer online services to the public (Veeramootoo, Nunkoo, & Dwivedi, 
2018). On the other hand, the public tends to view the use of mobile apps for government services with 
doubt and distrust (Dwivedi et al., 2017). However, among the most crucial resources for mobile 
governance (mGov) is thought to be smartphone apps (Abdelghaffar & Magdy, 2012). Due to the 
portability of mobile devices and their ability to enable 24/7 Internet access, mobile applications are 
currently employed extensively across practically all corporate and government sectors (Al-Masaeed & 
Love, 2015). As a way to provide citizens with more convenient and timely services, mobile 
applications are increasingly being used by the government. Currently, many governments are 
developing mobile apps to provide vital services to their citizens, thus it's important to assess their 
acceptance (Rana & Dwivedi, 2015). The term "Mg-App" is used frequently in this study to refer to 
apps for government services on mobile devices. 

The prior research relating to mobile use for government services in Bangladesh is at nascent 
stage. Thus, this study aims to provide insights about various determinants of using mobile apps for 
government services and to propose strategies to enhance accessibility and convenience for users. 
Specifically, the goals of this research are to (i) determinethe predictorsand (ii) analyze those predictors 
of mG-Apps adoption in Bangladesh. We use structural Equation Modeling (SEM) approach to 
accomplish our research goals. The first objective is achieved by investigating the literature. The 
second objective is achieved by testing hypotheses.

In the first part of this report, the introduction is written where the whole summary of this 
report is included. The remaining portions of this article are constructed as follows: literature review is 
presented in Chapter 2 which includes both table of important literature and description of other 
literature. In chapter 3, theoretical framework of this report is written which includes description of 
theory, model of this research and construct and hypothesis of that model. Analyzing the data and 
drawing conclusions is covered in the fifth chapter. Chapter six covers the discussion of the analysis. 
Research implications are narrated in Chapter 7. Finally, chapter 8 presents the final thoughts, caveats, 
and directions for future study.

2. Literature Review
2.1 An Overview of Government Services Available Online in Bangladesh
The notion of mobile government is taken from Electronic government. E-government is a system that 
enables cooperation between the government, its citizens, and its several departments. The primary 
goal of E-Gov is to provide government stakeholders with efficient and cost-effective services (Al-
Azizi et al., 2018). The concept of e-Bangladesh was formed in 2002 to administer e-Gov 
infrastructure and technology projects for residents, according to Sadik Hasan (2003). Bangladesh's 
ranking for technological usage has improved since 2002, according to a 2014 UN study (United 
Nations, 2014). Bangladesh is ready for e-Gov, according to this ranking. However, many in 
Bangladesh are unwilling to adopt new technologies. This stops the public from collecting government 
benefits. The Bangladeshi government wants to provide efficient and engaging services. Bangladesh's 
imperative for enhanced telecommunications infrastructure is a primary concern. Government bodies 
have recently created improvement in mobile services.

2.2 Adoption of mobile government
In recent years, several studies have looked into how m-Gov is being used (e.g., Liu et al., 2014; 
Ahmad & Khalid, 2017).  A research project carried out by Shareef et al. (2012) wanted to understand 
citizens' willingness to use m-Gov services. Their research technique for mobile government 
acceptance varies from the government website. Liang et al. (2017) employed the basement theory 
framework to evaluate the adoption of e-Gov cloud technology in China they found organizational, 
technological, and cloud trust factors drove e-Gov cloud service uptake. Liu et al. (2014) researched 
m-Gov adoption in the countryside of China and found TAM components and honesty determined m-
Gov acceptability. Ahmad and Khalid (2017) performed study in the UAE and found that, in addition 
to TAM components, cost, trust, social impact, service variety, and demographic characteristics 
influenced consumers' behavior toward mobile government services. Table 1 shows review of some 
relevant literature.  

2.3 Mobile Government Applications
Most people will use mobile apps for government services if they trust them and think they will work 
well (Sharma, et al., 2018). In their study they used a structural equation model and a neural network 
model. Besides in the UTAUT model, two additional constructs were included in their research. 
Information and trust are these two concepts. According to a survey of UAE nationals, social influence 
and trust are not negatively correlated with end users' willingness to utilize apps for government 
services on mobile devices (Sharma, et al., 2018). Researchers have shown that mobile government 
makes it simpler for people to access government services (Almarashdeh, 2018). Researchers employ 
the structural equation modeling technique to demonstrate this. To verify this theory, many hypotheses 
are developed and investigated. 

From what we've talked about so far, I think there is a gap in the literature about how mobile 
applications are used in government services. I can't find any direct report regarding this issue. In some 
literature, some parts of this topic are discussed only. Like in the literature, there is a discussion about 
the adoption of mobile applications for other countries but there is no article indicating that mobile 
applications have been adopted in Bangladesh for the provision of government services. Consequently, 
a study is currently being conducted to identify the elements that impact individuals' choices to utilize 
mobile applications for accessing government services. A model was created as part of this study to 
elucidate the factors driving the utilization of mobile government services in Bangladesh.

3.Theory, Model and Hypotheses
3.1 Theory and Proposed Model
We have used the popular UTAUT model which is widely used to assess any emerging technology 
adoption from users' perspective. Information systems(IS) research uses UTAUT, a model based on 
eight technology adoption models and the model analyzes human behavior and technology intent 
(Venkatesh, Morris, Davis, & Davis, 2003). By contrasting eight widely accepted frameworks for 
identifying how individuals respond to new technologies, Venkatesh et al. (2003) developed an 
extensive model that integrates the insights of all of them. The UTAUT concept was developed for the 
express purpose of new technology adoption. Numerous studies suggested that UTAUT could be used 
to study IS acceptance and success in emerging nations (Gupta, Dasgupta, & Gupta, 2008). Our 
research is based on this model since it is unified and best represents other technology acceptance 

models. Performance expectancy, effort expectancy, social influence, and facilitating factors make up 
the UTAUT model. 

In addition, we have incorporated two relevant contextual constructs such as trust and 
information quality with the existing UTAUT, which has enhanced the predictive capacity of the 
model. Government mobile applications are not fully captured by the UTAUT's constructs only. 
Government IS services require trust (Hung, Chang, & Kuo, 2013). For this we include trust in our 
research. In order for eGov services, such as mGov, to be successful, government agencies must 
effectively share pertinent information with commercial, public, and municipal organizations, as well 
as the general public (Dwivedi et al., 2017). Numerous studies have investigated the trust and risk 
involved in online (e.g. Luo, Li, Zhang, & Shim, 2010; Alalwan, Dwivedi, Rana, & Simintiras, 2016). 
We have no knowledge of any research that particularly examine the impact of trust and perceived 
threat on the acceptance of government-issued mobile apps. Trust has been recognized as a significant 
exogenous variable in this study on mGov. Besides to spread mobile government, information quality 
plays an important role. For this we include information quality as one of the constructs.

Figure 1 represents the research model that is founded on what we've talked about so far. It is 
thought that UTAUT constructs, as well as trust and the quality of information, are what make people 
use mobile apps for government services.

Figure 1.
Proposed Research Model.
Source: Authors Developed.

3.2 Constructs and Hypothesis
3.2.1 Performance Expectancy
Performance expectancy is approximately how much does a person expects new technology to 
improve their work performance (Venkatesh et al., 2003). As predicted by the UTAUT model, research, 
performance expectancy predicts behavioral intention in order to use cutting-edge technical knowledge 
(Alalwan, Dwivedi, & Rana, 2017). We hypothesize that performance expectancy affects mG-App 
users' behavior intentions. If they want government services on demand, the citizens of Bangladesh 
must use smartphone apps. Alalwan et al. (2017) validated that expectancy of performance affect 
Middle Eastern mobile technology adoption. Thus, we hypothesize:

H1. Performance expectancy and intention to use mGApp are positively related.

3.2.2 Effort Expectancy
Effort expectancy" is a person's estimate of the mental and physical effort required to use a system or 
technology (Venkatesh et al., 2003). Time and effort spent learning a new information system affecting 
usage intentions is suggested by the UTAUT model. Technology adoption studies (e.g. Alalwan et al., 
2017; Hanafizadeh et al., 2014) show that effort expectancy strongly influences behavior. Al-Busaidi 
(2012) noted that users are less likely to use complex information systems. The widely used TAM 
(Davis, 1989) acceptance model states that consumers will adopt modern technology when this is easy 
to use and doesn't require more work. mG-Apps, which require expertise and effort, may affect 
behavioral adoption to use mobile apps. Thus, this study hypothesizes: 
H2. Effort expectancy and intention to use mG-App are positively related.

3.2.3 Social Influence
When consumers are unfamiliar with new services, reference groups may influence their adoption (e.g. 
Ahmad & Khalid, 2017; Venkatesh et al., 2012). Social effect refers to the degree to which individuals 
think that their relatives, friends, coworkers, and other close acquaintances anticipate them to utilize a 
certain technology (Venkatesh et al., 2012). Social influence determines mobile commerce adoption, 
according to Chong (2013). According to Leong and et al., (2013), in Oman, social influence may 
affect mGApp use. According to prior research, social influence may alter behavioral adoption 
(Alalwan et al., 2017). Thus, our hypothesis:
H3. Social influence is positively related to the acceptance of mG-App.

3.2.4 Facilitatin Gconditions
The term "facilitating condition" refers to the extent how an individual views the presence of an 
administrative and technological infrastructure that enables the effective utilization of government 
services (Venkatesh et al., 2003). Users of the MG-App express concerns regarding the ability to 
access links and the speed at which data may be uploaded and downloaded. According to Lewis, 
Fretwell, Ryan, and Parham (2013), people who use new technologies require assistance. Consumers 
are reluctant to adopt new technologies when support structures are weak (Hew, Lee, Ooi, & Wei, 
2015). In his study of consumer behavior in mobile commerce, Chong (2013) demonstrated the impact 
of favorable conditions. Indicators, such as the ones mentioned above, highlight the significance of 
favorable conditions for the adoption of mG-App. Multiple recent IS studies (Ahmad & Khalid, 2017; 
Alalwan et al., 2015) find that enabling factors are the primary influence on behavioral intention. Thus, 
our theories are:
H4. Facilitating conditions and intention to accept mG-App are positively connected.

3.2.5 Trust
Research on the diffusion of technical breakthroughs suggests that people's seeming lack of confidence 
in it can lead to their reluctance to adopt and utilize it. Evaluating the viewpoints of each individual on 
new technology; the way people behave and the degree of trust they have in you can significantly 
impact their willingness to employ advanced technology (Venkatesh, Thong, Chan, Hu, & Brown, 
2011). Trust was found as a significant predictor of information system adoption in multiple research 
investigations. Bangladesh recently adopted mGApps, where individuals prefer to physically access 
services provided by the government. They would rather communicate face-to-face encounters and 
continue manually after service or information requests. If service requests are unclear or unreliable, 
mobile apps may be avoided. Thus, to provide information, consumers must have the trust to use 
mobile apps to transact (Montazemi & Saremi, 2013). This study examines whether respondents are 

willing to trust mG-Apps. If respondents trust mG-Apps, their behavior will improve. For this we 
suggest the following theory:
H5. Trust has a positive effect on individual's behavioral adoption to use mG-App.

3.2.6 Information quality
The concept of information quality is established and described by Delone and McLean (1992, 2003) 
as a system's completeness, timeliness, correctness, and relevance. Inaccurate and irrelevant 
government service information will harm users' behavior. Researchers (Al-Busaidi & Al-Shihi, 2012; 
Sharma, Gaur, Saddikuti, & Rastogi, 2017) have found that the acceptability of recent advancements in 
informational technology is influenced by the presence of high-quality content. According to Tam and 
Oliveira (2016), information quality affects mobile technology use. We hypothesize that information 
quality influences Bangladeshi acceptance of mG-App:
H6. Information quality and intention to accept mG-App are positively related.

4. Methodology
4.1 Variables and Measurement
Based on extant literature, a survey instrument was created. This questionnaire has 23 questions. The 
questionnaire has two parts. Name, age, and other demographic questions are asked initially. 23 close-
ended questions measure this model's 7 constructs in the second section. Items measuring the 
constructs were derived from the literature and adapted to the context of the study. Except for the 
controls, a five-point Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree) was used to 
assess all other critical constructs. The methods used to measure the control variables were based on 
the previous research (Ilmudeen and Bao, 2018). Pre-testing improved measuring item clarity, 
uniformity, and comprehensibility. 30 volunteers participated in a pilot test. Following the pilot test, we 
made adjustments to the research questions.Table 2 shows constructs, measurement items and sources.

4.2 Data Collection Procedure and Sample

212 adult mobile government service users provided data.The authors aimed to get different mobile 
app users to answer the questionnaire. Electronic and hard-copy surveys were distributed. Convenience 
sampling was used to obtain data as it is very easy and less costly for the authors. The Structure 
Equation Model requires 200 responders, according to the literature. For collecting data, we developed 
an online questionnaire using google form and shared indifferent online platforms such as Facebook, 
WhatsApp, and LinkedIn. We also distributed printed version of questionnaire to different citizens who 
showed willingness to provide answers. This procedure yielded 250 data. After data cleansing, 212 
surveys were analyzed.

4.3 Non-Response Bias

The independent t-test was used to compare all of the constructs. From the results of the test, we found 
no statistically significant differences. The chi-squared test for independence was used to double-check 
these findings, and it revealed no statistically significant deviations. This study's data set, thus, was 
deemed to be free of non-response bias.

4.4. Data Analysis

At first stage, we perform some basic analysis. The constructs' validity and reliability, the model's 
predictive value, and the total variance explained were then evaluated using SEM. The SEM approach 
was chosen because it allows researchers to examine the relationships between all of the constructs 
simultaneously. Because of its emphasis on theory construction and discovery rather than model 
verification, SEM is also a more appropriate method for this study. SEM cannot, however, explore the 
non-linear interactions between the components, which could lead to a simplified analysis of the 
complicated decision-making process itself. We have generated six hypotheses for employing SEM, 
and by applying the findings from these hypotheses, we may achieve our research goals.The SEM 
result satisfies both objectives 1 and 2. SEM is therefore the ideal method for our study.

5. Analysis
5.1 Demographics Description
There were a total of 212 participants in this study, with females accounting for 51% (or 108 
participants) and males for 49% (or 104 participants). Ninety percent of the respondents in this study 
are under the age of thirty, making up 191 of the total sample size. The majority of those in the sample 
(67%) have at least a bachelor's degree, with another 19% holding a master's or doctorate, and the 
remaining 14% holding only a secondary school diploma. The study sample is also representative of 
Internet users with regard to their past week's usage frequency. It shows how long people spend online. 
About 38% (or 81 respondents) spent 0-1 hours online, about 24% (or 51 respondents) spent 6-10 
hours, and about 37% (or 80 respondents) spent > 11 hours online. Furthermore, the sample also 
reveals the user's past behavior on the Internet. It reveals that 71 percent of participants (or 151 
participants) have been Internet users for more than eight years. About 10% of the sample, or 21 
people, had used the Internet for fewer than one year, while about 19%, or 40 people, had been doing 
so for five or more years. Results show that the majority of the sample group regularly uses the 
Internet. Table 3 shows summary of the demographics of the respondents. 

5.2 Common Method Bias and Multicollinearity Test
A behavioral study using cross-sectional survey data is prone to common method bias (CMB). Since 
there was no external verification of the data, we focused on CMB which might compromise the 
study's findings. We evaluated CMB using SPSS 23.0 and Harman's single-factor test. Principal axis 
factor (PAF) analysis was performed to determine the number of variables necessary to explain 
variance. The results of our test indicate that a single construct accounted for only 34.87 percent of the 
variance, which is much lower than the minimum value of 50 percent. The evaluation of CMB was 
conducted utilizing the variance inflation factor (VIF) data obtained from the comprehensive 
collinearity test (Table 4). The lower VIF values (< 3.3) indicated that this study is free from CMB 
risk. Also, VIF scores below 10 indicate that this study does not have multicollinearity.

5.3 Measurement Model
Construct reliability measurements include Cronbach's alpha, Dijkstra-rho Henseler's (A), and 
composite reliability. The results showed that each construct had reliability criterion values of 0.70 or 
above, proving internal reliability (Henseler et al., 2014; Henseler et al., 2009) (Table 5). Their 
loadings determined indicators reliability. Item loadings greater than 0.70 suggested a higher 
correlation between an item and its construct (Hair et al., 2012). Thus, loading should exceed 0.70. 
Table 5 shows reasonable loading values. The indication is reliable.

The average variance extracted (AVE) values were used to determine convergent validity. If the 
AVE values for all variables are more than 0.5, a data set demonstrates convergent validity (Fornell and 
Larcker, 1981). Table 5 demonstrates that the AVE values for all variables fall within an acceptable 
range. Convergent validity is therefore verified.

The heterotrait-monotrait ratio assessed discriminant validity. HTMT measures average 
indicator correlations across constructs. Henseler et al. (2014) recommended discriminant validity 
below 0.90. Table 6 shows heterotrait-monotrait ratios for all variables are below 0.90. This supports 
constructs' discriminant validity according to Henseler et al., (2014). Tables 5 and 6 show that 
variables are within the literature's range. We found convergent validity and good internal reliability.

In this table, the values of loading, Cronbach's alpha, rho-A, composite reliability and average 
variable extracted are mentioned which are calculated by using SmartPLS software.

In the above table HTMT ratio is shown which confirms the discriminant validity of this 
research. As all the values given in table 6 are less than 0.90 we can say that this research has 
discriminant validity.

By using the Fornell Larckar approach this report measure the convergent validity of the data. 
All AVE square roots are greater than their corresponding correlation coefficients, as seen in Table 7. 
The condition for Fornell Larckar approach is established in the table 7. So convergent validity is 
prevailed here.

5.4 Structural Model
After verifying the measuring model's psychometrics, this research studies the structural model. SEM 
determines path strength, importance, and insignificance. Structural evaluation follows measuring test 
rules. R-square assessed structural model fit. Path coefficients (Beta) and t-statistics were utilized to 
evaluate the study hypotheses individually. Bootstrapping with 5,000 re-samples determined path 
significance. The model explained 69.2% of behavioral adoption variance, according to R-square. Path 
coefficients need to be statistically significant at a p-value of at least 0.05 in order to confirm the 
relationships (Byrne, 2016). Table 8 displays structural model path, coefficients, t-statistics, p-value, 
and decision.

Table 8 shows that, at the 5% level of confidence, the results for H1 (p<0.05), H2 (p<0.05), H4 
(p<0.05), H5(p<0.05), and H6(p<0.05) are all significant. At the 5% level of significance, however, the 
path for H3 (p>0.05) lacks statistical significance. This suggests that trust, information quality, 
facilitating conditions, performance expectancy, and effort expectancy all have a big impact on how 
mobile government is adopted behaviorally. Social influence, however, has no effect on the adoption of 
mobile governance.

6. Discussion
Government agencies use mobile phones and other digital means to reach people and citizens to 
increase participation, knowledge, trust, and engagement. Government decision-makers have struggled 
to reach remote citizens with updated information. Sparse locations hinder socioeconomic progress in 
emerging countries. Mobile apps may help society's socioeconomic growth and government service 
delivery. The study shows that citizens across the nation are eager to utilize mobile apps for services 
offered by the government. In this paper, the researchers examined six parameters affecting mG-App 
use by the citizens. Five of six criteria influenced citizens' use of mobile government app. Trust, 
information quality, performance expectancy, facilitating conditions and effort expectancy affect mG-
App adoption in developing countries like Bangladesh. Reasons for the six conceptions' importance 
and non-significance are discussed in the followingsection.

The mG-confidence app is the best way to figure out how people will use new technology. 
Thus, consumers must enter personal and credit card information to use mG-Apps for private 
transactions. The mG-Apps are more likely to be trusted when they have up-to-date information and 
are easy to use. Implementing encryption measures to comply with stricter privacy regulations can 
increase trust in mG-Apps. The privacy policies and information of the mG-new App aim to promote 
user engagement. This proves that a lack of trust is one of the biggest reasons why people don't use 
new systems or technologies (Alalwan et al., 2017).

Consequently, performance expectancy is the second most important constructs in selecting 
mG-App. Citizens evaluate mG-App based on its functional utilities (performance expectancy). 

Demonstrating and publicizing significant features helps improve government online services. 
Furthermore, by introducing new and varied technical channels, the usefulness of government 
institutions can be expanded (Ghalandari, 2012). A study determined that people's openness to trying 
out new technologies is significantly influenced by their expectations of how well they will work 
(Alalwan et al., 2017).

Consequently, effort expectancy is a significant anticipator of users' desire to utilize mG-App. 
This research reveals that inhabitants of Bangladesh, even expats, prefer to execute financial activities 
and acquire information about government services via mobile applications that involve less effort and 
time than other traditional means. The majority of research using the UTAUT has discovered a 
statistically significant correlation between effort expectancy and behavioral adoption (Alalwan et al., 
2017). In contrast to earlier studies (Ahmad & Khalid, 2017), our study reveals that the correlation 
between social impact and behavioral adoption is minimal, suggesting that residents in Bangladesh are 
unlikely to advocate the usage of mG-Apps to their loved ones. In a study done in the Sultanate of 
Oman, Riffai, Grant, and Edgar (2012) found that social impact did not significantly predict behavioral 
adoption in the mobile banking environment. Furthermore, this conclusion aligns with earlier research 
conducted in several sectors of information systems (Alalwan et al., 2017). 

The results also show that supportive settings make it easier for people to change their behavior 
to use the mG-App.  Citizens emphasize available funds, specific skill sets, and amenities such as 
increased Internet access, secured mobile apps, and phones to access and employ mG-App for utilizing 
and accessing govt. services through mobile applications. Multiple further empirical research in the 
field of information systems provide evidence to support this idea (Ahmad & Khalid, 2017). 

The results conclusively demonstrated a robust and favorable relation between the quality of 
information and the intention to utilize the mG-App. This demonstrates the significance of factors such 
as relevant content, frequent updates, and comparable features in driving mG-app adoption. Individuals 
are more inclined to utilize mobile applications if they offer superior information. The findings align 
with previous research indicating the significance of information quality in influencing a user's 
adoption of new technology (Sharma et al., 2017).

7. Implications

7.1 Implications for Theory

Researchers and academics will find the result of this study useful. The model has extended the 
UTAUT framework by include information quality and trust in its explanation of users' acceptance of 
mG-Apps in an Asian environment. The UTAUT model is a well-known framework for analyzing how 
people respond to and adopt new technologies. These two new components can be used by other 
researchers when they work with the UTAUT theory. The statistical findings demonstrate that this 
study's research model can predict behavioral adoption toward mG-App. All measurement indices and 
structural models were within their allowed range. The UTAUT's R-square initially stood at 53% as 
anticipated, but rose to 69.2% upon the inclusion of more data. Therefore, the inclusion of additional 
components enhances the predictive capacity of the study model. This research is a valuable addition 
to the growing database of theory that pertains to the utilization of mobile government, e-government, 
and mobile application development. Second, the study's results supplement the literature about the 
usage of mobile devices for government functions. Furthermore, this research's results can be applied 
to advancing technological advancements in studies of adoption. This study looks at how popular 
government service apps are for mobile devices in a South Asian country like Bangladesh. It adds 
important results to the literature.

7.2 Implications for Practices
This study shows that information quality, effort expectancy, facilitating conditions, trust, performance 
expectancy are significantly related in the context of mG-Apps adoption. Thus, respected authorities 
should consider those concepts while developing citizen-centric mobile apps. Government agencies 
would utilize these findings to develop and implement similar projects in several areas. The results of 
this study are going to support Bangladeshi government agencies in the development of policies that 
effectively encourage the use of mG-Apps. The acceptability of mG-Apps is influenced by both 
performance expectancy and trust, and decision-makers can improve the quality of these apps by 
providing reliable and expedient services. Performance and effort expectancy also affect behavior. In 
other words, residents favor low-effort government service mobile apps. Therefore, it is advisable for 
government mobile app developers to minimize the complexity of app usage and exploration. 
Experienced users can also assist creating mobile apps. Surokkha, a nationwide platform, allows 
residents to register for Coronavirus immunizations, receive certificates, and store data. Government 
officials may add a mG-Apps feedback signal to Surokkha to include user input. The Bangladeshi 
government may also organize a PPP to encourage smart mobile app use. Facilitating factors also 
affect behavioral adoption. This suggests residents' value government-provided mobile access to 
government services. It is advisable for the government to periodically provide concise training 
programs on facility usage in public and commercial organizations across the country. The 
organization indicated above would provide information to potential and prospective clients regarding 
government services accessible on mobile devices, as well as update them on new and upcoming 
services.

The strong link between trust and how people plan to use mG-Apps shows that security and 
privacy are important to people when they use state services on smartphones and other tools. 
Programmers and system analysts should enhance the security of apps by implementing an additional 
safety mechanism to safeguard against mG-Apps. The Bangladeshi government's "Mobile Applications 
Secure Development Guidelines" ensures security and robustness. The quality of information that 
citizens receive has an impact on their behavioral intentions. This suggests that the government is 
expected to provide citizens with information on government services that is precise, accurate, 
meaningful, pertinent, complete, and timely. When information is linked to mobile transactions, 
timeliness and trust are even higher. Mobile app developers should adopt the One Web Approach to 
display the same content on all mobile devices. These mobile apps should have automated notifications 
for the latest modifications. Public and corporate institutions should ensure user data relevancy and 
timeliness. 
8. Conclusion, limitations and Future Research Directions
8.1 Conclusion
Within this work, we tried to identify the crucial elements impacting the behavioral adoption of 
Bangladeshi citizens to utilize the mG-App. In conclusion, the study gave a good understanding of the 
most important things. The findings indicated that positive behavioral intentions were influenced by 
factors including information quality, effort expectancy, facilitating factor, trust, and performance 
expectancy. When considering whether or not to use mG-App, these factors are crucial. There was no 
empirical support indicating that social influence had an impact on the intention to take action, 
implying that individuals in Bangladesh are resistant to the influence of recommendations when it 
comes to their utilization of the mG-App. Therefore, mG-App are strongly recommended for use by 
the people of Bangladesh. As another bonus, it has been found that user-friendly technology increases 
users' behavioral intentions. Government entities will benefit from the results of this investigation since 
they will provide appropriate tactics to encourage more people to get government services through 
mobile apps.

8.2 Limitations and Future Research Directions
Even though this study has made important contributions, it also has some problems. Firstly, this study 
only looks at the opinions of people in Bangladesh, hence the researcher recommended that the 
proposed study model should be implemented with caution in other Asian nations. Future research can 
be conducted to other country context to validate this model. Secondly, the data acquired for this study 
is limited to Dhaka city as the author is a student; financing to collect data across the country is a 
challenge. Future studies can be done by obtaining data from all over the country. Thirdly, because the 
bulk of the respondents were between the ages of 20 and 40, it was suggested that the proposed study 
model be tested with more balanced age group information. Fourthly, this study did not evaluate the 
influence of demographic variables as moderators. If that effect can be seen, the outcome could be 
more interesting. Finally, this study focuses on the initial adoption mG-App, future studies can assess 
the continuous usage intention of mG-app.
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    Objective of
    the paper
Analyzing the plans 
to use mobile apps 
for government 
services (mG- App) 
in Oman

The goal of this 
study is to find out 
what factors directly 
or indirectly affect 
how people in Iran 
use mobile 
applications. In other 
words, this study 
looks at how users 
make decisions, 

taking into account 
things like subjective 
norms, attitude, 
perception, and 
quality.
The objective of 
this research is to 
find out what makes 
people in a 
developing country 
more likely to use 
mobile government 
(m-government) 
services.

Researchers looked 
into the elements that 
affect individuals' 
willingness to use 
mobile government 
services.
In pursuit of the 
objective, the study 
seeks to assess the 
user experience of 
mobile applications 
utilized for 
government services, 
as perceived by 
users, and provide 
recommendations for 
enhancement.
To figure out the 
different parts of 
service quality and 
how they affect 
mobile government 
services.

Studying how 
different aspects of 
mobile and wireless 
technology (MWT) 
affect m-Government 
users' experiences is 
important. With this 
in mind, this study 
aims to (1) identify 
seven mobile web 
and texting (MWT) 
capabilities of m-
Government and (2) 
investigate the 
mechanism by which 
these functions 
influence end-user 
satisfaction.

Methodology

This research broadened the 
scope of the UTAUT model 
by incorporating two new 
concepts: trust and information 
quality. Five hundred and 
thirteen users of a smartphone 
app in Oman provided data 
for this research.

In this study, 39 hypotheses 
were made and put into nine 
groups based on where they 
came from, such as TAM and 
TPB. Structure equation 
modeling was used to analyze 
the data and evaluate the 
model and hypothesis with a 
sample of 1348 possible users 
of mobile applications in 
Iran.

The study is grounded on a 
self-administered questionnaire 
survey of 120 participants in 
the United Arab Emirates 
(UAE). The study used 
sophisticated statistical 
techniques to examine an 
expanded version of the 
Technology Acceptance Model 
(TAM) that incorporates the 
variables of social influence, 
trust, number of services, 
perceived usefulness of 
information technology, cost, 
and demographic profiles.

- Online survey of 536 
respondents.

- Quantitative research
- Hypothesis testing

Analyzed in three stage.
- User experience evaluation 

index using literature
- Survey through 

questionnaire
- Empirical research using 

data of four provinces of 
China

From the literature on
m-development government's 
and change from e-government 
to service models, quality 
dimensions for m-government 
services were taken. This helps 
us figure out what aspects of 
service quality are needed to 
make m-.government more 
efficient, reliable, and 
responsible. The dimensions 
are shown in the context of m-
government service quality as 
a whole.

This study develops a 
research paradigm by 
integrating the perspectives 
of task-technology fit and 
theory of procedural fairness. 
This is a study that utilizes 
quantitative research 
methods. A survey was 
conducted in China, where 
449 individuals with 
extensive expertise were 
requested to complete a 
questionnaire.

   Theory/ 
Model

- Structural 
equation 
model.

- Neural 
network 
model

- Structural  
Equation 
Model

- Technology 
Acceptance  
Model 
(TAM)

- Structural  
Equation 
Model

  

- Emotional 
design 
theory, as 
proposed by 
Donald 
Norman. 
Entropy 
methods

- Grey 
correlation 
analysis 
method

- Donald 
Norman's 
theory.

  

- TIFmodel
- Structural 
 Equation
   Model

Findings

The findings revealed 
that people's faith in 
mG-App and their 
expectations for its 
performance are the two 
most influential elements 
in their propensity to 
utilize it.

Even though several 
internal and external 
variables were looked 
into, this paper suggests 
that you focus on how 
satisfaction affects your 
intentions. The report's 
findings revealed that 
trust had a more 
pronounced impact on 

subjective norms, while 
perceived usefulness and 
simplicity of use had a 
bigger influence on 
behavioral control.
The findings of this 
study indicate that 
individuals in the UAE 
are more inclined to 
utilize m-government 
services if they  have 
confidence in and can be 
convinced   by the 
opinions of others.

Provides evidence that 
mobile government 
facilitate and helps 
citizens to access 
government service in a 
better way than before.
Some problems have been 
found with the way 
mobile apps for 
government services are 
being built in China, such 
as the same design for all 
interfaces, complicated 
ways to join in, no 
interactive features, and 
no way to understand 
government information.
Using a taxonomy of six 
categories, this research 
has identified 20 
characteristics of mobile 
government sub-quality.

Users' satisfaction with 
government services is 
higher when they are 
provided with the three 
essential procedural 
elements, namely 
transparency, 
information accuracy, 
and voice.

Source: Authors Compilation
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The Acceptance of Mobile Applications for Government Services (MG- App): 
A Study From Users' Perspective
Monisha Akter Meem1 & Dr. Abul Khayer2*

ABSTRACT
Purpose: The objective of this study is to identify and analyze various factors 
that influence users' acceptance of mobile government applications (mG-Apps).
Methodology: This study has constructed a research model grounded on the 
Unified Theory of Acceptance and Use of Technology (UTAUT). Further, 
information quality and trust, two vital constructs, have been added to the 
UTAUT to enhance the predictability of the model. Data collected from a sample 
size of 212 from Bangladesh has been used to test the model.
Findings: We have employed the popular structural equation modeling (SEM) 
to assess the data. Our results suggest that the significant elements impacting 
users' acceptance of mG-Appsare performance expectancy, effort expectancy, 
facilitating conditions, information quality and trust. In contrast, social influence 
is identified as an insignificant predictor.
Practical Implications: This research will assist different government agencies, 
policymakers, and practitioners in the creation of timely and effective policies to 
develop and promote myriad mG-Apps to render services to the citizens.
Originality/Value: This research has offered an innovative framework to assess 
the acceptance of mG-apps by the citizens. This unique model has been 
constructed by expanding UTAUT with two key contextual constructs such as 
information quality and trust. We believe, this study will contribute to the extant 
body of theory surrounding the use of mobile government, e-government, and 
mobile applications development.
Limitations: This study only looks at the opinions of people in Bangladesh, 
hence the researchers recommend that the proposed study model should be 
validated by using data collected from other similar countries.

1. Introduction
Major developments in technology in recent years have significantly improved a number of mobile 
device features.Besides,most technology advancements in the telecommunications industry have made 
it possible to provide services to citizens more quickly (Biel, Grill, & Gruhn, 2010). Innovative 
hardware and software capabilities allow governmental and commercial organizations to provide 
mobile consumers a wide variety of services (Payne, 2013). Both private and public institutions have a 
significant chance to minimize the digital divide that exists between the general population and the 
government because of the proliferation of modern mobile devices such as smartphones, iPads, and
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other tablets that can run applications. For instance, after mobile applications for online payments were 
introduced, mobile device usage in African nations significantly increased from 50% to 58.4% (Al-
Azizi, Al-Badi, & Al-Zrafi, 2018). These data signify the need to use mobile apps to improve public 
services. 

Many government organizations in Bangladesh have begun to invest in and devote funds to 
projects that would leverage mobile applications to put their resources into action. Mobile applications 
provide a variety of internet-based services and are viewed as promising new markets for Bangladeshi 
government stakeholders to interact and communicate with one another. The mobile services are 
widely available and practical. People have the option to use mobile apps to conduct many types of 
transactions, such as financial or instructive ones. Apps for mobile devices allow users to pay bills, 
report violations, and communicate with authorities (Naqvi & Al-Shihi, 2014). However, research has 
shown that past government-run online programs have been either ineffective or had significant delays 
in being adopted, and the objectives of mGov adoption have not been met thus far (Gao, Krogstie, & 
Siau, 2014). For instance, in the context of underdeveloped countries, 35% of eGov programs were 
determined to be unsuccessful, only 15% of projects were successful, and 50% were only partially 
completed (Napitupulu & Sensuse, 2014).

There has been a rise in the quantity of government-related mobile apps recently since mobile 
communication technologies have developed. "Electronic government" (hereinafter referred to as 
"eGov") is defined as "the use of ICTs and their application by government to offer information and 
public services to the populace". Governments are increasingly employing contemporary methods to 
reconsider their services and offer online services to the public (Veeramootoo, Nunkoo, & Dwivedi, 
2018). On the other hand, the public tends to view the use of mobile apps for government services with 
doubt and distrust (Dwivedi et al., 2017). However, among the most crucial resources for mobile 
governance (mGov) is thought to be smartphone apps (Abdelghaffar & Magdy, 2012). Due to the 
portability of mobile devices and their ability to enable 24/7 Internet access, mobile applications are 
currently employed extensively across practically all corporate and government sectors (Al-Masaeed & 
Love, 2015). As a way to provide citizens with more convenient and timely services, mobile 
applications are increasingly being used by the government. Currently, many governments are 
developing mobile apps to provide vital services to their citizens, thus it's important to assess their 
acceptance (Rana & Dwivedi, 2015). The term "Mg-App" is used frequently in this study to refer to 
apps for government services on mobile devices. 

The prior research relating to mobile use for government services in Bangladesh is at nascent 
stage. Thus, this study aims to provide insights about various determinants of using mobile apps for 
government services and to propose strategies to enhance accessibility and convenience for users. 
Specifically, the goals of this research are to (i) determinethe predictorsand (ii) analyze those predictors 
of mG-Apps adoption in Bangladesh. We use structural Equation Modeling (SEM) approach to 
accomplish our research goals. The first objective is achieved by investigating the literature. The 
second objective is achieved by testing hypotheses.

In the first part of this report, the introduction is written where the whole summary of this 
report is included. The remaining portions of this article are constructed as follows: literature review is 
presented in Chapter 2 which includes both table of important literature and description of other 
literature. In chapter 3, theoretical framework of this report is written which includes description of 
theory, model of this research and construct and hypothesis of that model. Analyzing the data and 
drawing conclusions is covered in the fifth chapter. Chapter six covers the discussion of the analysis. 
Research implications are narrated in Chapter 7. Finally, chapter 8 presents the final thoughts, caveats, 
and directions for future study.

2. Literature Review
2.1 An Overview of Government Services Available Online in Bangladesh
The notion of mobile government is taken from Electronic government. E-government is a system that 
enables cooperation between the government, its citizens, and its several departments. The primary 
goal of E-Gov is to provide government stakeholders with efficient and cost-effective services (Al-
Azizi et al., 2018). The concept of e-Bangladesh was formed in 2002 to administer e-Gov 
infrastructure and technology projects for residents, according to Sadik Hasan (2003). Bangladesh's 
ranking for technological usage has improved since 2002, according to a 2014 UN study (United 
Nations, 2014). Bangladesh is ready for e-Gov, according to this ranking. However, many in 
Bangladesh are unwilling to adopt new technologies. This stops the public from collecting government 
benefits. The Bangladeshi government wants to provide efficient and engaging services. Bangladesh's 
imperative for enhanced telecommunications infrastructure is a primary concern. Government bodies 
have recently created improvement in mobile services.

2.2 Adoption of mobile government
In recent years, several studies have looked into how m-Gov is being used (e.g., Liu et al., 2014; 
Ahmad & Khalid, 2017).  A research project carried out by Shareef et al. (2012) wanted to understand 
citizens' willingness to use m-Gov services. Their research technique for mobile government 
acceptance varies from the government website. Liang et al. (2017) employed the basement theory 
framework to evaluate the adoption of e-Gov cloud technology in China they found organizational, 
technological, and cloud trust factors drove e-Gov cloud service uptake. Liu et al. (2014) researched 
m-Gov adoption in the countryside of China and found TAM components and honesty determined m-
Gov acceptability. Ahmad and Khalid (2017) performed study in the UAE and found that, in addition 
to TAM components, cost, trust, social impact, service variety, and demographic characteristics 
influenced consumers' behavior toward mobile government services. Table 1 shows review of some 
relevant literature.  

2.3 Mobile Government Applications
Most people will use mobile apps for government services if they trust them and think they will work 
well (Sharma, et al., 2018). In their study they used a structural equation model and a neural network 
model. Besides in the UTAUT model, two additional constructs were included in their research. 
Information and trust are these two concepts. According to a survey of UAE nationals, social influence 
and trust are not negatively correlated with end users' willingness to utilize apps for government 
services on mobile devices (Sharma, et al., 2018). Researchers have shown that mobile government 
makes it simpler for people to access government services (Almarashdeh, 2018). Researchers employ 
the structural equation modeling technique to demonstrate this. To verify this theory, many hypotheses 
are developed and investigated. 

From what we've talked about so far, I think there is a gap in the literature about how mobile 
applications are used in government services. I can't find any direct report regarding this issue. In some 
literature, some parts of this topic are discussed only. Like in the literature, there is a discussion about 
the adoption of mobile applications for other countries but there is no article indicating that mobile 
applications have been adopted in Bangladesh for the provision of government services. Consequently, 
a study is currently being conducted to identify the elements that impact individuals' choices to utilize 
mobile applications for accessing government services. A model was created as part of this study to 
elucidate the factors driving the utilization of mobile government services in Bangladesh.

3.Theory, Model and Hypotheses
3.1 Theory and Proposed Model
We have used the popular UTAUT model which is widely used to assess any emerging technology 
adoption from users' perspective. Information systems(IS) research uses UTAUT, a model based on 
eight technology adoption models and the model analyzes human behavior and technology intent 
(Venkatesh, Morris, Davis, & Davis, 2003). By contrasting eight widely accepted frameworks for 
identifying how individuals respond to new technologies, Venkatesh et al. (2003) developed an 
extensive model that integrates the insights of all of them. The UTAUT concept was developed for the 
express purpose of new technology adoption. Numerous studies suggested that UTAUT could be used 
to study IS acceptance and success in emerging nations (Gupta, Dasgupta, & Gupta, 2008). Our 
research is based on this model since it is unified and best represents other technology acceptance 

models. Performance expectancy, effort expectancy, social influence, and facilitating factors make up 
the UTAUT model. 

In addition, we have incorporated two relevant contextual constructs such as trust and 
information quality with the existing UTAUT, which has enhanced the predictive capacity of the 
model. Government mobile applications are not fully captured by the UTAUT's constructs only. 
Government IS services require trust (Hung, Chang, & Kuo, 2013). For this we include trust in our 
research. In order for eGov services, such as mGov, to be successful, government agencies must 
effectively share pertinent information with commercial, public, and municipal organizations, as well 
as the general public (Dwivedi et al., 2017). Numerous studies have investigated the trust and risk 
involved in online (e.g. Luo, Li, Zhang, & Shim, 2010; Alalwan, Dwivedi, Rana, & Simintiras, 2016). 
We have no knowledge of any research that particularly examine the impact of trust and perceived 
threat on the acceptance of government-issued mobile apps. Trust has been recognized as a significant 
exogenous variable in this study on mGov. Besides to spread mobile government, information quality 
plays an important role. For this we include information quality as one of the constructs.

Figure 1 represents the research model that is founded on what we've talked about so far. It is 
thought that UTAUT constructs, as well as trust and the quality of information, are what make people 
use mobile apps for government services.

Figure 1.
Proposed Research Model.
Source: Authors Developed.

3.2 Constructs and Hypothesis
3.2.1 Performance Expectancy
Performance expectancy is approximately how much does a person expects new technology to 
improve their work performance (Venkatesh et al., 2003). As predicted by the UTAUT model, research, 
performance expectancy predicts behavioral intention in order to use cutting-edge technical knowledge 
(Alalwan, Dwivedi, & Rana, 2017). We hypothesize that performance expectancy affects mG-App 
users' behavior intentions. If they want government services on demand, the citizens of Bangladesh 
must use smartphone apps. Alalwan et al. (2017) validated that expectancy of performance affect 
Middle Eastern mobile technology adoption. Thus, we hypothesize:

H1. Performance expectancy and intention to use mGApp are positively related.

3.2.2 Effort Expectancy
Effort expectancy" is a person's estimate of the mental and physical effort required to use a system or 
technology (Venkatesh et al., 2003). Time and effort spent learning a new information system affecting 
usage intentions is suggested by the UTAUT model. Technology adoption studies (e.g. Alalwan et al., 
2017; Hanafizadeh et al., 2014) show that effort expectancy strongly influences behavior. Al-Busaidi 
(2012) noted that users are less likely to use complex information systems. The widely used TAM 
(Davis, 1989) acceptance model states that consumers will adopt modern technology when this is easy 
to use and doesn't require more work. mG-Apps, which require expertise and effort, may affect 
behavioral adoption to use mobile apps. Thus, this study hypothesizes: 
H2. Effort expectancy and intention to use mG-App are positively related.

3.2.3 Social Influence
When consumers are unfamiliar with new services, reference groups may influence their adoption (e.g. 
Ahmad & Khalid, 2017; Venkatesh et al., 2012). Social effect refers to the degree to which individuals 
think that their relatives, friends, coworkers, and other close acquaintances anticipate them to utilize a 
certain technology (Venkatesh et al., 2012). Social influence determines mobile commerce adoption, 
according to Chong (2013). According to Leong and et al., (2013), in Oman, social influence may 
affect mGApp use. According to prior research, social influence may alter behavioral adoption 
(Alalwan et al., 2017). Thus, our hypothesis:
H3. Social influence is positively related to the acceptance of mG-App.

3.2.4 Facilitatin Gconditions
The term "facilitating condition" refers to the extent how an individual views the presence of an 
administrative and technological infrastructure that enables the effective utilization of government 
services (Venkatesh et al., 2003). Users of the MG-App express concerns regarding the ability to 
access links and the speed at which data may be uploaded and downloaded. According to Lewis, 
Fretwell, Ryan, and Parham (2013), people who use new technologies require assistance. Consumers 
are reluctant to adopt new technologies when support structures are weak (Hew, Lee, Ooi, & Wei, 
2015). In his study of consumer behavior in mobile commerce, Chong (2013) demonstrated the impact 
of favorable conditions. Indicators, such as the ones mentioned above, highlight the significance of 
favorable conditions for the adoption of mG-App. Multiple recent IS studies (Ahmad & Khalid, 2017; 
Alalwan et al., 2015) find that enabling factors are the primary influence on behavioral intention. Thus, 
our theories are:
H4. Facilitating conditions and intention to accept mG-App are positively connected.

3.2.5 Trust
Research on the diffusion of technical breakthroughs suggests that people's seeming lack of confidence 
in it can lead to their reluctance to adopt and utilize it. Evaluating the viewpoints of each individual on 
new technology; the way people behave and the degree of trust they have in you can significantly 
impact their willingness to employ advanced technology (Venkatesh, Thong, Chan, Hu, & Brown, 
2011). Trust was found as a significant predictor of information system adoption in multiple research 
investigations. Bangladesh recently adopted mGApps, where individuals prefer to physically access 
services provided by the government. They would rather communicate face-to-face encounters and 
continue manually after service or information requests. If service requests are unclear or unreliable, 
mobile apps may be avoided. Thus, to provide information, consumers must have the trust to use 
mobile apps to transact (Montazemi & Saremi, 2013). This study examines whether respondents are 

willing to trust mG-Apps. If respondents trust mG-Apps, their behavior will improve. For this we 
suggest the following theory:
H5. Trust has a positive effect on individual's behavioral adoption to use mG-App.

3.2.6 Information quality
The concept of information quality is established and described by Delone and McLean (1992, 2003) 
as a system's completeness, timeliness, correctness, and relevance. Inaccurate and irrelevant 
government service information will harm users' behavior. Researchers (Al-Busaidi & Al-Shihi, 2012; 
Sharma, Gaur, Saddikuti, & Rastogi, 2017) have found that the acceptability of recent advancements in 
informational technology is influenced by the presence of high-quality content. According to Tam and 
Oliveira (2016), information quality affects mobile technology use. We hypothesize that information 
quality influences Bangladeshi acceptance of mG-App:
H6. Information quality and intention to accept mG-App are positively related.

4. Methodology
4.1 Variables and Measurement
Based on extant literature, a survey instrument was created. This questionnaire has 23 questions. The 
questionnaire has two parts. Name, age, and other demographic questions are asked initially. 23 close-
ended questions measure this model's 7 constructs in the second section. Items measuring the 
constructs were derived from the literature and adapted to the context of the study. Except for the 
controls, a five-point Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree) was used to 
assess all other critical constructs. The methods used to measure the control variables were based on 
the previous research (Ilmudeen and Bao, 2018). Pre-testing improved measuring item clarity, 
uniformity, and comprehensibility. 30 volunteers participated in a pilot test. Following the pilot test, we 
made adjustments to the research questions.Table 2 shows constructs, measurement items and sources.

4.2 Data Collection Procedure and Sample

212 adult mobile government service users provided data.The authors aimed to get different mobile 
app users to answer the questionnaire. Electronic and hard-copy surveys were distributed. Convenience 
sampling was used to obtain data as it is very easy and less costly for the authors. The Structure 
Equation Model requires 200 responders, according to the literature. For collecting data, we developed 
an online questionnaire using google form and shared indifferent online platforms such as Facebook, 
WhatsApp, and LinkedIn. We also distributed printed version of questionnaire to different citizens who 
showed willingness to provide answers. This procedure yielded 250 data. After data cleansing, 212 
surveys were analyzed.

4.3 Non-Response Bias

The independent t-test was used to compare all of the constructs. From the results of the test, we found 
no statistically significant differences. The chi-squared test for independence was used to double-check 
these findings, and it revealed no statistically significant deviations. This study's data set, thus, was 
deemed to be free of non-response bias.

4.4. Data Analysis

At first stage, we perform some basic analysis. The constructs' validity and reliability, the model's 
predictive value, and the total variance explained were then evaluated using SEM. The SEM approach 
was chosen because it allows researchers to examine the relationships between all of the constructs 
simultaneously. Because of its emphasis on theory construction and discovery rather than model 
verification, SEM is also a more appropriate method for this study. SEM cannot, however, explore the 
non-linear interactions between the components, which could lead to a simplified analysis of the 
complicated decision-making process itself. We have generated six hypotheses for employing SEM, 
and by applying the findings from these hypotheses, we may achieve our research goals.The SEM 
result satisfies both objectives 1 and 2. SEM is therefore the ideal method for our study.

5. Analysis
5.1 Demographics Description
There were a total of 212 participants in this study, with females accounting for 51% (or 108 
participants) and males for 49% (or 104 participants). Ninety percent of the respondents in this study 
are under the age of thirty, making up 191 of the total sample size. The majority of those in the sample 
(67%) have at least a bachelor's degree, with another 19% holding a master's or doctorate, and the 
remaining 14% holding only a secondary school diploma. The study sample is also representative of 
Internet users with regard to their past week's usage frequency. It shows how long people spend online. 
About 38% (or 81 respondents) spent 0-1 hours online, about 24% (or 51 respondents) spent 6-10 
hours, and about 37% (or 80 respondents) spent > 11 hours online. Furthermore, the sample also 
reveals the user's past behavior on the Internet. It reveals that 71 percent of participants (or 151 
participants) have been Internet users for more than eight years. About 10% of the sample, or 21 
people, had used the Internet for fewer than one year, while about 19%, or 40 people, had been doing 
so for five or more years. Results show that the majority of the sample group regularly uses the 
Internet. Table 3 shows summary of the demographics of the respondents. 

5.2 Common Method Bias and Multicollinearity Test
A behavioral study using cross-sectional survey data is prone to common method bias (CMB). Since 
there was no external verification of the data, we focused on CMB which might compromise the 
study's findings. We evaluated CMB using SPSS 23.0 and Harman's single-factor test. Principal axis 
factor (PAF) analysis was performed to determine the number of variables necessary to explain 
variance. The results of our test indicate that a single construct accounted for only 34.87 percent of the 
variance, which is much lower than the minimum value of 50 percent. The evaluation of CMB was 
conducted utilizing the variance inflation factor (VIF) data obtained from the comprehensive 
collinearity test (Table 4). The lower VIF values (< 3.3) indicated that this study is free from CMB 
risk. Also, VIF scores below 10 indicate that this study does not have multicollinearity.

5.3 Measurement Model
Construct reliability measurements include Cronbach's alpha, Dijkstra-rho Henseler's (A), and 
composite reliability. The results showed that each construct had reliability criterion values of 0.70 or 
above, proving internal reliability (Henseler et al., 2014; Henseler et al., 2009) (Table 5). Their 
loadings determined indicators reliability. Item loadings greater than 0.70 suggested a higher 
correlation between an item and its construct (Hair et al., 2012). Thus, loading should exceed 0.70. 
Table 5 shows reasonable loading values. The indication is reliable.

The average variance extracted (AVE) values were used to determine convergent validity. If the 
AVE values for all variables are more than 0.5, a data set demonstrates convergent validity (Fornell and 
Larcker, 1981). Table 5 demonstrates that the AVE values for all variables fall within an acceptable 
range. Convergent validity is therefore verified.

The heterotrait-monotrait ratio assessed discriminant validity. HTMT measures average 
indicator correlations across constructs. Henseler et al. (2014) recommended discriminant validity 
below 0.90. Table 6 shows heterotrait-monotrait ratios for all variables are below 0.90. This supports 
constructs' discriminant validity according to Henseler et al., (2014). Tables 5 and 6 show that 
variables are within the literature's range. We found convergent validity and good internal reliability.

In this table, the values of loading, Cronbach's alpha, rho-A, composite reliability and average 
variable extracted are mentioned which are calculated by using SmartPLS software.

In the above table HTMT ratio is shown which confirms the discriminant validity of this 
research. As all the values given in table 6 are less than 0.90 we can say that this research has 
discriminant validity.

By using the Fornell Larckar approach this report measure the convergent validity of the data. 
All AVE square roots are greater than their corresponding correlation coefficients, as seen in Table 7. 
The condition for Fornell Larckar approach is established in the table 7. So convergent validity is 
prevailed here.

5.4 Structural Model
After verifying the measuring model's psychometrics, this research studies the structural model. SEM 
determines path strength, importance, and insignificance. Structural evaluation follows measuring test 
rules. R-square assessed structural model fit. Path coefficients (Beta) and t-statistics were utilized to 
evaluate the study hypotheses individually. Bootstrapping with 5,000 re-samples determined path 
significance. The model explained 69.2% of behavioral adoption variance, according to R-square. Path 
coefficients need to be statistically significant at a p-value of at least 0.05 in order to confirm the 
relationships (Byrne, 2016). Table 8 displays structural model path, coefficients, t-statistics, p-value, 
and decision.

Table 8 shows that, at the 5% level of confidence, the results for H1 (p<0.05), H2 (p<0.05), H4 
(p<0.05), H5(p<0.05), and H6(p<0.05) are all significant. At the 5% level of significance, however, the 
path for H3 (p>0.05) lacks statistical significance. This suggests that trust, information quality, 
facilitating conditions, performance expectancy, and effort expectancy all have a big impact on how 
mobile government is adopted behaviorally. Social influence, however, has no effect on the adoption of 
mobile governance.

6. Discussion
Government agencies use mobile phones and other digital means to reach people and citizens to 
increase participation, knowledge, trust, and engagement. Government decision-makers have struggled 
to reach remote citizens with updated information. Sparse locations hinder socioeconomic progress in 
emerging countries. Mobile apps may help society's socioeconomic growth and government service 
delivery. The study shows that citizens across the nation are eager to utilize mobile apps for services 
offered by the government. In this paper, the researchers examined six parameters affecting mG-App 
use by the citizens. Five of six criteria influenced citizens' use of mobile government app. Trust, 
information quality, performance expectancy, facilitating conditions and effort expectancy affect mG-
App adoption in developing countries like Bangladesh. Reasons for the six conceptions' importance 
and non-significance are discussed in the followingsection.

The mG-confidence app is the best way to figure out how people will use new technology. 
Thus, consumers must enter personal and credit card information to use mG-Apps for private 
transactions. The mG-Apps are more likely to be trusted when they have up-to-date information and 
are easy to use. Implementing encryption measures to comply with stricter privacy regulations can 
increase trust in mG-Apps. The privacy policies and information of the mG-new App aim to promote 
user engagement. This proves that a lack of trust is one of the biggest reasons why people don't use 
new systems or technologies (Alalwan et al., 2017).

Consequently, performance expectancy is the second most important constructs in selecting 
mG-App. Citizens evaluate mG-App based on its functional utilities (performance expectancy). 

Demonstrating and publicizing significant features helps improve government online services. 
Furthermore, by introducing new and varied technical channels, the usefulness of government 
institutions can be expanded (Ghalandari, 2012). A study determined that people's openness to trying 
out new technologies is significantly influenced by their expectations of how well they will work 
(Alalwan et al., 2017).

Consequently, effort expectancy is a significant anticipator of users' desire to utilize mG-App. 
This research reveals that inhabitants of Bangladesh, even expats, prefer to execute financial activities 
and acquire information about government services via mobile applications that involve less effort and 
time than other traditional means. The majority of research using the UTAUT has discovered a 
statistically significant correlation between effort expectancy and behavioral adoption (Alalwan et al., 
2017). In contrast to earlier studies (Ahmad & Khalid, 2017), our study reveals that the correlation 
between social impact and behavioral adoption is minimal, suggesting that residents in Bangladesh are 
unlikely to advocate the usage of mG-Apps to their loved ones. In a study done in the Sultanate of 
Oman, Riffai, Grant, and Edgar (2012) found that social impact did not significantly predict behavioral 
adoption in the mobile banking environment. Furthermore, this conclusion aligns with earlier research 
conducted in several sectors of information systems (Alalwan et al., 2017). 

The results also show that supportive settings make it easier for people to change their behavior 
to use the mG-App.  Citizens emphasize available funds, specific skill sets, and amenities such as 
increased Internet access, secured mobile apps, and phones to access and employ mG-App for utilizing 
and accessing govt. services through mobile applications. Multiple further empirical research in the 
field of information systems provide evidence to support this idea (Ahmad & Khalid, 2017). 

The results conclusively demonstrated a robust and favorable relation between the quality of 
information and the intention to utilize the mG-App. This demonstrates the significance of factors such 
as relevant content, frequent updates, and comparable features in driving mG-app adoption. Individuals 
are more inclined to utilize mobile applications if they offer superior information. The findings align 
with previous research indicating the significance of information quality in influencing a user's 
adoption of new technology (Sharma et al., 2017).

7. Implications

7.1 Implications for Theory

Researchers and academics will find the result of this study useful. The model has extended the 
UTAUT framework by include information quality and trust in its explanation of users' acceptance of 
mG-Apps in an Asian environment. The UTAUT model is a well-known framework for analyzing how 
people respond to and adopt new technologies. These two new components can be used by other 
researchers when they work with the UTAUT theory. The statistical findings demonstrate that this 
study's research model can predict behavioral adoption toward mG-App. All measurement indices and 
structural models were within their allowed range. The UTAUT's R-square initially stood at 53% as 
anticipated, but rose to 69.2% upon the inclusion of more data. Therefore, the inclusion of additional 
components enhances the predictive capacity of the study model. This research is a valuable addition 
to the growing database of theory that pertains to the utilization of mobile government, e-government, 
and mobile application development. Second, the study's results supplement the literature about the 
usage of mobile devices for government functions. Furthermore, this research's results can be applied 
to advancing technological advancements in studies of adoption. This study looks at how popular 
government service apps are for mobile devices in a South Asian country like Bangladesh. It adds 
important results to the literature.

7.2 Implications for Practices
This study shows that information quality, effort expectancy, facilitating conditions, trust, performance 
expectancy are significantly related in the context of mG-Apps adoption. Thus, respected authorities 
should consider those concepts while developing citizen-centric mobile apps. Government agencies 
would utilize these findings to develop and implement similar projects in several areas. The results of 
this study are going to support Bangladeshi government agencies in the development of policies that 
effectively encourage the use of mG-Apps. The acceptability of mG-Apps is influenced by both 
performance expectancy and trust, and decision-makers can improve the quality of these apps by 
providing reliable and expedient services. Performance and effort expectancy also affect behavior. In 
other words, residents favor low-effort government service mobile apps. Therefore, it is advisable for 
government mobile app developers to minimize the complexity of app usage and exploration. 
Experienced users can also assist creating mobile apps. Surokkha, a nationwide platform, allows 
residents to register for Coronavirus immunizations, receive certificates, and store data. Government 
officials may add a mG-Apps feedback signal to Surokkha to include user input. The Bangladeshi 
government may also organize a PPP to encourage smart mobile app use. Facilitating factors also 
affect behavioral adoption. This suggests residents' value government-provided mobile access to 
government services. It is advisable for the government to periodically provide concise training 
programs on facility usage in public and commercial organizations across the country. The 
organization indicated above would provide information to potential and prospective clients regarding 
government services accessible on mobile devices, as well as update them on new and upcoming 
services.

The strong link between trust and how people plan to use mG-Apps shows that security and 
privacy are important to people when they use state services on smartphones and other tools. 
Programmers and system analysts should enhance the security of apps by implementing an additional 
safety mechanism to safeguard against mG-Apps. The Bangladeshi government's "Mobile Applications 
Secure Development Guidelines" ensures security and robustness. The quality of information that 
citizens receive has an impact on their behavioral intentions. This suggests that the government is 
expected to provide citizens with information on government services that is precise, accurate, 
meaningful, pertinent, complete, and timely. When information is linked to mobile transactions, 
timeliness and trust are even higher. Mobile app developers should adopt the One Web Approach to 
display the same content on all mobile devices. These mobile apps should have automated notifications 
for the latest modifications. Public and corporate institutions should ensure user data relevancy and 
timeliness. 
8. Conclusion, limitations and Future Research Directions
8.1 Conclusion
Within this work, we tried to identify the crucial elements impacting the behavioral adoption of 
Bangladeshi citizens to utilize the mG-App. In conclusion, the study gave a good understanding of the 
most important things. The findings indicated that positive behavioral intentions were influenced by 
factors including information quality, effort expectancy, facilitating factor, trust, and performance 
expectancy. When considering whether or not to use mG-App, these factors are crucial. There was no 
empirical support indicating that social influence had an impact on the intention to take action, 
implying that individuals in Bangladesh are resistant to the influence of recommendations when it 
comes to their utilization of the mG-App. Therefore, mG-App are strongly recommended for use by 
the people of Bangladesh. As another bonus, it has been found that user-friendly technology increases 
users' behavioral intentions. Government entities will benefit from the results of this investigation since 
they will provide appropriate tactics to encourage more people to get government services through 
mobile apps.

8.2 Limitations and Future Research Directions
Even though this study has made important contributions, it also has some problems. Firstly, this study 
only looks at the opinions of people in Bangladesh, hence the researcher recommended that the 
proposed study model should be implemented with caution in other Asian nations. Future research can 
be conducted to other country context to validate this model. Secondly, the data acquired for this study 
is limited to Dhaka city as the author is a student; financing to collect data across the country is a 
challenge. Future studies can be done by obtaining data from all over the country. Thirdly, because the 
bulk of the respondents were between the ages of 20 and 40, it was suggested that the proposed study 
model be tested with more balanced age group information. Fourthly, this study did not evaluate the 
influence of demographic variables as moderators. If that effect can be seen, the outcome could be 
more interesting. Finally, this study focuses on the initial adoption mG-App, future studies can assess 
the continuous usage intention of mG-app.
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ABSTRACT
Purpose: The objective of this study is to identify and analyze various factors 
that influence users' acceptance of mobile government applications (mG-Apps).
Methodology: This study has constructed a research model grounded on the 
Unified Theory of Acceptance and Use of Technology (UTAUT). Further, 
information quality and trust, two vital constructs, have been added to the 
UTAUT to enhance the predictability of the model. Data collected from a sample 
size of 212 from Bangladesh has been used to test the model.
Findings: We have employed the popular structural equation modeling (SEM) 
to assess the data. Our results suggest that the significant elements impacting 
users' acceptance of mG-Appsare performance expectancy, effort expectancy, 
facilitating conditions, information quality and trust. In contrast, social influence 
is identified as an insignificant predictor.
Practical Implications: This research will assist different government agencies, 
policymakers, and practitioners in the creation of timely and effective policies to 
develop and promote myriad mG-Apps to render services to the citizens.
Originality/Value: This research has offered an innovative framework to assess 
the acceptance of mG-apps by the citizens. This unique model has been 
constructed by expanding UTAUT with two key contextual constructs such as 
information quality and trust. We believe, this study will contribute to the extant 
body of theory surrounding the use of mobile government, e-government, and 
mobile applications development.
Limitations: This study only looks at the opinions of people in Bangladesh, 
hence the researchers recommend that the proposed study model should be 
validated by using data collected from other similar countries.

1. Introduction
Major developments in technology in recent years have significantly improved a number of mobile 
device features.Besides,most technology advancements in the telecommunications industry have made 
it possible to provide services to citizens more quickly (Biel, Grill, & Gruhn, 2010). Innovative 
hardware and software capabilities allow governmental and commercial organizations to provide 
mobile consumers a wide variety of services (Payne, 2013). Both private and public institutions have a 
significant chance to minimize the digital divide that exists between the general population and the 
government because of the proliferation of modern mobile devices such as smartphones, iPads, and
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other tablets that can run applications. For instance, after mobile applications for online payments were 
introduced, mobile device usage in African nations significantly increased from 50% to 58.4% (Al-
Azizi, Al-Badi, & Al-Zrafi, 2018). These data signify the need to use mobile apps to improve public 
services. 

Many government organizations in Bangladesh have begun to invest in and devote funds to 
projects that would leverage mobile applications to put their resources into action. Mobile applications 
provide a variety of internet-based services and are viewed as promising new markets for Bangladeshi 
government stakeholders to interact and communicate with one another. The mobile services are 
widely available and practical. People have the option to use mobile apps to conduct many types of 
transactions, such as financial or instructive ones. Apps for mobile devices allow users to pay bills, 
report violations, and communicate with authorities (Naqvi & Al-Shihi, 2014). However, research has 
shown that past government-run online programs have been either ineffective or had significant delays 
in being adopted, and the objectives of mGov adoption have not been met thus far (Gao, Krogstie, & 
Siau, 2014). For instance, in the context of underdeveloped countries, 35% of eGov programs were 
determined to be unsuccessful, only 15% of projects were successful, and 50% were only partially 
completed (Napitupulu & Sensuse, 2014).

There has been a rise in the quantity of government-related mobile apps recently since mobile 
communication technologies have developed. "Electronic government" (hereinafter referred to as 
"eGov") is defined as "the use of ICTs and their application by government to offer information and 
public services to the populace". Governments are increasingly employing contemporary methods to 
reconsider their services and offer online services to the public (Veeramootoo, Nunkoo, & Dwivedi, 
2018). On the other hand, the public tends to view the use of mobile apps for government services with 
doubt and distrust (Dwivedi et al., 2017). However, among the most crucial resources for mobile 
governance (mGov) is thought to be smartphone apps (Abdelghaffar & Magdy, 2012). Due to the 
portability of mobile devices and their ability to enable 24/7 Internet access, mobile applications are 
currently employed extensively across practically all corporate and government sectors (Al-Masaeed & 
Love, 2015). As a way to provide citizens with more convenient and timely services, mobile 
applications are increasingly being used by the government. Currently, many governments are 
developing mobile apps to provide vital services to their citizens, thus it's important to assess their 
acceptance (Rana & Dwivedi, 2015). The term "Mg-App" is used frequently in this study to refer to 
apps for government services on mobile devices. 

The prior research relating to mobile use for government services in Bangladesh is at nascent 
stage. Thus, this study aims to provide insights about various determinants of using mobile apps for 
government services and to propose strategies to enhance accessibility and convenience for users. 
Specifically, the goals of this research are to (i) determinethe predictorsand (ii) analyze those predictors 
of mG-Apps adoption in Bangladesh. We use structural Equation Modeling (SEM) approach to 
accomplish our research goals. The first objective is achieved by investigating the literature. The 
second objective is achieved by testing hypotheses.

In the first part of this report, the introduction is written where the whole summary of this 
report is included. The remaining portions of this article are constructed as follows: literature review is 
presented in Chapter 2 which includes both table of important literature and description of other 
literature. In chapter 3, theoretical framework of this report is written which includes description of 
theory, model of this research and construct and hypothesis of that model. Analyzing the data and 
drawing conclusions is covered in the fifth chapter. Chapter six covers the discussion of the analysis. 
Research implications are narrated in Chapter 7. Finally, chapter 8 presents the final thoughts, caveats, 
and directions for future study.

2. Literature Review
2.1 An Overview of Government Services Available Online in Bangladesh
The notion of mobile government is taken from Electronic government. E-government is a system that 
enables cooperation between the government, its citizens, and its several departments. The primary 
goal of E-Gov is to provide government stakeholders with efficient and cost-effective services (Al-
Azizi et al., 2018). The concept of e-Bangladesh was formed in 2002 to administer e-Gov 
infrastructure and technology projects for residents, according to Sadik Hasan (2003). Bangladesh's 
ranking for technological usage has improved since 2002, according to a 2014 UN study (United 
Nations, 2014). Bangladesh is ready for e-Gov, according to this ranking. However, many in 
Bangladesh are unwilling to adopt new technologies. This stops the public from collecting government 
benefits. The Bangladeshi government wants to provide efficient and engaging services. Bangladesh's 
imperative for enhanced telecommunications infrastructure is a primary concern. Government bodies 
have recently created improvement in mobile services.

2.2 Adoption of mobile government
In recent years, several studies have looked into how m-Gov is being used (e.g., Liu et al., 2014; 
Ahmad & Khalid, 2017).  A research project carried out by Shareef et al. (2012) wanted to understand 
citizens' willingness to use m-Gov services. Their research technique for mobile government 
acceptance varies from the government website. Liang et al. (2017) employed the basement theory 
framework to evaluate the adoption of e-Gov cloud technology in China they found organizational, 
technological, and cloud trust factors drove e-Gov cloud service uptake. Liu et al. (2014) researched 
m-Gov adoption in the countryside of China and found TAM components and honesty determined m-
Gov acceptability. Ahmad and Khalid (2017) performed study in the UAE and found that, in addition 
to TAM components, cost, trust, social impact, service variety, and demographic characteristics 
influenced consumers' behavior toward mobile government services. Table 1 shows review of some 
relevant literature.  

2.3 Mobile Government Applications
Most people will use mobile apps for government services if they trust them and think they will work 
well (Sharma, et al., 2018). In their study they used a structural equation model and a neural network 
model. Besides in the UTAUT model, two additional constructs were included in their research. 
Information and trust are these two concepts. According to a survey of UAE nationals, social influence 
and trust are not negatively correlated with end users' willingness to utilize apps for government 
services on mobile devices (Sharma, et al., 2018). Researchers have shown that mobile government 
makes it simpler for people to access government services (Almarashdeh, 2018). Researchers employ 
the structural equation modeling technique to demonstrate this. To verify this theory, many hypotheses 
are developed and investigated. 

From what we've talked about so far, I think there is a gap in the literature about how mobile 
applications are used in government services. I can't find any direct report regarding this issue. In some 
literature, some parts of this topic are discussed only. Like in the literature, there is a discussion about 
the adoption of mobile applications for other countries but there is no article indicating that mobile 
applications have been adopted in Bangladesh for the provision of government services. Consequently, 
a study is currently being conducted to identify the elements that impact individuals' choices to utilize 
mobile applications for accessing government services. A model was created as part of this study to 
elucidate the factors driving the utilization of mobile government services in Bangladesh.

3.Theory, Model and Hypotheses
3.1 Theory and Proposed Model
We have used the popular UTAUT model which is widely used to assess any emerging technology 
adoption from users' perspective. Information systems(IS) research uses UTAUT, a model based on 
eight technology adoption models and the model analyzes human behavior and technology intent 
(Venkatesh, Morris, Davis, & Davis, 2003). By contrasting eight widely accepted frameworks for 
identifying how individuals respond to new technologies, Venkatesh et al. (2003) developed an 
extensive model that integrates the insights of all of them. The UTAUT concept was developed for the 
express purpose of new technology adoption. Numerous studies suggested that UTAUT could be used 
to study IS acceptance and success in emerging nations (Gupta, Dasgupta, & Gupta, 2008). Our 
research is based on this model since it is unified and best represents other technology acceptance 

models. Performance expectancy, effort expectancy, social influence, and facilitating factors make up 
the UTAUT model. 

In addition, we have incorporated two relevant contextual constructs such as trust and 
information quality with the existing UTAUT, which has enhanced the predictive capacity of the 
model. Government mobile applications are not fully captured by the UTAUT's constructs only. 
Government IS services require trust (Hung, Chang, & Kuo, 2013). For this we include trust in our 
research. In order for eGov services, such as mGov, to be successful, government agencies must 
effectively share pertinent information with commercial, public, and municipal organizations, as well 
as the general public (Dwivedi et al., 2017). Numerous studies have investigated the trust and risk 
involved in online (e.g. Luo, Li, Zhang, & Shim, 2010; Alalwan, Dwivedi, Rana, & Simintiras, 2016). 
We have no knowledge of any research that particularly examine the impact of trust and perceived 
threat on the acceptance of government-issued mobile apps. Trust has been recognized as a significant 
exogenous variable in this study on mGov. Besides to spread mobile government, information quality 
plays an important role. For this we include information quality as one of the constructs.

Figure 1 represents the research model that is founded on what we've talked about so far. It is 
thought that UTAUT constructs, as well as trust and the quality of information, are what make people 
use mobile apps for government services.

Figure 1.
Proposed Research Model.
Source: Authors Developed.

3.2 Constructs and Hypothesis
3.2.1 Performance Expectancy
Performance expectancy is approximately how much does a person expects new technology to 
improve their work performance (Venkatesh et al., 2003). As predicted by the UTAUT model, research, 
performance expectancy predicts behavioral intention in order to use cutting-edge technical knowledge 
(Alalwan, Dwivedi, & Rana, 2017). We hypothesize that performance expectancy affects mG-App 
users' behavior intentions. If they want government services on demand, the citizens of Bangladesh 
must use smartphone apps. Alalwan et al. (2017) validated that expectancy of performance affect 
Middle Eastern mobile technology adoption. Thus, we hypothesize:

H1. Performance expectancy and intention to use mGApp are positively related.

3.2.2 Effort Expectancy
Effort expectancy" is a person's estimate of the mental and physical effort required to use a system or 
technology (Venkatesh et al., 2003). Time and effort spent learning a new information system affecting 
usage intentions is suggested by the UTAUT model. Technology adoption studies (e.g. Alalwan et al., 
2017; Hanafizadeh et al., 2014) show that effort expectancy strongly influences behavior. Al-Busaidi 
(2012) noted that users are less likely to use complex information systems. The widely used TAM 
(Davis, 1989) acceptance model states that consumers will adopt modern technology when this is easy 
to use and doesn't require more work. mG-Apps, which require expertise and effort, may affect 
behavioral adoption to use mobile apps. Thus, this study hypothesizes: 
H2. Effort expectancy and intention to use mG-App are positively related.

3.2.3 Social Influence
When consumers are unfamiliar with new services, reference groups may influence their adoption (e.g. 
Ahmad & Khalid, 2017; Venkatesh et al., 2012). Social effect refers to the degree to which individuals 
think that their relatives, friends, coworkers, and other close acquaintances anticipate them to utilize a 
certain technology (Venkatesh et al., 2012). Social influence determines mobile commerce adoption, 
according to Chong (2013). According to Leong and et al., (2013), in Oman, social influence may 
affect mGApp use. According to prior research, social influence may alter behavioral adoption 
(Alalwan et al., 2017). Thus, our hypothesis:
H3. Social influence is positively related to the acceptance of mG-App.

3.2.4 Facilitatin Gconditions
The term "facilitating condition" refers to the extent how an individual views the presence of an 
administrative and technological infrastructure that enables the effective utilization of government 
services (Venkatesh et al., 2003). Users of the MG-App express concerns regarding the ability to 
access links and the speed at which data may be uploaded and downloaded. According to Lewis, 
Fretwell, Ryan, and Parham (2013), people who use new technologies require assistance. Consumers 
are reluctant to adopt new technologies when support structures are weak (Hew, Lee, Ooi, & Wei, 
2015). In his study of consumer behavior in mobile commerce, Chong (2013) demonstrated the impact 
of favorable conditions. Indicators, such as the ones mentioned above, highlight the significance of 
favorable conditions for the adoption of mG-App. Multiple recent IS studies (Ahmad & Khalid, 2017; 
Alalwan et al., 2015) find that enabling factors are the primary influence on behavioral intention. Thus, 
our theories are:
H4. Facilitating conditions and intention to accept mG-App are positively connected.

3.2.5 Trust
Research on the diffusion of technical breakthroughs suggests that people's seeming lack of confidence 
in it can lead to their reluctance to adopt and utilize it. Evaluating the viewpoints of each individual on 
new technology; the way people behave and the degree of trust they have in you can significantly 
impact their willingness to employ advanced technology (Venkatesh, Thong, Chan, Hu, & Brown, 
2011). Trust was found as a significant predictor of information system adoption in multiple research 
investigations. Bangladesh recently adopted mGApps, where individuals prefer to physically access 
services provided by the government. They would rather communicate face-to-face encounters and 
continue manually after service or information requests. If service requests are unclear or unreliable, 
mobile apps may be avoided. Thus, to provide information, consumers must have the trust to use 
mobile apps to transact (Montazemi & Saremi, 2013). This study examines whether respondents are 

willing to trust mG-Apps. If respondents trust mG-Apps, their behavior will improve. For this we 
suggest the following theory:
H5. Trust has a positive effect on individual's behavioral adoption to use mG-App.

3.2.6 Information quality
The concept of information quality is established and described by Delone and McLean (1992, 2003) 
as a system's completeness, timeliness, correctness, and relevance. Inaccurate and irrelevant 
government service information will harm users' behavior. Researchers (Al-Busaidi & Al-Shihi, 2012; 
Sharma, Gaur, Saddikuti, & Rastogi, 2017) have found that the acceptability of recent advancements in 
informational technology is influenced by the presence of high-quality content. According to Tam and 
Oliveira (2016), information quality affects mobile technology use. We hypothesize that information 
quality influences Bangladeshi acceptance of mG-App:
H6. Information quality and intention to accept mG-App are positively related.

4. Methodology
4.1 Variables and Measurement
Based on extant literature, a survey instrument was created. This questionnaire has 23 questions. The 
questionnaire has two parts. Name, age, and other demographic questions are asked initially. 23 close-
ended questions measure this model's 7 constructs in the second section. Items measuring the 
constructs were derived from the literature and adapted to the context of the study. Except for the 
controls, a five-point Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree) was used to 
assess all other critical constructs. The methods used to measure the control variables were based on 
the previous research (Ilmudeen and Bao, 2018). Pre-testing improved measuring item clarity, 
uniformity, and comprehensibility. 30 volunteers participated in a pilot test. Following the pilot test, we 
made adjustments to the research questions.Table 2 shows constructs, measurement items and sources.

4.2 Data Collection Procedure and Sample

212 adult mobile government service users provided data.The authors aimed to get different mobile 
app users to answer the questionnaire. Electronic and hard-copy surveys were distributed. Convenience 
sampling was used to obtain data as it is very easy and less costly for the authors. The Structure 
Equation Model requires 200 responders, according to the literature. For collecting data, we developed 
an online questionnaire using google form and shared indifferent online platforms such as Facebook, 
WhatsApp, and LinkedIn. We also distributed printed version of questionnaire to different citizens who 
showed willingness to provide answers. This procedure yielded 250 data. After data cleansing, 212 
surveys were analyzed.

4.3 Non-Response Bias

The independent t-test was used to compare all of the constructs. From the results of the test, we found 
no statistically significant differences. The chi-squared test for independence was used to double-check 
these findings, and it revealed no statistically significant deviations. This study's data set, thus, was 
deemed to be free of non-response bias.

4.4. Data Analysis

At first stage, we perform some basic analysis. The constructs' validity and reliability, the model's 
predictive value, and the total variance explained were then evaluated using SEM. The SEM approach 
was chosen because it allows researchers to examine the relationships between all of the constructs 
simultaneously. Because of its emphasis on theory construction and discovery rather than model 
verification, SEM is also a more appropriate method for this study. SEM cannot, however, explore the 
non-linear interactions between the components, which could lead to a simplified analysis of the 
complicated decision-making process itself. We have generated six hypotheses for employing SEM, 
and by applying the findings from these hypotheses, we may achieve our research goals.The SEM 
result satisfies both objectives 1 and 2. SEM is therefore the ideal method for our study.

5. Analysis
5.1 Demographics Description
There were a total of 212 participants in this study, with females accounting for 51% (or 108 
participants) and males for 49% (or 104 participants). Ninety percent of the respondents in this study 
are under the age of thirty, making up 191 of the total sample size. The majority of those in the sample 
(67%) have at least a bachelor's degree, with another 19% holding a master's or doctorate, and the 
remaining 14% holding only a secondary school diploma. The study sample is also representative of 
Internet users with regard to their past week's usage frequency. It shows how long people spend online. 
About 38% (or 81 respondents) spent 0-1 hours online, about 24% (or 51 respondents) spent 6-10 
hours, and about 37% (or 80 respondents) spent > 11 hours online. Furthermore, the sample also 
reveals the user's past behavior on the Internet. It reveals that 71 percent of participants (or 151 
participants) have been Internet users for more than eight years. About 10% of the sample, or 21 
people, had used the Internet for fewer than one year, while about 19%, or 40 people, had been doing 
so for five or more years. Results show that the majority of the sample group regularly uses the 
Internet. Table 3 shows summary of the demographics of the respondents. 

5.2 Common Method Bias and Multicollinearity Test
A behavioral study using cross-sectional survey data is prone to common method bias (CMB). Since 
there was no external verification of the data, we focused on CMB which might compromise the 
study's findings. We evaluated CMB using SPSS 23.0 and Harman's single-factor test. Principal axis 
factor (PAF) analysis was performed to determine the number of variables necessary to explain 
variance. The results of our test indicate that a single construct accounted for only 34.87 percent of the 
variance, which is much lower than the minimum value of 50 percent. The evaluation of CMB was 
conducted utilizing the variance inflation factor (VIF) data obtained from the comprehensive 
collinearity test (Table 4). The lower VIF values (< 3.3) indicated that this study is free from CMB 
risk. Also, VIF scores below 10 indicate that this study does not have multicollinearity.

5.3 Measurement Model
Construct reliability measurements include Cronbach's alpha, Dijkstra-rho Henseler's (A), and 
composite reliability. The results showed that each construct had reliability criterion values of 0.70 or 
above, proving internal reliability (Henseler et al., 2014; Henseler et al., 2009) (Table 5). Their 
loadings determined indicators reliability. Item loadings greater than 0.70 suggested a higher 
correlation between an item and its construct (Hair et al., 2012). Thus, loading should exceed 0.70. 
Table 5 shows reasonable loading values. The indication is reliable.

The average variance extracted (AVE) values were used to determine convergent validity. If the 
AVE values for all variables are more than 0.5, a data set demonstrates convergent validity (Fornell and 
Larcker, 1981). Table 5 demonstrates that the AVE values for all variables fall within an acceptable 
range. Convergent validity is therefore verified.

The heterotrait-monotrait ratio assessed discriminant validity. HTMT measures average 
indicator correlations across constructs. Henseler et al. (2014) recommended discriminant validity 
below 0.90. Table 6 shows heterotrait-monotrait ratios for all variables are below 0.90. This supports 
constructs' discriminant validity according to Henseler et al., (2014). Tables 5 and 6 show that 
variables are within the literature's range. We found convergent validity and good internal reliability.

In this table, the values of loading, Cronbach's alpha, rho-A, composite reliability and average 
variable extracted are mentioned which are calculated by using SmartPLS software.

In the above table HTMT ratio is shown which confirms the discriminant validity of this 
research. As all the values given in table 6 are less than 0.90 we can say that this research has 
discriminant validity.

By using the Fornell Larckar approach this report measure the convergent validity of the data. 
All AVE square roots are greater than their corresponding correlation coefficients, as seen in Table 7. 
The condition for Fornell Larckar approach is established in the table 7. So convergent validity is 
prevailed here.

5.4 Structural Model
After verifying the measuring model's psychometrics, this research studies the structural model. SEM 
determines path strength, importance, and insignificance. Structural evaluation follows measuring test 
rules. R-square assessed structural model fit. Path coefficients (Beta) and t-statistics were utilized to 
evaluate the study hypotheses individually. Bootstrapping with 5,000 re-samples determined path 
significance. The model explained 69.2% of behavioral adoption variance, according to R-square. Path 
coefficients need to be statistically significant at a p-value of at least 0.05 in order to confirm the 
relationships (Byrne, 2016). Table 8 displays structural model path, coefficients, t-statistics, p-value, 
and decision.

Table 8 shows that, at the 5% level of confidence, the results for H1 (p<0.05), H2 (p<0.05), H4 
(p<0.05), H5(p<0.05), and H6(p<0.05) are all significant. At the 5% level of significance, however, the 
path for H3 (p>0.05) lacks statistical significance. This suggests that trust, information quality, 
facilitating conditions, performance expectancy, and effort expectancy all have a big impact on how 
mobile government is adopted behaviorally. Social influence, however, has no effect on the adoption of 
mobile governance.

6. Discussion
Government agencies use mobile phones and other digital means to reach people and citizens to 
increase participation, knowledge, trust, and engagement. Government decision-makers have struggled 
to reach remote citizens with updated information. Sparse locations hinder socioeconomic progress in 
emerging countries. Mobile apps may help society's socioeconomic growth and government service 
delivery. The study shows that citizens across the nation are eager to utilize mobile apps for services 
offered by the government. In this paper, the researchers examined six parameters affecting mG-App 
use by the citizens. Five of six criteria influenced citizens' use of mobile government app. Trust, 
information quality, performance expectancy, facilitating conditions and effort expectancy affect mG-
App adoption in developing countries like Bangladesh. Reasons for the six conceptions' importance 
and non-significance are discussed in the followingsection.

The mG-confidence app is the best way to figure out how people will use new technology. 
Thus, consumers must enter personal and credit card information to use mG-Apps for private 
transactions. The mG-Apps are more likely to be trusted when they have up-to-date information and 
are easy to use. Implementing encryption measures to comply with stricter privacy regulations can 
increase trust in mG-Apps. The privacy policies and information of the mG-new App aim to promote 
user engagement. This proves that a lack of trust is one of the biggest reasons why people don't use 
new systems or technologies (Alalwan et al., 2017).

Consequently, performance expectancy is the second most important constructs in selecting 
mG-App. Citizens evaluate mG-App based on its functional utilities (performance expectancy). 

Demonstrating and publicizing significant features helps improve government online services. 
Furthermore, by introducing new and varied technical channels, the usefulness of government 
institutions can be expanded (Ghalandari, 2012). A study determined that people's openness to trying 
out new technologies is significantly influenced by their expectations of how well they will work 
(Alalwan et al., 2017).

Consequently, effort expectancy is a significant anticipator of users' desire to utilize mG-App. 
This research reveals that inhabitants of Bangladesh, even expats, prefer to execute financial activities 
and acquire information about government services via mobile applications that involve less effort and 
time than other traditional means. The majority of research using the UTAUT has discovered a 
statistically significant correlation between effort expectancy and behavioral adoption (Alalwan et al., 
2017). In contrast to earlier studies (Ahmad & Khalid, 2017), our study reveals that the correlation 
between social impact and behavioral adoption is minimal, suggesting that residents in Bangladesh are 
unlikely to advocate the usage of mG-Apps to their loved ones. In a study done in the Sultanate of 
Oman, Riffai, Grant, and Edgar (2012) found that social impact did not significantly predict behavioral 
adoption in the mobile banking environment. Furthermore, this conclusion aligns with earlier research 
conducted in several sectors of information systems (Alalwan et al., 2017). 

The results also show that supportive settings make it easier for people to change their behavior 
to use the mG-App.  Citizens emphasize available funds, specific skill sets, and amenities such as 
increased Internet access, secured mobile apps, and phones to access and employ mG-App for utilizing 
and accessing govt. services through mobile applications. Multiple further empirical research in the 
field of information systems provide evidence to support this idea (Ahmad & Khalid, 2017). 

The results conclusively demonstrated a robust and favorable relation between the quality of 
information and the intention to utilize the mG-App. This demonstrates the significance of factors such 
as relevant content, frequent updates, and comparable features in driving mG-app adoption. Individuals 
are more inclined to utilize mobile applications if they offer superior information. The findings align 
with previous research indicating the significance of information quality in influencing a user's 
adoption of new technology (Sharma et al., 2017).

7. Implications

7.1 Implications for Theory

Researchers and academics will find the result of this study useful. The model has extended the 
UTAUT framework by include information quality and trust in its explanation of users' acceptance of 
mG-Apps in an Asian environment. The UTAUT model is a well-known framework for analyzing how 
people respond to and adopt new technologies. These two new components can be used by other 
researchers when they work with the UTAUT theory. The statistical findings demonstrate that this 
study's research model can predict behavioral adoption toward mG-App. All measurement indices and 
structural models were within their allowed range. The UTAUT's R-square initially stood at 53% as 
anticipated, but rose to 69.2% upon the inclusion of more data. Therefore, the inclusion of additional 
components enhances the predictive capacity of the study model. This research is a valuable addition 
to the growing database of theory that pertains to the utilization of mobile government, e-government, 
and mobile application development. Second, the study's results supplement the literature about the 
usage of mobile devices for government functions. Furthermore, this research's results can be applied 
to advancing technological advancements in studies of adoption. This study looks at how popular 
government service apps are for mobile devices in a South Asian country like Bangladesh. It adds 
important results to the literature.

7.2 Implications for Practices
This study shows that information quality, effort expectancy, facilitating conditions, trust, performance 
expectancy are significantly related in the context of mG-Apps adoption. Thus, respected authorities 
should consider those concepts while developing citizen-centric mobile apps. Government agencies 
would utilize these findings to develop and implement similar projects in several areas. The results of 
this study are going to support Bangladeshi government agencies in the development of policies that 
effectively encourage the use of mG-Apps. The acceptability of mG-Apps is influenced by both 
performance expectancy and trust, and decision-makers can improve the quality of these apps by 
providing reliable and expedient services. Performance and effort expectancy also affect behavior. In 
other words, residents favor low-effort government service mobile apps. Therefore, it is advisable for 
government mobile app developers to minimize the complexity of app usage and exploration. 
Experienced users can also assist creating mobile apps. Surokkha, a nationwide platform, allows 
residents to register for Coronavirus immunizations, receive certificates, and store data. Government 
officials may add a mG-Apps feedback signal to Surokkha to include user input. The Bangladeshi 
government may also organize a PPP to encourage smart mobile app use. Facilitating factors also 
affect behavioral adoption. This suggests residents' value government-provided mobile access to 
government services. It is advisable for the government to periodically provide concise training 
programs on facility usage in public and commercial organizations across the country. The 
organization indicated above would provide information to potential and prospective clients regarding 
government services accessible on mobile devices, as well as update them on new and upcoming 
services.

The strong link between trust and how people plan to use mG-Apps shows that security and 
privacy are important to people when they use state services on smartphones and other tools. 
Programmers and system analysts should enhance the security of apps by implementing an additional 
safety mechanism to safeguard against mG-Apps. The Bangladeshi government's "Mobile Applications 
Secure Development Guidelines" ensures security and robustness. The quality of information that 
citizens receive has an impact on their behavioral intentions. This suggests that the government is 
expected to provide citizens with information on government services that is precise, accurate, 
meaningful, pertinent, complete, and timely. When information is linked to mobile transactions, 
timeliness and trust are even higher. Mobile app developers should adopt the One Web Approach to 
display the same content on all mobile devices. These mobile apps should have automated notifications 
for the latest modifications. Public and corporate institutions should ensure user data relevancy and 
timeliness. 
8. Conclusion, limitations and Future Research Directions
8.1 Conclusion
Within this work, we tried to identify the crucial elements impacting the behavioral adoption of 
Bangladeshi citizens to utilize the mG-App. In conclusion, the study gave a good understanding of the 
most important things. The findings indicated that positive behavioral intentions were influenced by 
factors including information quality, effort expectancy, facilitating factor, trust, and performance 
expectancy. When considering whether or not to use mG-App, these factors are crucial. There was no 
empirical support indicating that social influence had an impact on the intention to take action, 
implying that individuals in Bangladesh are resistant to the influence of recommendations when it 
comes to their utilization of the mG-App. Therefore, mG-App are strongly recommended for use by 
the people of Bangladesh. As another bonus, it has been found that user-friendly technology increases 
users' behavioral intentions. Government entities will benefit from the results of this investigation since 
they will provide appropriate tactics to encourage more people to get government services through 
mobile apps.

8.2 Limitations and Future Research Directions
Even though this study has made important contributions, it also has some problems. Firstly, this study 
only looks at the opinions of people in Bangladesh, hence the researcher recommended that the 
proposed study model should be implemented with caution in other Asian nations. Future research can 
be conducted to other country context to validate this model. Secondly, the data acquired for this study 
is limited to Dhaka city as the author is a student; financing to collect data across the country is a 
challenge. Future studies can be done by obtaining data from all over the country. Thirdly, because the 
bulk of the respondents were between the ages of 20 and 40, it was suggested that the proposed study 
model be tested with more balanced age group information. Fourthly, this study did not evaluate the 
influence of demographic variables as moderators. If that effect can be seen, the outcome could be 
more interesting. Finally, this study focuses on the initial adoption mG-App, future studies can assess 
the continuous usage intention of mG-app.
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ABSTRACT
Purpose: The objective of this study is to identify and analyze various factors 
that influence users' acceptance of mobile government applications (mG-Apps).
Methodology: This study has constructed a research model grounded on the 
Unified Theory of Acceptance and Use of Technology (UTAUT). Further, 
information quality and trust, two vital constructs, have been added to the 
UTAUT to enhance the predictability of the model. Data collected from a sample 
size of 212 from Bangladesh has been used to test the model.
Findings: We have employed the popular structural equation modeling (SEM) 
to assess the data. Our results suggest that the significant elements impacting 
users' acceptance of mG-Appsare performance expectancy, effort expectancy, 
facilitating conditions, information quality and trust. In contrast, social influence 
is identified as an insignificant predictor.
Practical Implications: This research will assist different government agencies, 
policymakers, and practitioners in the creation of timely and effective policies to 
develop and promote myriad mG-Apps to render services to the citizens.
Originality/Value: This research has offered an innovative framework to assess 
the acceptance of mG-apps by the citizens. This unique model has been 
constructed by expanding UTAUT with two key contextual constructs such as 
information quality and trust. We believe, this study will contribute to the extant 
body of theory surrounding the use of mobile government, e-government, and 
mobile applications development.
Limitations: This study only looks at the opinions of people in Bangladesh, 
hence the researchers recommend that the proposed study model should be 
validated by using data collected from other similar countries.

1. Introduction
Major developments in technology in recent years have significantly improved a number of mobile 
device features.Besides,most technology advancements in the telecommunications industry have made 
it possible to provide services to citizens more quickly (Biel, Grill, & Gruhn, 2010). Innovative 
hardware and software capabilities allow governmental and commercial organizations to provide 
mobile consumers a wide variety of services (Payne, 2013). Both private and public institutions have a 
significant chance to minimize the digital divide that exists between the general population and the 
government because of the proliferation of modern mobile devices such as smartphones, iPads, and
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other tablets that can run applications. For instance, after mobile applications for online payments were 
introduced, mobile device usage in African nations significantly increased from 50% to 58.4% (Al-
Azizi, Al-Badi, & Al-Zrafi, 2018). These data signify the need to use mobile apps to improve public 
services. 

Many government organizations in Bangladesh have begun to invest in and devote funds to 
projects that would leverage mobile applications to put their resources into action. Mobile applications 
provide a variety of internet-based services and are viewed as promising new markets for Bangladeshi 
government stakeholders to interact and communicate with one another. The mobile services are 
widely available and practical. People have the option to use mobile apps to conduct many types of 
transactions, such as financial or instructive ones. Apps for mobile devices allow users to pay bills, 
report violations, and communicate with authorities (Naqvi & Al-Shihi, 2014). However, research has 
shown that past government-run online programs have been either ineffective or had significant delays 
in being adopted, and the objectives of mGov adoption have not been met thus far (Gao, Krogstie, & 
Siau, 2014). For instance, in the context of underdeveloped countries, 35% of eGov programs were 
determined to be unsuccessful, only 15% of projects were successful, and 50% were only partially 
completed (Napitupulu & Sensuse, 2014).

There has been a rise in the quantity of government-related mobile apps recently since mobile 
communication technologies have developed. "Electronic government" (hereinafter referred to as 
"eGov") is defined as "the use of ICTs and their application by government to offer information and 
public services to the populace". Governments are increasingly employing contemporary methods to 
reconsider their services and offer online services to the public (Veeramootoo, Nunkoo, & Dwivedi, 
2018). On the other hand, the public tends to view the use of mobile apps for government services with 
doubt and distrust (Dwivedi et al., 2017). However, among the most crucial resources for mobile 
governance (mGov) is thought to be smartphone apps (Abdelghaffar & Magdy, 2012). Due to the 
portability of mobile devices and their ability to enable 24/7 Internet access, mobile applications are 
currently employed extensively across practically all corporate and government sectors (Al-Masaeed & 
Love, 2015). As a way to provide citizens with more convenient and timely services, mobile 
applications are increasingly being used by the government. Currently, many governments are 
developing mobile apps to provide vital services to their citizens, thus it's important to assess their 
acceptance (Rana & Dwivedi, 2015). The term "Mg-App" is used frequently in this study to refer to 
apps for government services on mobile devices. 

The prior research relating to mobile use for government services in Bangladesh is at nascent 
stage. Thus, this study aims to provide insights about various determinants of using mobile apps for 
government services and to propose strategies to enhance accessibility and convenience for users. 
Specifically, the goals of this research are to (i) determinethe predictorsand (ii) analyze those predictors 
of mG-Apps adoption in Bangladesh. We use structural Equation Modeling (SEM) approach to 
accomplish our research goals. The first objective is achieved by investigating the literature. The 
second objective is achieved by testing hypotheses.

In the first part of this report, the introduction is written where the whole summary of this 
report is included. The remaining portions of this article are constructed as follows: literature review is 
presented in Chapter 2 which includes both table of important literature and description of other 
literature. In chapter 3, theoretical framework of this report is written which includes description of 
theory, model of this research and construct and hypothesis of that model. Analyzing the data and 
drawing conclusions is covered in the fifth chapter. Chapter six covers the discussion of the analysis. 
Research implications are narrated in Chapter 7. Finally, chapter 8 presents the final thoughts, caveats, 
and directions for future study.

2. Literature Review
2.1 An Overview of Government Services Available Online in Bangladesh
The notion of mobile government is taken from Electronic government. E-government is a system that 
enables cooperation between the government, its citizens, and its several departments. The primary 
goal of E-Gov is to provide government stakeholders with efficient and cost-effective services (Al-
Azizi et al., 2018). The concept of e-Bangladesh was formed in 2002 to administer e-Gov 
infrastructure and technology projects for residents, according to Sadik Hasan (2003). Bangladesh's 
ranking for technological usage has improved since 2002, according to a 2014 UN study (United 
Nations, 2014). Bangladesh is ready for e-Gov, according to this ranking. However, many in 
Bangladesh are unwilling to adopt new technologies. This stops the public from collecting government 
benefits. The Bangladeshi government wants to provide efficient and engaging services. Bangladesh's 
imperative for enhanced telecommunications infrastructure is a primary concern. Government bodies 
have recently created improvement in mobile services.

2.2 Adoption of mobile government
In recent years, several studies have looked into how m-Gov is being used (e.g., Liu et al., 2014; 
Ahmad & Khalid, 2017).  A research project carried out by Shareef et al. (2012) wanted to understand 
citizens' willingness to use m-Gov services. Their research technique for mobile government 
acceptance varies from the government website. Liang et al. (2017) employed the basement theory 
framework to evaluate the adoption of e-Gov cloud technology in China they found organizational, 
technological, and cloud trust factors drove e-Gov cloud service uptake. Liu et al. (2014) researched 
m-Gov adoption in the countryside of China and found TAM components and honesty determined m-
Gov acceptability. Ahmad and Khalid (2017) performed study in the UAE and found that, in addition 
to TAM components, cost, trust, social impact, service variety, and demographic characteristics 
influenced consumers' behavior toward mobile government services. Table 1 shows review of some 
relevant literature.  

2.3 Mobile Government Applications
Most people will use mobile apps for government services if they trust them and think they will work 
well (Sharma, et al., 2018). In their study they used a structural equation model and a neural network 
model. Besides in the UTAUT model, two additional constructs were included in their research. 
Information and trust are these two concepts. According to a survey of UAE nationals, social influence 
and trust are not negatively correlated with end users' willingness to utilize apps for government 
services on mobile devices (Sharma, et al., 2018). Researchers have shown that mobile government 
makes it simpler for people to access government services (Almarashdeh, 2018). Researchers employ 
the structural equation modeling technique to demonstrate this. To verify this theory, many hypotheses 
are developed and investigated. 

From what we've talked about so far, I think there is a gap in the literature about how mobile 
applications are used in government services. I can't find any direct report regarding this issue. In some 
literature, some parts of this topic are discussed only. Like in the literature, there is a discussion about 
the adoption of mobile applications for other countries but there is no article indicating that mobile 
applications have been adopted in Bangladesh for the provision of government services. Consequently, 
a study is currently being conducted to identify the elements that impact individuals' choices to utilize 
mobile applications for accessing government services. A model was created as part of this study to 
elucidate the factors driving the utilization of mobile government services in Bangladesh.

3.Theory, Model and Hypotheses
3.1 Theory and Proposed Model
We have used the popular UTAUT model which is widely used to assess any emerging technology 
adoption from users' perspective. Information systems(IS) research uses UTAUT, a model based on 
eight technology adoption models and the model analyzes human behavior and technology intent 
(Venkatesh, Morris, Davis, & Davis, 2003). By contrasting eight widely accepted frameworks for 
identifying how individuals respond to new technologies, Venkatesh et al. (2003) developed an 
extensive model that integrates the insights of all of them. The UTAUT concept was developed for the 
express purpose of new technology adoption. Numerous studies suggested that UTAUT could be used 
to study IS acceptance and success in emerging nations (Gupta, Dasgupta, & Gupta, 2008). Our 
research is based on this model since it is unified and best represents other technology acceptance 

models. Performance expectancy, effort expectancy, social influence, and facilitating factors make up 
the UTAUT model. 

In addition, we have incorporated two relevant contextual constructs such as trust and 
information quality with the existing UTAUT, which has enhanced the predictive capacity of the 
model. Government mobile applications are not fully captured by the UTAUT's constructs only. 
Government IS services require trust (Hung, Chang, & Kuo, 2013). For this we include trust in our 
research. In order for eGov services, such as mGov, to be successful, government agencies must 
effectively share pertinent information with commercial, public, and municipal organizations, as well 
as the general public (Dwivedi et al., 2017). Numerous studies have investigated the trust and risk 
involved in online (e.g. Luo, Li, Zhang, & Shim, 2010; Alalwan, Dwivedi, Rana, & Simintiras, 2016). 
We have no knowledge of any research that particularly examine the impact of trust and perceived 
threat on the acceptance of government-issued mobile apps. Trust has been recognized as a significant 
exogenous variable in this study on mGov. Besides to spread mobile government, information quality 
plays an important role. For this we include information quality as one of the constructs.

Figure 1 represents the research model that is founded on what we've talked about so far. It is 
thought that UTAUT constructs, as well as trust and the quality of information, are what make people 
use mobile apps for government services.

Figure 1.
Proposed Research Model.
Source: Authors Developed.

3.2 Constructs and Hypothesis
3.2.1 Performance Expectancy
Performance expectancy is approximately how much does a person expects new technology to 
improve their work performance (Venkatesh et al., 2003). As predicted by the UTAUT model, research, 
performance expectancy predicts behavioral intention in order to use cutting-edge technical knowledge 
(Alalwan, Dwivedi, & Rana, 2017). We hypothesize that performance expectancy affects mG-App 
users' behavior intentions. If they want government services on demand, the citizens of Bangladesh 
must use smartphone apps. Alalwan et al. (2017) validated that expectancy of performance affect 
Middle Eastern mobile technology adoption. Thus, we hypothesize:

H1. Performance expectancy and intention to use mGApp are positively related.

3.2.2 Effort Expectancy
Effort expectancy" is a person's estimate of the mental and physical effort required to use a system or 
technology (Venkatesh et al., 2003). Time and effort spent learning a new information system affecting 
usage intentions is suggested by the UTAUT model. Technology adoption studies (e.g. Alalwan et al., 
2017; Hanafizadeh et al., 2014) show that effort expectancy strongly influences behavior. Al-Busaidi 
(2012) noted that users are less likely to use complex information systems. The widely used TAM 
(Davis, 1989) acceptance model states that consumers will adopt modern technology when this is easy 
to use and doesn't require more work. mG-Apps, which require expertise and effort, may affect 
behavioral adoption to use mobile apps. Thus, this study hypothesizes: 
H2. Effort expectancy and intention to use mG-App are positively related.

3.2.3 Social Influence
When consumers are unfamiliar with new services, reference groups may influence their adoption (e.g. 
Ahmad & Khalid, 2017; Venkatesh et al., 2012). Social effect refers to the degree to which individuals 
think that their relatives, friends, coworkers, and other close acquaintances anticipate them to utilize a 
certain technology (Venkatesh et al., 2012). Social influence determines mobile commerce adoption, 
according to Chong (2013). According to Leong and et al., (2013), in Oman, social influence may 
affect mGApp use. According to prior research, social influence may alter behavioral adoption 
(Alalwan et al., 2017). Thus, our hypothesis:
H3. Social influence is positively related to the acceptance of mG-App.

3.2.4 Facilitatin Gconditions
The term "facilitating condition" refers to the extent how an individual views the presence of an 
administrative and technological infrastructure that enables the effective utilization of government 
services (Venkatesh et al., 2003). Users of the MG-App express concerns regarding the ability to 
access links and the speed at which data may be uploaded and downloaded. According to Lewis, 
Fretwell, Ryan, and Parham (2013), people who use new technologies require assistance. Consumers 
are reluctant to adopt new technologies when support structures are weak (Hew, Lee, Ooi, & Wei, 
2015). In his study of consumer behavior in mobile commerce, Chong (2013) demonstrated the impact 
of favorable conditions. Indicators, such as the ones mentioned above, highlight the significance of 
favorable conditions for the adoption of mG-App. Multiple recent IS studies (Ahmad & Khalid, 2017; 
Alalwan et al., 2015) find that enabling factors are the primary influence on behavioral intention. Thus, 
our theories are:
H4. Facilitating conditions and intention to accept mG-App are positively connected.

3.2.5 Trust
Research on the diffusion of technical breakthroughs suggests that people's seeming lack of confidence 
in it can lead to their reluctance to adopt and utilize it. Evaluating the viewpoints of each individual on 
new technology; the way people behave and the degree of trust they have in you can significantly 
impact their willingness to employ advanced technology (Venkatesh, Thong, Chan, Hu, & Brown, 
2011). Trust was found as a significant predictor of information system adoption in multiple research 
investigations. Bangladesh recently adopted mGApps, where individuals prefer to physically access 
services provided by the government. They would rather communicate face-to-face encounters and 
continue manually after service or information requests. If service requests are unclear or unreliable, 
mobile apps may be avoided. Thus, to provide information, consumers must have the trust to use 
mobile apps to transact (Montazemi & Saremi, 2013). This study examines whether respondents are 

willing to trust mG-Apps. If respondents trust mG-Apps, their behavior will improve. For this we 
suggest the following theory:
H5. Trust has a positive effect on individual's behavioral adoption to use mG-App.

3.2.6 Information quality
The concept of information quality is established and described by Delone and McLean (1992, 2003) 
as a system's completeness, timeliness, correctness, and relevance. Inaccurate and irrelevant 
government service information will harm users' behavior. Researchers (Al-Busaidi & Al-Shihi, 2012; 
Sharma, Gaur, Saddikuti, & Rastogi, 2017) have found that the acceptability of recent advancements in 
informational technology is influenced by the presence of high-quality content. According to Tam and 
Oliveira (2016), information quality affects mobile technology use. We hypothesize that information 
quality influences Bangladeshi acceptance of mG-App:
H6. Information quality and intention to accept mG-App are positively related.

4. Methodology
4.1 Variables and Measurement
Based on extant literature, a survey instrument was created. This questionnaire has 23 questions. The 
questionnaire has two parts. Name, age, and other demographic questions are asked initially. 23 close-
ended questions measure this model's 7 constructs in the second section. Items measuring the 
constructs were derived from the literature and adapted to the context of the study. Except for the 
controls, a five-point Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree) was used to 
assess all other critical constructs. The methods used to measure the control variables were based on 
the previous research (Ilmudeen and Bao, 2018). Pre-testing improved measuring item clarity, 
uniformity, and comprehensibility. 30 volunteers participated in a pilot test. Following the pilot test, we 
made adjustments to the research questions.Table 2 shows constructs, measurement items and sources.

4.2 Data Collection Procedure and Sample

212 adult mobile government service users provided data.The authors aimed to get different mobile 
app users to answer the questionnaire. Electronic and hard-copy surveys were distributed. Convenience 
sampling was used to obtain data as it is very easy and less costly for the authors. The Structure 
Equation Model requires 200 responders, according to the literature. For collecting data, we developed 
an online questionnaire using google form and shared indifferent online platforms such as Facebook, 
WhatsApp, and LinkedIn. We also distributed printed version of questionnaire to different citizens who 
showed willingness to provide answers. This procedure yielded 250 data. After data cleansing, 212 
surveys were analyzed.

4.3 Non-Response Bias

The independent t-test was used to compare all of the constructs. From the results of the test, we found 
no statistically significant differences. The chi-squared test for independence was used to double-check 
these findings, and it revealed no statistically significant deviations. This study's data set, thus, was 
deemed to be free of non-response bias.

4.4. Data Analysis

At first stage, we perform some basic analysis. The constructs' validity and reliability, the model's 
predictive value, and the total variance explained were then evaluated using SEM. The SEM approach 
was chosen because it allows researchers to examine the relationships between all of the constructs 
simultaneously. Because of its emphasis on theory construction and discovery rather than model 
verification, SEM is also a more appropriate method for this study. SEM cannot, however, explore the 
non-linear interactions between the components, which could lead to a simplified analysis of the 
complicated decision-making process itself. We have generated six hypotheses for employing SEM, 
and by applying the findings from these hypotheses, we may achieve our research goals.The SEM 
result satisfies both objectives 1 and 2. SEM is therefore the ideal method for our study.

5. Analysis
5.1 Demographics Description
There were a total of 212 participants in this study, with females accounting for 51% (or 108 
participants) and males for 49% (or 104 participants). Ninety percent of the respondents in this study 
are under the age of thirty, making up 191 of the total sample size. The majority of those in the sample 
(67%) have at least a bachelor's degree, with another 19% holding a master's or doctorate, and the 
remaining 14% holding only a secondary school diploma. The study sample is also representative of 
Internet users with regard to their past week's usage frequency. It shows how long people spend online. 
About 38% (or 81 respondents) spent 0-1 hours online, about 24% (or 51 respondents) spent 6-10 
hours, and about 37% (or 80 respondents) spent > 11 hours online. Furthermore, the sample also 
reveals the user's past behavior on the Internet. It reveals that 71 percent of participants (or 151 
participants) have been Internet users for more than eight years. About 10% of the sample, or 21 
people, had used the Internet for fewer than one year, while about 19%, or 40 people, had been doing 
so for five or more years. Results show that the majority of the sample group regularly uses the 
Internet. Table 3 shows summary of the demographics of the respondents. 

5.2 Common Method Bias and Multicollinearity Test
A behavioral study using cross-sectional survey data is prone to common method bias (CMB). Since 
there was no external verification of the data, we focused on CMB which might compromise the 
study's findings. We evaluated CMB using SPSS 23.0 and Harman's single-factor test. Principal axis 
factor (PAF) analysis was performed to determine the number of variables necessary to explain 
variance. The results of our test indicate that a single construct accounted for only 34.87 percent of the 
variance, which is much lower than the minimum value of 50 percent. The evaluation of CMB was 
conducted utilizing the variance inflation factor (VIF) data obtained from the comprehensive 
collinearity test (Table 4). The lower VIF values (< 3.3) indicated that this study is free from CMB 
risk. Also, VIF scores below 10 indicate that this study does not have multicollinearity.

5.3 Measurement Model
Construct reliability measurements include Cronbach's alpha, Dijkstra-rho Henseler's (A), and 
composite reliability. The results showed that each construct had reliability criterion values of 0.70 or 
above, proving internal reliability (Henseler et al., 2014; Henseler et al., 2009) (Table 5). Their 
loadings determined indicators reliability. Item loadings greater than 0.70 suggested a higher 
correlation between an item and its construct (Hair et al., 2012). Thus, loading should exceed 0.70. 
Table 5 shows reasonable loading values. The indication is reliable.

The average variance extracted (AVE) values were used to determine convergent validity. If the 
AVE values for all variables are more than 0.5, a data set demonstrates convergent validity (Fornell and 
Larcker, 1981). Table 5 demonstrates that the AVE values for all variables fall within an acceptable 
range. Convergent validity is therefore verified.

The heterotrait-monotrait ratio assessed discriminant validity. HTMT measures average 
indicator correlations across constructs. Henseler et al. (2014) recommended discriminant validity 
below 0.90. Table 6 shows heterotrait-monotrait ratios for all variables are below 0.90. This supports 
constructs' discriminant validity according to Henseler et al., (2014). Tables 5 and 6 show that 
variables are within the literature's range. We found convergent validity and good internal reliability.

In this table, the values of loading, Cronbach's alpha, rho-A, composite reliability and average 
variable extracted are mentioned which are calculated by using SmartPLS software.

In the above table HTMT ratio is shown which confirms the discriminant validity of this 
research. As all the values given in table 6 are less than 0.90 we can say that this research has 
discriminant validity.

By using the Fornell Larckar approach this report measure the convergent validity of the data. 
All AVE square roots are greater than their corresponding correlation coefficients, as seen in Table 7. 
The condition for Fornell Larckar approach is established in the table 7. So convergent validity is 
prevailed here.

5.4 Structural Model
After verifying the measuring model's psychometrics, this research studies the structural model. SEM 
determines path strength, importance, and insignificance. Structural evaluation follows measuring test 
rules. R-square assessed structural model fit. Path coefficients (Beta) and t-statistics were utilized to 
evaluate the study hypotheses individually. Bootstrapping with 5,000 re-samples determined path 
significance. The model explained 69.2% of behavioral adoption variance, according to R-square. Path 
coefficients need to be statistically significant at a p-value of at least 0.05 in order to confirm the 
relationships (Byrne, 2016). Table 8 displays structural model path, coefficients, t-statistics, p-value, 
and decision.

Table 8 shows that, at the 5% level of confidence, the results for H1 (p<0.05), H2 (p<0.05), H4 
(p<0.05), H5(p<0.05), and H6(p<0.05) are all significant. At the 5% level of significance, however, the 
path for H3 (p>0.05) lacks statistical significance. This suggests that trust, information quality, 
facilitating conditions, performance expectancy, and effort expectancy all have a big impact on how 
mobile government is adopted behaviorally. Social influence, however, has no effect on the adoption of 
mobile governance.

6. Discussion
Government agencies use mobile phones and other digital means to reach people and citizens to 
increase participation, knowledge, trust, and engagement. Government decision-makers have struggled 
to reach remote citizens with updated information. Sparse locations hinder socioeconomic progress in 
emerging countries. Mobile apps may help society's socioeconomic growth and government service 
delivery. The study shows that citizens across the nation are eager to utilize mobile apps for services 
offered by the government. In this paper, the researchers examined six parameters affecting mG-App 
use by the citizens. Five of six criteria influenced citizens' use of mobile government app. Trust, 
information quality, performance expectancy, facilitating conditions and effort expectancy affect mG-
App adoption in developing countries like Bangladesh. Reasons for the six conceptions' importance 
and non-significance are discussed in the followingsection.

The mG-confidence app is the best way to figure out how people will use new technology. 
Thus, consumers must enter personal and credit card information to use mG-Apps for private 
transactions. The mG-Apps are more likely to be trusted when they have up-to-date information and 
are easy to use. Implementing encryption measures to comply with stricter privacy regulations can 
increase trust in mG-Apps. The privacy policies and information of the mG-new App aim to promote 
user engagement. This proves that a lack of trust is one of the biggest reasons why people don't use 
new systems or technologies (Alalwan et al., 2017).

Consequently, performance expectancy is the second most important constructs in selecting 
mG-App. Citizens evaluate mG-App based on its functional utilities (performance expectancy). 

Demonstrating and publicizing significant features helps improve government online services. 
Furthermore, by introducing new and varied technical channels, the usefulness of government 
institutions can be expanded (Ghalandari, 2012). A study determined that people's openness to trying 
out new technologies is significantly influenced by their expectations of how well they will work 
(Alalwan et al., 2017).

Consequently, effort expectancy is a significant anticipator of users' desire to utilize mG-App. 
This research reveals that inhabitants of Bangladesh, even expats, prefer to execute financial activities 
and acquire information about government services via mobile applications that involve less effort and 
time than other traditional means. The majority of research using the UTAUT has discovered a 
statistically significant correlation between effort expectancy and behavioral adoption (Alalwan et al., 
2017). In contrast to earlier studies (Ahmad & Khalid, 2017), our study reveals that the correlation 
between social impact and behavioral adoption is minimal, suggesting that residents in Bangladesh are 
unlikely to advocate the usage of mG-Apps to their loved ones. In a study done in the Sultanate of 
Oman, Riffai, Grant, and Edgar (2012) found that social impact did not significantly predict behavioral 
adoption in the mobile banking environment. Furthermore, this conclusion aligns with earlier research 
conducted in several sectors of information systems (Alalwan et al., 2017). 

The results also show that supportive settings make it easier for people to change their behavior 
to use the mG-App.  Citizens emphasize available funds, specific skill sets, and amenities such as 
increased Internet access, secured mobile apps, and phones to access and employ mG-App for utilizing 
and accessing govt. services through mobile applications. Multiple further empirical research in the 
field of information systems provide evidence to support this idea (Ahmad & Khalid, 2017). 

The results conclusively demonstrated a robust and favorable relation between the quality of 
information and the intention to utilize the mG-App. This demonstrates the significance of factors such 
as relevant content, frequent updates, and comparable features in driving mG-app adoption. Individuals 
are more inclined to utilize mobile applications if they offer superior information. The findings align 
with previous research indicating the significance of information quality in influencing a user's 
adoption of new technology (Sharma et al., 2017).

7. Implications

7.1 Implications for Theory

Researchers and academics will find the result of this study useful. The model has extended the 
UTAUT framework by include information quality and trust in its explanation of users' acceptance of 
mG-Apps in an Asian environment. The UTAUT model is a well-known framework for analyzing how 
people respond to and adopt new technologies. These two new components can be used by other 
researchers when they work with the UTAUT theory. The statistical findings demonstrate that this 
study's research model can predict behavioral adoption toward mG-App. All measurement indices and 
structural models were within their allowed range. The UTAUT's R-square initially stood at 53% as 
anticipated, but rose to 69.2% upon the inclusion of more data. Therefore, the inclusion of additional 
components enhances the predictive capacity of the study model. This research is a valuable addition 
to the growing database of theory that pertains to the utilization of mobile government, e-government, 
and mobile application development. Second, the study's results supplement the literature about the 
usage of mobile devices for government functions. Furthermore, this research's results can be applied 
to advancing technological advancements in studies of adoption. This study looks at how popular 
government service apps are for mobile devices in a South Asian country like Bangladesh. It adds 
important results to the literature.

7.2 Implications for Practices
This study shows that information quality, effort expectancy, facilitating conditions, trust, performance 
expectancy are significantly related in the context of mG-Apps adoption. Thus, respected authorities 
should consider those concepts while developing citizen-centric mobile apps. Government agencies 
would utilize these findings to develop and implement similar projects in several areas. The results of 
this study are going to support Bangladeshi government agencies in the development of policies that 
effectively encourage the use of mG-Apps. The acceptability of mG-Apps is influenced by both 
performance expectancy and trust, and decision-makers can improve the quality of these apps by 
providing reliable and expedient services. Performance and effort expectancy also affect behavior. In 
other words, residents favor low-effort government service mobile apps. Therefore, it is advisable for 
government mobile app developers to minimize the complexity of app usage and exploration. 
Experienced users can also assist creating mobile apps. Surokkha, a nationwide platform, allows 
residents to register for Coronavirus immunizations, receive certificates, and store data. Government 
officials may add a mG-Apps feedback signal to Surokkha to include user input. The Bangladeshi 
government may also organize a PPP to encourage smart mobile app use. Facilitating factors also 
affect behavioral adoption. This suggests residents' value government-provided mobile access to 
government services. It is advisable for the government to periodically provide concise training 
programs on facility usage in public and commercial organizations across the country. The 
organization indicated above would provide information to potential and prospective clients regarding 
government services accessible on mobile devices, as well as update them on new and upcoming 
services.

The strong link between trust and how people plan to use mG-Apps shows that security and 
privacy are important to people when they use state services on smartphones and other tools. 
Programmers and system analysts should enhance the security of apps by implementing an additional 
safety mechanism to safeguard against mG-Apps. The Bangladeshi government's "Mobile Applications 
Secure Development Guidelines" ensures security and robustness. The quality of information that 
citizens receive has an impact on their behavioral intentions. This suggests that the government is 
expected to provide citizens with information on government services that is precise, accurate, 
meaningful, pertinent, complete, and timely. When information is linked to mobile transactions, 
timeliness and trust are even higher. Mobile app developers should adopt the One Web Approach to 
display the same content on all mobile devices. These mobile apps should have automated notifications 
for the latest modifications. Public and corporate institutions should ensure user data relevancy and 
timeliness. 
8. Conclusion, limitations and Future Research Directions
8.1 Conclusion
Within this work, we tried to identify the crucial elements impacting the behavioral adoption of 
Bangladeshi citizens to utilize the mG-App. In conclusion, the study gave a good understanding of the 
most important things. The findings indicated that positive behavioral intentions were influenced by 
factors including information quality, effort expectancy, facilitating factor, trust, and performance 
expectancy. When considering whether or not to use mG-App, these factors are crucial. There was no 
empirical support indicating that social influence had an impact on the intention to take action, 
implying that individuals in Bangladesh are resistant to the influence of recommendations when it 
comes to their utilization of the mG-App. Therefore, mG-App are strongly recommended for use by 
the people of Bangladesh. As another bonus, it has been found that user-friendly technology increases 
users' behavioral intentions. Government entities will benefit from the results of this investigation since 
they will provide appropriate tactics to encourage more people to get government services through 
mobile apps.

8.2 Limitations and Future Research Directions
Even though this study has made important contributions, it also has some problems. Firstly, this study 
only looks at the opinions of people in Bangladesh, hence the researcher recommended that the 
proposed study model should be implemented with caution in other Asian nations. Future research can 
be conducted to other country context to validate this model. Secondly, the data acquired for this study 
is limited to Dhaka city as the author is a student; financing to collect data across the country is a 
challenge. Future studies can be done by obtaining data from all over the country. Thirdly, because the 
bulk of the respondents were between the ages of 20 and 40, it was suggested that the proposed study 
model be tested with more balanced age group information. Fourthly, this study did not evaluate the 
influence of demographic variables as moderators. If that effect can be seen, the outcome could be 
more interesting. Finally, this study focuses on the initial adoption mG-App, future studies can assess 
the continuous usage intention of mG-app.
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Table 2.
Constructs with Corresponding Items

Construct

Performance
expectancy

Effort expectancy

Social influence

Measurement Items

l  MG-Apps help me save time and effort
l  MG-Apps are helpful, in my opinion
l  It's more easier and quicker for me to request 

services using mG-App.
l  The use of mG-App leads to greater output in 

terms of actual work done.

l  MG-Apps is easy to use and makes sense to me.
l  It wouldn't be hard for me to learn how to use 

mG-App.
l  I find it easy to operate mG-App.
l  I find it simple to learn how to use the mG-App.

l  The people who have the most say in my actions 
advise me to try out mG-App.

l  People that are significant to me believe that I 
should use mG-App.

l  The management of government agencies has 
been helpful in using mG-App.

Relevant Literature

Alalwan, Dwivedi &
Rana, (2017)

Alalwan et al., (2017),
Zhou (2012)

Ahmad & Khalid, (2017)
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ABSTRACT
Purpose: The objective of this study is to identify and analyze various factors 
that influence users' acceptance of mobile government applications (mG-Apps).
Methodology: This study has constructed a research model grounded on the 
Unified Theory of Acceptance and Use of Technology (UTAUT). Further, 
information quality and trust, two vital constructs, have been added to the 
UTAUT to enhance the predictability of the model. Data collected from a sample 
size of 212 from Bangladesh has been used to test the model.
Findings: We have employed the popular structural equation modeling (SEM) 
to assess the data. Our results suggest that the significant elements impacting 
users' acceptance of mG-Appsare performance expectancy, effort expectancy, 
facilitating conditions, information quality and trust. In contrast, social influence 
is identified as an insignificant predictor.
Practical Implications: This research will assist different government agencies, 
policymakers, and practitioners in the creation of timely and effective policies to 
develop and promote myriad mG-Apps to render services to the citizens.
Originality/Value: This research has offered an innovative framework to assess 
the acceptance of mG-apps by the citizens. This unique model has been 
constructed by expanding UTAUT with two key contextual constructs such as 
information quality and trust. We believe, this study will contribute to the extant 
body of theory surrounding the use of mobile government, e-government, and 
mobile applications development.
Limitations: This study only looks at the opinions of people in Bangladesh, 
hence the researchers recommend that the proposed study model should be 
validated by using data collected from other similar countries.

1. Introduction
Major developments in technology in recent years have significantly improved a number of mobile 
device features.Besides,most technology advancements in the telecommunications industry have made 
it possible to provide services to citizens more quickly (Biel, Grill, & Gruhn, 2010). Innovative 
hardware and software capabilities allow governmental and commercial organizations to provide 
mobile consumers a wide variety of services (Payne, 2013). Both private and public institutions have a 
significant chance to minimize the digital divide that exists between the general population and the 
government because of the proliferation of modern mobile devices such as smartphones, iPads, and
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other tablets that can run applications. For instance, after mobile applications for online payments were 
introduced, mobile device usage in African nations significantly increased from 50% to 58.4% (Al-
Azizi, Al-Badi, & Al-Zrafi, 2018). These data signify the need to use mobile apps to improve public 
services. 

Many government organizations in Bangladesh have begun to invest in and devote funds to 
projects that would leverage mobile applications to put their resources into action. Mobile applications 
provide a variety of internet-based services and are viewed as promising new markets for Bangladeshi 
government stakeholders to interact and communicate with one another. The mobile services are 
widely available and practical. People have the option to use mobile apps to conduct many types of 
transactions, such as financial or instructive ones. Apps for mobile devices allow users to pay bills, 
report violations, and communicate with authorities (Naqvi & Al-Shihi, 2014). However, research has 
shown that past government-run online programs have been either ineffective or had significant delays 
in being adopted, and the objectives of mGov adoption have not been met thus far (Gao, Krogstie, & 
Siau, 2014). For instance, in the context of underdeveloped countries, 35% of eGov programs were 
determined to be unsuccessful, only 15% of projects were successful, and 50% were only partially 
completed (Napitupulu & Sensuse, 2014).

There has been a rise in the quantity of government-related mobile apps recently since mobile 
communication technologies have developed. "Electronic government" (hereinafter referred to as 
"eGov") is defined as "the use of ICTs and their application by government to offer information and 
public services to the populace". Governments are increasingly employing contemporary methods to 
reconsider their services and offer online services to the public (Veeramootoo, Nunkoo, & Dwivedi, 
2018). On the other hand, the public tends to view the use of mobile apps for government services with 
doubt and distrust (Dwivedi et al., 2017). However, among the most crucial resources for mobile 
governance (mGov) is thought to be smartphone apps (Abdelghaffar & Magdy, 2012). Due to the 
portability of mobile devices and their ability to enable 24/7 Internet access, mobile applications are 
currently employed extensively across practically all corporate and government sectors (Al-Masaeed & 
Love, 2015). As a way to provide citizens with more convenient and timely services, mobile 
applications are increasingly being used by the government. Currently, many governments are 
developing mobile apps to provide vital services to their citizens, thus it's important to assess their 
acceptance (Rana & Dwivedi, 2015). The term "Mg-App" is used frequently in this study to refer to 
apps for government services on mobile devices. 

The prior research relating to mobile use for government services in Bangladesh is at nascent 
stage. Thus, this study aims to provide insights about various determinants of using mobile apps for 
government services and to propose strategies to enhance accessibility and convenience for users. 
Specifically, the goals of this research are to (i) determinethe predictorsand (ii) analyze those predictors 
of mG-Apps adoption in Bangladesh. We use structural Equation Modeling (SEM) approach to 
accomplish our research goals. The first objective is achieved by investigating the literature. The 
second objective is achieved by testing hypotheses.

In the first part of this report, the introduction is written where the whole summary of this 
report is included. The remaining portions of this article are constructed as follows: literature review is 
presented in Chapter 2 which includes both table of important literature and description of other 
literature. In chapter 3, theoretical framework of this report is written which includes description of 
theory, model of this research and construct and hypothesis of that model. Analyzing the data and 
drawing conclusions is covered in the fifth chapter. Chapter six covers the discussion of the analysis. 
Research implications are narrated in Chapter 7. Finally, chapter 8 presents the final thoughts, caveats, 
and directions for future study.

2. Literature Review
2.1 An Overview of Government Services Available Online in Bangladesh
The notion of mobile government is taken from Electronic government. E-government is a system that 
enables cooperation between the government, its citizens, and its several departments. The primary 
goal of E-Gov is to provide government stakeholders with efficient and cost-effective services (Al-
Azizi et al., 2018). The concept of e-Bangladesh was formed in 2002 to administer e-Gov 
infrastructure and technology projects for residents, according to Sadik Hasan (2003). Bangladesh's 
ranking for technological usage has improved since 2002, according to a 2014 UN study (United 
Nations, 2014). Bangladesh is ready for e-Gov, according to this ranking. However, many in 
Bangladesh are unwilling to adopt new technologies. This stops the public from collecting government 
benefits. The Bangladeshi government wants to provide efficient and engaging services. Bangladesh's 
imperative for enhanced telecommunications infrastructure is a primary concern. Government bodies 
have recently created improvement in mobile services.

2.2 Adoption of mobile government
In recent years, several studies have looked into how m-Gov is being used (e.g., Liu et al., 2014; 
Ahmad & Khalid, 2017).  A research project carried out by Shareef et al. (2012) wanted to understand 
citizens' willingness to use m-Gov services. Their research technique for mobile government 
acceptance varies from the government website. Liang et al. (2017) employed the basement theory 
framework to evaluate the adoption of e-Gov cloud technology in China they found organizational, 
technological, and cloud trust factors drove e-Gov cloud service uptake. Liu et al. (2014) researched 
m-Gov adoption in the countryside of China and found TAM components and honesty determined m-
Gov acceptability. Ahmad and Khalid (2017) performed study in the UAE and found that, in addition 
to TAM components, cost, trust, social impact, service variety, and demographic characteristics 
influenced consumers' behavior toward mobile government services. Table 1 shows review of some 
relevant literature.  

2.3 Mobile Government Applications
Most people will use mobile apps for government services if they trust them and think they will work 
well (Sharma, et al., 2018). In their study they used a structural equation model and a neural network 
model. Besides in the UTAUT model, two additional constructs were included in their research. 
Information and trust are these two concepts. According to a survey of UAE nationals, social influence 
and trust are not negatively correlated with end users' willingness to utilize apps for government 
services on mobile devices (Sharma, et al., 2018). Researchers have shown that mobile government 
makes it simpler for people to access government services (Almarashdeh, 2018). Researchers employ 
the structural equation modeling technique to demonstrate this. To verify this theory, many hypotheses 
are developed and investigated. 

From what we've talked about so far, I think there is a gap in the literature about how mobile 
applications are used in government services. I can't find any direct report regarding this issue. In some 
literature, some parts of this topic are discussed only. Like in the literature, there is a discussion about 
the adoption of mobile applications for other countries but there is no article indicating that mobile 
applications have been adopted in Bangladesh for the provision of government services. Consequently, 
a study is currently being conducted to identify the elements that impact individuals' choices to utilize 
mobile applications for accessing government services. A model was created as part of this study to 
elucidate the factors driving the utilization of mobile government services in Bangladesh.

3.Theory, Model and Hypotheses
3.1 Theory and Proposed Model
We have used the popular UTAUT model which is widely used to assess any emerging technology 
adoption from users' perspective. Information systems(IS) research uses UTAUT, a model based on 
eight technology adoption models and the model analyzes human behavior and technology intent 
(Venkatesh, Morris, Davis, & Davis, 2003). By contrasting eight widely accepted frameworks for 
identifying how individuals respond to new technologies, Venkatesh et al. (2003) developed an 
extensive model that integrates the insights of all of them. The UTAUT concept was developed for the 
express purpose of new technology adoption. Numerous studies suggested that UTAUT could be used 
to study IS acceptance and success in emerging nations (Gupta, Dasgupta, & Gupta, 2008). Our 
research is based on this model since it is unified and best represents other technology acceptance 

models. Performance expectancy, effort expectancy, social influence, and facilitating factors make up 
the UTAUT model. 

In addition, we have incorporated two relevant contextual constructs such as trust and 
information quality with the existing UTAUT, which has enhanced the predictive capacity of the 
model. Government mobile applications are not fully captured by the UTAUT's constructs only. 
Government IS services require trust (Hung, Chang, & Kuo, 2013). For this we include trust in our 
research. In order for eGov services, such as mGov, to be successful, government agencies must 
effectively share pertinent information with commercial, public, and municipal organizations, as well 
as the general public (Dwivedi et al., 2017). Numerous studies have investigated the trust and risk 
involved in online (e.g. Luo, Li, Zhang, & Shim, 2010; Alalwan, Dwivedi, Rana, & Simintiras, 2016). 
We have no knowledge of any research that particularly examine the impact of trust and perceived 
threat on the acceptance of government-issued mobile apps. Trust has been recognized as a significant 
exogenous variable in this study on mGov. Besides to spread mobile government, information quality 
plays an important role. For this we include information quality as one of the constructs.

Figure 1 represents the research model that is founded on what we've talked about so far. It is 
thought that UTAUT constructs, as well as trust and the quality of information, are what make people 
use mobile apps for government services.

Figure 1.
Proposed Research Model.
Source: Authors Developed.

3.2 Constructs and Hypothesis
3.2.1 Performance Expectancy
Performance expectancy is approximately how much does a person expects new technology to 
improve their work performance (Venkatesh et al., 2003). As predicted by the UTAUT model, research, 
performance expectancy predicts behavioral intention in order to use cutting-edge technical knowledge 
(Alalwan, Dwivedi, & Rana, 2017). We hypothesize that performance expectancy affects mG-App 
users' behavior intentions. If they want government services on demand, the citizens of Bangladesh 
must use smartphone apps. Alalwan et al. (2017) validated that expectancy of performance affect 
Middle Eastern mobile technology adoption. Thus, we hypothesize:

H1. Performance expectancy and intention to use mGApp are positively related.

3.2.2 Effort Expectancy
Effort expectancy" is a person's estimate of the mental and physical effort required to use a system or 
technology (Venkatesh et al., 2003). Time and effort spent learning a new information system affecting 
usage intentions is suggested by the UTAUT model. Technology adoption studies (e.g. Alalwan et al., 
2017; Hanafizadeh et al., 2014) show that effort expectancy strongly influences behavior. Al-Busaidi 
(2012) noted that users are less likely to use complex information systems. The widely used TAM 
(Davis, 1989) acceptance model states that consumers will adopt modern technology when this is easy 
to use and doesn't require more work. mG-Apps, which require expertise and effort, may affect 
behavioral adoption to use mobile apps. Thus, this study hypothesizes: 
H2. Effort expectancy and intention to use mG-App are positively related.

3.2.3 Social Influence
When consumers are unfamiliar with new services, reference groups may influence their adoption (e.g. 
Ahmad & Khalid, 2017; Venkatesh et al., 2012). Social effect refers to the degree to which individuals 
think that their relatives, friends, coworkers, and other close acquaintances anticipate them to utilize a 
certain technology (Venkatesh et al., 2012). Social influence determines mobile commerce adoption, 
according to Chong (2013). According to Leong and et al., (2013), in Oman, social influence may 
affect mGApp use. According to prior research, social influence may alter behavioral adoption 
(Alalwan et al., 2017). Thus, our hypothesis:
H3. Social influence is positively related to the acceptance of mG-App.

3.2.4 Facilitatin Gconditions
The term "facilitating condition" refers to the extent how an individual views the presence of an 
administrative and technological infrastructure that enables the effective utilization of government 
services (Venkatesh et al., 2003). Users of the MG-App express concerns regarding the ability to 
access links and the speed at which data may be uploaded and downloaded. According to Lewis, 
Fretwell, Ryan, and Parham (2013), people who use new technologies require assistance. Consumers 
are reluctant to adopt new technologies when support structures are weak (Hew, Lee, Ooi, & Wei, 
2015). In his study of consumer behavior in mobile commerce, Chong (2013) demonstrated the impact 
of favorable conditions. Indicators, such as the ones mentioned above, highlight the significance of 
favorable conditions for the adoption of mG-App. Multiple recent IS studies (Ahmad & Khalid, 2017; 
Alalwan et al., 2015) find that enabling factors are the primary influence on behavioral intention. Thus, 
our theories are:
H4. Facilitating conditions and intention to accept mG-App are positively connected.

3.2.5 Trust
Research on the diffusion of technical breakthroughs suggests that people's seeming lack of confidence 
in it can lead to their reluctance to adopt and utilize it. Evaluating the viewpoints of each individual on 
new technology; the way people behave and the degree of trust they have in you can significantly 
impact their willingness to employ advanced technology (Venkatesh, Thong, Chan, Hu, & Brown, 
2011). Trust was found as a significant predictor of information system adoption in multiple research 
investigations. Bangladesh recently adopted mGApps, where individuals prefer to physically access 
services provided by the government. They would rather communicate face-to-face encounters and 
continue manually after service or information requests. If service requests are unclear or unreliable, 
mobile apps may be avoided. Thus, to provide information, consumers must have the trust to use 
mobile apps to transact (Montazemi & Saremi, 2013). This study examines whether respondents are 

willing to trust mG-Apps. If respondents trust mG-Apps, their behavior will improve. For this we 
suggest the following theory:
H5. Trust has a positive effect on individual's behavioral adoption to use mG-App.

3.2.6 Information quality
The concept of information quality is established and described by Delone and McLean (1992, 2003) 
as a system's completeness, timeliness, correctness, and relevance. Inaccurate and irrelevant 
government service information will harm users' behavior. Researchers (Al-Busaidi & Al-Shihi, 2012; 
Sharma, Gaur, Saddikuti, & Rastogi, 2017) have found that the acceptability of recent advancements in 
informational technology is influenced by the presence of high-quality content. According to Tam and 
Oliveira (2016), information quality affects mobile technology use. We hypothesize that information 
quality influences Bangladeshi acceptance of mG-App:
H6. Information quality and intention to accept mG-App are positively related.

4. Methodology
4.1 Variables and Measurement
Based on extant literature, a survey instrument was created. This questionnaire has 23 questions. The 
questionnaire has two parts. Name, age, and other demographic questions are asked initially. 23 close-
ended questions measure this model's 7 constructs in the second section. Items measuring the 
constructs were derived from the literature and adapted to the context of the study. Except for the 
controls, a five-point Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree) was used to 
assess all other critical constructs. The methods used to measure the control variables were based on 
the previous research (Ilmudeen and Bao, 2018). Pre-testing improved measuring item clarity, 
uniformity, and comprehensibility. 30 volunteers participated in a pilot test. Following the pilot test, we 
made adjustments to the research questions.Table 2 shows constructs, measurement items and sources.

4.2 Data Collection Procedure and Sample

212 adult mobile government service users provided data.The authors aimed to get different mobile 
app users to answer the questionnaire. Electronic and hard-copy surveys were distributed. Convenience 
sampling was used to obtain data as it is very easy and less costly for the authors. The Structure 
Equation Model requires 200 responders, according to the literature. For collecting data, we developed 
an online questionnaire using google form and shared indifferent online platforms such as Facebook, 
WhatsApp, and LinkedIn. We also distributed printed version of questionnaire to different citizens who 
showed willingness to provide answers. This procedure yielded 250 data. After data cleansing, 212 
surveys were analyzed.

4.3 Non-Response Bias

The independent t-test was used to compare all of the constructs. From the results of the test, we found 
no statistically significant differences. The chi-squared test for independence was used to double-check 
these findings, and it revealed no statistically significant deviations. This study's data set, thus, was 
deemed to be free of non-response bias.

4.4. Data Analysis

At first stage, we perform some basic analysis. The constructs' validity and reliability, the model's 
predictive value, and the total variance explained were then evaluated using SEM. The SEM approach 
was chosen because it allows researchers to examine the relationships between all of the constructs 
simultaneously. Because of its emphasis on theory construction and discovery rather than model 
verification, SEM is also a more appropriate method for this study. SEM cannot, however, explore the 
non-linear interactions between the components, which could lead to a simplified analysis of the 
complicated decision-making process itself. We have generated six hypotheses for employing SEM, 
and by applying the findings from these hypotheses, we may achieve our research goals.The SEM 
result satisfies both objectives 1 and 2. SEM is therefore the ideal method for our study.

5. Analysis
5.1 Demographics Description
There were a total of 212 participants in this study, with females accounting for 51% (or 108 
participants) and males for 49% (or 104 participants). Ninety percent of the respondents in this study 
are under the age of thirty, making up 191 of the total sample size. The majority of those in the sample 
(67%) have at least a bachelor's degree, with another 19% holding a master's or doctorate, and the 
remaining 14% holding only a secondary school diploma. The study sample is also representative of 
Internet users with regard to their past week's usage frequency. It shows how long people spend online. 
About 38% (or 81 respondents) spent 0-1 hours online, about 24% (or 51 respondents) spent 6-10 
hours, and about 37% (or 80 respondents) spent > 11 hours online. Furthermore, the sample also 
reveals the user's past behavior on the Internet. It reveals that 71 percent of participants (or 151 
participants) have been Internet users for more than eight years. About 10% of the sample, or 21 
people, had used the Internet for fewer than one year, while about 19%, or 40 people, had been doing 
so for five or more years. Results show that the majority of the sample group regularly uses the 
Internet. Table 3 shows summary of the demographics of the respondents. 

5.2 Common Method Bias and Multicollinearity Test
A behavioral study using cross-sectional survey data is prone to common method bias (CMB). Since 
there was no external verification of the data, we focused on CMB which might compromise the 
study's findings. We evaluated CMB using SPSS 23.0 and Harman's single-factor test. Principal axis 
factor (PAF) analysis was performed to determine the number of variables necessary to explain 
variance. The results of our test indicate that a single construct accounted for only 34.87 percent of the 
variance, which is much lower than the minimum value of 50 percent. The evaluation of CMB was 
conducted utilizing the variance inflation factor (VIF) data obtained from the comprehensive 
collinearity test (Table 4). The lower VIF values (< 3.3) indicated that this study is free from CMB 
risk. Also, VIF scores below 10 indicate that this study does not have multicollinearity.

5.3 Measurement Model
Construct reliability measurements include Cronbach's alpha, Dijkstra-rho Henseler's (A), and 
composite reliability. The results showed that each construct had reliability criterion values of 0.70 or 
above, proving internal reliability (Henseler et al., 2014; Henseler et al., 2009) (Table 5). Their 
loadings determined indicators reliability. Item loadings greater than 0.70 suggested a higher 
correlation between an item and its construct (Hair et al., 2012). Thus, loading should exceed 0.70. 
Table 5 shows reasonable loading values. The indication is reliable.

The average variance extracted (AVE) values were used to determine convergent validity. If the 
AVE values for all variables are more than 0.5, a data set demonstrates convergent validity (Fornell and 
Larcker, 1981). Table 5 demonstrates that the AVE values for all variables fall within an acceptable 
range. Convergent validity is therefore verified.

The heterotrait-monotrait ratio assessed discriminant validity. HTMT measures average 
indicator correlations across constructs. Henseler et al. (2014) recommended discriminant validity 
below 0.90. Table 6 shows heterotrait-monotrait ratios for all variables are below 0.90. This supports 
constructs' discriminant validity according to Henseler et al., (2014). Tables 5 and 6 show that 
variables are within the literature's range. We found convergent validity and good internal reliability.

In this table, the values of loading, Cronbach's alpha, rho-A, composite reliability and average 
variable extracted are mentioned which are calculated by using SmartPLS software.

In the above table HTMT ratio is shown which confirms the discriminant validity of this 
research. As all the values given in table 6 are less than 0.90 we can say that this research has 
discriminant validity.

By using the Fornell Larckar approach this report measure the convergent validity of the data. 
All AVE square roots are greater than their corresponding correlation coefficients, as seen in Table 7. 
The condition for Fornell Larckar approach is established in the table 7. So convergent validity is 
prevailed here.

5.4 Structural Model
After verifying the measuring model's psychometrics, this research studies the structural model. SEM 
determines path strength, importance, and insignificance. Structural evaluation follows measuring test 
rules. R-square assessed structural model fit. Path coefficients (Beta) and t-statistics were utilized to 
evaluate the study hypotheses individually. Bootstrapping with 5,000 re-samples determined path 
significance. The model explained 69.2% of behavioral adoption variance, according to R-square. Path 
coefficients need to be statistically significant at a p-value of at least 0.05 in order to confirm the 
relationships (Byrne, 2016). Table 8 displays structural model path, coefficients, t-statistics, p-value, 
and decision.

Table 8 shows that, at the 5% level of confidence, the results for H1 (p<0.05), H2 (p<0.05), H4 
(p<0.05), H5(p<0.05), and H6(p<0.05) are all significant. At the 5% level of significance, however, the 
path for H3 (p>0.05) lacks statistical significance. This suggests that trust, information quality, 
facilitating conditions, performance expectancy, and effort expectancy all have a big impact on how 
mobile government is adopted behaviorally. Social influence, however, has no effect on the adoption of 
mobile governance.

6. Discussion
Government agencies use mobile phones and other digital means to reach people and citizens to 
increase participation, knowledge, trust, and engagement. Government decision-makers have struggled 
to reach remote citizens with updated information. Sparse locations hinder socioeconomic progress in 
emerging countries. Mobile apps may help society's socioeconomic growth and government service 
delivery. The study shows that citizens across the nation are eager to utilize mobile apps for services 
offered by the government. In this paper, the researchers examined six parameters affecting mG-App 
use by the citizens. Five of six criteria influenced citizens' use of mobile government app. Trust, 
information quality, performance expectancy, facilitating conditions and effort expectancy affect mG-
App adoption in developing countries like Bangladesh. Reasons for the six conceptions' importance 
and non-significance are discussed in the followingsection.

The mG-confidence app is the best way to figure out how people will use new technology. 
Thus, consumers must enter personal and credit card information to use mG-Apps for private 
transactions. The mG-Apps are more likely to be trusted when they have up-to-date information and 
are easy to use. Implementing encryption measures to comply with stricter privacy regulations can 
increase trust in mG-Apps. The privacy policies and information of the mG-new App aim to promote 
user engagement. This proves that a lack of trust is one of the biggest reasons why people don't use 
new systems or technologies (Alalwan et al., 2017).

Consequently, performance expectancy is the second most important constructs in selecting 
mG-App. Citizens evaluate mG-App based on its functional utilities (performance expectancy). 

Demonstrating and publicizing significant features helps improve government online services. 
Furthermore, by introducing new and varied technical channels, the usefulness of government 
institutions can be expanded (Ghalandari, 2012). A study determined that people's openness to trying 
out new technologies is significantly influenced by their expectations of how well they will work 
(Alalwan et al., 2017).

Consequently, effort expectancy is a significant anticipator of users' desire to utilize mG-App. 
This research reveals that inhabitants of Bangladesh, even expats, prefer to execute financial activities 
and acquire information about government services via mobile applications that involve less effort and 
time than other traditional means. The majority of research using the UTAUT has discovered a 
statistically significant correlation between effort expectancy and behavioral adoption (Alalwan et al., 
2017). In contrast to earlier studies (Ahmad & Khalid, 2017), our study reveals that the correlation 
between social impact and behavioral adoption is minimal, suggesting that residents in Bangladesh are 
unlikely to advocate the usage of mG-Apps to their loved ones. In a study done in the Sultanate of 
Oman, Riffai, Grant, and Edgar (2012) found that social impact did not significantly predict behavioral 
adoption in the mobile banking environment. Furthermore, this conclusion aligns with earlier research 
conducted in several sectors of information systems (Alalwan et al., 2017). 

The results also show that supportive settings make it easier for people to change their behavior 
to use the mG-App.  Citizens emphasize available funds, specific skill sets, and amenities such as 
increased Internet access, secured mobile apps, and phones to access and employ mG-App for utilizing 
and accessing govt. services through mobile applications. Multiple further empirical research in the 
field of information systems provide evidence to support this idea (Ahmad & Khalid, 2017). 

The results conclusively demonstrated a robust and favorable relation between the quality of 
information and the intention to utilize the mG-App. This demonstrates the significance of factors such 
as relevant content, frequent updates, and comparable features in driving mG-app adoption. Individuals 
are more inclined to utilize mobile applications if they offer superior information. The findings align 
with previous research indicating the significance of information quality in influencing a user's 
adoption of new technology (Sharma et al., 2017).

7. Implications

7.1 Implications for Theory

Researchers and academics will find the result of this study useful. The model has extended the 
UTAUT framework by include information quality and trust in its explanation of users' acceptance of 
mG-Apps in an Asian environment. The UTAUT model is a well-known framework for analyzing how 
people respond to and adopt new technologies. These two new components can be used by other 
researchers when they work with the UTAUT theory. The statistical findings demonstrate that this 
study's research model can predict behavioral adoption toward mG-App. All measurement indices and 
structural models were within their allowed range. The UTAUT's R-square initially stood at 53% as 
anticipated, but rose to 69.2% upon the inclusion of more data. Therefore, the inclusion of additional 
components enhances the predictive capacity of the study model. This research is a valuable addition 
to the growing database of theory that pertains to the utilization of mobile government, e-government, 
and mobile application development. Second, the study's results supplement the literature about the 
usage of mobile devices for government functions. Furthermore, this research's results can be applied 
to advancing technological advancements in studies of adoption. This study looks at how popular 
government service apps are for mobile devices in a South Asian country like Bangladesh. It adds 
important results to the literature.

7.2 Implications for Practices
This study shows that information quality, effort expectancy, facilitating conditions, trust, performance 
expectancy are significantly related in the context of mG-Apps adoption. Thus, respected authorities 
should consider those concepts while developing citizen-centric mobile apps. Government agencies 
would utilize these findings to develop and implement similar projects in several areas. The results of 
this study are going to support Bangladeshi government agencies in the development of policies that 
effectively encourage the use of mG-Apps. The acceptability of mG-Apps is influenced by both 
performance expectancy and trust, and decision-makers can improve the quality of these apps by 
providing reliable and expedient services. Performance and effort expectancy also affect behavior. In 
other words, residents favor low-effort government service mobile apps. Therefore, it is advisable for 
government mobile app developers to minimize the complexity of app usage and exploration. 
Experienced users can also assist creating mobile apps. Surokkha, a nationwide platform, allows 
residents to register for Coronavirus immunizations, receive certificates, and store data. Government 
officials may add a mG-Apps feedback signal to Surokkha to include user input. The Bangladeshi 
government may also organize a PPP to encourage smart mobile app use. Facilitating factors also 
affect behavioral adoption. This suggests residents' value government-provided mobile access to 
government services. It is advisable for the government to periodically provide concise training 
programs on facility usage in public and commercial organizations across the country. The 
organization indicated above would provide information to potential and prospective clients regarding 
government services accessible on mobile devices, as well as update them on new and upcoming 
services.

The strong link between trust and how people plan to use mG-Apps shows that security and 
privacy are important to people when they use state services on smartphones and other tools. 
Programmers and system analysts should enhance the security of apps by implementing an additional 
safety mechanism to safeguard against mG-Apps. The Bangladeshi government's "Mobile Applications 
Secure Development Guidelines" ensures security and robustness. The quality of information that 
citizens receive has an impact on their behavioral intentions. This suggests that the government is 
expected to provide citizens with information on government services that is precise, accurate, 
meaningful, pertinent, complete, and timely. When information is linked to mobile transactions, 
timeliness and trust are even higher. Mobile app developers should adopt the One Web Approach to 
display the same content on all mobile devices. These mobile apps should have automated notifications 
for the latest modifications. Public and corporate institutions should ensure user data relevancy and 
timeliness. 
8. Conclusion, limitations and Future Research Directions
8.1 Conclusion
Within this work, we tried to identify the crucial elements impacting the behavioral adoption of 
Bangladeshi citizens to utilize the mG-App. In conclusion, the study gave a good understanding of the 
most important things. The findings indicated that positive behavioral intentions were influenced by 
factors including information quality, effort expectancy, facilitating factor, trust, and performance 
expectancy. When considering whether or not to use mG-App, these factors are crucial. There was no 
empirical support indicating that social influence had an impact on the intention to take action, 
implying that individuals in Bangladesh are resistant to the influence of recommendations when it 
comes to their utilization of the mG-App. Therefore, mG-App are strongly recommended for use by 
the people of Bangladesh. As another bonus, it has been found that user-friendly technology increases 
users' behavioral intentions. Government entities will benefit from the results of this investigation since 
they will provide appropriate tactics to encourage more people to get government services through 
mobile apps.

8.2 Limitations and Future Research Directions
Even though this study has made important contributions, it also has some problems. Firstly, this study 
only looks at the opinions of people in Bangladesh, hence the researcher recommended that the 
proposed study model should be implemented with caution in other Asian nations. Future research can 
be conducted to other country context to validate this model. Secondly, the data acquired for this study 
is limited to Dhaka city as the author is a student; financing to collect data across the country is a 
challenge. Future studies can be done by obtaining data from all over the country. Thirdly, because the 
bulk of the respondents were between the ages of 20 and 40, it was suggested that the proposed study 
model be tested with more balanced age group information. Fourthly, this study did not evaluate the 
influence of demographic variables as moderators. If that effect can be seen, the outcome could be 
more interesting. Finally, this study focuses on the initial adoption mG-App, future studies can assess 
the continuous usage intention of mG-app.
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Facilitating
Conditions

Trust

Information
Quality

Behavioral
Intention

l  I have the tools I need to use mG-App.
l  I know enough about mG-App to be able to use 

it.
l  If I am having trouble with the mG-App, a certain 

person or people are here to help me.

l  MG-Apps ensures secure transactions.
l  The privacy of mG-App users is highly 

safeguarded.
l  All mobile transactions can be trusted in mG-

App.

l  Information obtained from mG-App is current.
l  The data presented by mG-App is accurate.
l  Information obtained from mG-App is relevant.

l  I'm going to continue using mG-App over the 
upcoming few months.

l  I intend to use the mG- App in the next  months.
l  I plan to use the mG-App within the next month.

Ahmad & Khalid, (2017)

Venkatesh, Thong, Chan, Hu, 
& Brown, (2011)

Al-Busaidi & Al-Shihi, 
(2012)

Ahmad & Khalid, (2017)
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The Acceptance of Mobile Applications for Government Services (MG- App): 
A Study From Users' Perspective
Monisha Akter Meem1 & Dr. Abul Khayer2*

ABSTRACT
Purpose: The objective of this study is to identify and analyze various factors 
that influence users' acceptance of mobile government applications (mG-Apps).
Methodology: This study has constructed a research model grounded on the 
Unified Theory of Acceptance and Use of Technology (UTAUT). Further, 
information quality and trust, two vital constructs, have been added to the 
UTAUT to enhance the predictability of the model. Data collected from a sample 
size of 212 from Bangladesh has been used to test the model.
Findings: We have employed the popular structural equation modeling (SEM) 
to assess the data. Our results suggest that the significant elements impacting 
users' acceptance of mG-Appsare performance expectancy, effort expectancy, 
facilitating conditions, information quality and trust. In contrast, social influence 
is identified as an insignificant predictor.
Practical Implications: This research will assist different government agencies, 
policymakers, and practitioners in the creation of timely and effective policies to 
develop and promote myriad mG-Apps to render services to the citizens.
Originality/Value: This research has offered an innovative framework to assess 
the acceptance of mG-apps by the citizens. This unique model has been 
constructed by expanding UTAUT with two key contextual constructs such as 
information quality and trust. We believe, this study will contribute to the extant 
body of theory surrounding the use of mobile government, e-government, and 
mobile applications development.
Limitations: This study only looks at the opinions of people in Bangladesh, 
hence the researchers recommend that the proposed study model should be 
validated by using data collected from other similar countries.

1. Introduction
Major developments in technology in recent years have significantly improved a number of mobile 
device features.Besides,most technology advancements in the telecommunications industry have made 
it possible to provide services to citizens more quickly (Biel, Grill, & Gruhn, 2010). Innovative 
hardware and software capabilities allow governmental and commercial organizations to provide 
mobile consumers a wide variety of services (Payne, 2013). Both private and public institutions have a 
significant chance to minimize the digital divide that exists between the general population and the 
government because of the proliferation of modern mobile devices such as smartphones, iPads, and
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other tablets that can run applications. For instance, after mobile applications for online payments were 
introduced, mobile device usage in African nations significantly increased from 50% to 58.4% (Al-
Azizi, Al-Badi, & Al-Zrafi, 2018). These data signify the need to use mobile apps to improve public 
services. 

Many government organizations in Bangladesh have begun to invest in and devote funds to 
projects that would leverage mobile applications to put their resources into action. Mobile applications 
provide a variety of internet-based services and are viewed as promising new markets for Bangladeshi 
government stakeholders to interact and communicate with one another. The mobile services are 
widely available and practical. People have the option to use mobile apps to conduct many types of 
transactions, such as financial or instructive ones. Apps for mobile devices allow users to pay bills, 
report violations, and communicate with authorities (Naqvi & Al-Shihi, 2014). However, research has 
shown that past government-run online programs have been either ineffective or had significant delays 
in being adopted, and the objectives of mGov adoption have not been met thus far (Gao, Krogstie, & 
Siau, 2014). For instance, in the context of underdeveloped countries, 35% of eGov programs were 
determined to be unsuccessful, only 15% of projects were successful, and 50% were only partially 
completed (Napitupulu & Sensuse, 2014).

There has been a rise in the quantity of government-related mobile apps recently since mobile 
communication technologies have developed. "Electronic government" (hereinafter referred to as 
"eGov") is defined as "the use of ICTs and their application by government to offer information and 
public services to the populace". Governments are increasingly employing contemporary methods to 
reconsider their services and offer online services to the public (Veeramootoo, Nunkoo, & Dwivedi, 
2018). On the other hand, the public tends to view the use of mobile apps for government services with 
doubt and distrust (Dwivedi et al., 2017). However, among the most crucial resources for mobile 
governance (mGov) is thought to be smartphone apps (Abdelghaffar & Magdy, 2012). Due to the 
portability of mobile devices and their ability to enable 24/7 Internet access, mobile applications are 
currently employed extensively across practically all corporate and government sectors (Al-Masaeed & 
Love, 2015). As a way to provide citizens with more convenient and timely services, mobile 
applications are increasingly being used by the government. Currently, many governments are 
developing mobile apps to provide vital services to their citizens, thus it's important to assess their 
acceptance (Rana & Dwivedi, 2015). The term "Mg-App" is used frequently in this study to refer to 
apps for government services on mobile devices. 

The prior research relating to mobile use for government services in Bangladesh is at nascent 
stage. Thus, this study aims to provide insights about various determinants of using mobile apps for 
government services and to propose strategies to enhance accessibility and convenience for users. 
Specifically, the goals of this research are to (i) determinethe predictorsand (ii) analyze those predictors 
of mG-Apps adoption in Bangladesh. We use structural Equation Modeling (SEM) approach to 
accomplish our research goals. The first objective is achieved by investigating the literature. The 
second objective is achieved by testing hypotheses.

In the first part of this report, the introduction is written where the whole summary of this 
report is included. The remaining portions of this article are constructed as follows: literature review is 
presented in Chapter 2 which includes both table of important literature and description of other 
literature. In chapter 3, theoretical framework of this report is written which includes description of 
theory, model of this research and construct and hypothesis of that model. Analyzing the data and 
drawing conclusions is covered in the fifth chapter. Chapter six covers the discussion of the analysis. 
Research implications are narrated in Chapter 7. Finally, chapter 8 presents the final thoughts, caveats, 
and directions for future study.

2. Literature Review
2.1 An Overview of Government Services Available Online in Bangladesh
The notion of mobile government is taken from Electronic government. E-government is a system that 
enables cooperation between the government, its citizens, and its several departments. The primary 
goal of E-Gov is to provide government stakeholders with efficient and cost-effective services (Al-
Azizi et al., 2018). The concept of e-Bangladesh was formed in 2002 to administer e-Gov 
infrastructure and technology projects for residents, according to Sadik Hasan (2003). Bangladesh's 
ranking for technological usage has improved since 2002, according to a 2014 UN study (United 
Nations, 2014). Bangladesh is ready for e-Gov, according to this ranking. However, many in 
Bangladesh are unwilling to adopt new technologies. This stops the public from collecting government 
benefits. The Bangladeshi government wants to provide efficient and engaging services. Bangladesh's 
imperative for enhanced telecommunications infrastructure is a primary concern. Government bodies 
have recently created improvement in mobile services.

2.2 Adoption of mobile government
In recent years, several studies have looked into how m-Gov is being used (e.g., Liu et al., 2014; 
Ahmad & Khalid, 2017).  A research project carried out by Shareef et al. (2012) wanted to understand 
citizens' willingness to use m-Gov services. Their research technique for mobile government 
acceptance varies from the government website. Liang et al. (2017) employed the basement theory 
framework to evaluate the adoption of e-Gov cloud technology in China they found organizational, 
technological, and cloud trust factors drove e-Gov cloud service uptake. Liu et al. (2014) researched 
m-Gov adoption in the countryside of China and found TAM components and honesty determined m-
Gov acceptability. Ahmad and Khalid (2017) performed study in the UAE and found that, in addition 
to TAM components, cost, trust, social impact, service variety, and demographic characteristics 
influenced consumers' behavior toward mobile government services. Table 1 shows review of some 
relevant literature.  

2.3 Mobile Government Applications
Most people will use mobile apps for government services if they trust them and think they will work 
well (Sharma, et al., 2018). In their study they used a structural equation model and a neural network 
model. Besides in the UTAUT model, two additional constructs were included in their research. 
Information and trust are these two concepts. According to a survey of UAE nationals, social influence 
and trust are not negatively correlated with end users' willingness to utilize apps for government 
services on mobile devices (Sharma, et al., 2018). Researchers have shown that mobile government 
makes it simpler for people to access government services (Almarashdeh, 2018). Researchers employ 
the structural equation modeling technique to demonstrate this. To verify this theory, many hypotheses 
are developed and investigated. 

From what we've talked about so far, I think there is a gap in the literature about how mobile 
applications are used in government services. I can't find any direct report regarding this issue. In some 
literature, some parts of this topic are discussed only. Like in the literature, there is a discussion about 
the adoption of mobile applications for other countries but there is no article indicating that mobile 
applications have been adopted in Bangladesh for the provision of government services. Consequently, 
a study is currently being conducted to identify the elements that impact individuals' choices to utilize 
mobile applications for accessing government services. A model was created as part of this study to 
elucidate the factors driving the utilization of mobile government services in Bangladesh.

3.Theory, Model and Hypotheses
3.1 Theory and Proposed Model
We have used the popular UTAUT model which is widely used to assess any emerging technology 
adoption from users' perspective. Information systems(IS) research uses UTAUT, a model based on 
eight technology adoption models and the model analyzes human behavior and technology intent 
(Venkatesh, Morris, Davis, & Davis, 2003). By contrasting eight widely accepted frameworks for 
identifying how individuals respond to new technologies, Venkatesh et al. (2003) developed an 
extensive model that integrates the insights of all of them. The UTAUT concept was developed for the 
express purpose of new technology adoption. Numerous studies suggested that UTAUT could be used 
to study IS acceptance and success in emerging nations (Gupta, Dasgupta, & Gupta, 2008). Our 
research is based on this model since it is unified and best represents other technology acceptance 

models. Performance expectancy, effort expectancy, social influence, and facilitating factors make up 
the UTAUT model. 

In addition, we have incorporated two relevant contextual constructs such as trust and 
information quality with the existing UTAUT, which has enhanced the predictive capacity of the 
model. Government mobile applications are not fully captured by the UTAUT's constructs only. 
Government IS services require trust (Hung, Chang, & Kuo, 2013). For this we include trust in our 
research. In order for eGov services, such as mGov, to be successful, government agencies must 
effectively share pertinent information with commercial, public, and municipal organizations, as well 
as the general public (Dwivedi et al., 2017). Numerous studies have investigated the trust and risk 
involved in online (e.g. Luo, Li, Zhang, & Shim, 2010; Alalwan, Dwivedi, Rana, & Simintiras, 2016). 
We have no knowledge of any research that particularly examine the impact of trust and perceived 
threat on the acceptance of government-issued mobile apps. Trust has been recognized as a significant 
exogenous variable in this study on mGov. Besides to spread mobile government, information quality 
plays an important role. For this we include information quality as one of the constructs.

Figure 1 represents the research model that is founded on what we've talked about so far. It is 
thought that UTAUT constructs, as well as trust and the quality of information, are what make people 
use mobile apps for government services.

Figure 1.
Proposed Research Model.
Source: Authors Developed.

3.2 Constructs and Hypothesis
3.2.1 Performance Expectancy
Performance expectancy is approximately how much does a person expects new technology to 
improve their work performance (Venkatesh et al., 2003). As predicted by the UTAUT model, research, 
performance expectancy predicts behavioral intention in order to use cutting-edge technical knowledge 
(Alalwan, Dwivedi, & Rana, 2017). We hypothesize that performance expectancy affects mG-App 
users' behavior intentions. If they want government services on demand, the citizens of Bangladesh 
must use smartphone apps. Alalwan et al. (2017) validated that expectancy of performance affect 
Middle Eastern mobile technology adoption. Thus, we hypothesize:

H1. Performance expectancy and intention to use mGApp are positively related.

3.2.2 Effort Expectancy
Effort expectancy" is a person's estimate of the mental and physical effort required to use a system or 
technology (Venkatesh et al., 2003). Time and effort spent learning a new information system affecting 
usage intentions is suggested by the UTAUT model. Technology adoption studies (e.g. Alalwan et al., 
2017; Hanafizadeh et al., 2014) show that effort expectancy strongly influences behavior. Al-Busaidi 
(2012) noted that users are less likely to use complex information systems. The widely used TAM 
(Davis, 1989) acceptance model states that consumers will adopt modern technology when this is easy 
to use and doesn't require more work. mG-Apps, which require expertise and effort, may affect 
behavioral adoption to use mobile apps. Thus, this study hypothesizes: 
H2. Effort expectancy and intention to use mG-App are positively related.

3.2.3 Social Influence
When consumers are unfamiliar with new services, reference groups may influence their adoption (e.g. 
Ahmad & Khalid, 2017; Venkatesh et al., 2012). Social effect refers to the degree to which individuals 
think that their relatives, friends, coworkers, and other close acquaintances anticipate them to utilize a 
certain technology (Venkatesh et al., 2012). Social influence determines mobile commerce adoption, 
according to Chong (2013). According to Leong and et al., (2013), in Oman, social influence may 
affect mGApp use. According to prior research, social influence may alter behavioral adoption 
(Alalwan et al., 2017). Thus, our hypothesis:
H3. Social influence is positively related to the acceptance of mG-App.

3.2.4 Facilitatin Gconditions
The term "facilitating condition" refers to the extent how an individual views the presence of an 
administrative and technological infrastructure that enables the effective utilization of government 
services (Venkatesh et al., 2003). Users of the MG-App express concerns regarding the ability to 
access links and the speed at which data may be uploaded and downloaded. According to Lewis, 
Fretwell, Ryan, and Parham (2013), people who use new technologies require assistance. Consumers 
are reluctant to adopt new technologies when support structures are weak (Hew, Lee, Ooi, & Wei, 
2015). In his study of consumer behavior in mobile commerce, Chong (2013) demonstrated the impact 
of favorable conditions. Indicators, such as the ones mentioned above, highlight the significance of 
favorable conditions for the adoption of mG-App. Multiple recent IS studies (Ahmad & Khalid, 2017; 
Alalwan et al., 2015) find that enabling factors are the primary influence on behavioral intention. Thus, 
our theories are:
H4. Facilitating conditions and intention to accept mG-App are positively connected.

3.2.5 Trust
Research on the diffusion of technical breakthroughs suggests that people's seeming lack of confidence 
in it can lead to their reluctance to adopt and utilize it. Evaluating the viewpoints of each individual on 
new technology; the way people behave and the degree of trust they have in you can significantly 
impact their willingness to employ advanced technology (Venkatesh, Thong, Chan, Hu, & Brown, 
2011). Trust was found as a significant predictor of information system adoption in multiple research 
investigations. Bangladesh recently adopted mGApps, where individuals prefer to physically access 
services provided by the government. They would rather communicate face-to-face encounters and 
continue manually after service or information requests. If service requests are unclear or unreliable, 
mobile apps may be avoided. Thus, to provide information, consumers must have the trust to use 
mobile apps to transact (Montazemi & Saremi, 2013). This study examines whether respondents are 

willing to trust mG-Apps. If respondents trust mG-Apps, their behavior will improve. For this we 
suggest the following theory:
H5. Trust has a positive effect on individual's behavioral adoption to use mG-App.

3.2.6 Information quality
The concept of information quality is established and described by Delone and McLean (1992, 2003) 
as a system's completeness, timeliness, correctness, and relevance. Inaccurate and irrelevant 
government service information will harm users' behavior. Researchers (Al-Busaidi & Al-Shihi, 2012; 
Sharma, Gaur, Saddikuti, & Rastogi, 2017) have found that the acceptability of recent advancements in 
informational technology is influenced by the presence of high-quality content. According to Tam and 
Oliveira (2016), information quality affects mobile technology use. We hypothesize that information 
quality influences Bangladeshi acceptance of mG-App:
H6. Information quality and intention to accept mG-App are positively related.

4. Methodology
4.1 Variables and Measurement
Based on extant literature, a survey instrument was created. This questionnaire has 23 questions. The 
questionnaire has two parts. Name, age, and other demographic questions are asked initially. 23 close-
ended questions measure this model's 7 constructs in the second section. Items measuring the 
constructs were derived from the literature and adapted to the context of the study. Except for the 
controls, a five-point Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree) was used to 
assess all other critical constructs. The methods used to measure the control variables were based on 
the previous research (Ilmudeen and Bao, 2018). Pre-testing improved measuring item clarity, 
uniformity, and comprehensibility. 30 volunteers participated in a pilot test. Following the pilot test, we 
made adjustments to the research questions.Table 2 shows constructs, measurement items and sources.

4.2 Data Collection Procedure and Sample

212 adult mobile government service users provided data.The authors aimed to get different mobile 
app users to answer the questionnaire. Electronic and hard-copy surveys were distributed. Convenience 
sampling was used to obtain data as it is very easy and less costly for the authors. The Structure 
Equation Model requires 200 responders, according to the literature. For collecting data, we developed 
an online questionnaire using google form and shared indifferent online platforms such as Facebook, 
WhatsApp, and LinkedIn. We also distributed printed version of questionnaire to different citizens who 
showed willingness to provide answers. This procedure yielded 250 data. After data cleansing, 212 
surveys were analyzed.

4.3 Non-Response Bias

The independent t-test was used to compare all of the constructs. From the results of the test, we found 
no statistically significant differences. The chi-squared test for independence was used to double-check 
these findings, and it revealed no statistically significant deviations. This study's data set, thus, was 
deemed to be free of non-response bias.

4.4. Data Analysis

At first stage, we perform some basic analysis. The constructs' validity and reliability, the model's 
predictive value, and the total variance explained were then evaluated using SEM. The SEM approach 
was chosen because it allows researchers to examine the relationships between all of the constructs 
simultaneously. Because of its emphasis on theory construction and discovery rather than model 
verification, SEM is also a more appropriate method for this study. SEM cannot, however, explore the 
non-linear interactions between the components, which could lead to a simplified analysis of the 
complicated decision-making process itself. We have generated six hypotheses for employing SEM, 
and by applying the findings from these hypotheses, we may achieve our research goals.The SEM 
result satisfies both objectives 1 and 2. SEM is therefore the ideal method for our study.

5. Analysis
5.1 Demographics Description
There were a total of 212 participants in this study, with females accounting for 51% (or 108 
participants) and males for 49% (or 104 participants). Ninety percent of the respondents in this study 
are under the age of thirty, making up 191 of the total sample size. The majority of those in the sample 
(67%) have at least a bachelor's degree, with another 19% holding a master's or doctorate, and the 
remaining 14% holding only a secondary school diploma. The study sample is also representative of 
Internet users with regard to their past week's usage frequency. It shows how long people spend online. 
About 38% (or 81 respondents) spent 0-1 hours online, about 24% (or 51 respondents) spent 6-10 
hours, and about 37% (or 80 respondents) spent > 11 hours online. Furthermore, the sample also 
reveals the user's past behavior on the Internet. It reveals that 71 percent of participants (or 151 
participants) have been Internet users for more than eight years. About 10% of the sample, or 21 
people, had used the Internet for fewer than one year, while about 19%, or 40 people, had been doing 
so for five or more years. Results show that the majority of the sample group regularly uses the 
Internet. Table 3 shows summary of the demographics of the respondents. 

5.2 Common Method Bias and Multicollinearity Test
A behavioral study using cross-sectional survey data is prone to common method bias (CMB). Since 
there was no external verification of the data, we focused on CMB which might compromise the 
study's findings. We evaluated CMB using SPSS 23.0 and Harman's single-factor test. Principal axis 
factor (PAF) analysis was performed to determine the number of variables necessary to explain 
variance. The results of our test indicate that a single construct accounted for only 34.87 percent of the 
variance, which is much lower than the minimum value of 50 percent. The evaluation of CMB was 
conducted utilizing the variance inflation factor (VIF) data obtained from the comprehensive 
collinearity test (Table 4). The lower VIF values (< 3.3) indicated that this study is free from CMB 
risk. Also, VIF scores below 10 indicate that this study does not have multicollinearity.

5.3 Measurement Model
Construct reliability measurements include Cronbach's alpha, Dijkstra-rho Henseler's (A), and 
composite reliability. The results showed that each construct had reliability criterion values of 0.70 or 
above, proving internal reliability (Henseler et al., 2014; Henseler et al., 2009) (Table 5). Their 
loadings determined indicators reliability. Item loadings greater than 0.70 suggested a higher 
correlation between an item and its construct (Hair et al., 2012). Thus, loading should exceed 0.70. 
Table 5 shows reasonable loading values. The indication is reliable.

The average variance extracted (AVE) values were used to determine convergent validity. If the 
AVE values for all variables are more than 0.5, a data set demonstrates convergent validity (Fornell and 
Larcker, 1981). Table 5 demonstrates that the AVE values for all variables fall within an acceptable 
range. Convergent validity is therefore verified.

The heterotrait-monotrait ratio assessed discriminant validity. HTMT measures average 
indicator correlations across constructs. Henseler et al. (2014) recommended discriminant validity 
below 0.90. Table 6 shows heterotrait-monotrait ratios for all variables are below 0.90. This supports 
constructs' discriminant validity according to Henseler et al., (2014). Tables 5 and 6 show that 
variables are within the literature's range. We found convergent validity and good internal reliability.

In this table, the values of loading, Cronbach's alpha, rho-A, composite reliability and average 
variable extracted are mentioned which are calculated by using SmartPLS software.

In the above table HTMT ratio is shown which confirms the discriminant validity of this 
research. As all the values given in table 6 are less than 0.90 we can say that this research has 
discriminant validity.

By using the Fornell Larckar approach this report measure the convergent validity of the data. 
All AVE square roots are greater than their corresponding correlation coefficients, as seen in Table 7. 
The condition for Fornell Larckar approach is established in the table 7. So convergent validity is 
prevailed here.

5.4 Structural Model
After verifying the measuring model's psychometrics, this research studies the structural model. SEM 
determines path strength, importance, and insignificance. Structural evaluation follows measuring test 
rules. R-square assessed structural model fit. Path coefficients (Beta) and t-statistics were utilized to 
evaluate the study hypotheses individually. Bootstrapping with 5,000 re-samples determined path 
significance. The model explained 69.2% of behavioral adoption variance, according to R-square. Path 
coefficients need to be statistically significant at a p-value of at least 0.05 in order to confirm the 
relationships (Byrne, 2016). Table 8 displays structural model path, coefficients, t-statistics, p-value, 
and decision.

Table 8 shows that, at the 5% level of confidence, the results for H1 (p<0.05), H2 (p<0.05), H4 
(p<0.05), H5(p<0.05), and H6(p<0.05) are all significant. At the 5% level of significance, however, the 
path for H3 (p>0.05) lacks statistical significance. This suggests that trust, information quality, 
facilitating conditions, performance expectancy, and effort expectancy all have a big impact on how 
mobile government is adopted behaviorally. Social influence, however, has no effect on the adoption of 
mobile governance.

6. Discussion
Government agencies use mobile phones and other digital means to reach people and citizens to 
increase participation, knowledge, trust, and engagement. Government decision-makers have struggled 
to reach remote citizens with updated information. Sparse locations hinder socioeconomic progress in 
emerging countries. Mobile apps may help society's socioeconomic growth and government service 
delivery. The study shows that citizens across the nation are eager to utilize mobile apps for services 
offered by the government. In this paper, the researchers examined six parameters affecting mG-App 
use by the citizens. Five of six criteria influenced citizens' use of mobile government app. Trust, 
information quality, performance expectancy, facilitating conditions and effort expectancy affect mG-
App adoption in developing countries like Bangladesh. Reasons for the six conceptions' importance 
and non-significance are discussed in the followingsection.

The mG-confidence app is the best way to figure out how people will use new technology. 
Thus, consumers must enter personal and credit card information to use mG-Apps for private 
transactions. The mG-Apps are more likely to be trusted when they have up-to-date information and 
are easy to use. Implementing encryption measures to comply with stricter privacy regulations can 
increase trust in mG-Apps. The privacy policies and information of the mG-new App aim to promote 
user engagement. This proves that a lack of trust is one of the biggest reasons why people don't use 
new systems or technologies (Alalwan et al., 2017).

Consequently, performance expectancy is the second most important constructs in selecting 
mG-App. Citizens evaluate mG-App based on its functional utilities (performance expectancy). 

Demonstrating and publicizing significant features helps improve government online services. 
Furthermore, by introducing new and varied technical channels, the usefulness of government 
institutions can be expanded (Ghalandari, 2012). A study determined that people's openness to trying 
out new technologies is significantly influenced by their expectations of how well they will work 
(Alalwan et al., 2017).

Consequently, effort expectancy is a significant anticipator of users' desire to utilize mG-App. 
This research reveals that inhabitants of Bangladesh, even expats, prefer to execute financial activities 
and acquire information about government services via mobile applications that involve less effort and 
time than other traditional means. The majority of research using the UTAUT has discovered a 
statistically significant correlation between effort expectancy and behavioral adoption (Alalwan et al., 
2017). In contrast to earlier studies (Ahmad & Khalid, 2017), our study reveals that the correlation 
between social impact and behavioral adoption is minimal, suggesting that residents in Bangladesh are 
unlikely to advocate the usage of mG-Apps to their loved ones. In a study done in the Sultanate of 
Oman, Riffai, Grant, and Edgar (2012) found that social impact did not significantly predict behavioral 
adoption in the mobile banking environment. Furthermore, this conclusion aligns with earlier research 
conducted in several sectors of information systems (Alalwan et al., 2017). 

The results also show that supportive settings make it easier for people to change their behavior 
to use the mG-App.  Citizens emphasize available funds, specific skill sets, and amenities such as 
increased Internet access, secured mobile apps, and phones to access and employ mG-App for utilizing 
and accessing govt. services through mobile applications. Multiple further empirical research in the 
field of information systems provide evidence to support this idea (Ahmad & Khalid, 2017). 

The results conclusively demonstrated a robust and favorable relation between the quality of 
information and the intention to utilize the mG-App. This demonstrates the significance of factors such 
as relevant content, frequent updates, and comparable features in driving mG-app adoption. Individuals 
are more inclined to utilize mobile applications if they offer superior information. The findings align 
with previous research indicating the significance of information quality in influencing a user's 
adoption of new technology (Sharma et al., 2017).

7. Implications

7.1 Implications for Theory

Researchers and academics will find the result of this study useful. The model has extended the 
UTAUT framework by include information quality and trust in its explanation of users' acceptance of 
mG-Apps in an Asian environment. The UTAUT model is a well-known framework for analyzing how 
people respond to and adopt new technologies. These two new components can be used by other 
researchers when they work with the UTAUT theory. The statistical findings demonstrate that this 
study's research model can predict behavioral adoption toward mG-App. All measurement indices and 
structural models were within their allowed range. The UTAUT's R-square initially stood at 53% as 
anticipated, but rose to 69.2% upon the inclusion of more data. Therefore, the inclusion of additional 
components enhances the predictive capacity of the study model. This research is a valuable addition 
to the growing database of theory that pertains to the utilization of mobile government, e-government, 
and mobile application development. Second, the study's results supplement the literature about the 
usage of mobile devices for government functions. Furthermore, this research's results can be applied 
to advancing technological advancements in studies of adoption. This study looks at how popular 
government service apps are for mobile devices in a South Asian country like Bangladesh. It adds 
important results to the literature.

7.2 Implications for Practices
This study shows that information quality, effort expectancy, facilitating conditions, trust, performance 
expectancy are significantly related in the context of mG-Apps adoption. Thus, respected authorities 
should consider those concepts while developing citizen-centric mobile apps. Government agencies 
would utilize these findings to develop and implement similar projects in several areas. The results of 
this study are going to support Bangladeshi government agencies in the development of policies that 
effectively encourage the use of mG-Apps. The acceptability of mG-Apps is influenced by both 
performance expectancy and trust, and decision-makers can improve the quality of these apps by 
providing reliable and expedient services. Performance and effort expectancy also affect behavior. In 
other words, residents favor low-effort government service mobile apps. Therefore, it is advisable for 
government mobile app developers to minimize the complexity of app usage and exploration. 
Experienced users can also assist creating mobile apps. Surokkha, a nationwide platform, allows 
residents to register for Coronavirus immunizations, receive certificates, and store data. Government 
officials may add a mG-Apps feedback signal to Surokkha to include user input. The Bangladeshi 
government may also organize a PPP to encourage smart mobile app use. Facilitating factors also 
affect behavioral adoption. This suggests residents' value government-provided mobile access to 
government services. It is advisable for the government to periodically provide concise training 
programs on facility usage in public and commercial organizations across the country. The 
organization indicated above would provide information to potential and prospective clients regarding 
government services accessible on mobile devices, as well as update them on new and upcoming 
services.

The strong link between trust and how people plan to use mG-Apps shows that security and 
privacy are important to people when they use state services on smartphones and other tools. 
Programmers and system analysts should enhance the security of apps by implementing an additional 
safety mechanism to safeguard against mG-Apps. The Bangladeshi government's "Mobile Applications 
Secure Development Guidelines" ensures security and robustness. The quality of information that 
citizens receive has an impact on their behavioral intentions. This suggests that the government is 
expected to provide citizens with information on government services that is precise, accurate, 
meaningful, pertinent, complete, and timely. When information is linked to mobile transactions, 
timeliness and trust are even higher. Mobile app developers should adopt the One Web Approach to 
display the same content on all mobile devices. These mobile apps should have automated notifications 
for the latest modifications. Public and corporate institutions should ensure user data relevancy and 
timeliness. 
8. Conclusion, limitations and Future Research Directions
8.1 Conclusion
Within this work, we tried to identify the crucial elements impacting the behavioral adoption of 
Bangladeshi citizens to utilize the mG-App. In conclusion, the study gave a good understanding of the 
most important things. The findings indicated that positive behavioral intentions were influenced by 
factors including information quality, effort expectancy, facilitating factor, trust, and performance 
expectancy. When considering whether or not to use mG-App, these factors are crucial. There was no 
empirical support indicating that social influence had an impact on the intention to take action, 
implying that individuals in Bangladesh are resistant to the influence of recommendations when it 
comes to their utilization of the mG-App. Therefore, mG-App are strongly recommended for use by 
the people of Bangladesh. As another bonus, it has been found that user-friendly technology increases 
users' behavioral intentions. Government entities will benefit from the results of this investigation since 
they will provide appropriate tactics to encourage more people to get government services through 
mobile apps.

8.2 Limitations and Future Research Directions
Even though this study has made important contributions, it also has some problems. Firstly, this study 
only looks at the opinions of people in Bangladesh, hence the researcher recommended that the 
proposed study model should be implemented with caution in other Asian nations. Future research can 
be conducted to other country context to validate this model. Secondly, the data acquired for this study 
is limited to Dhaka city as the author is a student; financing to collect data across the country is a 
challenge. Future studies can be done by obtaining data from all over the country. Thirdly, because the 
bulk of the respondents were between the ages of 20 and 40, it was suggested that the proposed study 
model be tested with more balanced age group information. Fourthly, this study did not evaluate the 
influence of demographic variables as moderators. If that effect can be seen, the outcome could be 
more interesting. Finally, this study focuses on the initial adoption mG-App, future studies can assess 
the continuous usage intention of mG-app.
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Table 3.
Demographics of the Respondents

Source: Authors Compilation

Demographics

Sex

Education

Age

Frequency Internet
usage per day

Internet history
usage

Category

Female
Male

Secondary
Undergraduate
Master

20-29 years
30-39 years

1 to 5 h
6 to 10 h

11h or more
1-4 years
5-7 years
8 years and above

Frequency

108
104

30
141
41

191
21

81
51

80
21
40
151

Percentage

51%
49%

14%
67%
19%

90%
10%

38%
24%

37%
10%
19%
71%
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ABSTRACT
Purpose: The objective of this study is to identify and analyze various factors 
that influence users' acceptance of mobile government applications (mG-Apps).
Methodology: This study has constructed a research model grounded on the 
Unified Theory of Acceptance and Use of Technology (UTAUT). Further, 
information quality and trust, two vital constructs, have been added to the 
UTAUT to enhance the predictability of the model. Data collected from a sample 
size of 212 from Bangladesh has been used to test the model.
Findings: We have employed the popular structural equation modeling (SEM) 
to assess the data. Our results suggest that the significant elements impacting 
users' acceptance of mG-Appsare performance expectancy, effort expectancy, 
facilitating conditions, information quality and trust. In contrast, social influence 
is identified as an insignificant predictor.
Practical Implications: This research will assist different government agencies, 
policymakers, and practitioners in the creation of timely and effective policies to 
develop and promote myriad mG-Apps to render services to the citizens.
Originality/Value: This research has offered an innovative framework to assess 
the acceptance of mG-apps by the citizens. This unique model has been 
constructed by expanding UTAUT with two key contextual constructs such as 
information quality and trust. We believe, this study will contribute to the extant 
body of theory surrounding the use of mobile government, e-government, and 
mobile applications development.
Limitations: This study only looks at the opinions of people in Bangladesh, 
hence the researchers recommend that the proposed study model should be 
validated by using data collected from other similar countries.

1. Introduction
Major developments in technology in recent years have significantly improved a number of mobile 
device features.Besides,most technology advancements in the telecommunications industry have made 
it possible to provide services to citizens more quickly (Biel, Grill, & Gruhn, 2010). Innovative 
hardware and software capabilities allow governmental and commercial organizations to provide 
mobile consumers a wide variety of services (Payne, 2013). Both private and public institutions have a 
significant chance to minimize the digital divide that exists between the general population and the 
government because of the proliferation of modern mobile devices such as smartphones, iPads, and

*Corresponding author
1.  Graduate Research Student, Department of International Business, Faculty of Business Studies, University of 

Dhaka, Dhaka, Bangladesh, Email: monisha.agbd@gmail.com
2.  Associate Professor, Department of International Business, Faculty of Business Studies,University of Dhaka, 

Dhaka, Bangladesh, Email: akhayer@du.ac.bd.

Copyright © 2024 The Author(s). Published by FBS, BUFT
This is an Open Access article distributed under the terms of the Creative Commons Attribution License 
(http://creativecommons.org/licenses/by/4.0/), which permits unrestricted use, distribution, and reproduction in 
any medium, provided the original author and source are credited

other tablets that can run applications. For instance, after mobile applications for online payments were 
introduced, mobile device usage in African nations significantly increased from 50% to 58.4% (Al-
Azizi, Al-Badi, & Al-Zrafi, 2018). These data signify the need to use mobile apps to improve public 
services. 

Many government organizations in Bangladesh have begun to invest in and devote funds to 
projects that would leverage mobile applications to put their resources into action. Mobile applications 
provide a variety of internet-based services and are viewed as promising new markets for Bangladeshi 
government stakeholders to interact and communicate with one another. The mobile services are 
widely available and practical. People have the option to use mobile apps to conduct many types of 
transactions, such as financial or instructive ones. Apps for mobile devices allow users to pay bills, 
report violations, and communicate with authorities (Naqvi & Al-Shihi, 2014). However, research has 
shown that past government-run online programs have been either ineffective or had significant delays 
in being adopted, and the objectives of mGov adoption have not been met thus far (Gao, Krogstie, & 
Siau, 2014). For instance, in the context of underdeveloped countries, 35% of eGov programs were 
determined to be unsuccessful, only 15% of projects were successful, and 50% were only partially 
completed (Napitupulu & Sensuse, 2014).

There has been a rise in the quantity of government-related mobile apps recently since mobile 
communication technologies have developed. "Electronic government" (hereinafter referred to as 
"eGov") is defined as "the use of ICTs and their application by government to offer information and 
public services to the populace". Governments are increasingly employing contemporary methods to 
reconsider their services and offer online services to the public (Veeramootoo, Nunkoo, & Dwivedi, 
2018). On the other hand, the public tends to view the use of mobile apps for government services with 
doubt and distrust (Dwivedi et al., 2017). However, among the most crucial resources for mobile 
governance (mGov) is thought to be smartphone apps (Abdelghaffar & Magdy, 2012). Due to the 
portability of mobile devices and their ability to enable 24/7 Internet access, mobile applications are 
currently employed extensively across practically all corporate and government sectors (Al-Masaeed & 
Love, 2015). As a way to provide citizens with more convenient and timely services, mobile 
applications are increasingly being used by the government. Currently, many governments are 
developing mobile apps to provide vital services to their citizens, thus it's important to assess their 
acceptance (Rana & Dwivedi, 2015). The term "Mg-App" is used frequently in this study to refer to 
apps for government services on mobile devices. 

The prior research relating to mobile use for government services in Bangladesh is at nascent 
stage. Thus, this study aims to provide insights about various determinants of using mobile apps for 
government services and to propose strategies to enhance accessibility and convenience for users. 
Specifically, the goals of this research are to (i) determinethe predictorsand (ii) analyze those predictors 
of mG-Apps adoption in Bangladesh. We use structural Equation Modeling (SEM) approach to 
accomplish our research goals. The first objective is achieved by investigating the literature. The 
second objective is achieved by testing hypotheses.

In the first part of this report, the introduction is written where the whole summary of this 
report is included. The remaining portions of this article are constructed as follows: literature review is 
presented in Chapter 2 which includes both table of important literature and description of other 
literature. In chapter 3, theoretical framework of this report is written which includes description of 
theory, model of this research and construct and hypothesis of that model. Analyzing the data and 
drawing conclusions is covered in the fifth chapter. Chapter six covers the discussion of the analysis. 
Research implications are narrated in Chapter 7. Finally, chapter 8 presents the final thoughts, caveats, 
and directions for future study.

2. Literature Review
2.1 An Overview of Government Services Available Online in Bangladesh
The notion of mobile government is taken from Electronic government. E-government is a system that 
enables cooperation between the government, its citizens, and its several departments. The primary 
goal of E-Gov is to provide government stakeholders with efficient and cost-effective services (Al-
Azizi et al., 2018). The concept of e-Bangladesh was formed in 2002 to administer e-Gov 
infrastructure and technology projects for residents, according to Sadik Hasan (2003). Bangladesh's 
ranking for technological usage has improved since 2002, according to a 2014 UN study (United 
Nations, 2014). Bangladesh is ready for e-Gov, according to this ranking. However, many in 
Bangladesh are unwilling to adopt new technologies. This stops the public from collecting government 
benefits. The Bangladeshi government wants to provide efficient and engaging services. Bangladesh's 
imperative for enhanced telecommunications infrastructure is a primary concern. Government bodies 
have recently created improvement in mobile services.

2.2 Adoption of mobile government
In recent years, several studies have looked into how m-Gov is being used (e.g., Liu et al., 2014; 
Ahmad & Khalid, 2017).  A research project carried out by Shareef et al. (2012) wanted to understand 
citizens' willingness to use m-Gov services. Their research technique for mobile government 
acceptance varies from the government website. Liang et al. (2017) employed the basement theory 
framework to evaluate the adoption of e-Gov cloud technology in China they found organizational, 
technological, and cloud trust factors drove e-Gov cloud service uptake. Liu et al. (2014) researched 
m-Gov adoption in the countryside of China and found TAM components and honesty determined m-
Gov acceptability. Ahmad and Khalid (2017) performed study in the UAE and found that, in addition 
to TAM components, cost, trust, social impact, service variety, and demographic characteristics 
influenced consumers' behavior toward mobile government services. Table 1 shows review of some 
relevant literature.  

2.3 Mobile Government Applications
Most people will use mobile apps for government services if they trust them and think they will work 
well (Sharma, et al., 2018). In their study they used a structural equation model and a neural network 
model. Besides in the UTAUT model, two additional constructs were included in their research. 
Information and trust are these two concepts. According to a survey of UAE nationals, social influence 
and trust are not negatively correlated with end users' willingness to utilize apps for government 
services on mobile devices (Sharma, et al., 2018). Researchers have shown that mobile government 
makes it simpler for people to access government services (Almarashdeh, 2018). Researchers employ 
the structural equation modeling technique to demonstrate this. To verify this theory, many hypotheses 
are developed and investigated. 

From what we've talked about so far, I think there is a gap in the literature about how mobile 
applications are used in government services. I can't find any direct report regarding this issue. In some 
literature, some parts of this topic are discussed only. Like in the literature, there is a discussion about 
the adoption of mobile applications for other countries but there is no article indicating that mobile 
applications have been adopted in Bangladesh for the provision of government services. Consequently, 
a study is currently being conducted to identify the elements that impact individuals' choices to utilize 
mobile applications for accessing government services. A model was created as part of this study to 
elucidate the factors driving the utilization of mobile government services in Bangladesh.

3.Theory, Model and Hypotheses
3.1 Theory and Proposed Model
We have used the popular UTAUT model which is widely used to assess any emerging technology 
adoption from users' perspective. Information systems(IS) research uses UTAUT, a model based on 
eight technology adoption models and the model analyzes human behavior and technology intent 
(Venkatesh, Morris, Davis, & Davis, 2003). By contrasting eight widely accepted frameworks for 
identifying how individuals respond to new technologies, Venkatesh et al. (2003) developed an 
extensive model that integrates the insights of all of them. The UTAUT concept was developed for the 
express purpose of new technology adoption. Numerous studies suggested that UTAUT could be used 
to study IS acceptance and success in emerging nations (Gupta, Dasgupta, & Gupta, 2008). Our 
research is based on this model since it is unified and best represents other technology acceptance 

models. Performance expectancy, effort expectancy, social influence, and facilitating factors make up 
the UTAUT model. 

In addition, we have incorporated two relevant contextual constructs such as trust and 
information quality with the existing UTAUT, which has enhanced the predictive capacity of the 
model. Government mobile applications are not fully captured by the UTAUT's constructs only. 
Government IS services require trust (Hung, Chang, & Kuo, 2013). For this we include trust in our 
research. In order for eGov services, such as mGov, to be successful, government agencies must 
effectively share pertinent information with commercial, public, and municipal organizations, as well 
as the general public (Dwivedi et al., 2017). Numerous studies have investigated the trust and risk 
involved in online (e.g. Luo, Li, Zhang, & Shim, 2010; Alalwan, Dwivedi, Rana, & Simintiras, 2016). 
We have no knowledge of any research that particularly examine the impact of trust and perceived 
threat on the acceptance of government-issued mobile apps. Trust has been recognized as a significant 
exogenous variable in this study on mGov. Besides to spread mobile government, information quality 
plays an important role. For this we include information quality as one of the constructs.

Figure 1 represents the research model that is founded on what we've talked about so far. It is 
thought that UTAUT constructs, as well as trust and the quality of information, are what make people 
use mobile apps for government services.

Figure 1.
Proposed Research Model.
Source: Authors Developed.

3.2 Constructs and Hypothesis
3.2.1 Performance Expectancy
Performance expectancy is approximately how much does a person expects new technology to 
improve their work performance (Venkatesh et al., 2003). As predicted by the UTAUT model, research, 
performance expectancy predicts behavioral intention in order to use cutting-edge technical knowledge 
(Alalwan, Dwivedi, & Rana, 2017). We hypothesize that performance expectancy affects mG-App 
users' behavior intentions. If they want government services on demand, the citizens of Bangladesh 
must use smartphone apps. Alalwan et al. (2017) validated that expectancy of performance affect 
Middle Eastern mobile technology adoption. Thus, we hypothesize:

H1. Performance expectancy and intention to use mGApp are positively related.

3.2.2 Effort Expectancy
Effort expectancy" is a person's estimate of the mental and physical effort required to use a system or 
technology (Venkatesh et al., 2003). Time and effort spent learning a new information system affecting 
usage intentions is suggested by the UTAUT model. Technology adoption studies (e.g. Alalwan et al., 
2017; Hanafizadeh et al., 2014) show that effort expectancy strongly influences behavior. Al-Busaidi 
(2012) noted that users are less likely to use complex information systems. The widely used TAM 
(Davis, 1989) acceptance model states that consumers will adopt modern technology when this is easy 
to use and doesn't require more work. mG-Apps, which require expertise and effort, may affect 
behavioral adoption to use mobile apps. Thus, this study hypothesizes: 
H2. Effort expectancy and intention to use mG-App are positively related.

3.2.3 Social Influence
When consumers are unfamiliar with new services, reference groups may influence their adoption (e.g. 
Ahmad & Khalid, 2017; Venkatesh et al., 2012). Social effect refers to the degree to which individuals 
think that their relatives, friends, coworkers, and other close acquaintances anticipate them to utilize a 
certain technology (Venkatesh et al., 2012). Social influence determines mobile commerce adoption, 
according to Chong (2013). According to Leong and et al., (2013), in Oman, social influence may 
affect mGApp use. According to prior research, social influence may alter behavioral adoption 
(Alalwan et al., 2017). Thus, our hypothesis:
H3. Social influence is positively related to the acceptance of mG-App.

3.2.4 Facilitatin Gconditions
The term "facilitating condition" refers to the extent how an individual views the presence of an 
administrative and technological infrastructure that enables the effective utilization of government 
services (Venkatesh et al., 2003). Users of the MG-App express concerns regarding the ability to 
access links and the speed at which data may be uploaded and downloaded. According to Lewis, 
Fretwell, Ryan, and Parham (2013), people who use new technologies require assistance. Consumers 
are reluctant to adopt new technologies when support structures are weak (Hew, Lee, Ooi, & Wei, 
2015). In his study of consumer behavior in mobile commerce, Chong (2013) demonstrated the impact 
of favorable conditions. Indicators, such as the ones mentioned above, highlight the significance of 
favorable conditions for the adoption of mG-App. Multiple recent IS studies (Ahmad & Khalid, 2017; 
Alalwan et al., 2015) find that enabling factors are the primary influence on behavioral intention. Thus, 
our theories are:
H4. Facilitating conditions and intention to accept mG-App are positively connected.

3.2.5 Trust
Research on the diffusion of technical breakthroughs suggests that people's seeming lack of confidence 
in it can lead to their reluctance to adopt and utilize it. Evaluating the viewpoints of each individual on 
new technology; the way people behave and the degree of trust they have in you can significantly 
impact their willingness to employ advanced technology (Venkatesh, Thong, Chan, Hu, & Brown, 
2011). Trust was found as a significant predictor of information system adoption in multiple research 
investigations. Bangladesh recently adopted mGApps, where individuals prefer to physically access 
services provided by the government. They would rather communicate face-to-face encounters and 
continue manually after service or information requests. If service requests are unclear or unreliable, 
mobile apps may be avoided. Thus, to provide information, consumers must have the trust to use 
mobile apps to transact (Montazemi & Saremi, 2013). This study examines whether respondents are 

willing to trust mG-Apps. If respondents trust mG-Apps, their behavior will improve. For this we 
suggest the following theory:
H5. Trust has a positive effect on individual's behavioral adoption to use mG-App.

3.2.6 Information quality
The concept of information quality is established and described by Delone and McLean (1992, 2003) 
as a system's completeness, timeliness, correctness, and relevance. Inaccurate and irrelevant 
government service information will harm users' behavior. Researchers (Al-Busaidi & Al-Shihi, 2012; 
Sharma, Gaur, Saddikuti, & Rastogi, 2017) have found that the acceptability of recent advancements in 
informational technology is influenced by the presence of high-quality content. According to Tam and 
Oliveira (2016), information quality affects mobile technology use. We hypothesize that information 
quality influences Bangladeshi acceptance of mG-App:
H6. Information quality and intention to accept mG-App are positively related.

4. Methodology
4.1 Variables and Measurement
Based on extant literature, a survey instrument was created. This questionnaire has 23 questions. The 
questionnaire has two parts. Name, age, and other demographic questions are asked initially. 23 close-
ended questions measure this model's 7 constructs in the second section. Items measuring the 
constructs were derived from the literature and adapted to the context of the study. Except for the 
controls, a five-point Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree) was used to 
assess all other critical constructs. The methods used to measure the control variables were based on 
the previous research (Ilmudeen and Bao, 2018). Pre-testing improved measuring item clarity, 
uniformity, and comprehensibility. 30 volunteers participated in a pilot test. Following the pilot test, we 
made adjustments to the research questions.Table 2 shows constructs, measurement items and sources.

4.2 Data Collection Procedure and Sample

212 adult mobile government service users provided data.The authors aimed to get different mobile 
app users to answer the questionnaire. Electronic and hard-copy surveys were distributed. Convenience 
sampling was used to obtain data as it is very easy and less costly for the authors. The Structure 
Equation Model requires 200 responders, according to the literature. For collecting data, we developed 
an online questionnaire using google form and shared indifferent online platforms such as Facebook, 
WhatsApp, and LinkedIn. We also distributed printed version of questionnaire to different citizens who 
showed willingness to provide answers. This procedure yielded 250 data. After data cleansing, 212 
surveys were analyzed.

4.3 Non-Response Bias

The independent t-test was used to compare all of the constructs. From the results of the test, we found 
no statistically significant differences. The chi-squared test for independence was used to double-check 
these findings, and it revealed no statistically significant deviations. This study's data set, thus, was 
deemed to be free of non-response bias.

4.4. Data Analysis

At first stage, we perform some basic analysis. The constructs' validity and reliability, the model's 
predictive value, and the total variance explained were then evaluated using SEM. The SEM approach 
was chosen because it allows researchers to examine the relationships between all of the constructs 
simultaneously. Because of its emphasis on theory construction and discovery rather than model 
verification, SEM is also a more appropriate method for this study. SEM cannot, however, explore the 
non-linear interactions between the components, which could lead to a simplified analysis of the 
complicated decision-making process itself. We have generated six hypotheses for employing SEM, 
and by applying the findings from these hypotheses, we may achieve our research goals.The SEM 
result satisfies both objectives 1 and 2. SEM is therefore the ideal method for our study.

5. Analysis
5.1 Demographics Description
There were a total of 212 participants in this study, with females accounting for 51% (or 108 
participants) and males for 49% (or 104 participants). Ninety percent of the respondents in this study 
are under the age of thirty, making up 191 of the total sample size. The majority of those in the sample 
(67%) have at least a bachelor's degree, with another 19% holding a master's or doctorate, and the 
remaining 14% holding only a secondary school diploma. The study sample is also representative of 
Internet users with regard to their past week's usage frequency. It shows how long people spend online. 
About 38% (or 81 respondents) spent 0-1 hours online, about 24% (or 51 respondents) spent 6-10 
hours, and about 37% (or 80 respondents) spent > 11 hours online. Furthermore, the sample also 
reveals the user's past behavior on the Internet. It reveals that 71 percent of participants (or 151 
participants) have been Internet users for more than eight years. About 10% of the sample, or 21 
people, had used the Internet for fewer than one year, while about 19%, or 40 people, had been doing 
so for five or more years. Results show that the majority of the sample group regularly uses the 
Internet. Table 3 shows summary of the demographics of the respondents. 

5.2 Common Method Bias and Multicollinearity Test
A behavioral study using cross-sectional survey data is prone to common method bias (CMB). Since 
there was no external verification of the data, we focused on CMB which might compromise the 
study's findings. We evaluated CMB using SPSS 23.0 and Harman's single-factor test. Principal axis 
factor (PAF) analysis was performed to determine the number of variables necessary to explain 
variance. The results of our test indicate that a single construct accounted for only 34.87 percent of the 
variance, which is much lower than the minimum value of 50 percent. The evaluation of CMB was 
conducted utilizing the variance inflation factor (VIF) data obtained from the comprehensive 
collinearity test (Table 4). The lower VIF values (< 3.3) indicated that this study is free from CMB 
risk. Also, VIF scores below 10 indicate that this study does not have multicollinearity.

5.3 Measurement Model
Construct reliability measurements include Cronbach's alpha, Dijkstra-rho Henseler's (A), and 
composite reliability. The results showed that each construct had reliability criterion values of 0.70 or 
above, proving internal reliability (Henseler et al., 2014; Henseler et al., 2009) (Table 5). Their 
loadings determined indicators reliability. Item loadings greater than 0.70 suggested a higher 
correlation between an item and its construct (Hair et al., 2012). Thus, loading should exceed 0.70. 
Table 5 shows reasonable loading values. The indication is reliable.

The average variance extracted (AVE) values were used to determine convergent validity. If the 
AVE values for all variables are more than 0.5, a data set demonstrates convergent validity (Fornell and 
Larcker, 1981). Table 5 demonstrates that the AVE values for all variables fall within an acceptable 
range. Convergent validity is therefore verified.

The heterotrait-monotrait ratio assessed discriminant validity. HTMT measures average 
indicator correlations across constructs. Henseler et al. (2014) recommended discriminant validity 
below 0.90. Table 6 shows heterotrait-monotrait ratios for all variables are below 0.90. This supports 
constructs' discriminant validity according to Henseler et al., (2014). Tables 5 and 6 show that 
variables are within the literature's range. We found convergent validity and good internal reliability.

In this table, the values of loading, Cronbach's alpha, rho-A, composite reliability and average 
variable extracted are mentioned which are calculated by using SmartPLS software.

In the above table HTMT ratio is shown which confirms the discriminant validity of this 
research. As all the values given in table 6 are less than 0.90 we can say that this research has 
discriminant validity.

By using the Fornell Larckar approach this report measure the convergent validity of the data. 
All AVE square roots are greater than their corresponding correlation coefficients, as seen in Table 7. 
The condition for Fornell Larckar approach is established in the table 7. So convergent validity is 
prevailed here.

5.4 Structural Model
After verifying the measuring model's psychometrics, this research studies the structural model. SEM 
determines path strength, importance, and insignificance. Structural evaluation follows measuring test 
rules. R-square assessed structural model fit. Path coefficients (Beta) and t-statistics were utilized to 
evaluate the study hypotheses individually. Bootstrapping with 5,000 re-samples determined path 
significance. The model explained 69.2% of behavioral adoption variance, according to R-square. Path 
coefficients need to be statistically significant at a p-value of at least 0.05 in order to confirm the 
relationships (Byrne, 2016). Table 8 displays structural model path, coefficients, t-statistics, p-value, 
and decision.

Table 8 shows that, at the 5% level of confidence, the results for H1 (p<0.05), H2 (p<0.05), H4 
(p<0.05), H5(p<0.05), and H6(p<0.05) are all significant. At the 5% level of significance, however, the 
path for H3 (p>0.05) lacks statistical significance. This suggests that trust, information quality, 
facilitating conditions, performance expectancy, and effort expectancy all have a big impact on how 
mobile government is adopted behaviorally. Social influence, however, has no effect on the adoption of 
mobile governance.

6. Discussion
Government agencies use mobile phones and other digital means to reach people and citizens to 
increase participation, knowledge, trust, and engagement. Government decision-makers have struggled 
to reach remote citizens with updated information. Sparse locations hinder socioeconomic progress in 
emerging countries. Mobile apps may help society's socioeconomic growth and government service 
delivery. The study shows that citizens across the nation are eager to utilize mobile apps for services 
offered by the government. In this paper, the researchers examined six parameters affecting mG-App 
use by the citizens. Five of six criteria influenced citizens' use of mobile government app. Trust, 
information quality, performance expectancy, facilitating conditions and effort expectancy affect mG-
App adoption in developing countries like Bangladesh. Reasons for the six conceptions' importance 
and non-significance are discussed in the followingsection.

The mG-confidence app is the best way to figure out how people will use new technology. 
Thus, consumers must enter personal and credit card information to use mG-Apps for private 
transactions. The mG-Apps are more likely to be trusted when they have up-to-date information and 
are easy to use. Implementing encryption measures to comply with stricter privacy regulations can 
increase trust in mG-Apps. The privacy policies and information of the mG-new App aim to promote 
user engagement. This proves that a lack of trust is one of the biggest reasons why people don't use 
new systems or technologies (Alalwan et al., 2017).

Consequently, performance expectancy is the second most important constructs in selecting 
mG-App. Citizens evaluate mG-App based on its functional utilities (performance expectancy). 

Demonstrating and publicizing significant features helps improve government online services. 
Furthermore, by introducing new and varied technical channels, the usefulness of government 
institutions can be expanded (Ghalandari, 2012). A study determined that people's openness to trying 
out new technologies is significantly influenced by their expectations of how well they will work 
(Alalwan et al., 2017).

Consequently, effort expectancy is a significant anticipator of users' desire to utilize mG-App. 
This research reveals that inhabitants of Bangladesh, even expats, prefer to execute financial activities 
and acquire information about government services via mobile applications that involve less effort and 
time than other traditional means. The majority of research using the UTAUT has discovered a 
statistically significant correlation between effort expectancy and behavioral adoption (Alalwan et al., 
2017). In contrast to earlier studies (Ahmad & Khalid, 2017), our study reveals that the correlation 
between social impact and behavioral adoption is minimal, suggesting that residents in Bangladesh are 
unlikely to advocate the usage of mG-Apps to their loved ones. In a study done in the Sultanate of 
Oman, Riffai, Grant, and Edgar (2012) found that social impact did not significantly predict behavioral 
adoption in the mobile banking environment. Furthermore, this conclusion aligns with earlier research 
conducted in several sectors of information systems (Alalwan et al., 2017). 

The results also show that supportive settings make it easier for people to change their behavior 
to use the mG-App.  Citizens emphasize available funds, specific skill sets, and amenities such as 
increased Internet access, secured mobile apps, and phones to access and employ mG-App for utilizing 
and accessing govt. services through mobile applications. Multiple further empirical research in the 
field of information systems provide evidence to support this idea (Ahmad & Khalid, 2017). 

The results conclusively demonstrated a robust and favorable relation between the quality of 
information and the intention to utilize the mG-App. This demonstrates the significance of factors such 
as relevant content, frequent updates, and comparable features in driving mG-app adoption. Individuals 
are more inclined to utilize mobile applications if they offer superior information. The findings align 
with previous research indicating the significance of information quality in influencing a user's 
adoption of new technology (Sharma et al., 2017).

7. Implications

7.1 Implications for Theory

Researchers and academics will find the result of this study useful. The model has extended the 
UTAUT framework by include information quality and trust in its explanation of users' acceptance of 
mG-Apps in an Asian environment. The UTAUT model is a well-known framework for analyzing how 
people respond to and adopt new technologies. These two new components can be used by other 
researchers when they work with the UTAUT theory. The statistical findings demonstrate that this 
study's research model can predict behavioral adoption toward mG-App. All measurement indices and 
structural models were within their allowed range. The UTAUT's R-square initially stood at 53% as 
anticipated, but rose to 69.2% upon the inclusion of more data. Therefore, the inclusion of additional 
components enhances the predictive capacity of the study model. This research is a valuable addition 
to the growing database of theory that pertains to the utilization of mobile government, e-government, 
and mobile application development. Second, the study's results supplement the literature about the 
usage of mobile devices for government functions. Furthermore, this research's results can be applied 
to advancing technological advancements in studies of adoption. This study looks at how popular 
government service apps are for mobile devices in a South Asian country like Bangladesh. It adds 
important results to the literature.

7.2 Implications for Practices
This study shows that information quality, effort expectancy, facilitating conditions, trust, performance 
expectancy are significantly related in the context of mG-Apps adoption. Thus, respected authorities 
should consider those concepts while developing citizen-centric mobile apps. Government agencies 
would utilize these findings to develop and implement similar projects in several areas. The results of 
this study are going to support Bangladeshi government agencies in the development of policies that 
effectively encourage the use of mG-Apps. The acceptability of mG-Apps is influenced by both 
performance expectancy and trust, and decision-makers can improve the quality of these apps by 
providing reliable and expedient services. Performance and effort expectancy also affect behavior. In 
other words, residents favor low-effort government service mobile apps. Therefore, it is advisable for 
government mobile app developers to minimize the complexity of app usage and exploration. 
Experienced users can also assist creating mobile apps. Surokkha, a nationwide platform, allows 
residents to register for Coronavirus immunizations, receive certificates, and store data. Government 
officials may add a mG-Apps feedback signal to Surokkha to include user input. The Bangladeshi 
government may also organize a PPP to encourage smart mobile app use. Facilitating factors also 
affect behavioral adoption. This suggests residents' value government-provided mobile access to 
government services. It is advisable for the government to periodically provide concise training 
programs on facility usage in public and commercial organizations across the country. The 
organization indicated above would provide information to potential and prospective clients regarding 
government services accessible on mobile devices, as well as update them on new and upcoming 
services.

The strong link between trust and how people plan to use mG-Apps shows that security and 
privacy are important to people when they use state services on smartphones and other tools. 
Programmers and system analysts should enhance the security of apps by implementing an additional 
safety mechanism to safeguard against mG-Apps. The Bangladeshi government's "Mobile Applications 
Secure Development Guidelines" ensures security and robustness. The quality of information that 
citizens receive has an impact on their behavioral intentions. This suggests that the government is 
expected to provide citizens with information on government services that is precise, accurate, 
meaningful, pertinent, complete, and timely. When information is linked to mobile transactions, 
timeliness and trust are even higher. Mobile app developers should adopt the One Web Approach to 
display the same content on all mobile devices. These mobile apps should have automated notifications 
for the latest modifications. Public and corporate institutions should ensure user data relevancy and 
timeliness. 
8. Conclusion, limitations and Future Research Directions
8.1 Conclusion
Within this work, we tried to identify the crucial elements impacting the behavioral adoption of 
Bangladeshi citizens to utilize the mG-App. In conclusion, the study gave a good understanding of the 
most important things. The findings indicated that positive behavioral intentions were influenced by 
factors including information quality, effort expectancy, facilitating factor, trust, and performance 
expectancy. When considering whether or not to use mG-App, these factors are crucial. There was no 
empirical support indicating that social influence had an impact on the intention to take action, 
implying that individuals in Bangladesh are resistant to the influence of recommendations when it 
comes to their utilization of the mG-App. Therefore, mG-App are strongly recommended for use by 
the people of Bangladesh. As another bonus, it has been found that user-friendly technology increases 
users' behavioral intentions. Government entities will benefit from the results of this investigation since 
they will provide appropriate tactics to encourage more people to get government services through 
mobile apps.

8.2 Limitations and Future Research Directions
Even though this study has made important contributions, it also has some problems. Firstly, this study 
only looks at the opinions of people in Bangladesh, hence the researcher recommended that the 
proposed study model should be implemented with caution in other Asian nations. Future research can 
be conducted to other country context to validate this model. Secondly, the data acquired for this study 
is limited to Dhaka city as the author is a student; financing to collect data across the country is a 
challenge. Future studies can be done by obtaining data from all over the country. Thirdly, because the 
bulk of the respondents were between the ages of 20 and 40, it was suggested that the proposed study 
model be tested with more balanced age group information. Fourthly, this study did not evaluate the 
influence of demographic variables as moderators. If that effect can be seen, the outcome could be 
more interesting. Finally, this study focuses on the initial adoption mG-App, future studies can assess 
the continuous usage intention of mG-app.
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Table 4.
VIF Values

Source: Authors developed

Independent Variables

EE
FC
IQ
PE
SI
TR

Behavioral Intention

2.458
2.258
1.955
2.512
2.070
1.419

Table 5.
Measurement Model

Constructs

Behavioral
Intention

Effort
Expectancy

Facilitating
Conditions

Information
Quality

Performance
Expectancy

Items

BI1
BI2
BI3

EE1
EE2
EE3
EE4

FC1
FC2
FC3

IQ1
IQ2
IQ3

PE1
PE2

Loadings

0.904
0.874
0.858

0.818
0.875
0.849
0.814

0.861
0.840
0.885

0.840
0.849
0.747

0.860
0.825

Cronbach's alpha

0.853

0.860

0.830

0.743

0.869

rho-A

0.855

0.864

0.858

0.752

0.870

CR

0.911

0.905

0.897

0.854

0.910

AVE

0.773

0.705

0.744

0.661

0.717



Meem & Khayer (2024). The Acceptance of Mobile Applications for Government Services...328

  

The Acceptance of Mobile Applications for Government Services (MG- App): 
A Study From Users' Perspective
Monisha Akter Meem1 & Dr. Abul Khayer2*

ABSTRACT
Purpose: The objective of this study is to identify and analyze various factors 
that influence users' acceptance of mobile government applications (mG-Apps).
Methodology: This study has constructed a research model grounded on the 
Unified Theory of Acceptance and Use of Technology (UTAUT). Further, 
information quality and trust, two vital constructs, have been added to the 
UTAUT to enhance the predictability of the model. Data collected from a sample 
size of 212 from Bangladesh has been used to test the model.
Findings: We have employed the popular structural equation modeling (SEM) 
to assess the data. Our results suggest that the significant elements impacting 
users' acceptance of mG-Appsare performance expectancy, effort expectancy, 
facilitating conditions, information quality and trust. In contrast, social influence 
is identified as an insignificant predictor.
Practical Implications: This research will assist different government agencies, 
policymakers, and practitioners in the creation of timely and effective policies to 
develop and promote myriad mG-Apps to render services to the citizens.
Originality/Value: This research has offered an innovative framework to assess 
the acceptance of mG-apps by the citizens. This unique model has been 
constructed by expanding UTAUT with two key contextual constructs such as 
information quality and trust. We believe, this study will contribute to the extant 
body of theory surrounding the use of mobile government, e-government, and 
mobile applications development.
Limitations: This study only looks at the opinions of people in Bangladesh, 
hence the researchers recommend that the proposed study model should be 
validated by using data collected from other similar countries.

1. Introduction
Major developments in technology in recent years have significantly improved a number of mobile 
device features.Besides,most technology advancements in the telecommunications industry have made 
it possible to provide services to citizens more quickly (Biel, Grill, & Gruhn, 2010). Innovative 
hardware and software capabilities allow governmental and commercial organizations to provide 
mobile consumers a wide variety of services (Payne, 2013). Both private and public institutions have a 
significant chance to minimize the digital divide that exists between the general population and the 
government because of the proliferation of modern mobile devices such as smartphones, iPads, and
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other tablets that can run applications. For instance, after mobile applications for online payments were 
introduced, mobile device usage in African nations significantly increased from 50% to 58.4% (Al-
Azizi, Al-Badi, & Al-Zrafi, 2018). These data signify the need to use mobile apps to improve public 
services. 

Many government organizations in Bangladesh have begun to invest in and devote funds to 
projects that would leverage mobile applications to put their resources into action. Mobile applications 
provide a variety of internet-based services and are viewed as promising new markets for Bangladeshi 
government stakeholders to interact and communicate with one another. The mobile services are 
widely available and practical. People have the option to use mobile apps to conduct many types of 
transactions, such as financial or instructive ones. Apps for mobile devices allow users to pay bills, 
report violations, and communicate with authorities (Naqvi & Al-Shihi, 2014). However, research has 
shown that past government-run online programs have been either ineffective or had significant delays 
in being adopted, and the objectives of mGov adoption have not been met thus far (Gao, Krogstie, & 
Siau, 2014). For instance, in the context of underdeveloped countries, 35% of eGov programs were 
determined to be unsuccessful, only 15% of projects were successful, and 50% were only partially 
completed (Napitupulu & Sensuse, 2014).

There has been a rise in the quantity of government-related mobile apps recently since mobile 
communication technologies have developed. "Electronic government" (hereinafter referred to as 
"eGov") is defined as "the use of ICTs and their application by government to offer information and 
public services to the populace". Governments are increasingly employing contemporary methods to 
reconsider their services and offer online services to the public (Veeramootoo, Nunkoo, & Dwivedi, 
2018). On the other hand, the public tends to view the use of mobile apps for government services with 
doubt and distrust (Dwivedi et al., 2017). However, among the most crucial resources for mobile 
governance (mGov) is thought to be smartphone apps (Abdelghaffar & Magdy, 2012). Due to the 
portability of mobile devices and their ability to enable 24/7 Internet access, mobile applications are 
currently employed extensively across practically all corporate and government sectors (Al-Masaeed & 
Love, 2015). As a way to provide citizens with more convenient and timely services, mobile 
applications are increasingly being used by the government. Currently, many governments are 
developing mobile apps to provide vital services to their citizens, thus it's important to assess their 
acceptance (Rana & Dwivedi, 2015). The term "Mg-App" is used frequently in this study to refer to 
apps for government services on mobile devices. 

The prior research relating to mobile use for government services in Bangladesh is at nascent 
stage. Thus, this study aims to provide insights about various determinants of using mobile apps for 
government services and to propose strategies to enhance accessibility and convenience for users. 
Specifically, the goals of this research are to (i) determinethe predictorsand (ii) analyze those predictors 
of mG-Apps adoption in Bangladesh. We use structural Equation Modeling (SEM) approach to 
accomplish our research goals. The first objective is achieved by investigating the literature. The 
second objective is achieved by testing hypotheses.

In the first part of this report, the introduction is written where the whole summary of this 
report is included. The remaining portions of this article are constructed as follows: literature review is 
presented in Chapter 2 which includes both table of important literature and description of other 
literature. In chapter 3, theoretical framework of this report is written which includes description of 
theory, model of this research and construct and hypothesis of that model. Analyzing the data and 
drawing conclusions is covered in the fifth chapter. Chapter six covers the discussion of the analysis. 
Research implications are narrated in Chapter 7. Finally, chapter 8 presents the final thoughts, caveats, 
and directions for future study.

2. Literature Review
2.1 An Overview of Government Services Available Online in Bangladesh
The notion of mobile government is taken from Electronic government. E-government is a system that 
enables cooperation between the government, its citizens, and its several departments. The primary 
goal of E-Gov is to provide government stakeholders with efficient and cost-effective services (Al-
Azizi et al., 2018). The concept of e-Bangladesh was formed in 2002 to administer e-Gov 
infrastructure and technology projects for residents, according to Sadik Hasan (2003). Bangladesh's 
ranking for technological usage has improved since 2002, according to a 2014 UN study (United 
Nations, 2014). Bangladesh is ready for e-Gov, according to this ranking. However, many in 
Bangladesh are unwilling to adopt new technologies. This stops the public from collecting government 
benefits. The Bangladeshi government wants to provide efficient and engaging services. Bangladesh's 
imperative for enhanced telecommunications infrastructure is a primary concern. Government bodies 
have recently created improvement in mobile services.

2.2 Adoption of mobile government
In recent years, several studies have looked into how m-Gov is being used (e.g., Liu et al., 2014; 
Ahmad & Khalid, 2017).  A research project carried out by Shareef et al. (2012) wanted to understand 
citizens' willingness to use m-Gov services. Their research technique for mobile government 
acceptance varies from the government website. Liang et al. (2017) employed the basement theory 
framework to evaluate the adoption of e-Gov cloud technology in China they found organizational, 
technological, and cloud trust factors drove e-Gov cloud service uptake. Liu et al. (2014) researched 
m-Gov adoption in the countryside of China and found TAM components and honesty determined m-
Gov acceptability. Ahmad and Khalid (2017) performed study in the UAE and found that, in addition 
to TAM components, cost, trust, social impact, service variety, and demographic characteristics 
influenced consumers' behavior toward mobile government services. Table 1 shows review of some 
relevant literature.  

2.3 Mobile Government Applications
Most people will use mobile apps for government services if they trust them and think they will work 
well (Sharma, et al., 2018). In their study they used a structural equation model and a neural network 
model. Besides in the UTAUT model, two additional constructs were included in their research. 
Information and trust are these two concepts. According to a survey of UAE nationals, social influence 
and trust are not negatively correlated with end users' willingness to utilize apps for government 
services on mobile devices (Sharma, et al., 2018). Researchers have shown that mobile government 
makes it simpler for people to access government services (Almarashdeh, 2018). Researchers employ 
the structural equation modeling technique to demonstrate this. To verify this theory, many hypotheses 
are developed and investigated. 

From what we've talked about so far, I think there is a gap in the literature about how mobile 
applications are used in government services. I can't find any direct report regarding this issue. In some 
literature, some parts of this topic are discussed only. Like in the literature, there is a discussion about 
the adoption of mobile applications for other countries but there is no article indicating that mobile 
applications have been adopted in Bangladesh for the provision of government services. Consequently, 
a study is currently being conducted to identify the elements that impact individuals' choices to utilize 
mobile applications for accessing government services. A model was created as part of this study to 
elucidate the factors driving the utilization of mobile government services in Bangladesh.

3.Theory, Model and Hypotheses
3.1 Theory and Proposed Model
We have used the popular UTAUT model which is widely used to assess any emerging technology 
adoption from users' perspective. Information systems(IS) research uses UTAUT, a model based on 
eight technology adoption models and the model analyzes human behavior and technology intent 
(Venkatesh, Morris, Davis, & Davis, 2003). By contrasting eight widely accepted frameworks for 
identifying how individuals respond to new technologies, Venkatesh et al. (2003) developed an 
extensive model that integrates the insights of all of them. The UTAUT concept was developed for the 
express purpose of new technology adoption. Numerous studies suggested that UTAUT could be used 
to study IS acceptance and success in emerging nations (Gupta, Dasgupta, & Gupta, 2008). Our 
research is based on this model since it is unified and best represents other technology acceptance 

models. Performance expectancy, effort expectancy, social influence, and facilitating factors make up 
the UTAUT model. 

In addition, we have incorporated two relevant contextual constructs such as trust and 
information quality with the existing UTAUT, which has enhanced the predictive capacity of the 
model. Government mobile applications are not fully captured by the UTAUT's constructs only. 
Government IS services require trust (Hung, Chang, & Kuo, 2013). For this we include trust in our 
research. In order for eGov services, such as mGov, to be successful, government agencies must 
effectively share pertinent information with commercial, public, and municipal organizations, as well 
as the general public (Dwivedi et al., 2017). Numerous studies have investigated the trust and risk 
involved in online (e.g. Luo, Li, Zhang, & Shim, 2010; Alalwan, Dwivedi, Rana, & Simintiras, 2016). 
We have no knowledge of any research that particularly examine the impact of trust and perceived 
threat on the acceptance of government-issued mobile apps. Trust has been recognized as a significant 
exogenous variable in this study on mGov. Besides to spread mobile government, information quality 
plays an important role. For this we include information quality as one of the constructs.

Figure 1 represents the research model that is founded on what we've talked about so far. It is 
thought that UTAUT constructs, as well as trust and the quality of information, are what make people 
use mobile apps for government services.

Figure 1.
Proposed Research Model.
Source: Authors Developed.

3.2 Constructs and Hypothesis
3.2.1 Performance Expectancy
Performance expectancy is approximately how much does a person expects new technology to 
improve their work performance (Venkatesh et al., 2003). As predicted by the UTAUT model, research, 
performance expectancy predicts behavioral intention in order to use cutting-edge technical knowledge 
(Alalwan, Dwivedi, & Rana, 2017). We hypothesize that performance expectancy affects mG-App 
users' behavior intentions. If they want government services on demand, the citizens of Bangladesh 
must use smartphone apps. Alalwan et al. (2017) validated that expectancy of performance affect 
Middle Eastern mobile technology adoption. Thus, we hypothesize:

H1. Performance expectancy and intention to use mGApp are positively related.

3.2.2 Effort Expectancy
Effort expectancy" is a person's estimate of the mental and physical effort required to use a system or 
technology (Venkatesh et al., 2003). Time and effort spent learning a new information system affecting 
usage intentions is suggested by the UTAUT model. Technology adoption studies (e.g. Alalwan et al., 
2017; Hanafizadeh et al., 2014) show that effort expectancy strongly influences behavior. Al-Busaidi 
(2012) noted that users are less likely to use complex information systems. The widely used TAM 
(Davis, 1989) acceptance model states that consumers will adopt modern technology when this is easy 
to use and doesn't require more work. mG-Apps, which require expertise and effort, may affect 
behavioral adoption to use mobile apps. Thus, this study hypothesizes: 
H2. Effort expectancy and intention to use mG-App are positively related.

3.2.3 Social Influence
When consumers are unfamiliar with new services, reference groups may influence their adoption (e.g. 
Ahmad & Khalid, 2017; Venkatesh et al., 2012). Social effect refers to the degree to which individuals 
think that their relatives, friends, coworkers, and other close acquaintances anticipate them to utilize a 
certain technology (Venkatesh et al., 2012). Social influence determines mobile commerce adoption, 
according to Chong (2013). According to Leong and et al., (2013), in Oman, social influence may 
affect mGApp use. According to prior research, social influence may alter behavioral adoption 
(Alalwan et al., 2017). Thus, our hypothesis:
H3. Social influence is positively related to the acceptance of mG-App.

3.2.4 Facilitatin Gconditions
The term "facilitating condition" refers to the extent how an individual views the presence of an 
administrative and technological infrastructure that enables the effective utilization of government 
services (Venkatesh et al., 2003). Users of the MG-App express concerns regarding the ability to 
access links and the speed at which data may be uploaded and downloaded. According to Lewis, 
Fretwell, Ryan, and Parham (2013), people who use new technologies require assistance. Consumers 
are reluctant to adopt new technologies when support structures are weak (Hew, Lee, Ooi, & Wei, 
2015). In his study of consumer behavior in mobile commerce, Chong (2013) demonstrated the impact 
of favorable conditions. Indicators, such as the ones mentioned above, highlight the significance of 
favorable conditions for the adoption of mG-App. Multiple recent IS studies (Ahmad & Khalid, 2017; 
Alalwan et al., 2015) find that enabling factors are the primary influence on behavioral intention. Thus, 
our theories are:
H4. Facilitating conditions and intention to accept mG-App are positively connected.

3.2.5 Trust
Research on the diffusion of technical breakthroughs suggests that people's seeming lack of confidence 
in it can lead to their reluctance to adopt and utilize it. Evaluating the viewpoints of each individual on 
new technology; the way people behave and the degree of trust they have in you can significantly 
impact their willingness to employ advanced technology (Venkatesh, Thong, Chan, Hu, & Brown, 
2011). Trust was found as a significant predictor of information system adoption in multiple research 
investigations. Bangladesh recently adopted mGApps, where individuals prefer to physically access 
services provided by the government. They would rather communicate face-to-face encounters and 
continue manually after service or information requests. If service requests are unclear or unreliable, 
mobile apps may be avoided. Thus, to provide information, consumers must have the trust to use 
mobile apps to transact (Montazemi & Saremi, 2013). This study examines whether respondents are 

willing to trust mG-Apps. If respondents trust mG-Apps, their behavior will improve. For this we 
suggest the following theory:
H5. Trust has a positive effect on individual's behavioral adoption to use mG-App.

3.2.6 Information quality
The concept of information quality is established and described by Delone and McLean (1992, 2003) 
as a system's completeness, timeliness, correctness, and relevance. Inaccurate and irrelevant 
government service information will harm users' behavior. Researchers (Al-Busaidi & Al-Shihi, 2012; 
Sharma, Gaur, Saddikuti, & Rastogi, 2017) have found that the acceptability of recent advancements in 
informational technology is influenced by the presence of high-quality content. According to Tam and 
Oliveira (2016), information quality affects mobile technology use. We hypothesize that information 
quality influences Bangladeshi acceptance of mG-App:
H6. Information quality and intention to accept mG-App are positively related.

4. Methodology
4.1 Variables and Measurement
Based on extant literature, a survey instrument was created. This questionnaire has 23 questions. The 
questionnaire has two parts. Name, age, and other demographic questions are asked initially. 23 close-
ended questions measure this model's 7 constructs in the second section. Items measuring the 
constructs were derived from the literature and adapted to the context of the study. Except for the 
controls, a five-point Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree) was used to 
assess all other critical constructs. The methods used to measure the control variables were based on 
the previous research (Ilmudeen and Bao, 2018). Pre-testing improved measuring item clarity, 
uniformity, and comprehensibility. 30 volunteers participated in a pilot test. Following the pilot test, we 
made adjustments to the research questions.Table 2 shows constructs, measurement items and sources.

4.2 Data Collection Procedure and Sample

212 adult mobile government service users provided data.The authors aimed to get different mobile 
app users to answer the questionnaire. Electronic and hard-copy surveys were distributed. Convenience 
sampling was used to obtain data as it is very easy and less costly for the authors. The Structure 
Equation Model requires 200 responders, according to the literature. For collecting data, we developed 
an online questionnaire using google form and shared indifferent online platforms such as Facebook, 
WhatsApp, and LinkedIn. We also distributed printed version of questionnaire to different citizens who 
showed willingness to provide answers. This procedure yielded 250 data. After data cleansing, 212 
surveys were analyzed.

4.3 Non-Response Bias

The independent t-test was used to compare all of the constructs. From the results of the test, we found 
no statistically significant differences. The chi-squared test for independence was used to double-check 
these findings, and it revealed no statistically significant deviations. This study's data set, thus, was 
deemed to be free of non-response bias.

4.4. Data Analysis

At first stage, we perform some basic analysis. The constructs' validity and reliability, the model's 
predictive value, and the total variance explained were then evaluated using SEM. The SEM approach 
was chosen because it allows researchers to examine the relationships between all of the constructs 
simultaneously. Because of its emphasis on theory construction and discovery rather than model 
verification, SEM is also a more appropriate method for this study. SEM cannot, however, explore the 
non-linear interactions between the components, which could lead to a simplified analysis of the 
complicated decision-making process itself. We have generated six hypotheses for employing SEM, 
and by applying the findings from these hypotheses, we may achieve our research goals.The SEM 
result satisfies both objectives 1 and 2. SEM is therefore the ideal method for our study.

5. Analysis
5.1 Demographics Description
There were a total of 212 participants in this study, with females accounting for 51% (or 108 
participants) and males for 49% (or 104 participants). Ninety percent of the respondents in this study 
are under the age of thirty, making up 191 of the total sample size. The majority of those in the sample 
(67%) have at least a bachelor's degree, with another 19% holding a master's or doctorate, and the 
remaining 14% holding only a secondary school diploma. The study sample is also representative of 
Internet users with regard to their past week's usage frequency. It shows how long people spend online. 
About 38% (or 81 respondents) spent 0-1 hours online, about 24% (or 51 respondents) spent 6-10 
hours, and about 37% (or 80 respondents) spent > 11 hours online. Furthermore, the sample also 
reveals the user's past behavior on the Internet. It reveals that 71 percent of participants (or 151 
participants) have been Internet users for more than eight years. About 10% of the sample, or 21 
people, had used the Internet for fewer than one year, while about 19%, or 40 people, had been doing 
so for five or more years. Results show that the majority of the sample group regularly uses the 
Internet. Table 3 shows summary of the demographics of the respondents. 

5.2 Common Method Bias and Multicollinearity Test
A behavioral study using cross-sectional survey data is prone to common method bias (CMB). Since 
there was no external verification of the data, we focused on CMB which might compromise the 
study's findings. We evaluated CMB using SPSS 23.0 and Harman's single-factor test. Principal axis 
factor (PAF) analysis was performed to determine the number of variables necessary to explain 
variance. The results of our test indicate that a single construct accounted for only 34.87 percent of the 
variance, which is much lower than the minimum value of 50 percent. The evaluation of CMB was 
conducted utilizing the variance inflation factor (VIF) data obtained from the comprehensive 
collinearity test (Table 4). The lower VIF values (< 3.3) indicated that this study is free from CMB 
risk. Also, VIF scores below 10 indicate that this study does not have multicollinearity.

5.3 Measurement Model
Construct reliability measurements include Cronbach's alpha, Dijkstra-rho Henseler's (A), and 
composite reliability. The results showed that each construct had reliability criterion values of 0.70 or 
above, proving internal reliability (Henseler et al., 2014; Henseler et al., 2009) (Table 5). Their 
loadings determined indicators reliability. Item loadings greater than 0.70 suggested a higher 
correlation between an item and its construct (Hair et al., 2012). Thus, loading should exceed 0.70. 
Table 5 shows reasonable loading values. The indication is reliable.

The average variance extracted (AVE) values were used to determine convergent validity. If the 
AVE values for all variables are more than 0.5, a data set demonstrates convergent validity (Fornell and 
Larcker, 1981). Table 5 demonstrates that the AVE values for all variables fall within an acceptable 
range. Convergent validity is therefore verified.

The heterotrait-monotrait ratio assessed discriminant validity. HTMT measures average 
indicator correlations across constructs. Henseler et al. (2014) recommended discriminant validity 
below 0.90. Table 6 shows heterotrait-monotrait ratios for all variables are below 0.90. This supports 
constructs' discriminant validity according to Henseler et al., (2014). Tables 5 and 6 show that 
variables are within the literature's range. We found convergent validity and good internal reliability.

In this table, the values of loading, Cronbach's alpha, rho-A, composite reliability and average 
variable extracted are mentioned which are calculated by using SmartPLS software.

In the above table HTMT ratio is shown which confirms the discriminant validity of this 
research. As all the values given in table 6 are less than 0.90 we can say that this research has 
discriminant validity.

By using the Fornell Larckar approach this report measure the convergent validity of the data. 
All AVE square roots are greater than their corresponding correlation coefficients, as seen in Table 7. 
The condition for Fornell Larckar approach is established in the table 7. So convergent validity is 
prevailed here.

5.4 Structural Model
After verifying the measuring model's psychometrics, this research studies the structural model. SEM 
determines path strength, importance, and insignificance. Structural evaluation follows measuring test 
rules. R-square assessed structural model fit. Path coefficients (Beta) and t-statistics were utilized to 
evaluate the study hypotheses individually. Bootstrapping with 5,000 re-samples determined path 
significance. The model explained 69.2% of behavioral adoption variance, according to R-square. Path 
coefficients need to be statistically significant at a p-value of at least 0.05 in order to confirm the 
relationships (Byrne, 2016). Table 8 displays structural model path, coefficients, t-statistics, p-value, 
and decision.

Table 8 shows that, at the 5% level of confidence, the results for H1 (p<0.05), H2 (p<0.05), H4 
(p<0.05), H5(p<0.05), and H6(p<0.05) are all significant. At the 5% level of significance, however, the 
path for H3 (p>0.05) lacks statistical significance. This suggests that trust, information quality, 
facilitating conditions, performance expectancy, and effort expectancy all have a big impact on how 
mobile government is adopted behaviorally. Social influence, however, has no effect on the adoption of 
mobile governance.

6. Discussion
Government agencies use mobile phones and other digital means to reach people and citizens to 
increase participation, knowledge, trust, and engagement. Government decision-makers have struggled 
to reach remote citizens with updated information. Sparse locations hinder socioeconomic progress in 
emerging countries. Mobile apps may help society's socioeconomic growth and government service 
delivery. The study shows that citizens across the nation are eager to utilize mobile apps for services 
offered by the government. In this paper, the researchers examined six parameters affecting mG-App 
use by the citizens. Five of six criteria influenced citizens' use of mobile government app. Trust, 
information quality, performance expectancy, facilitating conditions and effort expectancy affect mG-
App adoption in developing countries like Bangladesh. Reasons for the six conceptions' importance 
and non-significance are discussed in the followingsection.

The mG-confidence app is the best way to figure out how people will use new technology. 
Thus, consumers must enter personal and credit card information to use mG-Apps for private 
transactions. The mG-Apps are more likely to be trusted when they have up-to-date information and 
are easy to use. Implementing encryption measures to comply with stricter privacy regulations can 
increase trust in mG-Apps. The privacy policies and information of the mG-new App aim to promote 
user engagement. This proves that a lack of trust is one of the biggest reasons why people don't use 
new systems or technologies (Alalwan et al., 2017).

Consequently, performance expectancy is the second most important constructs in selecting 
mG-App. Citizens evaluate mG-App based on its functional utilities (performance expectancy). 

Demonstrating and publicizing significant features helps improve government online services. 
Furthermore, by introducing new and varied technical channels, the usefulness of government 
institutions can be expanded (Ghalandari, 2012). A study determined that people's openness to trying 
out new technologies is significantly influenced by their expectations of how well they will work 
(Alalwan et al., 2017).

Consequently, effort expectancy is a significant anticipator of users' desire to utilize mG-App. 
This research reveals that inhabitants of Bangladesh, even expats, prefer to execute financial activities 
and acquire information about government services via mobile applications that involve less effort and 
time than other traditional means. The majority of research using the UTAUT has discovered a 
statistically significant correlation between effort expectancy and behavioral adoption (Alalwan et al., 
2017). In contrast to earlier studies (Ahmad & Khalid, 2017), our study reveals that the correlation 
between social impact and behavioral adoption is minimal, suggesting that residents in Bangladesh are 
unlikely to advocate the usage of mG-Apps to their loved ones. In a study done in the Sultanate of 
Oman, Riffai, Grant, and Edgar (2012) found that social impact did not significantly predict behavioral 
adoption in the mobile banking environment. Furthermore, this conclusion aligns with earlier research 
conducted in several sectors of information systems (Alalwan et al., 2017). 

The results also show that supportive settings make it easier for people to change their behavior 
to use the mG-App.  Citizens emphasize available funds, specific skill sets, and amenities such as 
increased Internet access, secured mobile apps, and phones to access and employ mG-App for utilizing 
and accessing govt. services through mobile applications. Multiple further empirical research in the 
field of information systems provide evidence to support this idea (Ahmad & Khalid, 2017). 

The results conclusively demonstrated a robust and favorable relation between the quality of 
information and the intention to utilize the mG-App. This demonstrates the significance of factors such 
as relevant content, frequent updates, and comparable features in driving mG-app adoption. Individuals 
are more inclined to utilize mobile applications if they offer superior information. The findings align 
with previous research indicating the significance of information quality in influencing a user's 
adoption of new technology (Sharma et al., 2017).

7. Implications

7.1 Implications for Theory

Researchers and academics will find the result of this study useful. The model has extended the 
UTAUT framework by include information quality and trust in its explanation of users' acceptance of 
mG-Apps in an Asian environment. The UTAUT model is a well-known framework for analyzing how 
people respond to and adopt new technologies. These two new components can be used by other 
researchers when they work with the UTAUT theory. The statistical findings demonstrate that this 
study's research model can predict behavioral adoption toward mG-App. All measurement indices and 
structural models were within their allowed range. The UTAUT's R-square initially stood at 53% as 
anticipated, but rose to 69.2% upon the inclusion of more data. Therefore, the inclusion of additional 
components enhances the predictive capacity of the study model. This research is a valuable addition 
to the growing database of theory that pertains to the utilization of mobile government, e-government, 
and mobile application development. Second, the study's results supplement the literature about the 
usage of mobile devices for government functions. Furthermore, this research's results can be applied 
to advancing technological advancements in studies of adoption. This study looks at how popular 
government service apps are for mobile devices in a South Asian country like Bangladesh. It adds 
important results to the literature.

7.2 Implications for Practices
This study shows that information quality, effort expectancy, facilitating conditions, trust, performance 
expectancy are significantly related in the context of mG-Apps adoption. Thus, respected authorities 
should consider those concepts while developing citizen-centric mobile apps. Government agencies 
would utilize these findings to develop and implement similar projects in several areas. The results of 
this study are going to support Bangladeshi government agencies in the development of policies that 
effectively encourage the use of mG-Apps. The acceptability of mG-Apps is influenced by both 
performance expectancy and trust, and decision-makers can improve the quality of these apps by 
providing reliable and expedient services. Performance and effort expectancy also affect behavior. In 
other words, residents favor low-effort government service mobile apps. Therefore, it is advisable for 
government mobile app developers to minimize the complexity of app usage and exploration. 
Experienced users can also assist creating mobile apps. Surokkha, a nationwide platform, allows 
residents to register for Coronavirus immunizations, receive certificates, and store data. Government 
officials may add a mG-Apps feedback signal to Surokkha to include user input. The Bangladeshi 
government may also organize a PPP to encourage smart mobile app use. Facilitating factors also 
affect behavioral adoption. This suggests residents' value government-provided mobile access to 
government services. It is advisable for the government to periodically provide concise training 
programs on facility usage in public and commercial organizations across the country. The 
organization indicated above would provide information to potential and prospective clients regarding 
government services accessible on mobile devices, as well as update them on new and upcoming 
services.

The strong link between trust and how people plan to use mG-Apps shows that security and 
privacy are important to people when they use state services on smartphones and other tools. 
Programmers and system analysts should enhance the security of apps by implementing an additional 
safety mechanism to safeguard against mG-Apps. The Bangladeshi government's "Mobile Applications 
Secure Development Guidelines" ensures security and robustness. The quality of information that 
citizens receive has an impact on their behavioral intentions. This suggests that the government is 
expected to provide citizens with information on government services that is precise, accurate, 
meaningful, pertinent, complete, and timely. When information is linked to mobile transactions, 
timeliness and trust are even higher. Mobile app developers should adopt the One Web Approach to 
display the same content on all mobile devices. These mobile apps should have automated notifications 
for the latest modifications. Public and corporate institutions should ensure user data relevancy and 
timeliness. 
8. Conclusion, limitations and Future Research Directions
8.1 Conclusion
Within this work, we tried to identify the crucial elements impacting the behavioral adoption of 
Bangladeshi citizens to utilize the mG-App. In conclusion, the study gave a good understanding of the 
most important things. The findings indicated that positive behavioral intentions were influenced by 
factors including information quality, effort expectancy, facilitating factor, trust, and performance 
expectancy. When considering whether or not to use mG-App, these factors are crucial. There was no 
empirical support indicating that social influence had an impact on the intention to take action, 
implying that individuals in Bangladesh are resistant to the influence of recommendations when it 
comes to their utilization of the mG-App. Therefore, mG-App are strongly recommended for use by 
the people of Bangladesh. As another bonus, it has been found that user-friendly technology increases 
users' behavioral intentions. Government entities will benefit from the results of this investigation since 
they will provide appropriate tactics to encourage more people to get government services through 
mobile apps.

8.2 Limitations and Future Research Directions
Even though this study has made important contributions, it also has some problems. Firstly, this study 
only looks at the opinions of people in Bangladesh, hence the researcher recommended that the 
proposed study model should be implemented with caution in other Asian nations. Future research can 
be conducted to other country context to validate this model. Secondly, the data acquired for this study 
is limited to Dhaka city as the author is a student; financing to collect data across the country is a 
challenge. Future studies can be done by obtaining data from all over the country. Thirdly, because the 
bulk of the respondents were between the ages of 20 and 40, it was suggested that the proposed study 
model be tested with more balanced age group information. Fourthly, this study did not evaluate the 
influence of demographic variables as moderators. If that effect can be seen, the outcome could be 
more interesting. Finally, this study focuses on the initial adoption mG-App, future studies can assess 
the continuous usage intention of mG-app.
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The Acceptance of Mobile Applications for Government Services (MG- App): 
A Study From Users' Perspective
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ABSTRACT
Purpose: The objective of this study is to identify and analyze various factors 
that influence users' acceptance of mobile government applications (mG-Apps).
Methodology: This study has constructed a research model grounded on the 
Unified Theory of Acceptance and Use of Technology (UTAUT). Further, 
information quality and trust, two vital constructs, have been added to the 
UTAUT to enhance the predictability of the model. Data collected from a sample 
size of 212 from Bangladesh has been used to test the model.
Findings: We have employed the popular structural equation modeling (SEM) 
to assess the data. Our results suggest that the significant elements impacting 
users' acceptance of mG-Appsare performance expectancy, effort expectancy, 
facilitating conditions, information quality and trust. In contrast, social influence 
is identified as an insignificant predictor.
Practical Implications: This research will assist different government agencies, 
policymakers, and practitioners in the creation of timely and effective policies to 
develop and promote myriad mG-Apps to render services to the citizens.
Originality/Value: This research has offered an innovative framework to assess 
the acceptance of mG-apps by the citizens. This unique model has been 
constructed by expanding UTAUT with two key contextual constructs such as 
information quality and trust. We believe, this study will contribute to the extant 
body of theory surrounding the use of mobile government, e-government, and 
mobile applications development.
Limitations: This study only looks at the opinions of people in Bangladesh, 
hence the researchers recommend that the proposed study model should be 
validated by using data collected from other similar countries.

1. Introduction
Major developments in technology in recent years have significantly improved a number of mobile 
device features.Besides,most technology advancements in the telecommunications industry have made 
it possible to provide services to citizens more quickly (Biel, Grill, & Gruhn, 2010). Innovative 
hardware and software capabilities allow governmental and commercial organizations to provide 
mobile consumers a wide variety of services (Payne, 2013). Both private and public institutions have a 
significant chance to minimize the digital divide that exists between the general population and the 
government because of the proliferation of modern mobile devices such as smartphones, iPads, and
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other tablets that can run applications. For instance, after mobile applications for online payments were 
introduced, mobile device usage in African nations significantly increased from 50% to 58.4% (Al-
Azizi, Al-Badi, & Al-Zrafi, 2018). These data signify the need to use mobile apps to improve public 
services. 

Many government organizations in Bangladesh have begun to invest in and devote funds to 
projects that would leverage mobile applications to put their resources into action. Mobile applications 
provide a variety of internet-based services and are viewed as promising new markets for Bangladeshi 
government stakeholders to interact and communicate with one another. The mobile services are 
widely available and practical. People have the option to use mobile apps to conduct many types of 
transactions, such as financial or instructive ones. Apps for mobile devices allow users to pay bills, 
report violations, and communicate with authorities (Naqvi & Al-Shihi, 2014). However, research has 
shown that past government-run online programs have been either ineffective or had significant delays 
in being adopted, and the objectives of mGov adoption have not been met thus far (Gao, Krogstie, & 
Siau, 2014). For instance, in the context of underdeveloped countries, 35% of eGov programs were 
determined to be unsuccessful, only 15% of projects were successful, and 50% were only partially 
completed (Napitupulu & Sensuse, 2014).

There has been a rise in the quantity of government-related mobile apps recently since mobile 
communication technologies have developed. "Electronic government" (hereinafter referred to as 
"eGov") is defined as "the use of ICTs and their application by government to offer information and 
public services to the populace". Governments are increasingly employing contemporary methods to 
reconsider their services and offer online services to the public (Veeramootoo, Nunkoo, & Dwivedi, 
2018). On the other hand, the public tends to view the use of mobile apps for government services with 
doubt and distrust (Dwivedi et al., 2017). However, among the most crucial resources for mobile 
governance (mGov) is thought to be smartphone apps (Abdelghaffar & Magdy, 2012). Due to the 
portability of mobile devices and their ability to enable 24/7 Internet access, mobile applications are 
currently employed extensively across practically all corporate and government sectors (Al-Masaeed & 
Love, 2015). As a way to provide citizens with more convenient and timely services, mobile 
applications are increasingly being used by the government. Currently, many governments are 
developing mobile apps to provide vital services to their citizens, thus it's important to assess their 
acceptance (Rana & Dwivedi, 2015). The term "Mg-App" is used frequently in this study to refer to 
apps for government services on mobile devices. 

The prior research relating to mobile use for government services in Bangladesh is at nascent 
stage. Thus, this study aims to provide insights about various determinants of using mobile apps for 
government services and to propose strategies to enhance accessibility and convenience for users. 
Specifically, the goals of this research are to (i) determinethe predictorsand (ii) analyze those predictors 
of mG-Apps adoption in Bangladesh. We use structural Equation Modeling (SEM) approach to 
accomplish our research goals. The first objective is achieved by investigating the literature. The 
second objective is achieved by testing hypotheses.

In the first part of this report, the introduction is written where the whole summary of this 
report is included. The remaining portions of this article are constructed as follows: literature review is 
presented in Chapter 2 which includes both table of important literature and description of other 
literature. In chapter 3, theoretical framework of this report is written which includes description of 
theory, model of this research and construct and hypothesis of that model. Analyzing the data and 
drawing conclusions is covered in the fifth chapter. Chapter six covers the discussion of the analysis. 
Research implications are narrated in Chapter 7. Finally, chapter 8 presents the final thoughts, caveats, 
and directions for future study.

2. Literature Review
2.1 An Overview of Government Services Available Online in Bangladesh
The notion of mobile government is taken from Electronic government. E-government is a system that 
enables cooperation between the government, its citizens, and its several departments. The primary 
goal of E-Gov is to provide government stakeholders with efficient and cost-effective services (Al-
Azizi et al., 2018). The concept of e-Bangladesh was formed in 2002 to administer e-Gov 
infrastructure and technology projects for residents, according to Sadik Hasan (2003). Bangladesh's 
ranking for technological usage has improved since 2002, according to a 2014 UN study (United 
Nations, 2014). Bangladesh is ready for e-Gov, according to this ranking. However, many in 
Bangladesh are unwilling to adopt new technologies. This stops the public from collecting government 
benefits. The Bangladeshi government wants to provide efficient and engaging services. Bangladesh's 
imperative for enhanced telecommunications infrastructure is a primary concern. Government bodies 
have recently created improvement in mobile services.

2.2 Adoption of mobile government
In recent years, several studies have looked into how m-Gov is being used (e.g., Liu et al., 2014; 
Ahmad & Khalid, 2017).  A research project carried out by Shareef et al. (2012) wanted to understand 
citizens' willingness to use m-Gov services. Their research technique for mobile government 
acceptance varies from the government website. Liang et al. (2017) employed the basement theory 
framework to evaluate the adoption of e-Gov cloud technology in China they found organizational, 
technological, and cloud trust factors drove e-Gov cloud service uptake. Liu et al. (2014) researched 
m-Gov adoption in the countryside of China and found TAM components and honesty determined m-
Gov acceptability. Ahmad and Khalid (2017) performed study in the UAE and found that, in addition 
to TAM components, cost, trust, social impact, service variety, and demographic characteristics 
influenced consumers' behavior toward mobile government services. Table 1 shows review of some 
relevant literature.  

2.3 Mobile Government Applications
Most people will use mobile apps for government services if they trust them and think they will work 
well (Sharma, et al., 2018). In their study they used a structural equation model and a neural network 
model. Besides in the UTAUT model, two additional constructs were included in their research. 
Information and trust are these two concepts. According to a survey of UAE nationals, social influence 
and trust are not negatively correlated with end users' willingness to utilize apps for government 
services on mobile devices (Sharma, et al., 2018). Researchers have shown that mobile government 
makes it simpler for people to access government services (Almarashdeh, 2018). Researchers employ 
the structural equation modeling technique to demonstrate this. To verify this theory, many hypotheses 
are developed and investigated. 

From what we've talked about so far, I think there is a gap in the literature about how mobile 
applications are used in government services. I can't find any direct report regarding this issue. In some 
literature, some parts of this topic are discussed only. Like in the literature, there is a discussion about 
the adoption of mobile applications for other countries but there is no article indicating that mobile 
applications have been adopted in Bangladesh for the provision of government services. Consequently, 
a study is currently being conducted to identify the elements that impact individuals' choices to utilize 
mobile applications for accessing government services. A model was created as part of this study to 
elucidate the factors driving the utilization of mobile government services in Bangladesh.

3.Theory, Model and Hypotheses
3.1 Theory and Proposed Model
We have used the popular UTAUT model which is widely used to assess any emerging technology 
adoption from users' perspective. Information systems(IS) research uses UTAUT, a model based on 
eight technology adoption models and the model analyzes human behavior and technology intent 
(Venkatesh, Morris, Davis, & Davis, 2003). By contrasting eight widely accepted frameworks for 
identifying how individuals respond to new technologies, Venkatesh et al. (2003) developed an 
extensive model that integrates the insights of all of them. The UTAUT concept was developed for the 
express purpose of new technology adoption. Numerous studies suggested that UTAUT could be used 
to study IS acceptance and success in emerging nations (Gupta, Dasgupta, & Gupta, 2008). Our 
research is based on this model since it is unified and best represents other technology acceptance 

models. Performance expectancy, effort expectancy, social influence, and facilitating factors make up 
the UTAUT model. 

In addition, we have incorporated two relevant contextual constructs such as trust and 
information quality with the existing UTAUT, which has enhanced the predictive capacity of the 
model. Government mobile applications are not fully captured by the UTAUT's constructs only. 
Government IS services require trust (Hung, Chang, & Kuo, 2013). For this we include trust in our 
research. In order for eGov services, such as mGov, to be successful, government agencies must 
effectively share pertinent information with commercial, public, and municipal organizations, as well 
as the general public (Dwivedi et al., 2017). Numerous studies have investigated the trust and risk 
involved in online (e.g. Luo, Li, Zhang, & Shim, 2010; Alalwan, Dwivedi, Rana, & Simintiras, 2016). 
We have no knowledge of any research that particularly examine the impact of trust and perceived 
threat on the acceptance of government-issued mobile apps. Trust has been recognized as a significant 
exogenous variable in this study on mGov. Besides to spread mobile government, information quality 
plays an important role. For this we include information quality as one of the constructs.

Figure 1 represents the research model that is founded on what we've talked about so far. It is 
thought that UTAUT constructs, as well as trust and the quality of information, are what make people 
use mobile apps for government services.

Figure 1.
Proposed Research Model.
Source: Authors Developed.

3.2 Constructs and Hypothesis
3.2.1 Performance Expectancy
Performance expectancy is approximately how much does a person expects new technology to 
improve their work performance (Venkatesh et al., 2003). As predicted by the UTAUT model, research, 
performance expectancy predicts behavioral intention in order to use cutting-edge technical knowledge 
(Alalwan, Dwivedi, & Rana, 2017). We hypothesize that performance expectancy affects mG-App 
users' behavior intentions. If they want government services on demand, the citizens of Bangladesh 
must use smartphone apps. Alalwan et al. (2017) validated that expectancy of performance affect 
Middle Eastern mobile technology adoption. Thus, we hypothesize:

H1. Performance expectancy and intention to use mGApp are positively related.

3.2.2 Effort Expectancy
Effort expectancy" is a person's estimate of the mental and physical effort required to use a system or 
technology (Venkatesh et al., 2003). Time and effort spent learning a new information system affecting 
usage intentions is suggested by the UTAUT model. Technology adoption studies (e.g. Alalwan et al., 
2017; Hanafizadeh et al., 2014) show that effort expectancy strongly influences behavior. Al-Busaidi 
(2012) noted that users are less likely to use complex information systems. The widely used TAM 
(Davis, 1989) acceptance model states that consumers will adopt modern technology when this is easy 
to use and doesn't require more work. mG-Apps, which require expertise and effort, may affect 
behavioral adoption to use mobile apps. Thus, this study hypothesizes: 
H2. Effort expectancy and intention to use mG-App are positively related.

3.2.3 Social Influence
When consumers are unfamiliar with new services, reference groups may influence their adoption (e.g. 
Ahmad & Khalid, 2017; Venkatesh et al., 2012). Social effect refers to the degree to which individuals 
think that their relatives, friends, coworkers, and other close acquaintances anticipate them to utilize a 
certain technology (Venkatesh et al., 2012). Social influence determines mobile commerce adoption, 
according to Chong (2013). According to Leong and et al., (2013), in Oman, social influence may 
affect mGApp use. According to prior research, social influence may alter behavioral adoption 
(Alalwan et al., 2017). Thus, our hypothesis:
H3. Social influence is positively related to the acceptance of mG-App.

3.2.4 Facilitatin Gconditions
The term "facilitating condition" refers to the extent how an individual views the presence of an 
administrative and technological infrastructure that enables the effective utilization of government 
services (Venkatesh et al., 2003). Users of the MG-App express concerns regarding the ability to 
access links and the speed at which data may be uploaded and downloaded. According to Lewis, 
Fretwell, Ryan, and Parham (2013), people who use new technologies require assistance. Consumers 
are reluctant to adopt new technologies when support structures are weak (Hew, Lee, Ooi, & Wei, 
2015). In his study of consumer behavior in mobile commerce, Chong (2013) demonstrated the impact 
of favorable conditions. Indicators, such as the ones mentioned above, highlight the significance of 
favorable conditions for the adoption of mG-App. Multiple recent IS studies (Ahmad & Khalid, 2017; 
Alalwan et al., 2015) find that enabling factors are the primary influence on behavioral intention. Thus, 
our theories are:
H4. Facilitating conditions and intention to accept mG-App are positively connected.

3.2.5 Trust
Research on the diffusion of technical breakthroughs suggests that people's seeming lack of confidence 
in it can lead to their reluctance to adopt and utilize it. Evaluating the viewpoints of each individual on 
new technology; the way people behave and the degree of trust they have in you can significantly 
impact their willingness to employ advanced technology (Venkatesh, Thong, Chan, Hu, & Brown, 
2011). Trust was found as a significant predictor of information system adoption in multiple research 
investigations. Bangladesh recently adopted mGApps, where individuals prefer to physically access 
services provided by the government. They would rather communicate face-to-face encounters and 
continue manually after service or information requests. If service requests are unclear or unreliable, 
mobile apps may be avoided. Thus, to provide information, consumers must have the trust to use 
mobile apps to transact (Montazemi & Saremi, 2013). This study examines whether respondents are 

willing to trust mG-Apps. If respondents trust mG-Apps, their behavior will improve. For this we 
suggest the following theory:
H5. Trust has a positive effect on individual's behavioral adoption to use mG-App.

3.2.6 Information quality
The concept of information quality is established and described by Delone and McLean (1992, 2003) 
as a system's completeness, timeliness, correctness, and relevance. Inaccurate and irrelevant 
government service information will harm users' behavior. Researchers (Al-Busaidi & Al-Shihi, 2012; 
Sharma, Gaur, Saddikuti, & Rastogi, 2017) have found that the acceptability of recent advancements in 
informational technology is influenced by the presence of high-quality content. According to Tam and 
Oliveira (2016), information quality affects mobile technology use. We hypothesize that information 
quality influences Bangladeshi acceptance of mG-App:
H6. Information quality and intention to accept mG-App are positively related.

4. Methodology
4.1 Variables and Measurement
Based on extant literature, a survey instrument was created. This questionnaire has 23 questions. The 
questionnaire has two parts. Name, age, and other demographic questions are asked initially. 23 close-
ended questions measure this model's 7 constructs in the second section. Items measuring the 
constructs were derived from the literature and adapted to the context of the study. Except for the 
controls, a five-point Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree) was used to 
assess all other critical constructs. The methods used to measure the control variables were based on 
the previous research (Ilmudeen and Bao, 2018). Pre-testing improved measuring item clarity, 
uniformity, and comprehensibility. 30 volunteers participated in a pilot test. Following the pilot test, we 
made adjustments to the research questions.Table 2 shows constructs, measurement items and sources.

4.2 Data Collection Procedure and Sample

212 adult mobile government service users provided data.The authors aimed to get different mobile 
app users to answer the questionnaire. Electronic and hard-copy surveys were distributed. Convenience 
sampling was used to obtain data as it is very easy and less costly for the authors. The Structure 
Equation Model requires 200 responders, according to the literature. For collecting data, we developed 
an online questionnaire using google form and shared indifferent online platforms such as Facebook, 
WhatsApp, and LinkedIn. We also distributed printed version of questionnaire to different citizens who 
showed willingness to provide answers. This procedure yielded 250 data. After data cleansing, 212 
surveys were analyzed.

4.3 Non-Response Bias

The independent t-test was used to compare all of the constructs. From the results of the test, we found 
no statistically significant differences. The chi-squared test for independence was used to double-check 
these findings, and it revealed no statistically significant deviations. This study's data set, thus, was 
deemed to be free of non-response bias.

4.4. Data Analysis

At first stage, we perform some basic analysis. The constructs' validity and reliability, the model's 
predictive value, and the total variance explained were then evaluated using SEM. The SEM approach 
was chosen because it allows researchers to examine the relationships between all of the constructs 
simultaneously. Because of its emphasis on theory construction and discovery rather than model 
verification, SEM is also a more appropriate method for this study. SEM cannot, however, explore the 
non-linear interactions between the components, which could lead to a simplified analysis of the 
complicated decision-making process itself. We have generated six hypotheses for employing SEM, 
and by applying the findings from these hypotheses, we may achieve our research goals.The SEM 
result satisfies both objectives 1 and 2. SEM is therefore the ideal method for our study.

5. Analysis
5.1 Demographics Description
There were a total of 212 participants in this study, with females accounting for 51% (or 108 
participants) and males for 49% (or 104 participants). Ninety percent of the respondents in this study 
are under the age of thirty, making up 191 of the total sample size. The majority of those in the sample 
(67%) have at least a bachelor's degree, with another 19% holding a master's or doctorate, and the 
remaining 14% holding only a secondary school diploma. The study sample is also representative of 
Internet users with regard to their past week's usage frequency. It shows how long people spend online. 
About 38% (or 81 respondents) spent 0-1 hours online, about 24% (or 51 respondents) spent 6-10 
hours, and about 37% (or 80 respondents) spent > 11 hours online. Furthermore, the sample also 
reveals the user's past behavior on the Internet. It reveals that 71 percent of participants (or 151 
participants) have been Internet users for more than eight years. About 10% of the sample, or 21 
people, had used the Internet for fewer than one year, while about 19%, or 40 people, had been doing 
so for five or more years. Results show that the majority of the sample group regularly uses the 
Internet. Table 3 shows summary of the demographics of the respondents. 

5.2 Common Method Bias and Multicollinearity Test
A behavioral study using cross-sectional survey data is prone to common method bias (CMB). Since 
there was no external verification of the data, we focused on CMB which might compromise the 
study's findings. We evaluated CMB using SPSS 23.0 and Harman's single-factor test. Principal axis 
factor (PAF) analysis was performed to determine the number of variables necessary to explain 
variance. The results of our test indicate that a single construct accounted for only 34.87 percent of the 
variance, which is much lower than the minimum value of 50 percent. The evaluation of CMB was 
conducted utilizing the variance inflation factor (VIF) data obtained from the comprehensive 
collinearity test (Table 4). The lower VIF values (< 3.3) indicated that this study is free from CMB 
risk. Also, VIF scores below 10 indicate that this study does not have multicollinearity.

5.3 Measurement Model
Construct reliability measurements include Cronbach's alpha, Dijkstra-rho Henseler's (A), and 
composite reliability. The results showed that each construct had reliability criterion values of 0.70 or 
above, proving internal reliability (Henseler et al., 2014; Henseler et al., 2009) (Table 5). Their 
loadings determined indicators reliability. Item loadings greater than 0.70 suggested a higher 
correlation between an item and its construct (Hair et al., 2012). Thus, loading should exceed 0.70. 
Table 5 shows reasonable loading values. The indication is reliable.

The average variance extracted (AVE) values were used to determine convergent validity. If the 
AVE values for all variables are more than 0.5, a data set demonstrates convergent validity (Fornell and 
Larcker, 1981). Table 5 demonstrates that the AVE values for all variables fall within an acceptable 
range. Convergent validity is therefore verified.

The heterotrait-monotrait ratio assessed discriminant validity. HTMT measures average 
indicator correlations across constructs. Henseler et al. (2014) recommended discriminant validity 
below 0.90. Table 6 shows heterotrait-monotrait ratios for all variables are below 0.90. This supports 
constructs' discriminant validity according to Henseler et al., (2014). Tables 5 and 6 show that 
variables are within the literature's range. We found convergent validity and good internal reliability.

In this table, the values of loading, Cronbach's alpha, rho-A, composite reliability and average 
variable extracted are mentioned which are calculated by using SmartPLS software.

In the above table HTMT ratio is shown which confirms the discriminant validity of this 
research. As all the values given in table 6 are less than 0.90 we can say that this research has 
discriminant validity.

By using the Fornell Larckar approach this report measure the convergent validity of the data. 
All AVE square roots are greater than their corresponding correlation coefficients, as seen in Table 7. 
The condition for Fornell Larckar approach is established in the table 7. So convergent validity is 
prevailed here.

5.4 Structural Model
After verifying the measuring model's psychometrics, this research studies the structural model. SEM 
determines path strength, importance, and insignificance. Structural evaluation follows measuring test 
rules. R-square assessed structural model fit. Path coefficients (Beta) and t-statistics were utilized to 
evaluate the study hypotheses individually. Bootstrapping with 5,000 re-samples determined path 
significance. The model explained 69.2% of behavioral adoption variance, according to R-square. Path 
coefficients need to be statistically significant at a p-value of at least 0.05 in order to confirm the 
relationships (Byrne, 2016). Table 8 displays structural model path, coefficients, t-statistics, p-value, 
and decision.

Table 8 shows that, at the 5% level of confidence, the results for H1 (p<0.05), H2 (p<0.05), H4 
(p<0.05), H5(p<0.05), and H6(p<0.05) are all significant. At the 5% level of significance, however, the 
path for H3 (p>0.05) lacks statistical significance. This suggests that trust, information quality, 
facilitating conditions, performance expectancy, and effort expectancy all have a big impact on how 
mobile government is adopted behaviorally. Social influence, however, has no effect on the adoption of 
mobile governance.

6. Discussion
Government agencies use mobile phones and other digital means to reach people and citizens to 
increase participation, knowledge, trust, and engagement. Government decision-makers have struggled 
to reach remote citizens with updated information. Sparse locations hinder socioeconomic progress in 
emerging countries. Mobile apps may help society's socioeconomic growth and government service 
delivery. The study shows that citizens across the nation are eager to utilize mobile apps for services 
offered by the government. In this paper, the researchers examined six parameters affecting mG-App 
use by the citizens. Five of six criteria influenced citizens' use of mobile government app. Trust, 
information quality, performance expectancy, facilitating conditions and effort expectancy affect mG-
App adoption in developing countries like Bangladesh. Reasons for the six conceptions' importance 
and non-significance are discussed in the followingsection.

The mG-confidence app is the best way to figure out how people will use new technology. 
Thus, consumers must enter personal and credit card information to use mG-Apps for private 
transactions. The mG-Apps are more likely to be trusted when they have up-to-date information and 
are easy to use. Implementing encryption measures to comply with stricter privacy regulations can 
increase trust in mG-Apps. The privacy policies and information of the mG-new App aim to promote 
user engagement. This proves that a lack of trust is one of the biggest reasons why people don't use 
new systems or technologies (Alalwan et al., 2017).

Consequently, performance expectancy is the second most important constructs in selecting 
mG-App. Citizens evaluate mG-App based on its functional utilities (performance expectancy). 

Demonstrating and publicizing significant features helps improve government online services. 
Furthermore, by introducing new and varied technical channels, the usefulness of government 
institutions can be expanded (Ghalandari, 2012). A study determined that people's openness to trying 
out new technologies is significantly influenced by their expectations of how well they will work 
(Alalwan et al., 2017).

Consequently, effort expectancy is a significant anticipator of users' desire to utilize mG-App. 
This research reveals that inhabitants of Bangladesh, even expats, prefer to execute financial activities 
and acquire information about government services via mobile applications that involve less effort and 
time than other traditional means. The majority of research using the UTAUT has discovered a 
statistically significant correlation between effort expectancy and behavioral adoption (Alalwan et al., 
2017). In contrast to earlier studies (Ahmad & Khalid, 2017), our study reveals that the correlation 
between social impact and behavioral adoption is minimal, suggesting that residents in Bangladesh are 
unlikely to advocate the usage of mG-Apps to their loved ones. In a study done in the Sultanate of 
Oman, Riffai, Grant, and Edgar (2012) found that social impact did not significantly predict behavioral 
adoption in the mobile banking environment. Furthermore, this conclusion aligns with earlier research 
conducted in several sectors of information systems (Alalwan et al., 2017). 

The results also show that supportive settings make it easier for people to change their behavior 
to use the mG-App.  Citizens emphasize available funds, specific skill sets, and amenities such as 
increased Internet access, secured mobile apps, and phones to access and employ mG-App for utilizing 
and accessing govt. services through mobile applications. Multiple further empirical research in the 
field of information systems provide evidence to support this idea (Ahmad & Khalid, 2017). 

The results conclusively demonstrated a robust and favorable relation between the quality of 
information and the intention to utilize the mG-App. This demonstrates the significance of factors such 
as relevant content, frequent updates, and comparable features in driving mG-app adoption. Individuals 
are more inclined to utilize mobile applications if they offer superior information. The findings align 
with previous research indicating the significance of information quality in influencing a user's 
adoption of new technology (Sharma et al., 2017).

7. Implications

7.1 Implications for Theory

Researchers and academics will find the result of this study useful. The model has extended the 
UTAUT framework by include information quality and trust in its explanation of users' acceptance of 
mG-Apps in an Asian environment. The UTAUT model is a well-known framework for analyzing how 
people respond to and adopt new technologies. These two new components can be used by other 
researchers when they work with the UTAUT theory. The statistical findings demonstrate that this 
study's research model can predict behavioral adoption toward mG-App. All measurement indices and 
structural models were within their allowed range. The UTAUT's R-square initially stood at 53% as 
anticipated, but rose to 69.2% upon the inclusion of more data. Therefore, the inclusion of additional 
components enhances the predictive capacity of the study model. This research is a valuable addition 
to the growing database of theory that pertains to the utilization of mobile government, e-government, 
and mobile application development. Second, the study's results supplement the literature about the 
usage of mobile devices for government functions. Furthermore, this research's results can be applied 
to advancing technological advancements in studies of adoption. This study looks at how popular 
government service apps are for mobile devices in a South Asian country like Bangladesh. It adds 
important results to the literature.

7.2 Implications for Practices
This study shows that information quality, effort expectancy, facilitating conditions, trust, performance 
expectancy are significantly related in the context of mG-Apps adoption. Thus, respected authorities 
should consider those concepts while developing citizen-centric mobile apps. Government agencies 
would utilize these findings to develop and implement similar projects in several areas. The results of 
this study are going to support Bangladeshi government agencies in the development of policies that 
effectively encourage the use of mG-Apps. The acceptability of mG-Apps is influenced by both 
performance expectancy and trust, and decision-makers can improve the quality of these apps by 
providing reliable and expedient services. Performance and effort expectancy also affect behavior. In 
other words, residents favor low-effort government service mobile apps. Therefore, it is advisable for 
government mobile app developers to minimize the complexity of app usage and exploration. 
Experienced users can also assist creating mobile apps. Surokkha, a nationwide platform, allows 
residents to register for Coronavirus immunizations, receive certificates, and store data. Government 
officials may add a mG-Apps feedback signal to Surokkha to include user input. The Bangladeshi 
government may also organize a PPP to encourage smart mobile app use. Facilitating factors also 
affect behavioral adoption. This suggests residents' value government-provided mobile access to 
government services. It is advisable for the government to periodically provide concise training 
programs on facility usage in public and commercial organizations across the country. The 
organization indicated above would provide information to potential and prospective clients regarding 
government services accessible on mobile devices, as well as update them on new and upcoming 
services.

The strong link between trust and how people plan to use mG-Apps shows that security and 
privacy are important to people when they use state services on smartphones and other tools. 
Programmers and system analysts should enhance the security of apps by implementing an additional 
safety mechanism to safeguard against mG-Apps. The Bangladeshi government's "Mobile Applications 
Secure Development Guidelines" ensures security and robustness. The quality of information that 
citizens receive has an impact on their behavioral intentions. This suggests that the government is 
expected to provide citizens with information on government services that is precise, accurate, 
meaningful, pertinent, complete, and timely. When information is linked to mobile transactions, 
timeliness and trust are even higher. Mobile app developers should adopt the One Web Approach to 
display the same content on all mobile devices. These mobile apps should have automated notifications 
for the latest modifications. Public and corporate institutions should ensure user data relevancy and 
timeliness. 
8. Conclusion, limitations and Future Research Directions
8.1 Conclusion
Within this work, we tried to identify the crucial elements impacting the behavioral adoption of 
Bangladeshi citizens to utilize the mG-App. In conclusion, the study gave a good understanding of the 
most important things. The findings indicated that positive behavioral intentions were influenced by 
factors including information quality, effort expectancy, facilitating factor, trust, and performance 
expectancy. When considering whether or not to use mG-App, these factors are crucial. There was no 
empirical support indicating that social influence had an impact on the intention to take action, 
implying that individuals in Bangladesh are resistant to the influence of recommendations when it 
comes to their utilization of the mG-App. Therefore, mG-App are strongly recommended for use by 
the people of Bangladesh. As another bonus, it has been found that user-friendly technology increases 
users' behavioral intentions. Government entities will benefit from the results of this investigation since 
they will provide appropriate tactics to encourage more people to get government services through 
mobile apps.

8.2 Limitations and Future Research Directions
Even though this study has made important contributions, it also has some problems. Firstly, this study 
only looks at the opinions of people in Bangladesh, hence the researcher recommended that the 
proposed study model should be implemented with caution in other Asian nations. Future research can 
be conducted to other country context to validate this model. Secondly, the data acquired for this study 
is limited to Dhaka city as the author is a student; financing to collect data across the country is a 
challenge. Future studies can be done by obtaining data from all over the country. Thirdly, because the 
bulk of the respondents were between the ages of 20 and 40, it was suggested that the proposed study 
model be tested with more balanced age group information. Fourthly, this study did not evaluate the 
influence of demographic variables as moderators. If that effect can be seen, the outcome could be 
more interesting. Finally, this study focuses on the initial adoption mG-App, future studies can assess 
the continuous usage intention of mG-app.
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Table 8.
Structural Model

Source: Authors Calculation

Hypotheses

Hypothesis 1
Hypothesis 2
Hypothesis 3
Hypothesis 4
Hypothesis 5
Hypothesis 6

Path

PE -> BI
EE -> BI
SI -> BI
FC -> BI
TR -> BI
IQ -> BI

Coefficient

0.236
0.210
0.048
0.217
0.177
0.178

t-statistics

4.506
3.451
0.698
3.706
3.524
3.085

p-values

0.000
0.001
0.485
0.005
0.000
0.002

Decision

Supported
Supported

Not Supported
Supported
Supported
Supported
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The Acceptance of Mobile Applications for Government Services (MG- App): 
A Study From Users' Perspective
Monisha Akter Meem1 & Dr. Abul Khayer2*

ABSTRACT
Purpose: The objective of this study is to identify and analyze various factors 
that influence users' acceptance of mobile government applications (mG-Apps).
Methodology: This study has constructed a research model grounded on the 
Unified Theory of Acceptance and Use of Technology (UTAUT). Further, 
information quality and trust, two vital constructs, have been added to the 
UTAUT to enhance the predictability of the model. Data collected from a sample 
size of 212 from Bangladesh has been used to test the model.
Findings: We have employed the popular structural equation modeling (SEM) 
to assess the data. Our results suggest that the significant elements impacting 
users' acceptance of mG-Appsare performance expectancy, effort expectancy, 
facilitating conditions, information quality and trust. In contrast, social influence 
is identified as an insignificant predictor.
Practical Implications: This research will assist different government agencies, 
policymakers, and practitioners in the creation of timely and effective policies to 
develop and promote myriad mG-Apps to render services to the citizens.
Originality/Value: This research has offered an innovative framework to assess 
the acceptance of mG-apps by the citizens. This unique model has been 
constructed by expanding UTAUT with two key contextual constructs such as 
information quality and trust. We believe, this study will contribute to the extant 
body of theory surrounding the use of mobile government, e-government, and 
mobile applications development.
Limitations: This study only looks at the opinions of people in Bangladesh, 
hence the researchers recommend that the proposed study model should be 
validated by using data collected from other similar countries.

1. Introduction
Major developments in technology in recent years have significantly improved a number of mobile 
device features.Besides,most technology advancements in the telecommunications industry have made 
it possible to provide services to citizens more quickly (Biel, Grill, & Gruhn, 2010). Innovative 
hardware and software capabilities allow governmental and commercial organizations to provide 
mobile consumers a wide variety of services (Payne, 2013). Both private and public institutions have a 
significant chance to minimize the digital divide that exists between the general population and the 
government because of the proliferation of modern mobile devices such as smartphones, iPads, and
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other tablets that can run applications. For instance, after mobile applications for online payments were 
introduced, mobile device usage in African nations significantly increased from 50% to 58.4% (Al-
Azizi, Al-Badi, & Al-Zrafi, 2018). These data signify the need to use mobile apps to improve public 
services. 

Many government organizations in Bangladesh have begun to invest in and devote funds to 
projects that would leverage mobile applications to put their resources into action. Mobile applications 
provide a variety of internet-based services and are viewed as promising new markets for Bangladeshi 
government stakeholders to interact and communicate with one another. The mobile services are 
widely available and practical. People have the option to use mobile apps to conduct many types of 
transactions, such as financial or instructive ones. Apps for mobile devices allow users to pay bills, 
report violations, and communicate with authorities (Naqvi & Al-Shihi, 2014). However, research has 
shown that past government-run online programs have been either ineffective or had significant delays 
in being adopted, and the objectives of mGov adoption have not been met thus far (Gao, Krogstie, & 
Siau, 2014). For instance, in the context of underdeveloped countries, 35% of eGov programs were 
determined to be unsuccessful, only 15% of projects were successful, and 50% were only partially 
completed (Napitupulu & Sensuse, 2014).

There has been a rise in the quantity of government-related mobile apps recently since mobile 
communication technologies have developed. "Electronic government" (hereinafter referred to as 
"eGov") is defined as "the use of ICTs and their application by government to offer information and 
public services to the populace". Governments are increasingly employing contemporary methods to 
reconsider their services and offer online services to the public (Veeramootoo, Nunkoo, & Dwivedi, 
2018). On the other hand, the public tends to view the use of mobile apps for government services with 
doubt and distrust (Dwivedi et al., 2017). However, among the most crucial resources for mobile 
governance (mGov) is thought to be smartphone apps (Abdelghaffar & Magdy, 2012). Due to the 
portability of mobile devices and their ability to enable 24/7 Internet access, mobile applications are 
currently employed extensively across practically all corporate and government sectors (Al-Masaeed & 
Love, 2015). As a way to provide citizens with more convenient and timely services, mobile 
applications are increasingly being used by the government. Currently, many governments are 
developing mobile apps to provide vital services to their citizens, thus it's important to assess their 
acceptance (Rana & Dwivedi, 2015). The term "Mg-App" is used frequently in this study to refer to 
apps for government services on mobile devices. 

The prior research relating to mobile use for government services in Bangladesh is at nascent 
stage. Thus, this study aims to provide insights about various determinants of using mobile apps for 
government services and to propose strategies to enhance accessibility and convenience for users. 
Specifically, the goals of this research are to (i) determinethe predictorsand (ii) analyze those predictors 
of mG-Apps adoption in Bangladesh. We use structural Equation Modeling (SEM) approach to 
accomplish our research goals. The first objective is achieved by investigating the literature. The 
second objective is achieved by testing hypotheses.

In the first part of this report, the introduction is written where the whole summary of this 
report is included. The remaining portions of this article are constructed as follows: literature review is 
presented in Chapter 2 which includes both table of important literature and description of other 
literature. In chapter 3, theoretical framework of this report is written which includes description of 
theory, model of this research and construct and hypothesis of that model. Analyzing the data and 
drawing conclusions is covered in the fifth chapter. Chapter six covers the discussion of the analysis. 
Research implications are narrated in Chapter 7. Finally, chapter 8 presents the final thoughts, caveats, 
and directions for future study.

2. Literature Review
2.1 An Overview of Government Services Available Online in Bangladesh
The notion of mobile government is taken from Electronic government. E-government is a system that 
enables cooperation between the government, its citizens, and its several departments. The primary 
goal of E-Gov is to provide government stakeholders with efficient and cost-effective services (Al-
Azizi et al., 2018). The concept of e-Bangladesh was formed in 2002 to administer e-Gov 
infrastructure and technology projects for residents, according to Sadik Hasan (2003). Bangladesh's 
ranking for technological usage has improved since 2002, according to a 2014 UN study (United 
Nations, 2014). Bangladesh is ready for e-Gov, according to this ranking. However, many in 
Bangladesh are unwilling to adopt new technologies. This stops the public from collecting government 
benefits. The Bangladeshi government wants to provide efficient and engaging services. Bangladesh's 
imperative for enhanced telecommunications infrastructure is a primary concern. Government bodies 
have recently created improvement in mobile services.

2.2 Adoption of mobile government
In recent years, several studies have looked into how m-Gov is being used (e.g., Liu et al., 2014; 
Ahmad & Khalid, 2017).  A research project carried out by Shareef et al. (2012) wanted to understand 
citizens' willingness to use m-Gov services. Their research technique for mobile government 
acceptance varies from the government website. Liang et al. (2017) employed the basement theory 
framework to evaluate the adoption of e-Gov cloud technology in China they found organizational, 
technological, and cloud trust factors drove e-Gov cloud service uptake. Liu et al. (2014) researched 
m-Gov adoption in the countryside of China and found TAM components and honesty determined m-
Gov acceptability. Ahmad and Khalid (2017) performed study in the UAE and found that, in addition 
to TAM components, cost, trust, social impact, service variety, and demographic characteristics 
influenced consumers' behavior toward mobile government services. Table 1 shows review of some 
relevant literature.  

2.3 Mobile Government Applications
Most people will use mobile apps for government services if they trust them and think they will work 
well (Sharma, et al., 2018). In their study they used a structural equation model and a neural network 
model. Besides in the UTAUT model, two additional constructs were included in their research. 
Information and trust are these two concepts. According to a survey of UAE nationals, social influence 
and trust are not negatively correlated with end users' willingness to utilize apps for government 
services on mobile devices (Sharma, et al., 2018). Researchers have shown that mobile government 
makes it simpler for people to access government services (Almarashdeh, 2018). Researchers employ 
the structural equation modeling technique to demonstrate this. To verify this theory, many hypotheses 
are developed and investigated. 

From what we've talked about so far, I think there is a gap in the literature about how mobile 
applications are used in government services. I can't find any direct report regarding this issue. In some 
literature, some parts of this topic are discussed only. Like in the literature, there is a discussion about 
the adoption of mobile applications for other countries but there is no article indicating that mobile 
applications have been adopted in Bangladesh for the provision of government services. Consequently, 
a study is currently being conducted to identify the elements that impact individuals' choices to utilize 
mobile applications for accessing government services. A model was created as part of this study to 
elucidate the factors driving the utilization of mobile government services in Bangladesh.

3.Theory, Model and Hypotheses
3.1 Theory and Proposed Model
We have used the popular UTAUT model which is widely used to assess any emerging technology 
adoption from users' perspective. Information systems(IS) research uses UTAUT, a model based on 
eight technology adoption models and the model analyzes human behavior and technology intent 
(Venkatesh, Morris, Davis, & Davis, 2003). By contrasting eight widely accepted frameworks for 
identifying how individuals respond to new technologies, Venkatesh et al. (2003) developed an 
extensive model that integrates the insights of all of them. The UTAUT concept was developed for the 
express purpose of new technology adoption. Numerous studies suggested that UTAUT could be used 
to study IS acceptance and success in emerging nations (Gupta, Dasgupta, & Gupta, 2008). Our 
research is based on this model since it is unified and best represents other technology acceptance 

models. Performance expectancy, effort expectancy, social influence, and facilitating factors make up 
the UTAUT model. 

In addition, we have incorporated two relevant contextual constructs such as trust and 
information quality with the existing UTAUT, which has enhanced the predictive capacity of the 
model. Government mobile applications are not fully captured by the UTAUT's constructs only. 
Government IS services require trust (Hung, Chang, & Kuo, 2013). For this we include trust in our 
research. In order for eGov services, such as mGov, to be successful, government agencies must 
effectively share pertinent information with commercial, public, and municipal organizations, as well 
as the general public (Dwivedi et al., 2017). Numerous studies have investigated the trust and risk 
involved in online (e.g. Luo, Li, Zhang, & Shim, 2010; Alalwan, Dwivedi, Rana, & Simintiras, 2016). 
We have no knowledge of any research that particularly examine the impact of trust and perceived 
threat on the acceptance of government-issued mobile apps. Trust has been recognized as a significant 
exogenous variable in this study on mGov. Besides to spread mobile government, information quality 
plays an important role. For this we include information quality as one of the constructs.

Figure 1 represents the research model that is founded on what we've talked about so far. It is 
thought that UTAUT constructs, as well as trust and the quality of information, are what make people 
use mobile apps for government services.

Figure 1.
Proposed Research Model.
Source: Authors Developed.

3.2 Constructs and Hypothesis
3.2.1 Performance Expectancy
Performance expectancy is approximately how much does a person expects new technology to 
improve their work performance (Venkatesh et al., 2003). As predicted by the UTAUT model, research, 
performance expectancy predicts behavioral intention in order to use cutting-edge technical knowledge 
(Alalwan, Dwivedi, & Rana, 2017). We hypothesize that performance expectancy affects mG-App 
users' behavior intentions. If they want government services on demand, the citizens of Bangladesh 
must use smartphone apps. Alalwan et al. (2017) validated that expectancy of performance affect 
Middle Eastern mobile technology adoption. Thus, we hypothesize:

H1. Performance expectancy and intention to use mGApp are positively related.

3.2.2 Effort Expectancy
Effort expectancy" is a person's estimate of the mental and physical effort required to use a system or 
technology (Venkatesh et al., 2003). Time and effort spent learning a new information system affecting 
usage intentions is suggested by the UTAUT model. Technology adoption studies (e.g. Alalwan et al., 
2017; Hanafizadeh et al., 2014) show that effort expectancy strongly influences behavior. Al-Busaidi 
(2012) noted that users are less likely to use complex information systems. The widely used TAM 
(Davis, 1989) acceptance model states that consumers will adopt modern technology when this is easy 
to use and doesn't require more work. mG-Apps, which require expertise and effort, may affect 
behavioral adoption to use mobile apps. Thus, this study hypothesizes: 
H2. Effort expectancy and intention to use mG-App are positively related.

3.2.3 Social Influence
When consumers are unfamiliar with new services, reference groups may influence their adoption (e.g. 
Ahmad & Khalid, 2017; Venkatesh et al., 2012). Social effect refers to the degree to which individuals 
think that their relatives, friends, coworkers, and other close acquaintances anticipate them to utilize a 
certain technology (Venkatesh et al., 2012). Social influence determines mobile commerce adoption, 
according to Chong (2013). According to Leong and et al., (2013), in Oman, social influence may 
affect mGApp use. According to prior research, social influence may alter behavioral adoption 
(Alalwan et al., 2017). Thus, our hypothesis:
H3. Social influence is positively related to the acceptance of mG-App.

3.2.4 Facilitatin Gconditions
The term "facilitating condition" refers to the extent how an individual views the presence of an 
administrative and technological infrastructure that enables the effective utilization of government 
services (Venkatesh et al., 2003). Users of the MG-App express concerns regarding the ability to 
access links and the speed at which data may be uploaded and downloaded. According to Lewis, 
Fretwell, Ryan, and Parham (2013), people who use new technologies require assistance. Consumers 
are reluctant to adopt new technologies when support structures are weak (Hew, Lee, Ooi, & Wei, 
2015). In his study of consumer behavior in mobile commerce, Chong (2013) demonstrated the impact 
of favorable conditions. Indicators, such as the ones mentioned above, highlight the significance of 
favorable conditions for the adoption of mG-App. Multiple recent IS studies (Ahmad & Khalid, 2017; 
Alalwan et al., 2015) find that enabling factors are the primary influence on behavioral intention. Thus, 
our theories are:
H4. Facilitating conditions and intention to accept mG-App are positively connected.

3.2.5 Trust
Research on the diffusion of technical breakthroughs suggests that people's seeming lack of confidence 
in it can lead to their reluctance to adopt and utilize it. Evaluating the viewpoints of each individual on 
new technology; the way people behave and the degree of trust they have in you can significantly 
impact their willingness to employ advanced technology (Venkatesh, Thong, Chan, Hu, & Brown, 
2011). Trust was found as a significant predictor of information system adoption in multiple research 
investigations. Bangladesh recently adopted mGApps, where individuals prefer to physically access 
services provided by the government. They would rather communicate face-to-face encounters and 
continue manually after service or information requests. If service requests are unclear or unreliable, 
mobile apps may be avoided. Thus, to provide information, consumers must have the trust to use 
mobile apps to transact (Montazemi & Saremi, 2013). This study examines whether respondents are 

willing to trust mG-Apps. If respondents trust mG-Apps, their behavior will improve. For this we 
suggest the following theory:
H5. Trust has a positive effect on individual's behavioral adoption to use mG-App.

3.2.6 Information quality
The concept of information quality is established and described by Delone and McLean (1992, 2003) 
as a system's completeness, timeliness, correctness, and relevance. Inaccurate and irrelevant 
government service information will harm users' behavior. Researchers (Al-Busaidi & Al-Shihi, 2012; 
Sharma, Gaur, Saddikuti, & Rastogi, 2017) have found that the acceptability of recent advancements in 
informational technology is influenced by the presence of high-quality content. According to Tam and 
Oliveira (2016), information quality affects mobile technology use. We hypothesize that information 
quality influences Bangladeshi acceptance of mG-App:
H6. Information quality and intention to accept mG-App are positively related.

4. Methodology
4.1 Variables and Measurement
Based on extant literature, a survey instrument was created. This questionnaire has 23 questions. The 
questionnaire has two parts. Name, age, and other demographic questions are asked initially. 23 close-
ended questions measure this model's 7 constructs in the second section. Items measuring the 
constructs were derived from the literature and adapted to the context of the study. Except for the 
controls, a five-point Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree) was used to 
assess all other critical constructs. The methods used to measure the control variables were based on 
the previous research (Ilmudeen and Bao, 2018). Pre-testing improved measuring item clarity, 
uniformity, and comprehensibility. 30 volunteers participated in a pilot test. Following the pilot test, we 
made adjustments to the research questions.Table 2 shows constructs, measurement items and sources.

4.2 Data Collection Procedure and Sample

212 adult mobile government service users provided data.The authors aimed to get different mobile 
app users to answer the questionnaire. Electronic and hard-copy surveys were distributed. Convenience 
sampling was used to obtain data as it is very easy and less costly for the authors. The Structure 
Equation Model requires 200 responders, according to the literature. For collecting data, we developed 
an online questionnaire using google form and shared indifferent online platforms such as Facebook, 
WhatsApp, and LinkedIn. We also distributed printed version of questionnaire to different citizens who 
showed willingness to provide answers. This procedure yielded 250 data. After data cleansing, 212 
surveys were analyzed.

4.3 Non-Response Bias

The independent t-test was used to compare all of the constructs. From the results of the test, we found 
no statistically significant differences. The chi-squared test for independence was used to double-check 
these findings, and it revealed no statistically significant deviations. This study's data set, thus, was 
deemed to be free of non-response bias.

4.4. Data Analysis

At first stage, we perform some basic analysis. The constructs' validity and reliability, the model's 
predictive value, and the total variance explained were then evaluated using SEM. The SEM approach 
was chosen because it allows researchers to examine the relationships between all of the constructs 
simultaneously. Because of its emphasis on theory construction and discovery rather than model 
verification, SEM is also a more appropriate method for this study. SEM cannot, however, explore the 
non-linear interactions between the components, which could lead to a simplified analysis of the 
complicated decision-making process itself. We have generated six hypotheses for employing SEM, 
and by applying the findings from these hypotheses, we may achieve our research goals.The SEM 
result satisfies both objectives 1 and 2. SEM is therefore the ideal method for our study.

5. Analysis
5.1 Demographics Description
There were a total of 212 participants in this study, with females accounting for 51% (or 108 
participants) and males for 49% (or 104 participants). Ninety percent of the respondents in this study 
are under the age of thirty, making up 191 of the total sample size. The majority of those in the sample 
(67%) have at least a bachelor's degree, with another 19% holding a master's or doctorate, and the 
remaining 14% holding only a secondary school diploma. The study sample is also representative of 
Internet users with regard to their past week's usage frequency. It shows how long people spend online. 
About 38% (or 81 respondents) spent 0-1 hours online, about 24% (or 51 respondents) spent 6-10 
hours, and about 37% (or 80 respondents) spent > 11 hours online. Furthermore, the sample also 
reveals the user's past behavior on the Internet. It reveals that 71 percent of participants (or 151 
participants) have been Internet users for more than eight years. About 10% of the sample, or 21 
people, had used the Internet for fewer than one year, while about 19%, or 40 people, had been doing 
so for five or more years. Results show that the majority of the sample group regularly uses the 
Internet. Table 3 shows summary of the demographics of the respondents. 

5.2 Common Method Bias and Multicollinearity Test
A behavioral study using cross-sectional survey data is prone to common method bias (CMB). Since 
there was no external verification of the data, we focused on CMB which might compromise the 
study's findings. We evaluated CMB using SPSS 23.0 and Harman's single-factor test. Principal axis 
factor (PAF) analysis was performed to determine the number of variables necessary to explain 
variance. The results of our test indicate that a single construct accounted for only 34.87 percent of the 
variance, which is much lower than the minimum value of 50 percent. The evaluation of CMB was 
conducted utilizing the variance inflation factor (VIF) data obtained from the comprehensive 
collinearity test (Table 4). The lower VIF values (< 3.3) indicated that this study is free from CMB 
risk. Also, VIF scores below 10 indicate that this study does not have multicollinearity.

5.3 Measurement Model
Construct reliability measurements include Cronbach's alpha, Dijkstra-rho Henseler's (A), and 
composite reliability. The results showed that each construct had reliability criterion values of 0.70 or 
above, proving internal reliability (Henseler et al., 2014; Henseler et al., 2009) (Table 5). Their 
loadings determined indicators reliability. Item loadings greater than 0.70 suggested a higher 
correlation between an item and its construct (Hair et al., 2012). Thus, loading should exceed 0.70. 
Table 5 shows reasonable loading values. The indication is reliable.

The average variance extracted (AVE) values were used to determine convergent validity. If the 
AVE values for all variables are more than 0.5, a data set demonstrates convergent validity (Fornell and 
Larcker, 1981). Table 5 demonstrates that the AVE values for all variables fall within an acceptable 
range. Convergent validity is therefore verified.

The heterotrait-monotrait ratio assessed discriminant validity. HTMT measures average 
indicator correlations across constructs. Henseler et al. (2014) recommended discriminant validity 
below 0.90. Table 6 shows heterotrait-monotrait ratios for all variables are below 0.90. This supports 
constructs' discriminant validity according to Henseler et al., (2014). Tables 5 and 6 show that 
variables are within the literature's range. We found convergent validity and good internal reliability.

In this table, the values of loading, Cronbach's alpha, rho-A, composite reliability and average 
variable extracted are mentioned which are calculated by using SmartPLS software.

In the above table HTMT ratio is shown which confirms the discriminant validity of this 
research. As all the values given in table 6 are less than 0.90 we can say that this research has 
discriminant validity.

By using the Fornell Larckar approach this report measure the convergent validity of the data. 
All AVE square roots are greater than their corresponding correlation coefficients, as seen in Table 7. 
The condition for Fornell Larckar approach is established in the table 7. So convergent validity is 
prevailed here.

5.4 Structural Model
After verifying the measuring model's psychometrics, this research studies the structural model. SEM 
determines path strength, importance, and insignificance. Structural evaluation follows measuring test 
rules. R-square assessed structural model fit. Path coefficients (Beta) and t-statistics were utilized to 
evaluate the study hypotheses individually. Bootstrapping with 5,000 re-samples determined path 
significance. The model explained 69.2% of behavioral adoption variance, according to R-square. Path 
coefficients need to be statistically significant at a p-value of at least 0.05 in order to confirm the 
relationships (Byrne, 2016). Table 8 displays structural model path, coefficients, t-statistics, p-value, 
and decision.

Table 8 shows that, at the 5% level of confidence, the results for H1 (p<0.05), H2 (p<0.05), H4 
(p<0.05), H5(p<0.05), and H6(p<0.05) are all significant. At the 5% level of significance, however, the 
path for H3 (p>0.05) lacks statistical significance. This suggests that trust, information quality, 
facilitating conditions, performance expectancy, and effort expectancy all have a big impact on how 
mobile government is adopted behaviorally. Social influence, however, has no effect on the adoption of 
mobile governance.

6. Discussion
Government agencies use mobile phones and other digital means to reach people and citizens to 
increase participation, knowledge, trust, and engagement. Government decision-makers have struggled 
to reach remote citizens with updated information. Sparse locations hinder socioeconomic progress in 
emerging countries. Mobile apps may help society's socioeconomic growth and government service 
delivery. The study shows that citizens across the nation are eager to utilize mobile apps for services 
offered by the government. In this paper, the researchers examined six parameters affecting mG-App 
use by the citizens. Five of six criteria influenced citizens' use of mobile government app. Trust, 
information quality, performance expectancy, facilitating conditions and effort expectancy affect mG-
App adoption in developing countries like Bangladesh. Reasons for the six conceptions' importance 
and non-significance are discussed in the followingsection.

The mG-confidence app is the best way to figure out how people will use new technology. 
Thus, consumers must enter personal and credit card information to use mG-Apps for private 
transactions. The mG-Apps are more likely to be trusted when they have up-to-date information and 
are easy to use. Implementing encryption measures to comply with stricter privacy regulations can 
increase trust in mG-Apps. The privacy policies and information of the mG-new App aim to promote 
user engagement. This proves that a lack of trust is one of the biggest reasons why people don't use 
new systems or technologies (Alalwan et al., 2017).

Consequently, performance expectancy is the second most important constructs in selecting 
mG-App. Citizens evaluate mG-App based on its functional utilities (performance expectancy). 

Demonstrating and publicizing significant features helps improve government online services. 
Furthermore, by introducing new and varied technical channels, the usefulness of government 
institutions can be expanded (Ghalandari, 2012). A study determined that people's openness to trying 
out new technologies is significantly influenced by their expectations of how well they will work 
(Alalwan et al., 2017).

Consequently, effort expectancy is a significant anticipator of users' desire to utilize mG-App. 
This research reveals that inhabitants of Bangladesh, even expats, prefer to execute financial activities 
and acquire information about government services via mobile applications that involve less effort and 
time than other traditional means. The majority of research using the UTAUT has discovered a 
statistically significant correlation between effort expectancy and behavioral adoption (Alalwan et al., 
2017). In contrast to earlier studies (Ahmad & Khalid, 2017), our study reveals that the correlation 
between social impact and behavioral adoption is minimal, suggesting that residents in Bangladesh are 
unlikely to advocate the usage of mG-Apps to their loved ones. In a study done in the Sultanate of 
Oman, Riffai, Grant, and Edgar (2012) found that social impact did not significantly predict behavioral 
adoption in the mobile banking environment. Furthermore, this conclusion aligns with earlier research 
conducted in several sectors of information systems (Alalwan et al., 2017). 

The results also show that supportive settings make it easier for people to change their behavior 
to use the mG-App.  Citizens emphasize available funds, specific skill sets, and amenities such as 
increased Internet access, secured mobile apps, and phones to access and employ mG-App for utilizing 
and accessing govt. services through mobile applications. Multiple further empirical research in the 
field of information systems provide evidence to support this idea (Ahmad & Khalid, 2017). 

The results conclusively demonstrated a robust and favorable relation between the quality of 
information and the intention to utilize the mG-App. This demonstrates the significance of factors such 
as relevant content, frequent updates, and comparable features in driving mG-app adoption. Individuals 
are more inclined to utilize mobile applications if they offer superior information. The findings align 
with previous research indicating the significance of information quality in influencing a user's 
adoption of new technology (Sharma et al., 2017).

7. Implications

7.1 Implications for Theory

Researchers and academics will find the result of this study useful. The model has extended the 
UTAUT framework by include information quality and trust in its explanation of users' acceptance of 
mG-Apps in an Asian environment. The UTAUT model is a well-known framework for analyzing how 
people respond to and adopt new technologies. These two new components can be used by other 
researchers when they work with the UTAUT theory. The statistical findings demonstrate that this 
study's research model can predict behavioral adoption toward mG-App. All measurement indices and 
structural models were within their allowed range. The UTAUT's R-square initially stood at 53% as 
anticipated, but rose to 69.2% upon the inclusion of more data. Therefore, the inclusion of additional 
components enhances the predictive capacity of the study model. This research is a valuable addition 
to the growing database of theory that pertains to the utilization of mobile government, e-government, 
and mobile application development. Second, the study's results supplement the literature about the 
usage of mobile devices for government functions. Furthermore, this research's results can be applied 
to advancing technological advancements in studies of adoption. This study looks at how popular 
government service apps are for mobile devices in a South Asian country like Bangladesh. It adds 
important results to the literature.

7.2 Implications for Practices
This study shows that information quality, effort expectancy, facilitating conditions, trust, performance 
expectancy are significantly related in the context of mG-Apps adoption. Thus, respected authorities 
should consider those concepts while developing citizen-centric mobile apps. Government agencies 
would utilize these findings to develop and implement similar projects in several areas. The results of 
this study are going to support Bangladeshi government agencies in the development of policies that 
effectively encourage the use of mG-Apps. The acceptability of mG-Apps is influenced by both 
performance expectancy and trust, and decision-makers can improve the quality of these apps by 
providing reliable and expedient services. Performance and effort expectancy also affect behavior. In 
other words, residents favor low-effort government service mobile apps. Therefore, it is advisable for 
government mobile app developers to minimize the complexity of app usage and exploration. 
Experienced users can also assist creating mobile apps. Surokkha, a nationwide platform, allows 
residents to register for Coronavirus immunizations, receive certificates, and store data. Government 
officials may add a mG-Apps feedback signal to Surokkha to include user input. The Bangladeshi 
government may also organize a PPP to encourage smart mobile app use. Facilitating factors also 
affect behavioral adoption. This suggests residents' value government-provided mobile access to 
government services. It is advisable for the government to periodically provide concise training 
programs on facility usage in public and commercial organizations across the country. The 
organization indicated above would provide information to potential and prospective clients regarding 
government services accessible on mobile devices, as well as update them on new and upcoming 
services.

The strong link between trust and how people plan to use mG-Apps shows that security and 
privacy are important to people when they use state services on smartphones and other tools. 
Programmers and system analysts should enhance the security of apps by implementing an additional 
safety mechanism to safeguard against mG-Apps. The Bangladeshi government's "Mobile Applications 
Secure Development Guidelines" ensures security and robustness. The quality of information that 
citizens receive has an impact on their behavioral intentions. This suggests that the government is 
expected to provide citizens with information on government services that is precise, accurate, 
meaningful, pertinent, complete, and timely. When information is linked to mobile transactions, 
timeliness and trust are even higher. Mobile app developers should adopt the One Web Approach to 
display the same content on all mobile devices. These mobile apps should have automated notifications 
for the latest modifications. Public and corporate institutions should ensure user data relevancy and 
timeliness. 
8. Conclusion, limitations and Future Research Directions
8.1 Conclusion
Within this work, we tried to identify the crucial elements impacting the behavioral adoption of 
Bangladeshi citizens to utilize the mG-App. In conclusion, the study gave a good understanding of the 
most important things. The findings indicated that positive behavioral intentions were influenced by 
factors including information quality, effort expectancy, facilitating factor, trust, and performance 
expectancy. When considering whether or not to use mG-App, these factors are crucial. There was no 
empirical support indicating that social influence had an impact on the intention to take action, 
implying that individuals in Bangladesh are resistant to the influence of recommendations when it 
comes to their utilization of the mG-App. Therefore, mG-App are strongly recommended for use by 
the people of Bangladesh. As another bonus, it has been found that user-friendly technology increases 
users' behavioral intentions. Government entities will benefit from the results of this investigation since 
they will provide appropriate tactics to encourage more people to get government services through 
mobile apps.

8.2 Limitations and Future Research Directions
Even though this study has made important contributions, it also has some problems. Firstly, this study 
only looks at the opinions of people in Bangladesh, hence the researcher recommended that the 
proposed study model should be implemented with caution in other Asian nations. Future research can 
be conducted to other country context to validate this model. Secondly, the data acquired for this study 
is limited to Dhaka city as the author is a student; financing to collect data across the country is a 
challenge. Future studies can be done by obtaining data from all over the country. Thirdly, because the 
bulk of the respondents were between the ages of 20 and 40, it was suggested that the proposed study 
model be tested with more balanced age group information. Fourthly, this study did not evaluate the 
influence of demographic variables as moderators. If that effect can be seen, the outcome could be 
more interesting. Finally, this study focuses on the initial adoption mG-App, future studies can assess 
the continuous usage intention of mG-app.
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ABSTRACT
Purpose: The objective of this study is to identify and analyze various factors 
that influence users' acceptance of mobile government applications (mG-Apps).
Methodology: This study has constructed a research model grounded on the 
Unified Theory of Acceptance and Use of Technology (UTAUT). Further, 
information quality and trust, two vital constructs, have been added to the 
UTAUT to enhance the predictability of the model. Data collected from a sample 
size of 212 from Bangladesh has been used to test the model.
Findings: We have employed the popular structural equation modeling (SEM) 
to assess the data. Our results suggest that the significant elements impacting 
users' acceptance of mG-Appsare performance expectancy, effort expectancy, 
facilitating conditions, information quality and trust. In contrast, social influence 
is identified as an insignificant predictor.
Practical Implications: This research will assist different government agencies, 
policymakers, and practitioners in the creation of timely and effective policies to 
develop and promote myriad mG-Apps to render services to the citizens.
Originality/Value: This research has offered an innovative framework to assess 
the acceptance of mG-apps by the citizens. This unique model has been 
constructed by expanding UTAUT with two key contextual constructs such as 
information quality and trust. We believe, this study will contribute to the extant 
body of theory surrounding the use of mobile government, e-government, and 
mobile applications development.
Limitations: This study only looks at the opinions of people in Bangladesh, 
hence the researchers recommend that the proposed study model should be 
validated by using data collected from other similar countries.

1. Introduction
Major developments in technology in recent years have significantly improved a number of mobile 
device features.Besides,most technology advancements in the telecommunications industry have made 
it possible to provide services to citizens more quickly (Biel, Grill, & Gruhn, 2010). Innovative 
hardware and software capabilities allow governmental and commercial organizations to provide 
mobile consumers a wide variety of services (Payne, 2013). Both private and public institutions have a 
significant chance to minimize the digital divide that exists between the general population and the 
government because of the proliferation of modern mobile devices such as smartphones, iPads, and
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other tablets that can run applications. For instance, after mobile applications for online payments were 
introduced, mobile device usage in African nations significantly increased from 50% to 58.4% (Al-
Azizi, Al-Badi, & Al-Zrafi, 2018). These data signify the need to use mobile apps to improve public 
services. 

Many government organizations in Bangladesh have begun to invest in and devote funds to 
projects that would leverage mobile applications to put their resources into action. Mobile applications 
provide a variety of internet-based services and are viewed as promising new markets for Bangladeshi 
government stakeholders to interact and communicate with one another. The mobile services are 
widely available and practical. People have the option to use mobile apps to conduct many types of 
transactions, such as financial or instructive ones. Apps for mobile devices allow users to pay bills, 
report violations, and communicate with authorities (Naqvi & Al-Shihi, 2014). However, research has 
shown that past government-run online programs have been either ineffective or had significant delays 
in being adopted, and the objectives of mGov adoption have not been met thus far (Gao, Krogstie, & 
Siau, 2014). For instance, in the context of underdeveloped countries, 35% of eGov programs were 
determined to be unsuccessful, only 15% of projects were successful, and 50% were only partially 
completed (Napitupulu & Sensuse, 2014).

There has been a rise in the quantity of government-related mobile apps recently since mobile 
communication technologies have developed. "Electronic government" (hereinafter referred to as 
"eGov") is defined as "the use of ICTs and their application by government to offer information and 
public services to the populace". Governments are increasingly employing contemporary methods to 
reconsider their services and offer online services to the public (Veeramootoo, Nunkoo, & Dwivedi, 
2018). On the other hand, the public tends to view the use of mobile apps for government services with 
doubt and distrust (Dwivedi et al., 2017). However, among the most crucial resources for mobile 
governance (mGov) is thought to be smartphone apps (Abdelghaffar & Magdy, 2012). Due to the 
portability of mobile devices and their ability to enable 24/7 Internet access, mobile applications are 
currently employed extensively across practically all corporate and government sectors (Al-Masaeed & 
Love, 2015). As a way to provide citizens with more convenient and timely services, mobile 
applications are increasingly being used by the government. Currently, many governments are 
developing mobile apps to provide vital services to their citizens, thus it's important to assess their 
acceptance (Rana & Dwivedi, 2015). The term "Mg-App" is used frequently in this study to refer to 
apps for government services on mobile devices. 

The prior research relating to mobile use for government services in Bangladesh is at nascent 
stage. Thus, this study aims to provide insights about various determinants of using mobile apps for 
government services and to propose strategies to enhance accessibility and convenience for users. 
Specifically, the goals of this research are to (i) determinethe predictorsand (ii) analyze those predictors 
of mG-Apps adoption in Bangladesh. We use structural Equation Modeling (SEM) approach to 
accomplish our research goals. The first objective is achieved by investigating the literature. The 
second objective is achieved by testing hypotheses.

In the first part of this report, the introduction is written where the whole summary of this 
report is included. The remaining portions of this article are constructed as follows: literature review is 
presented in Chapter 2 which includes both table of important literature and description of other 
literature. In chapter 3, theoretical framework of this report is written which includes description of 
theory, model of this research and construct and hypothesis of that model. Analyzing the data and 
drawing conclusions is covered in the fifth chapter. Chapter six covers the discussion of the analysis. 
Research implications are narrated in Chapter 7. Finally, chapter 8 presents the final thoughts, caveats, 
and directions for future study.

2. Literature Review
2.1 An Overview of Government Services Available Online in Bangladesh
The notion of mobile government is taken from Electronic government. E-government is a system that 
enables cooperation between the government, its citizens, and its several departments. The primary 
goal of E-Gov is to provide government stakeholders with efficient and cost-effective services (Al-
Azizi et al., 2018). The concept of e-Bangladesh was formed in 2002 to administer e-Gov 
infrastructure and technology projects for residents, according to Sadik Hasan (2003). Bangladesh's 
ranking for technological usage has improved since 2002, according to a 2014 UN study (United 
Nations, 2014). Bangladesh is ready for e-Gov, according to this ranking. However, many in 
Bangladesh are unwilling to adopt new technologies. This stops the public from collecting government 
benefits. The Bangladeshi government wants to provide efficient and engaging services. Bangladesh's 
imperative for enhanced telecommunications infrastructure is a primary concern. Government bodies 
have recently created improvement in mobile services.

2.2 Adoption of mobile government
In recent years, several studies have looked into how m-Gov is being used (e.g., Liu et al., 2014; 
Ahmad & Khalid, 2017).  A research project carried out by Shareef et al. (2012) wanted to understand 
citizens' willingness to use m-Gov services. Their research technique for mobile government 
acceptance varies from the government website. Liang et al. (2017) employed the basement theory 
framework to evaluate the adoption of e-Gov cloud technology in China they found organizational, 
technological, and cloud trust factors drove e-Gov cloud service uptake. Liu et al. (2014) researched 
m-Gov adoption in the countryside of China and found TAM components and honesty determined m-
Gov acceptability. Ahmad and Khalid (2017) performed study in the UAE and found that, in addition 
to TAM components, cost, trust, social impact, service variety, and demographic characteristics 
influenced consumers' behavior toward mobile government services. Table 1 shows review of some 
relevant literature.  

2.3 Mobile Government Applications
Most people will use mobile apps for government services if they trust them and think they will work 
well (Sharma, et al., 2018). In their study they used a structural equation model and a neural network 
model. Besides in the UTAUT model, two additional constructs were included in their research. 
Information and trust are these two concepts. According to a survey of UAE nationals, social influence 
and trust are not negatively correlated with end users' willingness to utilize apps for government 
services on mobile devices (Sharma, et al., 2018). Researchers have shown that mobile government 
makes it simpler for people to access government services (Almarashdeh, 2018). Researchers employ 
the structural equation modeling technique to demonstrate this. To verify this theory, many hypotheses 
are developed and investigated. 

From what we've talked about so far, I think there is a gap in the literature about how mobile 
applications are used in government services. I can't find any direct report regarding this issue. In some 
literature, some parts of this topic are discussed only. Like in the literature, there is a discussion about 
the adoption of mobile applications for other countries but there is no article indicating that mobile 
applications have been adopted in Bangladesh for the provision of government services. Consequently, 
a study is currently being conducted to identify the elements that impact individuals' choices to utilize 
mobile applications for accessing government services. A model was created as part of this study to 
elucidate the factors driving the utilization of mobile government services in Bangladesh.

3.Theory, Model and Hypotheses
3.1 Theory and Proposed Model
We have used the popular UTAUT model which is widely used to assess any emerging technology 
adoption from users' perspective. Information systems(IS) research uses UTAUT, a model based on 
eight technology adoption models and the model analyzes human behavior and technology intent 
(Venkatesh, Morris, Davis, & Davis, 2003). By contrasting eight widely accepted frameworks for 
identifying how individuals respond to new technologies, Venkatesh et al. (2003) developed an 
extensive model that integrates the insights of all of them. The UTAUT concept was developed for the 
express purpose of new technology adoption. Numerous studies suggested that UTAUT could be used 
to study IS acceptance and success in emerging nations (Gupta, Dasgupta, & Gupta, 2008). Our 
research is based on this model since it is unified and best represents other technology acceptance 

models. Performance expectancy, effort expectancy, social influence, and facilitating factors make up 
the UTAUT model. 

In addition, we have incorporated two relevant contextual constructs such as trust and 
information quality with the existing UTAUT, which has enhanced the predictive capacity of the 
model. Government mobile applications are not fully captured by the UTAUT's constructs only. 
Government IS services require trust (Hung, Chang, & Kuo, 2013). For this we include trust in our 
research. In order for eGov services, such as mGov, to be successful, government agencies must 
effectively share pertinent information with commercial, public, and municipal organizations, as well 
as the general public (Dwivedi et al., 2017). Numerous studies have investigated the trust and risk 
involved in online (e.g. Luo, Li, Zhang, & Shim, 2010; Alalwan, Dwivedi, Rana, & Simintiras, 2016). 
We have no knowledge of any research that particularly examine the impact of trust and perceived 
threat on the acceptance of government-issued mobile apps. Trust has been recognized as a significant 
exogenous variable in this study on mGov. Besides to spread mobile government, information quality 
plays an important role. For this we include information quality as one of the constructs.

Figure 1 represents the research model that is founded on what we've talked about so far. It is 
thought that UTAUT constructs, as well as trust and the quality of information, are what make people 
use mobile apps for government services.

Figure 1.
Proposed Research Model.
Source: Authors Developed.

3.2 Constructs and Hypothesis
3.2.1 Performance Expectancy
Performance expectancy is approximately how much does a person expects new technology to 
improve their work performance (Venkatesh et al., 2003). As predicted by the UTAUT model, research, 
performance expectancy predicts behavioral intention in order to use cutting-edge technical knowledge 
(Alalwan, Dwivedi, & Rana, 2017). We hypothesize that performance expectancy affects mG-App 
users' behavior intentions. If they want government services on demand, the citizens of Bangladesh 
must use smartphone apps. Alalwan et al. (2017) validated that expectancy of performance affect 
Middle Eastern mobile technology adoption. Thus, we hypothesize:

H1. Performance expectancy and intention to use mGApp are positively related.

3.2.2 Effort Expectancy
Effort expectancy" is a person's estimate of the mental and physical effort required to use a system or 
technology (Venkatesh et al., 2003). Time and effort spent learning a new information system affecting 
usage intentions is suggested by the UTAUT model. Technology adoption studies (e.g. Alalwan et al., 
2017; Hanafizadeh et al., 2014) show that effort expectancy strongly influences behavior. Al-Busaidi 
(2012) noted that users are less likely to use complex information systems. The widely used TAM 
(Davis, 1989) acceptance model states that consumers will adopt modern technology when this is easy 
to use and doesn't require more work. mG-Apps, which require expertise and effort, may affect 
behavioral adoption to use mobile apps. Thus, this study hypothesizes: 
H2. Effort expectancy and intention to use mG-App are positively related.

3.2.3 Social Influence
When consumers are unfamiliar with new services, reference groups may influence their adoption (e.g. 
Ahmad & Khalid, 2017; Venkatesh et al., 2012). Social effect refers to the degree to which individuals 
think that their relatives, friends, coworkers, and other close acquaintances anticipate them to utilize a 
certain technology (Venkatesh et al., 2012). Social influence determines mobile commerce adoption, 
according to Chong (2013). According to Leong and et al., (2013), in Oman, social influence may 
affect mGApp use. According to prior research, social influence may alter behavioral adoption 
(Alalwan et al., 2017). Thus, our hypothesis:
H3. Social influence is positively related to the acceptance of mG-App.

3.2.4 Facilitatin Gconditions
The term "facilitating condition" refers to the extent how an individual views the presence of an 
administrative and technological infrastructure that enables the effective utilization of government 
services (Venkatesh et al., 2003). Users of the MG-App express concerns regarding the ability to 
access links and the speed at which data may be uploaded and downloaded. According to Lewis, 
Fretwell, Ryan, and Parham (2013), people who use new technologies require assistance. Consumers 
are reluctant to adopt new technologies when support structures are weak (Hew, Lee, Ooi, & Wei, 
2015). In his study of consumer behavior in mobile commerce, Chong (2013) demonstrated the impact 
of favorable conditions. Indicators, such as the ones mentioned above, highlight the significance of 
favorable conditions for the adoption of mG-App. Multiple recent IS studies (Ahmad & Khalid, 2017; 
Alalwan et al., 2015) find that enabling factors are the primary influence on behavioral intention. Thus, 
our theories are:
H4. Facilitating conditions and intention to accept mG-App are positively connected.

3.2.5 Trust
Research on the diffusion of technical breakthroughs suggests that people's seeming lack of confidence 
in it can lead to their reluctance to adopt and utilize it. Evaluating the viewpoints of each individual on 
new technology; the way people behave and the degree of trust they have in you can significantly 
impact their willingness to employ advanced technology (Venkatesh, Thong, Chan, Hu, & Brown, 
2011). Trust was found as a significant predictor of information system adoption in multiple research 
investigations. Bangladesh recently adopted mGApps, where individuals prefer to physically access 
services provided by the government. They would rather communicate face-to-face encounters and 
continue manually after service or information requests. If service requests are unclear or unreliable, 
mobile apps may be avoided. Thus, to provide information, consumers must have the trust to use 
mobile apps to transact (Montazemi & Saremi, 2013). This study examines whether respondents are 

willing to trust mG-Apps. If respondents trust mG-Apps, their behavior will improve. For this we 
suggest the following theory:
H5. Trust has a positive effect on individual's behavioral adoption to use mG-App.

3.2.6 Information quality
The concept of information quality is established and described by Delone and McLean (1992, 2003) 
as a system's completeness, timeliness, correctness, and relevance. Inaccurate and irrelevant 
government service information will harm users' behavior. Researchers (Al-Busaidi & Al-Shihi, 2012; 
Sharma, Gaur, Saddikuti, & Rastogi, 2017) have found that the acceptability of recent advancements in 
informational technology is influenced by the presence of high-quality content. According to Tam and 
Oliveira (2016), information quality affects mobile technology use. We hypothesize that information 
quality influences Bangladeshi acceptance of mG-App:
H6. Information quality and intention to accept mG-App are positively related.

4. Methodology
4.1 Variables and Measurement
Based on extant literature, a survey instrument was created. This questionnaire has 23 questions. The 
questionnaire has two parts. Name, age, and other demographic questions are asked initially. 23 close-
ended questions measure this model's 7 constructs in the second section. Items measuring the 
constructs were derived from the literature and adapted to the context of the study. Except for the 
controls, a five-point Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree) was used to 
assess all other critical constructs. The methods used to measure the control variables were based on 
the previous research (Ilmudeen and Bao, 2018). Pre-testing improved measuring item clarity, 
uniformity, and comprehensibility. 30 volunteers participated in a pilot test. Following the pilot test, we 
made adjustments to the research questions.Table 2 shows constructs, measurement items and sources.

4.2 Data Collection Procedure and Sample

212 adult mobile government service users provided data.The authors aimed to get different mobile 
app users to answer the questionnaire. Electronic and hard-copy surveys were distributed. Convenience 
sampling was used to obtain data as it is very easy and less costly for the authors. The Structure 
Equation Model requires 200 responders, according to the literature. For collecting data, we developed 
an online questionnaire using google form and shared indifferent online platforms such as Facebook, 
WhatsApp, and LinkedIn. We also distributed printed version of questionnaire to different citizens who 
showed willingness to provide answers. This procedure yielded 250 data. After data cleansing, 212 
surveys were analyzed.

4.3 Non-Response Bias

The independent t-test was used to compare all of the constructs. From the results of the test, we found 
no statistically significant differences. The chi-squared test for independence was used to double-check 
these findings, and it revealed no statistically significant deviations. This study's data set, thus, was 
deemed to be free of non-response bias.

4.4. Data Analysis

At first stage, we perform some basic analysis. The constructs' validity and reliability, the model's 
predictive value, and the total variance explained were then evaluated using SEM. The SEM approach 
was chosen because it allows researchers to examine the relationships between all of the constructs 
simultaneously. Because of its emphasis on theory construction and discovery rather than model 
verification, SEM is also a more appropriate method for this study. SEM cannot, however, explore the 
non-linear interactions between the components, which could lead to a simplified analysis of the 
complicated decision-making process itself. We have generated six hypotheses for employing SEM, 
and by applying the findings from these hypotheses, we may achieve our research goals.The SEM 
result satisfies both objectives 1 and 2. SEM is therefore the ideal method for our study.

5. Analysis
5.1 Demographics Description
There were a total of 212 participants in this study, with females accounting for 51% (or 108 
participants) and males for 49% (or 104 participants). Ninety percent of the respondents in this study 
are under the age of thirty, making up 191 of the total sample size. The majority of those in the sample 
(67%) have at least a bachelor's degree, with another 19% holding a master's or doctorate, and the 
remaining 14% holding only a secondary school diploma. The study sample is also representative of 
Internet users with regard to their past week's usage frequency. It shows how long people spend online. 
About 38% (or 81 respondents) spent 0-1 hours online, about 24% (or 51 respondents) spent 6-10 
hours, and about 37% (or 80 respondents) spent > 11 hours online. Furthermore, the sample also 
reveals the user's past behavior on the Internet. It reveals that 71 percent of participants (or 151 
participants) have been Internet users for more than eight years. About 10% of the sample, or 21 
people, had used the Internet for fewer than one year, while about 19%, or 40 people, had been doing 
so for five or more years. Results show that the majority of the sample group regularly uses the 
Internet. Table 3 shows summary of the demographics of the respondents. 

5.2 Common Method Bias and Multicollinearity Test
A behavioral study using cross-sectional survey data is prone to common method bias (CMB). Since 
there was no external verification of the data, we focused on CMB which might compromise the 
study's findings. We evaluated CMB using SPSS 23.0 and Harman's single-factor test. Principal axis 
factor (PAF) analysis was performed to determine the number of variables necessary to explain 
variance. The results of our test indicate that a single construct accounted for only 34.87 percent of the 
variance, which is much lower than the minimum value of 50 percent. The evaluation of CMB was 
conducted utilizing the variance inflation factor (VIF) data obtained from the comprehensive 
collinearity test (Table 4). The lower VIF values (< 3.3) indicated that this study is free from CMB 
risk. Also, VIF scores below 10 indicate that this study does not have multicollinearity.

5.3 Measurement Model
Construct reliability measurements include Cronbach's alpha, Dijkstra-rho Henseler's (A), and 
composite reliability. The results showed that each construct had reliability criterion values of 0.70 or 
above, proving internal reliability (Henseler et al., 2014; Henseler et al., 2009) (Table 5). Their 
loadings determined indicators reliability. Item loadings greater than 0.70 suggested a higher 
correlation between an item and its construct (Hair et al., 2012). Thus, loading should exceed 0.70. 
Table 5 shows reasonable loading values. The indication is reliable.

The average variance extracted (AVE) values were used to determine convergent validity. If the 
AVE values for all variables are more than 0.5, a data set demonstrates convergent validity (Fornell and 
Larcker, 1981). Table 5 demonstrates that the AVE values for all variables fall within an acceptable 
range. Convergent validity is therefore verified.

The heterotrait-monotrait ratio assessed discriminant validity. HTMT measures average 
indicator correlations across constructs. Henseler et al. (2014) recommended discriminant validity 
below 0.90. Table 6 shows heterotrait-monotrait ratios for all variables are below 0.90. This supports 
constructs' discriminant validity according to Henseler et al., (2014). Tables 5 and 6 show that 
variables are within the literature's range. We found convergent validity and good internal reliability.

In this table, the values of loading, Cronbach's alpha, rho-A, composite reliability and average 
variable extracted are mentioned which are calculated by using SmartPLS software.

In the above table HTMT ratio is shown which confirms the discriminant validity of this 
research. As all the values given in table 6 are less than 0.90 we can say that this research has 
discriminant validity.

By using the Fornell Larckar approach this report measure the convergent validity of the data. 
All AVE square roots are greater than their corresponding correlation coefficients, as seen in Table 7. 
The condition for Fornell Larckar approach is established in the table 7. So convergent validity is 
prevailed here.

5.4 Structural Model
After verifying the measuring model's psychometrics, this research studies the structural model. SEM 
determines path strength, importance, and insignificance. Structural evaluation follows measuring test 
rules. R-square assessed structural model fit. Path coefficients (Beta) and t-statistics were utilized to 
evaluate the study hypotheses individually. Bootstrapping with 5,000 re-samples determined path 
significance. The model explained 69.2% of behavioral adoption variance, according to R-square. Path 
coefficients need to be statistically significant at a p-value of at least 0.05 in order to confirm the 
relationships (Byrne, 2016). Table 8 displays structural model path, coefficients, t-statistics, p-value, 
and decision.

Table 8 shows that, at the 5% level of confidence, the results for H1 (p<0.05), H2 (p<0.05), H4 
(p<0.05), H5(p<0.05), and H6(p<0.05) are all significant. At the 5% level of significance, however, the 
path for H3 (p>0.05) lacks statistical significance. This suggests that trust, information quality, 
facilitating conditions, performance expectancy, and effort expectancy all have a big impact on how 
mobile government is adopted behaviorally. Social influence, however, has no effect on the adoption of 
mobile governance.

6. Discussion
Government agencies use mobile phones and other digital means to reach people and citizens to 
increase participation, knowledge, trust, and engagement. Government decision-makers have struggled 
to reach remote citizens with updated information. Sparse locations hinder socioeconomic progress in 
emerging countries. Mobile apps may help society's socioeconomic growth and government service 
delivery. The study shows that citizens across the nation are eager to utilize mobile apps for services 
offered by the government. In this paper, the researchers examined six parameters affecting mG-App 
use by the citizens. Five of six criteria influenced citizens' use of mobile government app. Trust, 
information quality, performance expectancy, facilitating conditions and effort expectancy affect mG-
App adoption in developing countries like Bangladesh. Reasons for the six conceptions' importance 
and non-significance are discussed in the followingsection.

The mG-confidence app is the best way to figure out how people will use new technology. 
Thus, consumers must enter personal and credit card information to use mG-Apps for private 
transactions. The mG-Apps are more likely to be trusted when they have up-to-date information and 
are easy to use. Implementing encryption measures to comply with stricter privacy regulations can 
increase trust in mG-Apps. The privacy policies and information of the mG-new App aim to promote 
user engagement. This proves that a lack of trust is one of the biggest reasons why people don't use 
new systems or technologies (Alalwan et al., 2017).

Consequently, performance expectancy is the second most important constructs in selecting 
mG-App. Citizens evaluate mG-App based on its functional utilities (performance expectancy). 

Demonstrating and publicizing significant features helps improve government online services. 
Furthermore, by introducing new and varied technical channels, the usefulness of government 
institutions can be expanded (Ghalandari, 2012). A study determined that people's openness to trying 
out new technologies is significantly influenced by their expectations of how well they will work 
(Alalwan et al., 2017).

Consequently, effort expectancy is a significant anticipator of users' desire to utilize mG-App. 
This research reveals that inhabitants of Bangladesh, even expats, prefer to execute financial activities 
and acquire information about government services via mobile applications that involve less effort and 
time than other traditional means. The majority of research using the UTAUT has discovered a 
statistically significant correlation between effort expectancy and behavioral adoption (Alalwan et al., 
2017). In contrast to earlier studies (Ahmad & Khalid, 2017), our study reveals that the correlation 
between social impact and behavioral adoption is minimal, suggesting that residents in Bangladesh are 
unlikely to advocate the usage of mG-Apps to their loved ones. In a study done in the Sultanate of 
Oman, Riffai, Grant, and Edgar (2012) found that social impact did not significantly predict behavioral 
adoption in the mobile banking environment. Furthermore, this conclusion aligns with earlier research 
conducted in several sectors of information systems (Alalwan et al., 2017). 

The results also show that supportive settings make it easier for people to change their behavior 
to use the mG-App.  Citizens emphasize available funds, specific skill sets, and amenities such as 
increased Internet access, secured mobile apps, and phones to access and employ mG-App for utilizing 
and accessing govt. services through mobile applications. Multiple further empirical research in the 
field of information systems provide evidence to support this idea (Ahmad & Khalid, 2017). 

The results conclusively demonstrated a robust and favorable relation between the quality of 
information and the intention to utilize the mG-App. This demonstrates the significance of factors such 
as relevant content, frequent updates, and comparable features in driving mG-app adoption. Individuals 
are more inclined to utilize mobile applications if they offer superior information. The findings align 
with previous research indicating the significance of information quality in influencing a user's 
adoption of new technology (Sharma et al., 2017).

7. Implications

7.1 Implications for Theory

Researchers and academics will find the result of this study useful. The model has extended the 
UTAUT framework by include information quality and trust in its explanation of users' acceptance of 
mG-Apps in an Asian environment. The UTAUT model is a well-known framework for analyzing how 
people respond to and adopt new technologies. These two new components can be used by other 
researchers when they work with the UTAUT theory. The statistical findings demonstrate that this 
study's research model can predict behavioral adoption toward mG-App. All measurement indices and 
structural models were within their allowed range. The UTAUT's R-square initially stood at 53% as 
anticipated, but rose to 69.2% upon the inclusion of more data. Therefore, the inclusion of additional 
components enhances the predictive capacity of the study model. This research is a valuable addition 
to the growing database of theory that pertains to the utilization of mobile government, e-government, 
and mobile application development. Second, the study's results supplement the literature about the 
usage of mobile devices for government functions. Furthermore, this research's results can be applied 
to advancing technological advancements in studies of adoption. This study looks at how popular 
government service apps are for mobile devices in a South Asian country like Bangladesh. It adds 
important results to the literature.

7.2 Implications for Practices
This study shows that information quality, effort expectancy, facilitating conditions, trust, performance 
expectancy are significantly related in the context of mG-Apps adoption. Thus, respected authorities 
should consider those concepts while developing citizen-centric mobile apps. Government agencies 
would utilize these findings to develop and implement similar projects in several areas. The results of 
this study are going to support Bangladeshi government agencies in the development of policies that 
effectively encourage the use of mG-Apps. The acceptability of mG-Apps is influenced by both 
performance expectancy and trust, and decision-makers can improve the quality of these apps by 
providing reliable and expedient services. Performance and effort expectancy also affect behavior. In 
other words, residents favor low-effort government service mobile apps. Therefore, it is advisable for 
government mobile app developers to minimize the complexity of app usage and exploration. 
Experienced users can also assist creating mobile apps. Surokkha, a nationwide platform, allows 
residents to register for Coronavirus immunizations, receive certificates, and store data. Government 
officials may add a mG-Apps feedback signal to Surokkha to include user input. The Bangladeshi 
government may also organize a PPP to encourage smart mobile app use. Facilitating factors also 
affect behavioral adoption. This suggests residents' value government-provided mobile access to 
government services. It is advisable for the government to periodically provide concise training 
programs on facility usage in public and commercial organizations across the country. The 
organization indicated above would provide information to potential and prospective clients regarding 
government services accessible on mobile devices, as well as update them on new and upcoming 
services.

The strong link between trust and how people plan to use mG-Apps shows that security and 
privacy are important to people when they use state services on smartphones and other tools. 
Programmers and system analysts should enhance the security of apps by implementing an additional 
safety mechanism to safeguard against mG-Apps. The Bangladeshi government's "Mobile Applications 
Secure Development Guidelines" ensures security and robustness. The quality of information that 
citizens receive has an impact on their behavioral intentions. This suggests that the government is 
expected to provide citizens with information on government services that is precise, accurate, 
meaningful, pertinent, complete, and timely. When information is linked to mobile transactions, 
timeliness and trust are even higher. Mobile app developers should adopt the One Web Approach to 
display the same content on all mobile devices. These mobile apps should have automated notifications 
for the latest modifications. Public and corporate institutions should ensure user data relevancy and 
timeliness. 
8. Conclusion, limitations and Future Research Directions
8.1 Conclusion
Within this work, we tried to identify the crucial elements impacting the behavioral adoption of 
Bangladeshi citizens to utilize the mG-App. In conclusion, the study gave a good understanding of the 
most important things. The findings indicated that positive behavioral intentions were influenced by 
factors including information quality, effort expectancy, facilitating factor, trust, and performance 
expectancy. When considering whether or not to use mG-App, these factors are crucial. There was no 
empirical support indicating that social influence had an impact on the intention to take action, 
implying that individuals in Bangladesh are resistant to the influence of recommendations when it 
comes to their utilization of the mG-App. Therefore, mG-App are strongly recommended for use by 
the people of Bangladesh. As another bonus, it has been found that user-friendly technology increases 
users' behavioral intentions. Government entities will benefit from the results of this investigation since 
they will provide appropriate tactics to encourage more people to get government services through 
mobile apps.

8.2 Limitations and Future Research Directions
Even though this study has made important contributions, it also has some problems. Firstly, this study 
only looks at the opinions of people in Bangladesh, hence the researcher recommended that the 
proposed study model should be implemented with caution in other Asian nations. Future research can 
be conducted to other country context to validate this model. Secondly, the data acquired for this study 
is limited to Dhaka city as the author is a student; financing to collect data across the country is a 
challenge. Future studies can be done by obtaining data from all over the country. Thirdly, because the 
bulk of the respondents were between the ages of 20 and 40, it was suggested that the proposed study 
model be tested with more balanced age group information. Fourthly, this study did not evaluate the 
influence of demographic variables as moderators. If that effect can be seen, the outcome could be 
more interesting. Finally, this study focuses on the initial adoption mG-App, future studies can assess 
the continuous usage intention of mG-app.
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The Acceptance of Mobile Applications for Government Services (MG- App): 
A Study From Users' Perspective
Monisha Akter Meem1 & Dr. Abul Khayer2*

ABSTRACT
Purpose: The objective of this study is to identify and analyze various factors 
that influence users' acceptance of mobile government applications (mG-Apps).
Methodology: This study has constructed a research model grounded on the 
Unified Theory of Acceptance and Use of Technology (UTAUT). Further, 
information quality and trust, two vital constructs, have been added to the 
UTAUT to enhance the predictability of the model. Data collected from a sample 
size of 212 from Bangladesh has been used to test the model.
Findings: We have employed the popular structural equation modeling (SEM) 
to assess the data. Our results suggest that the significant elements impacting 
users' acceptance of mG-Appsare performance expectancy, effort expectancy, 
facilitating conditions, information quality and trust. In contrast, social influence 
is identified as an insignificant predictor.
Practical Implications: This research will assist different government agencies, 
policymakers, and practitioners in the creation of timely and effective policies to 
develop and promote myriad mG-Apps to render services to the citizens.
Originality/Value: This research has offered an innovative framework to assess 
the acceptance of mG-apps by the citizens. This unique model has been 
constructed by expanding UTAUT with two key contextual constructs such as 
information quality and trust. We believe, this study will contribute to the extant 
body of theory surrounding the use of mobile government, e-government, and 
mobile applications development.
Limitations: This study only looks at the opinions of people in Bangladesh, 
hence the researchers recommend that the proposed study model should be 
validated by using data collected from other similar countries.

1. Introduction
Major developments in technology in recent years have significantly improved a number of mobile 
device features.Besides,most technology advancements in the telecommunications industry have made 
it possible to provide services to citizens more quickly (Biel, Grill, & Gruhn, 2010). Innovative 
hardware and software capabilities allow governmental and commercial organizations to provide 
mobile consumers a wide variety of services (Payne, 2013). Both private and public institutions have a 
significant chance to minimize the digital divide that exists between the general population and the 
government because of the proliferation of modern mobile devices such as smartphones, iPads, and
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other tablets that can run applications. For instance, after mobile applications for online payments were 
introduced, mobile device usage in African nations significantly increased from 50% to 58.4% (Al-
Azizi, Al-Badi, & Al-Zrafi, 2018). These data signify the need to use mobile apps to improve public 
services. 

Many government organizations in Bangladesh have begun to invest in and devote funds to 
projects that would leverage mobile applications to put their resources into action. Mobile applications 
provide a variety of internet-based services and are viewed as promising new markets for Bangladeshi 
government stakeholders to interact and communicate with one another. The mobile services are 
widely available and practical. People have the option to use mobile apps to conduct many types of 
transactions, such as financial or instructive ones. Apps for mobile devices allow users to pay bills, 
report violations, and communicate with authorities (Naqvi & Al-Shihi, 2014). However, research has 
shown that past government-run online programs have been either ineffective or had significant delays 
in being adopted, and the objectives of mGov adoption have not been met thus far (Gao, Krogstie, & 
Siau, 2014). For instance, in the context of underdeveloped countries, 35% of eGov programs were 
determined to be unsuccessful, only 15% of projects were successful, and 50% were only partially 
completed (Napitupulu & Sensuse, 2014).

There has been a rise in the quantity of government-related mobile apps recently since mobile 
communication technologies have developed. "Electronic government" (hereinafter referred to as 
"eGov") is defined as "the use of ICTs and their application by government to offer information and 
public services to the populace". Governments are increasingly employing contemporary methods to 
reconsider their services and offer online services to the public (Veeramootoo, Nunkoo, & Dwivedi, 
2018). On the other hand, the public tends to view the use of mobile apps for government services with 
doubt and distrust (Dwivedi et al., 2017). However, among the most crucial resources for mobile 
governance (mGov) is thought to be smartphone apps (Abdelghaffar & Magdy, 2012). Due to the 
portability of mobile devices and their ability to enable 24/7 Internet access, mobile applications are 
currently employed extensively across practically all corporate and government sectors (Al-Masaeed & 
Love, 2015). As a way to provide citizens with more convenient and timely services, mobile 
applications are increasingly being used by the government. Currently, many governments are 
developing mobile apps to provide vital services to their citizens, thus it's important to assess their 
acceptance (Rana & Dwivedi, 2015). The term "Mg-App" is used frequently in this study to refer to 
apps for government services on mobile devices. 

The prior research relating to mobile use for government services in Bangladesh is at nascent 
stage. Thus, this study aims to provide insights about various determinants of using mobile apps for 
government services and to propose strategies to enhance accessibility and convenience for users. 
Specifically, the goals of this research are to (i) determinethe predictorsand (ii) analyze those predictors 
of mG-Apps adoption in Bangladesh. We use structural Equation Modeling (SEM) approach to 
accomplish our research goals. The first objective is achieved by investigating the literature. The 
second objective is achieved by testing hypotheses.

In the first part of this report, the introduction is written where the whole summary of this 
report is included. The remaining portions of this article are constructed as follows: literature review is 
presented in Chapter 2 which includes both table of important literature and description of other 
literature. In chapter 3, theoretical framework of this report is written which includes description of 
theory, model of this research and construct and hypothesis of that model. Analyzing the data and 
drawing conclusions is covered in the fifth chapter. Chapter six covers the discussion of the analysis. 
Research implications are narrated in Chapter 7. Finally, chapter 8 presents the final thoughts, caveats, 
and directions for future study.

2. Literature Review
2.1 An Overview of Government Services Available Online in Bangladesh
The notion of mobile government is taken from Electronic government. E-government is a system that 
enables cooperation between the government, its citizens, and its several departments. The primary 
goal of E-Gov is to provide government stakeholders with efficient and cost-effective services (Al-
Azizi et al., 2018). The concept of e-Bangladesh was formed in 2002 to administer e-Gov 
infrastructure and technology projects for residents, according to Sadik Hasan (2003). Bangladesh's 
ranking for technological usage has improved since 2002, according to a 2014 UN study (United 
Nations, 2014). Bangladesh is ready for e-Gov, according to this ranking. However, many in 
Bangladesh are unwilling to adopt new technologies. This stops the public from collecting government 
benefits. The Bangladeshi government wants to provide efficient and engaging services. Bangladesh's 
imperative for enhanced telecommunications infrastructure is a primary concern. Government bodies 
have recently created improvement in mobile services.

2.2 Adoption of mobile government
In recent years, several studies have looked into how m-Gov is being used (e.g., Liu et al., 2014; 
Ahmad & Khalid, 2017).  A research project carried out by Shareef et al. (2012) wanted to understand 
citizens' willingness to use m-Gov services. Their research technique for mobile government 
acceptance varies from the government website. Liang et al. (2017) employed the basement theory 
framework to evaluate the adoption of e-Gov cloud technology in China they found organizational, 
technological, and cloud trust factors drove e-Gov cloud service uptake. Liu et al. (2014) researched 
m-Gov adoption in the countryside of China and found TAM components and honesty determined m-
Gov acceptability. Ahmad and Khalid (2017) performed study in the UAE and found that, in addition 
to TAM components, cost, trust, social impact, service variety, and demographic characteristics 
influenced consumers' behavior toward mobile government services. Table 1 shows review of some 
relevant literature.  

2.3 Mobile Government Applications
Most people will use mobile apps for government services if they trust them and think they will work 
well (Sharma, et al., 2018). In their study they used a structural equation model and a neural network 
model. Besides in the UTAUT model, two additional constructs were included in their research. 
Information and trust are these two concepts. According to a survey of UAE nationals, social influence 
and trust are not negatively correlated with end users' willingness to utilize apps for government 
services on mobile devices (Sharma, et al., 2018). Researchers have shown that mobile government 
makes it simpler for people to access government services (Almarashdeh, 2018). Researchers employ 
the structural equation modeling technique to demonstrate this. To verify this theory, many hypotheses 
are developed and investigated. 

From what we've talked about so far, I think there is a gap in the literature about how mobile 
applications are used in government services. I can't find any direct report regarding this issue. In some 
literature, some parts of this topic are discussed only. Like in the literature, there is a discussion about 
the adoption of mobile applications for other countries but there is no article indicating that mobile 
applications have been adopted in Bangladesh for the provision of government services. Consequently, 
a study is currently being conducted to identify the elements that impact individuals' choices to utilize 
mobile applications for accessing government services. A model was created as part of this study to 
elucidate the factors driving the utilization of mobile government services in Bangladesh.

3.Theory, Model and Hypotheses
3.1 Theory and Proposed Model
We have used the popular UTAUT model which is widely used to assess any emerging technology 
adoption from users' perspective. Information systems(IS) research uses UTAUT, a model based on 
eight technology adoption models and the model analyzes human behavior and technology intent 
(Venkatesh, Morris, Davis, & Davis, 2003). By contrasting eight widely accepted frameworks for 
identifying how individuals respond to new technologies, Venkatesh et al. (2003) developed an 
extensive model that integrates the insights of all of them. The UTAUT concept was developed for the 
express purpose of new technology adoption. Numerous studies suggested that UTAUT could be used 
to study IS acceptance and success in emerging nations (Gupta, Dasgupta, & Gupta, 2008). Our 
research is based on this model since it is unified and best represents other technology acceptance 

models. Performance expectancy, effort expectancy, social influence, and facilitating factors make up 
the UTAUT model. 

In addition, we have incorporated two relevant contextual constructs such as trust and 
information quality with the existing UTAUT, which has enhanced the predictive capacity of the 
model. Government mobile applications are not fully captured by the UTAUT's constructs only. 
Government IS services require trust (Hung, Chang, & Kuo, 2013). For this we include trust in our 
research. In order for eGov services, such as mGov, to be successful, government agencies must 
effectively share pertinent information with commercial, public, and municipal organizations, as well 
as the general public (Dwivedi et al., 2017). Numerous studies have investigated the trust and risk 
involved in online (e.g. Luo, Li, Zhang, & Shim, 2010; Alalwan, Dwivedi, Rana, & Simintiras, 2016). 
We have no knowledge of any research that particularly examine the impact of trust and perceived 
threat on the acceptance of government-issued mobile apps. Trust has been recognized as a significant 
exogenous variable in this study on mGov. Besides to spread mobile government, information quality 
plays an important role. For this we include information quality as one of the constructs.

Figure 1 represents the research model that is founded on what we've talked about so far. It is 
thought that UTAUT constructs, as well as trust and the quality of information, are what make people 
use mobile apps for government services.

Figure 1.
Proposed Research Model.
Source: Authors Developed.

3.2 Constructs and Hypothesis
3.2.1 Performance Expectancy
Performance expectancy is approximately how much does a person expects new technology to 
improve their work performance (Venkatesh et al., 2003). As predicted by the UTAUT model, research, 
performance expectancy predicts behavioral intention in order to use cutting-edge technical knowledge 
(Alalwan, Dwivedi, & Rana, 2017). We hypothesize that performance expectancy affects mG-App 
users' behavior intentions. If they want government services on demand, the citizens of Bangladesh 
must use smartphone apps. Alalwan et al. (2017) validated that expectancy of performance affect 
Middle Eastern mobile technology adoption. Thus, we hypothesize:

H1. Performance expectancy and intention to use mGApp are positively related.

3.2.2 Effort Expectancy
Effort expectancy" is a person's estimate of the mental and physical effort required to use a system or 
technology (Venkatesh et al., 2003). Time and effort spent learning a new information system affecting 
usage intentions is suggested by the UTAUT model. Technology adoption studies (e.g. Alalwan et al., 
2017; Hanafizadeh et al., 2014) show that effort expectancy strongly influences behavior. Al-Busaidi 
(2012) noted that users are less likely to use complex information systems. The widely used TAM 
(Davis, 1989) acceptance model states that consumers will adopt modern technology when this is easy 
to use and doesn't require more work. mG-Apps, which require expertise and effort, may affect 
behavioral adoption to use mobile apps. Thus, this study hypothesizes: 
H2. Effort expectancy and intention to use mG-App are positively related.

3.2.3 Social Influence
When consumers are unfamiliar with new services, reference groups may influence their adoption (e.g. 
Ahmad & Khalid, 2017; Venkatesh et al., 2012). Social effect refers to the degree to which individuals 
think that their relatives, friends, coworkers, and other close acquaintances anticipate them to utilize a 
certain technology (Venkatesh et al., 2012). Social influence determines mobile commerce adoption, 
according to Chong (2013). According to Leong and et al., (2013), in Oman, social influence may 
affect mGApp use. According to prior research, social influence may alter behavioral adoption 
(Alalwan et al., 2017). Thus, our hypothesis:
H3. Social influence is positively related to the acceptance of mG-App.

3.2.4 Facilitatin Gconditions
The term "facilitating condition" refers to the extent how an individual views the presence of an 
administrative and technological infrastructure that enables the effective utilization of government 
services (Venkatesh et al., 2003). Users of the MG-App express concerns regarding the ability to 
access links and the speed at which data may be uploaded and downloaded. According to Lewis, 
Fretwell, Ryan, and Parham (2013), people who use new technologies require assistance. Consumers 
are reluctant to adopt new technologies when support structures are weak (Hew, Lee, Ooi, & Wei, 
2015). In his study of consumer behavior in mobile commerce, Chong (2013) demonstrated the impact 
of favorable conditions. Indicators, such as the ones mentioned above, highlight the significance of 
favorable conditions for the adoption of mG-App. Multiple recent IS studies (Ahmad & Khalid, 2017; 
Alalwan et al., 2015) find that enabling factors are the primary influence on behavioral intention. Thus, 
our theories are:
H4. Facilitating conditions and intention to accept mG-App are positively connected.

3.2.5 Trust
Research on the diffusion of technical breakthroughs suggests that people's seeming lack of confidence 
in it can lead to their reluctance to adopt and utilize it. Evaluating the viewpoints of each individual on 
new technology; the way people behave and the degree of trust they have in you can significantly 
impact their willingness to employ advanced technology (Venkatesh, Thong, Chan, Hu, & Brown, 
2011). Trust was found as a significant predictor of information system adoption in multiple research 
investigations. Bangladesh recently adopted mGApps, where individuals prefer to physically access 
services provided by the government. They would rather communicate face-to-face encounters and 
continue manually after service or information requests. If service requests are unclear or unreliable, 
mobile apps may be avoided. Thus, to provide information, consumers must have the trust to use 
mobile apps to transact (Montazemi & Saremi, 2013). This study examines whether respondents are 

willing to trust mG-Apps. If respondents trust mG-Apps, their behavior will improve. For this we 
suggest the following theory:
H5. Trust has a positive effect on individual's behavioral adoption to use mG-App.

3.2.6 Information quality
The concept of information quality is established and described by Delone and McLean (1992, 2003) 
as a system's completeness, timeliness, correctness, and relevance. Inaccurate and irrelevant 
government service information will harm users' behavior. Researchers (Al-Busaidi & Al-Shihi, 2012; 
Sharma, Gaur, Saddikuti, & Rastogi, 2017) have found that the acceptability of recent advancements in 
informational technology is influenced by the presence of high-quality content. According to Tam and 
Oliveira (2016), information quality affects mobile technology use. We hypothesize that information 
quality influences Bangladeshi acceptance of mG-App:
H6. Information quality and intention to accept mG-App are positively related.

4. Methodology
4.1 Variables and Measurement
Based on extant literature, a survey instrument was created. This questionnaire has 23 questions. The 
questionnaire has two parts. Name, age, and other demographic questions are asked initially. 23 close-
ended questions measure this model's 7 constructs in the second section. Items measuring the 
constructs were derived from the literature and adapted to the context of the study. Except for the 
controls, a five-point Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree) was used to 
assess all other critical constructs. The methods used to measure the control variables were based on 
the previous research (Ilmudeen and Bao, 2018). Pre-testing improved measuring item clarity, 
uniformity, and comprehensibility. 30 volunteers participated in a pilot test. Following the pilot test, we 
made adjustments to the research questions.Table 2 shows constructs, measurement items and sources.

4.2 Data Collection Procedure and Sample

212 adult mobile government service users provided data.The authors aimed to get different mobile 
app users to answer the questionnaire. Electronic and hard-copy surveys were distributed. Convenience 
sampling was used to obtain data as it is very easy and less costly for the authors. The Structure 
Equation Model requires 200 responders, according to the literature. For collecting data, we developed 
an online questionnaire using google form and shared indifferent online platforms such as Facebook, 
WhatsApp, and LinkedIn. We also distributed printed version of questionnaire to different citizens who 
showed willingness to provide answers. This procedure yielded 250 data. After data cleansing, 212 
surveys were analyzed.

4.3 Non-Response Bias

The independent t-test was used to compare all of the constructs. From the results of the test, we found 
no statistically significant differences. The chi-squared test for independence was used to double-check 
these findings, and it revealed no statistically significant deviations. This study's data set, thus, was 
deemed to be free of non-response bias.

4.4. Data Analysis

At first stage, we perform some basic analysis. The constructs' validity and reliability, the model's 
predictive value, and the total variance explained were then evaluated using SEM. The SEM approach 
was chosen because it allows researchers to examine the relationships between all of the constructs 
simultaneously. Because of its emphasis on theory construction and discovery rather than model 
verification, SEM is also a more appropriate method for this study. SEM cannot, however, explore the 
non-linear interactions between the components, which could lead to a simplified analysis of the 
complicated decision-making process itself. We have generated six hypotheses for employing SEM, 
and by applying the findings from these hypotheses, we may achieve our research goals.The SEM 
result satisfies both objectives 1 and 2. SEM is therefore the ideal method for our study.

5. Analysis
5.1 Demographics Description
There were a total of 212 participants in this study, with females accounting for 51% (or 108 
participants) and males for 49% (or 104 participants). Ninety percent of the respondents in this study 
are under the age of thirty, making up 191 of the total sample size. The majority of those in the sample 
(67%) have at least a bachelor's degree, with another 19% holding a master's or doctorate, and the 
remaining 14% holding only a secondary school diploma. The study sample is also representative of 
Internet users with regard to their past week's usage frequency. It shows how long people spend online. 
About 38% (or 81 respondents) spent 0-1 hours online, about 24% (or 51 respondents) spent 6-10 
hours, and about 37% (or 80 respondents) spent > 11 hours online. Furthermore, the sample also 
reveals the user's past behavior on the Internet. It reveals that 71 percent of participants (or 151 
participants) have been Internet users for more than eight years. About 10% of the sample, or 21 
people, had used the Internet for fewer than one year, while about 19%, or 40 people, had been doing 
so for five or more years. Results show that the majority of the sample group regularly uses the 
Internet. Table 3 shows summary of the demographics of the respondents. 

5.2 Common Method Bias and Multicollinearity Test
A behavioral study using cross-sectional survey data is prone to common method bias (CMB). Since 
there was no external verification of the data, we focused on CMB which might compromise the 
study's findings. We evaluated CMB using SPSS 23.0 and Harman's single-factor test. Principal axis 
factor (PAF) analysis was performed to determine the number of variables necessary to explain 
variance. The results of our test indicate that a single construct accounted for only 34.87 percent of the 
variance, which is much lower than the minimum value of 50 percent. The evaluation of CMB was 
conducted utilizing the variance inflation factor (VIF) data obtained from the comprehensive 
collinearity test (Table 4). The lower VIF values (< 3.3) indicated that this study is free from CMB 
risk. Also, VIF scores below 10 indicate that this study does not have multicollinearity.

5.3 Measurement Model
Construct reliability measurements include Cronbach's alpha, Dijkstra-rho Henseler's (A), and 
composite reliability. The results showed that each construct had reliability criterion values of 0.70 or 
above, proving internal reliability (Henseler et al., 2014; Henseler et al., 2009) (Table 5). Their 
loadings determined indicators reliability. Item loadings greater than 0.70 suggested a higher 
correlation between an item and its construct (Hair et al., 2012). Thus, loading should exceed 0.70. 
Table 5 shows reasonable loading values. The indication is reliable.

The average variance extracted (AVE) values were used to determine convergent validity. If the 
AVE values for all variables are more than 0.5, a data set demonstrates convergent validity (Fornell and 
Larcker, 1981). Table 5 demonstrates that the AVE values for all variables fall within an acceptable 
range. Convergent validity is therefore verified.

The heterotrait-monotrait ratio assessed discriminant validity. HTMT measures average 
indicator correlations across constructs. Henseler et al. (2014) recommended discriminant validity 
below 0.90. Table 6 shows heterotrait-monotrait ratios for all variables are below 0.90. This supports 
constructs' discriminant validity according to Henseler et al., (2014). Tables 5 and 6 show that 
variables are within the literature's range. We found convergent validity and good internal reliability.

In this table, the values of loading, Cronbach's alpha, rho-A, composite reliability and average 
variable extracted are mentioned which are calculated by using SmartPLS software.

In the above table HTMT ratio is shown which confirms the discriminant validity of this 
research. As all the values given in table 6 are less than 0.90 we can say that this research has 
discriminant validity.

By using the Fornell Larckar approach this report measure the convergent validity of the data. 
All AVE square roots are greater than their corresponding correlation coefficients, as seen in Table 7. 
The condition for Fornell Larckar approach is established in the table 7. So convergent validity is 
prevailed here.

5.4 Structural Model
After verifying the measuring model's psychometrics, this research studies the structural model. SEM 
determines path strength, importance, and insignificance. Structural evaluation follows measuring test 
rules. R-square assessed structural model fit. Path coefficients (Beta) and t-statistics were utilized to 
evaluate the study hypotheses individually. Bootstrapping with 5,000 re-samples determined path 
significance. The model explained 69.2% of behavioral adoption variance, according to R-square. Path 
coefficients need to be statistically significant at a p-value of at least 0.05 in order to confirm the 
relationships (Byrne, 2016). Table 8 displays structural model path, coefficients, t-statistics, p-value, 
and decision.

Table 8 shows that, at the 5% level of confidence, the results for H1 (p<0.05), H2 (p<0.05), H4 
(p<0.05), H5(p<0.05), and H6(p<0.05) are all significant. At the 5% level of significance, however, the 
path for H3 (p>0.05) lacks statistical significance. This suggests that trust, information quality, 
facilitating conditions, performance expectancy, and effort expectancy all have a big impact on how 
mobile government is adopted behaviorally. Social influence, however, has no effect on the adoption of 
mobile governance.

6. Discussion
Government agencies use mobile phones and other digital means to reach people and citizens to 
increase participation, knowledge, trust, and engagement. Government decision-makers have struggled 
to reach remote citizens with updated information. Sparse locations hinder socioeconomic progress in 
emerging countries. Mobile apps may help society's socioeconomic growth and government service 
delivery. The study shows that citizens across the nation are eager to utilize mobile apps for services 
offered by the government. In this paper, the researchers examined six parameters affecting mG-App 
use by the citizens. Five of six criteria influenced citizens' use of mobile government app. Trust, 
information quality, performance expectancy, facilitating conditions and effort expectancy affect mG-
App adoption in developing countries like Bangladesh. Reasons for the six conceptions' importance 
and non-significance are discussed in the followingsection.

The mG-confidence app is the best way to figure out how people will use new technology. 
Thus, consumers must enter personal and credit card information to use mG-Apps for private 
transactions. The mG-Apps are more likely to be trusted when they have up-to-date information and 
are easy to use. Implementing encryption measures to comply with stricter privacy regulations can 
increase trust in mG-Apps. The privacy policies and information of the mG-new App aim to promote 
user engagement. This proves that a lack of trust is one of the biggest reasons why people don't use 
new systems or technologies (Alalwan et al., 2017).

Consequently, performance expectancy is the second most important constructs in selecting 
mG-App. Citizens evaluate mG-App based on its functional utilities (performance expectancy). 

Demonstrating and publicizing significant features helps improve government online services. 
Furthermore, by introducing new and varied technical channels, the usefulness of government 
institutions can be expanded (Ghalandari, 2012). A study determined that people's openness to trying 
out new technologies is significantly influenced by their expectations of how well they will work 
(Alalwan et al., 2017).

Consequently, effort expectancy is a significant anticipator of users' desire to utilize mG-App. 
This research reveals that inhabitants of Bangladesh, even expats, prefer to execute financial activities 
and acquire information about government services via mobile applications that involve less effort and 
time than other traditional means. The majority of research using the UTAUT has discovered a 
statistically significant correlation between effort expectancy and behavioral adoption (Alalwan et al., 
2017). In contrast to earlier studies (Ahmad & Khalid, 2017), our study reveals that the correlation 
between social impact and behavioral adoption is minimal, suggesting that residents in Bangladesh are 
unlikely to advocate the usage of mG-Apps to their loved ones. In a study done in the Sultanate of 
Oman, Riffai, Grant, and Edgar (2012) found that social impact did not significantly predict behavioral 
adoption in the mobile banking environment. Furthermore, this conclusion aligns with earlier research 
conducted in several sectors of information systems (Alalwan et al., 2017). 

The results also show that supportive settings make it easier for people to change their behavior 
to use the mG-App.  Citizens emphasize available funds, specific skill sets, and amenities such as 
increased Internet access, secured mobile apps, and phones to access and employ mG-App for utilizing 
and accessing govt. services through mobile applications. Multiple further empirical research in the 
field of information systems provide evidence to support this idea (Ahmad & Khalid, 2017). 

The results conclusively demonstrated a robust and favorable relation between the quality of 
information and the intention to utilize the mG-App. This demonstrates the significance of factors such 
as relevant content, frequent updates, and comparable features in driving mG-app adoption. Individuals 
are more inclined to utilize mobile applications if they offer superior information. The findings align 
with previous research indicating the significance of information quality in influencing a user's 
adoption of new technology (Sharma et al., 2017).

7. Implications

7.1 Implications for Theory

Researchers and academics will find the result of this study useful. The model has extended the 
UTAUT framework by include information quality and trust in its explanation of users' acceptance of 
mG-Apps in an Asian environment. The UTAUT model is a well-known framework for analyzing how 
people respond to and adopt new technologies. These two new components can be used by other 
researchers when they work with the UTAUT theory. The statistical findings demonstrate that this 
study's research model can predict behavioral adoption toward mG-App. All measurement indices and 
structural models were within their allowed range. The UTAUT's R-square initially stood at 53% as 
anticipated, but rose to 69.2% upon the inclusion of more data. Therefore, the inclusion of additional 
components enhances the predictive capacity of the study model. This research is a valuable addition 
to the growing database of theory that pertains to the utilization of mobile government, e-government, 
and mobile application development. Second, the study's results supplement the literature about the 
usage of mobile devices for government functions. Furthermore, this research's results can be applied 
to advancing technological advancements in studies of adoption. This study looks at how popular 
government service apps are for mobile devices in a South Asian country like Bangladesh. It adds 
important results to the literature.

7.2 Implications for Practices
This study shows that information quality, effort expectancy, facilitating conditions, trust, performance 
expectancy are significantly related in the context of mG-Apps adoption. Thus, respected authorities 
should consider those concepts while developing citizen-centric mobile apps. Government agencies 
would utilize these findings to develop and implement similar projects in several areas. The results of 
this study are going to support Bangladeshi government agencies in the development of policies that 
effectively encourage the use of mG-Apps. The acceptability of mG-Apps is influenced by both 
performance expectancy and trust, and decision-makers can improve the quality of these apps by 
providing reliable and expedient services. Performance and effort expectancy also affect behavior. In 
other words, residents favor low-effort government service mobile apps. Therefore, it is advisable for 
government mobile app developers to minimize the complexity of app usage and exploration. 
Experienced users can also assist creating mobile apps. Surokkha, a nationwide platform, allows 
residents to register for Coronavirus immunizations, receive certificates, and store data. Government 
officials may add a mG-Apps feedback signal to Surokkha to include user input. The Bangladeshi 
government may also organize a PPP to encourage smart mobile app use. Facilitating factors also 
affect behavioral adoption. This suggests residents' value government-provided mobile access to 
government services. It is advisable for the government to periodically provide concise training 
programs on facility usage in public and commercial organizations across the country. The 
organization indicated above would provide information to potential and prospective clients regarding 
government services accessible on mobile devices, as well as update them on new and upcoming 
services.

The strong link between trust and how people plan to use mG-Apps shows that security and 
privacy are important to people when they use state services on smartphones and other tools. 
Programmers and system analysts should enhance the security of apps by implementing an additional 
safety mechanism to safeguard against mG-Apps. The Bangladeshi government's "Mobile Applications 
Secure Development Guidelines" ensures security and robustness. The quality of information that 
citizens receive has an impact on their behavioral intentions. This suggests that the government is 
expected to provide citizens with information on government services that is precise, accurate, 
meaningful, pertinent, complete, and timely. When information is linked to mobile transactions, 
timeliness and trust are even higher. Mobile app developers should adopt the One Web Approach to 
display the same content on all mobile devices. These mobile apps should have automated notifications 
for the latest modifications. Public and corporate institutions should ensure user data relevancy and 
timeliness. 
8. Conclusion, limitations and Future Research Directions
8.1 Conclusion
Within this work, we tried to identify the crucial elements impacting the behavioral adoption of 
Bangladeshi citizens to utilize the mG-App. In conclusion, the study gave a good understanding of the 
most important things. The findings indicated that positive behavioral intentions were influenced by 
factors including information quality, effort expectancy, facilitating factor, trust, and performance 
expectancy. When considering whether or not to use mG-App, these factors are crucial. There was no 
empirical support indicating that social influence had an impact on the intention to take action, 
implying that individuals in Bangladesh are resistant to the influence of recommendations when it 
comes to their utilization of the mG-App. Therefore, mG-App are strongly recommended for use by 
the people of Bangladesh. As another bonus, it has been found that user-friendly technology increases 
users' behavioral intentions. Government entities will benefit from the results of this investigation since 
they will provide appropriate tactics to encourage more people to get government services through 
mobile apps.

8.2 Limitations and Future Research Directions
Even though this study has made important contributions, it also has some problems. Firstly, this study 
only looks at the opinions of people in Bangladesh, hence the researcher recommended that the 
proposed study model should be implemented with caution in other Asian nations. Future research can 
be conducted to other country context to validate this model. Secondly, the data acquired for this study 
is limited to Dhaka city as the author is a student; financing to collect data across the country is a 
challenge. Future studies can be done by obtaining data from all over the country. Thirdly, because the 
bulk of the respondents were between the ages of 20 and 40, it was suggested that the proposed study 
model be tested with more balanced age group information. Fourthly, this study did not evaluate the 
influence of demographic variables as moderators. If that effect can be seen, the outcome could be 
more interesting. Finally, this study focuses on the initial adoption mG-App, future studies can assess 
the continuous usage intention of mG-app.
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ABSTRACT
Purpose: The objective of this study is to identify and analyze various factors 
that influence users' acceptance of mobile government applications (mG-Apps).
Methodology: This study has constructed a research model grounded on the 
Unified Theory of Acceptance and Use of Technology (UTAUT). Further, 
information quality and trust, two vital constructs, have been added to the 
UTAUT to enhance the predictability of the model. Data collected from a sample 
size of 212 from Bangladesh has been used to test the model.
Findings: We have employed the popular structural equation modeling (SEM) 
to assess the data. Our results suggest that the significant elements impacting 
users' acceptance of mG-Appsare performance expectancy, effort expectancy, 
facilitating conditions, information quality and trust. In contrast, social influence 
is identified as an insignificant predictor.
Practical Implications: This research will assist different government agencies, 
policymakers, and practitioners in the creation of timely and effective policies to 
develop and promote myriad mG-Apps to render services to the citizens.
Originality/Value: This research has offered an innovative framework to assess 
the acceptance of mG-apps by the citizens. This unique model has been 
constructed by expanding UTAUT with two key contextual constructs such as 
information quality and trust. We believe, this study will contribute to the extant 
body of theory surrounding the use of mobile government, e-government, and 
mobile applications development.
Limitations: This study only looks at the opinions of people in Bangladesh, 
hence the researchers recommend that the proposed study model should be 
validated by using data collected from other similar countries.

1. Introduction
Major developments in technology in recent years have significantly improved a number of mobile 
device features.Besides,most technology advancements in the telecommunications industry have made 
it possible to provide services to citizens more quickly (Biel, Grill, & Gruhn, 2010). Innovative 
hardware and software capabilities allow governmental and commercial organizations to provide 
mobile consumers a wide variety of services (Payne, 2013). Both private and public institutions have a 
significant chance to minimize the digital divide that exists between the general population and the 
government because of the proliferation of modern mobile devices such as smartphones, iPads, and
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other tablets that can run applications. For instance, after mobile applications for online payments were 
introduced, mobile device usage in African nations significantly increased from 50% to 58.4% (Al-
Azizi, Al-Badi, & Al-Zrafi, 2018). These data signify the need to use mobile apps to improve public 
services. 

Many government organizations in Bangladesh have begun to invest in and devote funds to 
projects that would leverage mobile applications to put their resources into action. Mobile applications 
provide a variety of internet-based services and are viewed as promising new markets for Bangladeshi 
government stakeholders to interact and communicate with one another. The mobile services are 
widely available and practical. People have the option to use mobile apps to conduct many types of 
transactions, such as financial or instructive ones. Apps for mobile devices allow users to pay bills, 
report violations, and communicate with authorities (Naqvi & Al-Shihi, 2014). However, research has 
shown that past government-run online programs have been either ineffective or had significant delays 
in being adopted, and the objectives of mGov adoption have not been met thus far (Gao, Krogstie, & 
Siau, 2014). For instance, in the context of underdeveloped countries, 35% of eGov programs were 
determined to be unsuccessful, only 15% of projects were successful, and 50% were only partially 
completed (Napitupulu & Sensuse, 2014).

There has been a rise in the quantity of government-related mobile apps recently since mobile 
communication technologies have developed. "Electronic government" (hereinafter referred to as 
"eGov") is defined as "the use of ICTs and their application by government to offer information and 
public services to the populace". Governments are increasingly employing contemporary methods to 
reconsider their services and offer online services to the public (Veeramootoo, Nunkoo, & Dwivedi, 
2018). On the other hand, the public tends to view the use of mobile apps for government services with 
doubt and distrust (Dwivedi et al., 2017). However, among the most crucial resources for mobile 
governance (mGov) is thought to be smartphone apps (Abdelghaffar & Magdy, 2012). Due to the 
portability of mobile devices and their ability to enable 24/7 Internet access, mobile applications are 
currently employed extensively across practically all corporate and government sectors (Al-Masaeed & 
Love, 2015). As a way to provide citizens with more convenient and timely services, mobile 
applications are increasingly being used by the government. Currently, many governments are 
developing mobile apps to provide vital services to their citizens, thus it's important to assess their 
acceptance (Rana & Dwivedi, 2015). The term "Mg-App" is used frequently in this study to refer to 
apps for government services on mobile devices. 

The prior research relating to mobile use for government services in Bangladesh is at nascent 
stage. Thus, this study aims to provide insights about various determinants of using mobile apps for 
government services and to propose strategies to enhance accessibility and convenience for users. 
Specifically, the goals of this research are to (i) determinethe predictorsand (ii) analyze those predictors 
of mG-Apps adoption in Bangladesh. We use structural Equation Modeling (SEM) approach to 
accomplish our research goals. The first objective is achieved by investigating the literature. The 
second objective is achieved by testing hypotheses.

In the first part of this report, the introduction is written where the whole summary of this 
report is included. The remaining portions of this article are constructed as follows: literature review is 
presented in Chapter 2 which includes both table of important literature and description of other 
literature. In chapter 3, theoretical framework of this report is written which includes description of 
theory, model of this research and construct and hypothesis of that model. Analyzing the data and 
drawing conclusions is covered in the fifth chapter. Chapter six covers the discussion of the analysis. 
Research implications are narrated in Chapter 7. Finally, chapter 8 presents the final thoughts, caveats, 
and directions for future study.

2. Literature Review
2.1 An Overview of Government Services Available Online in Bangladesh
The notion of mobile government is taken from Electronic government. E-government is a system that 
enables cooperation between the government, its citizens, and its several departments. The primary 
goal of E-Gov is to provide government stakeholders with efficient and cost-effective services (Al-
Azizi et al., 2018). The concept of e-Bangladesh was formed in 2002 to administer e-Gov 
infrastructure and technology projects for residents, according to Sadik Hasan (2003). Bangladesh's 
ranking for technological usage has improved since 2002, according to a 2014 UN study (United 
Nations, 2014). Bangladesh is ready for e-Gov, according to this ranking. However, many in 
Bangladesh are unwilling to adopt new technologies. This stops the public from collecting government 
benefits. The Bangladeshi government wants to provide efficient and engaging services. Bangladesh's 
imperative for enhanced telecommunications infrastructure is a primary concern. Government bodies 
have recently created improvement in mobile services.

2.2 Adoption of mobile government
In recent years, several studies have looked into how m-Gov is being used (e.g., Liu et al., 2014; 
Ahmad & Khalid, 2017).  A research project carried out by Shareef et al. (2012) wanted to understand 
citizens' willingness to use m-Gov services. Their research technique for mobile government 
acceptance varies from the government website. Liang et al. (2017) employed the basement theory 
framework to evaluate the adoption of e-Gov cloud technology in China they found organizational, 
technological, and cloud trust factors drove e-Gov cloud service uptake. Liu et al. (2014) researched 
m-Gov adoption in the countryside of China and found TAM components and honesty determined m-
Gov acceptability. Ahmad and Khalid (2017) performed study in the UAE and found that, in addition 
to TAM components, cost, trust, social impact, service variety, and demographic characteristics 
influenced consumers' behavior toward mobile government services. Table 1 shows review of some 
relevant literature.  

2.3 Mobile Government Applications
Most people will use mobile apps for government services if they trust them and think they will work 
well (Sharma, et al., 2018). In their study they used a structural equation model and a neural network 
model. Besides in the UTAUT model, two additional constructs were included in their research. 
Information and trust are these two concepts. According to a survey of UAE nationals, social influence 
and trust are not negatively correlated with end users' willingness to utilize apps for government 
services on mobile devices (Sharma, et al., 2018). Researchers have shown that mobile government 
makes it simpler for people to access government services (Almarashdeh, 2018). Researchers employ 
the structural equation modeling technique to demonstrate this. To verify this theory, many hypotheses 
are developed and investigated. 

From what we've talked about so far, I think there is a gap in the literature about how mobile 
applications are used in government services. I can't find any direct report regarding this issue. In some 
literature, some parts of this topic are discussed only. Like in the literature, there is a discussion about 
the adoption of mobile applications for other countries but there is no article indicating that mobile 
applications have been adopted in Bangladesh for the provision of government services. Consequently, 
a study is currently being conducted to identify the elements that impact individuals' choices to utilize 
mobile applications for accessing government services. A model was created as part of this study to 
elucidate the factors driving the utilization of mobile government services in Bangladesh.

3.Theory, Model and Hypotheses
3.1 Theory and Proposed Model
We have used the popular UTAUT model which is widely used to assess any emerging technology 
adoption from users' perspective. Information systems(IS) research uses UTAUT, a model based on 
eight technology adoption models and the model analyzes human behavior and technology intent 
(Venkatesh, Morris, Davis, & Davis, 2003). By contrasting eight widely accepted frameworks for 
identifying how individuals respond to new technologies, Venkatesh et al. (2003) developed an 
extensive model that integrates the insights of all of them. The UTAUT concept was developed for the 
express purpose of new technology adoption. Numerous studies suggested that UTAUT could be used 
to study IS acceptance and success in emerging nations (Gupta, Dasgupta, & Gupta, 2008). Our 
research is based on this model since it is unified and best represents other technology acceptance 

models. Performance expectancy, effort expectancy, social influence, and facilitating factors make up 
the UTAUT model. 

In addition, we have incorporated two relevant contextual constructs such as trust and 
information quality with the existing UTAUT, which has enhanced the predictive capacity of the 
model. Government mobile applications are not fully captured by the UTAUT's constructs only. 
Government IS services require trust (Hung, Chang, & Kuo, 2013). For this we include trust in our 
research. In order for eGov services, such as mGov, to be successful, government agencies must 
effectively share pertinent information with commercial, public, and municipal organizations, as well 
as the general public (Dwivedi et al., 2017). Numerous studies have investigated the trust and risk 
involved in online (e.g. Luo, Li, Zhang, & Shim, 2010; Alalwan, Dwivedi, Rana, & Simintiras, 2016). 
We have no knowledge of any research that particularly examine the impact of trust and perceived 
threat on the acceptance of government-issued mobile apps. Trust has been recognized as a significant 
exogenous variable in this study on mGov. Besides to spread mobile government, information quality 
plays an important role. For this we include information quality as one of the constructs.

Figure 1 represents the research model that is founded on what we've talked about so far. It is 
thought that UTAUT constructs, as well as trust and the quality of information, are what make people 
use mobile apps for government services.

Figure 1.
Proposed Research Model.
Source: Authors Developed.

3.2 Constructs and Hypothesis
3.2.1 Performance Expectancy
Performance expectancy is approximately how much does a person expects new technology to 
improve their work performance (Venkatesh et al., 2003). As predicted by the UTAUT model, research, 
performance expectancy predicts behavioral intention in order to use cutting-edge technical knowledge 
(Alalwan, Dwivedi, & Rana, 2017). We hypothesize that performance expectancy affects mG-App 
users' behavior intentions. If they want government services on demand, the citizens of Bangladesh 
must use smartphone apps. Alalwan et al. (2017) validated that expectancy of performance affect 
Middle Eastern mobile technology adoption. Thus, we hypothesize:

H1. Performance expectancy and intention to use mGApp are positively related.

3.2.2 Effort Expectancy
Effort expectancy" is a person's estimate of the mental and physical effort required to use a system or 
technology (Venkatesh et al., 2003). Time and effort spent learning a new information system affecting 
usage intentions is suggested by the UTAUT model. Technology adoption studies (e.g. Alalwan et al., 
2017; Hanafizadeh et al., 2014) show that effort expectancy strongly influences behavior. Al-Busaidi 
(2012) noted that users are less likely to use complex information systems. The widely used TAM 
(Davis, 1989) acceptance model states that consumers will adopt modern technology when this is easy 
to use and doesn't require more work. mG-Apps, which require expertise and effort, may affect 
behavioral adoption to use mobile apps. Thus, this study hypothesizes: 
H2. Effort expectancy and intention to use mG-App are positively related.

3.2.3 Social Influence
When consumers are unfamiliar with new services, reference groups may influence their adoption (e.g. 
Ahmad & Khalid, 2017; Venkatesh et al., 2012). Social effect refers to the degree to which individuals 
think that their relatives, friends, coworkers, and other close acquaintances anticipate them to utilize a 
certain technology (Venkatesh et al., 2012). Social influence determines mobile commerce adoption, 
according to Chong (2013). According to Leong and et al., (2013), in Oman, social influence may 
affect mGApp use. According to prior research, social influence may alter behavioral adoption 
(Alalwan et al., 2017). Thus, our hypothesis:
H3. Social influence is positively related to the acceptance of mG-App.

3.2.4 Facilitatin Gconditions
The term "facilitating condition" refers to the extent how an individual views the presence of an 
administrative and technological infrastructure that enables the effective utilization of government 
services (Venkatesh et al., 2003). Users of the MG-App express concerns regarding the ability to 
access links and the speed at which data may be uploaded and downloaded. According to Lewis, 
Fretwell, Ryan, and Parham (2013), people who use new technologies require assistance. Consumers 
are reluctant to adopt new technologies when support structures are weak (Hew, Lee, Ooi, & Wei, 
2015). In his study of consumer behavior in mobile commerce, Chong (2013) demonstrated the impact 
of favorable conditions. Indicators, such as the ones mentioned above, highlight the significance of 
favorable conditions for the adoption of mG-App. Multiple recent IS studies (Ahmad & Khalid, 2017; 
Alalwan et al., 2015) find that enabling factors are the primary influence on behavioral intention. Thus, 
our theories are:
H4. Facilitating conditions and intention to accept mG-App are positively connected.

3.2.5 Trust
Research on the diffusion of technical breakthroughs suggests that people's seeming lack of confidence 
in it can lead to their reluctance to adopt and utilize it. Evaluating the viewpoints of each individual on 
new technology; the way people behave and the degree of trust they have in you can significantly 
impact their willingness to employ advanced technology (Venkatesh, Thong, Chan, Hu, & Brown, 
2011). Trust was found as a significant predictor of information system adoption in multiple research 
investigations. Bangladesh recently adopted mGApps, where individuals prefer to physically access 
services provided by the government. They would rather communicate face-to-face encounters and 
continue manually after service or information requests. If service requests are unclear or unreliable, 
mobile apps may be avoided. Thus, to provide information, consumers must have the trust to use 
mobile apps to transact (Montazemi & Saremi, 2013). This study examines whether respondents are 

willing to trust mG-Apps. If respondents trust mG-Apps, their behavior will improve. For this we 
suggest the following theory:
H5. Trust has a positive effect on individual's behavioral adoption to use mG-App.

3.2.6 Information quality
The concept of information quality is established and described by Delone and McLean (1992, 2003) 
as a system's completeness, timeliness, correctness, and relevance. Inaccurate and irrelevant 
government service information will harm users' behavior. Researchers (Al-Busaidi & Al-Shihi, 2012; 
Sharma, Gaur, Saddikuti, & Rastogi, 2017) have found that the acceptability of recent advancements in 
informational technology is influenced by the presence of high-quality content. According to Tam and 
Oliveira (2016), information quality affects mobile technology use. We hypothesize that information 
quality influences Bangladeshi acceptance of mG-App:
H6. Information quality and intention to accept mG-App are positively related.

4. Methodology
4.1 Variables and Measurement
Based on extant literature, a survey instrument was created. This questionnaire has 23 questions. The 
questionnaire has two parts. Name, age, and other demographic questions are asked initially. 23 close-
ended questions measure this model's 7 constructs in the second section. Items measuring the 
constructs were derived from the literature and adapted to the context of the study. Except for the 
controls, a five-point Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree) was used to 
assess all other critical constructs. The methods used to measure the control variables were based on 
the previous research (Ilmudeen and Bao, 2018). Pre-testing improved measuring item clarity, 
uniformity, and comprehensibility. 30 volunteers participated in a pilot test. Following the pilot test, we 
made adjustments to the research questions.Table 2 shows constructs, measurement items and sources.

4.2 Data Collection Procedure and Sample

212 adult mobile government service users provided data.The authors aimed to get different mobile 
app users to answer the questionnaire. Electronic and hard-copy surveys were distributed. Convenience 
sampling was used to obtain data as it is very easy and less costly for the authors. The Structure 
Equation Model requires 200 responders, according to the literature. For collecting data, we developed 
an online questionnaire using google form and shared indifferent online platforms such as Facebook, 
WhatsApp, and LinkedIn. We also distributed printed version of questionnaire to different citizens who 
showed willingness to provide answers. This procedure yielded 250 data. After data cleansing, 212 
surveys were analyzed.

4.3 Non-Response Bias

The independent t-test was used to compare all of the constructs. From the results of the test, we found 
no statistically significant differences. The chi-squared test for independence was used to double-check 
these findings, and it revealed no statistically significant deviations. This study's data set, thus, was 
deemed to be free of non-response bias.

4.4. Data Analysis

At first stage, we perform some basic analysis. The constructs' validity and reliability, the model's 
predictive value, and the total variance explained were then evaluated using SEM. The SEM approach 
was chosen because it allows researchers to examine the relationships between all of the constructs 
simultaneously. Because of its emphasis on theory construction and discovery rather than model 
verification, SEM is also a more appropriate method for this study. SEM cannot, however, explore the 
non-linear interactions between the components, which could lead to a simplified analysis of the 
complicated decision-making process itself. We have generated six hypotheses for employing SEM, 
and by applying the findings from these hypotheses, we may achieve our research goals.The SEM 
result satisfies both objectives 1 and 2. SEM is therefore the ideal method for our study.

5. Analysis
5.1 Demographics Description
There were a total of 212 participants in this study, with females accounting for 51% (or 108 
participants) and males for 49% (or 104 participants). Ninety percent of the respondents in this study 
are under the age of thirty, making up 191 of the total sample size. The majority of those in the sample 
(67%) have at least a bachelor's degree, with another 19% holding a master's or doctorate, and the 
remaining 14% holding only a secondary school diploma. The study sample is also representative of 
Internet users with regard to their past week's usage frequency. It shows how long people spend online. 
About 38% (or 81 respondents) spent 0-1 hours online, about 24% (or 51 respondents) spent 6-10 
hours, and about 37% (or 80 respondents) spent > 11 hours online. Furthermore, the sample also 
reveals the user's past behavior on the Internet. It reveals that 71 percent of participants (or 151 
participants) have been Internet users for more than eight years. About 10% of the sample, or 21 
people, had used the Internet for fewer than one year, while about 19%, or 40 people, had been doing 
so for five or more years. Results show that the majority of the sample group regularly uses the 
Internet. Table 3 shows summary of the demographics of the respondents. 

5.2 Common Method Bias and Multicollinearity Test
A behavioral study using cross-sectional survey data is prone to common method bias (CMB). Since 
there was no external verification of the data, we focused on CMB which might compromise the 
study's findings. We evaluated CMB using SPSS 23.0 and Harman's single-factor test. Principal axis 
factor (PAF) analysis was performed to determine the number of variables necessary to explain 
variance. The results of our test indicate that a single construct accounted for only 34.87 percent of the 
variance, which is much lower than the minimum value of 50 percent. The evaluation of CMB was 
conducted utilizing the variance inflation factor (VIF) data obtained from the comprehensive 
collinearity test (Table 4). The lower VIF values (< 3.3) indicated that this study is free from CMB 
risk. Also, VIF scores below 10 indicate that this study does not have multicollinearity.

5.3 Measurement Model
Construct reliability measurements include Cronbach's alpha, Dijkstra-rho Henseler's (A), and 
composite reliability. The results showed that each construct had reliability criterion values of 0.70 or 
above, proving internal reliability (Henseler et al., 2014; Henseler et al., 2009) (Table 5). Their 
loadings determined indicators reliability. Item loadings greater than 0.70 suggested a higher 
correlation between an item and its construct (Hair et al., 2012). Thus, loading should exceed 0.70. 
Table 5 shows reasonable loading values. The indication is reliable.

The average variance extracted (AVE) values were used to determine convergent validity. If the 
AVE values for all variables are more than 0.5, a data set demonstrates convergent validity (Fornell and 
Larcker, 1981). Table 5 demonstrates that the AVE values for all variables fall within an acceptable 
range. Convergent validity is therefore verified.

The heterotrait-monotrait ratio assessed discriminant validity. HTMT measures average 
indicator correlations across constructs. Henseler et al. (2014) recommended discriminant validity 
below 0.90. Table 6 shows heterotrait-monotrait ratios for all variables are below 0.90. This supports 
constructs' discriminant validity according to Henseler et al., (2014). Tables 5 and 6 show that 
variables are within the literature's range. We found convergent validity and good internal reliability.

In this table, the values of loading, Cronbach's alpha, rho-A, composite reliability and average 
variable extracted are mentioned which are calculated by using SmartPLS software.

In the above table HTMT ratio is shown which confirms the discriminant validity of this 
research. As all the values given in table 6 are less than 0.90 we can say that this research has 
discriminant validity.

By using the Fornell Larckar approach this report measure the convergent validity of the data. 
All AVE square roots are greater than their corresponding correlation coefficients, as seen in Table 7. 
The condition for Fornell Larckar approach is established in the table 7. So convergent validity is 
prevailed here.

5.4 Structural Model
After verifying the measuring model's psychometrics, this research studies the structural model. SEM 
determines path strength, importance, and insignificance. Structural evaluation follows measuring test 
rules. R-square assessed structural model fit. Path coefficients (Beta) and t-statistics were utilized to 
evaluate the study hypotheses individually. Bootstrapping with 5,000 re-samples determined path 
significance. The model explained 69.2% of behavioral adoption variance, according to R-square. Path 
coefficients need to be statistically significant at a p-value of at least 0.05 in order to confirm the 
relationships (Byrne, 2016). Table 8 displays structural model path, coefficients, t-statistics, p-value, 
and decision.

Table 8 shows that, at the 5% level of confidence, the results for H1 (p<0.05), H2 (p<0.05), H4 
(p<0.05), H5(p<0.05), and H6(p<0.05) are all significant. At the 5% level of significance, however, the 
path for H3 (p>0.05) lacks statistical significance. This suggests that trust, information quality, 
facilitating conditions, performance expectancy, and effort expectancy all have a big impact on how 
mobile government is adopted behaviorally. Social influence, however, has no effect on the adoption of 
mobile governance.

6. Discussion
Government agencies use mobile phones and other digital means to reach people and citizens to 
increase participation, knowledge, trust, and engagement. Government decision-makers have struggled 
to reach remote citizens with updated information. Sparse locations hinder socioeconomic progress in 
emerging countries. Mobile apps may help society's socioeconomic growth and government service 
delivery. The study shows that citizens across the nation are eager to utilize mobile apps for services 
offered by the government. In this paper, the researchers examined six parameters affecting mG-App 
use by the citizens. Five of six criteria influenced citizens' use of mobile government app. Trust, 
information quality, performance expectancy, facilitating conditions and effort expectancy affect mG-
App adoption in developing countries like Bangladesh. Reasons for the six conceptions' importance 
and non-significance are discussed in the followingsection.

The mG-confidence app is the best way to figure out how people will use new technology. 
Thus, consumers must enter personal and credit card information to use mG-Apps for private 
transactions. The mG-Apps are more likely to be trusted when they have up-to-date information and 
are easy to use. Implementing encryption measures to comply with stricter privacy regulations can 
increase trust in mG-Apps. The privacy policies and information of the mG-new App aim to promote 
user engagement. This proves that a lack of trust is one of the biggest reasons why people don't use 
new systems or technologies (Alalwan et al., 2017).

Consequently, performance expectancy is the second most important constructs in selecting 
mG-App. Citizens evaluate mG-App based on its functional utilities (performance expectancy). 

Demonstrating and publicizing significant features helps improve government online services. 
Furthermore, by introducing new and varied technical channels, the usefulness of government 
institutions can be expanded (Ghalandari, 2012). A study determined that people's openness to trying 
out new technologies is significantly influenced by their expectations of how well they will work 
(Alalwan et al., 2017).

Consequently, effort expectancy is a significant anticipator of users' desire to utilize mG-App. 
This research reveals that inhabitants of Bangladesh, even expats, prefer to execute financial activities 
and acquire information about government services via mobile applications that involve less effort and 
time than other traditional means. The majority of research using the UTAUT has discovered a 
statistically significant correlation between effort expectancy and behavioral adoption (Alalwan et al., 
2017). In contrast to earlier studies (Ahmad & Khalid, 2017), our study reveals that the correlation 
between social impact and behavioral adoption is minimal, suggesting that residents in Bangladesh are 
unlikely to advocate the usage of mG-Apps to their loved ones. In a study done in the Sultanate of 
Oman, Riffai, Grant, and Edgar (2012) found that social impact did not significantly predict behavioral 
adoption in the mobile banking environment. Furthermore, this conclusion aligns with earlier research 
conducted in several sectors of information systems (Alalwan et al., 2017). 

The results also show that supportive settings make it easier for people to change their behavior 
to use the mG-App.  Citizens emphasize available funds, specific skill sets, and amenities such as 
increased Internet access, secured mobile apps, and phones to access and employ mG-App for utilizing 
and accessing govt. services through mobile applications. Multiple further empirical research in the 
field of information systems provide evidence to support this idea (Ahmad & Khalid, 2017). 

The results conclusively demonstrated a robust and favorable relation between the quality of 
information and the intention to utilize the mG-App. This demonstrates the significance of factors such 
as relevant content, frequent updates, and comparable features in driving mG-app adoption. Individuals 
are more inclined to utilize mobile applications if they offer superior information. The findings align 
with previous research indicating the significance of information quality in influencing a user's 
adoption of new technology (Sharma et al., 2017).

7. Implications

7.1 Implications for Theory

Researchers and academics will find the result of this study useful. The model has extended the 
UTAUT framework by include information quality and trust in its explanation of users' acceptance of 
mG-Apps in an Asian environment. The UTAUT model is a well-known framework for analyzing how 
people respond to and adopt new technologies. These two new components can be used by other 
researchers when they work with the UTAUT theory. The statistical findings demonstrate that this 
study's research model can predict behavioral adoption toward mG-App. All measurement indices and 
structural models were within their allowed range. The UTAUT's R-square initially stood at 53% as 
anticipated, but rose to 69.2% upon the inclusion of more data. Therefore, the inclusion of additional 
components enhances the predictive capacity of the study model. This research is a valuable addition 
to the growing database of theory that pertains to the utilization of mobile government, e-government, 
and mobile application development. Second, the study's results supplement the literature about the 
usage of mobile devices for government functions. Furthermore, this research's results can be applied 
to advancing technological advancements in studies of adoption. This study looks at how popular 
government service apps are for mobile devices in a South Asian country like Bangladesh. It adds 
important results to the literature.

7.2 Implications for Practices
This study shows that information quality, effort expectancy, facilitating conditions, trust, performance 
expectancy are significantly related in the context of mG-Apps adoption. Thus, respected authorities 
should consider those concepts while developing citizen-centric mobile apps. Government agencies 
would utilize these findings to develop and implement similar projects in several areas. The results of 
this study are going to support Bangladeshi government agencies in the development of policies that 
effectively encourage the use of mG-Apps. The acceptability of mG-Apps is influenced by both 
performance expectancy and trust, and decision-makers can improve the quality of these apps by 
providing reliable and expedient services. Performance and effort expectancy also affect behavior. In 
other words, residents favor low-effort government service mobile apps. Therefore, it is advisable for 
government mobile app developers to minimize the complexity of app usage and exploration. 
Experienced users can also assist creating mobile apps. Surokkha, a nationwide platform, allows 
residents to register for Coronavirus immunizations, receive certificates, and store data. Government 
officials may add a mG-Apps feedback signal to Surokkha to include user input. The Bangladeshi 
government may also organize a PPP to encourage smart mobile app use. Facilitating factors also 
affect behavioral adoption. This suggests residents' value government-provided mobile access to 
government services. It is advisable for the government to periodically provide concise training 
programs on facility usage in public and commercial organizations across the country. The 
organization indicated above would provide information to potential and prospective clients regarding 
government services accessible on mobile devices, as well as update them on new and upcoming 
services.

The strong link between trust and how people plan to use mG-Apps shows that security and 
privacy are important to people when they use state services on smartphones and other tools. 
Programmers and system analysts should enhance the security of apps by implementing an additional 
safety mechanism to safeguard against mG-Apps. The Bangladeshi government's "Mobile Applications 
Secure Development Guidelines" ensures security and robustness. The quality of information that 
citizens receive has an impact on their behavioral intentions. This suggests that the government is 
expected to provide citizens with information on government services that is precise, accurate, 
meaningful, pertinent, complete, and timely. When information is linked to mobile transactions, 
timeliness and trust are even higher. Mobile app developers should adopt the One Web Approach to 
display the same content on all mobile devices. These mobile apps should have automated notifications 
for the latest modifications. Public and corporate institutions should ensure user data relevancy and 
timeliness. 
8. Conclusion, limitations and Future Research Directions
8.1 Conclusion
Within this work, we tried to identify the crucial elements impacting the behavioral adoption of 
Bangladeshi citizens to utilize the mG-App. In conclusion, the study gave a good understanding of the 
most important things. The findings indicated that positive behavioral intentions were influenced by 
factors including information quality, effort expectancy, facilitating factor, trust, and performance 
expectancy. When considering whether or not to use mG-App, these factors are crucial. There was no 
empirical support indicating that social influence had an impact on the intention to take action, 
implying that individuals in Bangladesh are resistant to the influence of recommendations when it 
comes to their utilization of the mG-App. Therefore, mG-App are strongly recommended for use by 
the people of Bangladesh. As another bonus, it has been found that user-friendly technology increases 
users' behavioral intentions. Government entities will benefit from the results of this investigation since 
they will provide appropriate tactics to encourage more people to get government services through 
mobile apps.

8.2 Limitations and Future Research Directions
Even though this study has made important contributions, it also has some problems. Firstly, this study 
only looks at the opinions of people in Bangladesh, hence the researcher recommended that the 
proposed study model should be implemented with caution in other Asian nations. Future research can 
be conducted to other country context to validate this model. Secondly, the data acquired for this study 
is limited to Dhaka city as the author is a student; financing to collect data across the country is a 
challenge. Future studies can be done by obtaining data from all over the country. Thirdly, because the 
bulk of the respondents were between the ages of 20 and 40, it was suggested that the proposed study 
model be tested with more balanced age group information. Fourthly, this study did not evaluate the 
influence of demographic variables as moderators. If that effect can be seen, the outcome could be 
more interesting. Finally, this study focuses on the initial adoption mG-App, future studies can assess 
the continuous usage intention of mG-app.
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The Acceptance of Mobile Applications for Government Services (MG- App): 
A Study From Users' Perspective
Monisha Akter Meem1 & Dr. Abul Khayer2*

ABSTRACT
Purpose: The objective of this study is to identify and analyze various factors 
that influence users' acceptance of mobile government applications (mG-Apps).
Methodology: This study has constructed a research model grounded on the 
Unified Theory of Acceptance and Use of Technology (UTAUT). Further, 
information quality and trust, two vital constructs, have been added to the 
UTAUT to enhance the predictability of the model. Data collected from a sample 
size of 212 from Bangladesh has been used to test the model.
Findings: We have employed the popular structural equation modeling (SEM) 
to assess the data. Our results suggest that the significant elements impacting 
users' acceptance of mG-Appsare performance expectancy, effort expectancy, 
facilitating conditions, information quality and trust. In contrast, social influence 
is identified as an insignificant predictor.
Practical Implications: This research will assist different government agencies, 
policymakers, and practitioners in the creation of timely and effective policies to 
develop and promote myriad mG-Apps to render services to the citizens.
Originality/Value: This research has offered an innovative framework to assess 
the acceptance of mG-apps by the citizens. This unique model has been 
constructed by expanding UTAUT with two key contextual constructs such as 
information quality and trust. We believe, this study will contribute to the extant 
body of theory surrounding the use of mobile government, e-government, and 
mobile applications development.
Limitations: This study only looks at the opinions of people in Bangladesh, 
hence the researchers recommend that the proposed study model should be 
validated by using data collected from other similar countries.

1. Introduction
Major developments in technology in recent years have significantly improved a number of mobile 
device features.Besides,most technology advancements in the telecommunications industry have made 
it possible to provide services to citizens more quickly (Biel, Grill, & Gruhn, 2010). Innovative 
hardware and software capabilities allow governmental and commercial organizations to provide 
mobile consumers a wide variety of services (Payne, 2013). Both private and public institutions have a 
significant chance to minimize the digital divide that exists between the general population and the 
government because of the proliferation of modern mobile devices such as smartphones, iPads, and
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other tablets that can run applications. For instance, after mobile applications for online payments were 
introduced, mobile device usage in African nations significantly increased from 50% to 58.4% (Al-
Azizi, Al-Badi, & Al-Zrafi, 2018). These data signify the need to use mobile apps to improve public 
services. 

Many government organizations in Bangladesh have begun to invest in and devote funds to 
projects that would leverage mobile applications to put their resources into action. Mobile applications 
provide a variety of internet-based services and are viewed as promising new markets for Bangladeshi 
government stakeholders to interact and communicate with one another. The mobile services are 
widely available and practical. People have the option to use mobile apps to conduct many types of 
transactions, such as financial or instructive ones. Apps for mobile devices allow users to pay bills, 
report violations, and communicate with authorities (Naqvi & Al-Shihi, 2014). However, research has 
shown that past government-run online programs have been either ineffective or had significant delays 
in being adopted, and the objectives of mGov adoption have not been met thus far (Gao, Krogstie, & 
Siau, 2014). For instance, in the context of underdeveloped countries, 35% of eGov programs were 
determined to be unsuccessful, only 15% of projects were successful, and 50% were only partially 
completed (Napitupulu & Sensuse, 2014).

There has been a rise in the quantity of government-related mobile apps recently since mobile 
communication technologies have developed. "Electronic government" (hereinafter referred to as 
"eGov") is defined as "the use of ICTs and their application by government to offer information and 
public services to the populace". Governments are increasingly employing contemporary methods to 
reconsider their services and offer online services to the public (Veeramootoo, Nunkoo, & Dwivedi, 
2018). On the other hand, the public tends to view the use of mobile apps for government services with 
doubt and distrust (Dwivedi et al., 2017). However, among the most crucial resources for mobile 
governance (mGov) is thought to be smartphone apps (Abdelghaffar & Magdy, 2012). Due to the 
portability of mobile devices and their ability to enable 24/7 Internet access, mobile applications are 
currently employed extensively across practically all corporate and government sectors (Al-Masaeed & 
Love, 2015). As a way to provide citizens with more convenient and timely services, mobile 
applications are increasingly being used by the government. Currently, many governments are 
developing mobile apps to provide vital services to their citizens, thus it's important to assess their 
acceptance (Rana & Dwivedi, 2015). The term "Mg-App" is used frequently in this study to refer to 
apps for government services on mobile devices. 

The prior research relating to mobile use for government services in Bangladesh is at nascent 
stage. Thus, this study aims to provide insights about various determinants of using mobile apps for 
government services and to propose strategies to enhance accessibility and convenience for users. 
Specifically, the goals of this research are to (i) determinethe predictorsand (ii) analyze those predictors 
of mG-Apps adoption in Bangladesh. We use structural Equation Modeling (SEM) approach to 
accomplish our research goals. The first objective is achieved by investigating the literature. The 
second objective is achieved by testing hypotheses.

In the first part of this report, the introduction is written where the whole summary of this 
report is included. The remaining portions of this article are constructed as follows: literature review is 
presented in Chapter 2 which includes both table of important literature and description of other 
literature. In chapter 3, theoretical framework of this report is written which includes description of 
theory, model of this research and construct and hypothesis of that model. Analyzing the data and 
drawing conclusions is covered in the fifth chapter. Chapter six covers the discussion of the analysis. 
Research implications are narrated in Chapter 7. Finally, chapter 8 presents the final thoughts, caveats, 
and directions for future study.

2. Literature Review
2.1 An Overview of Government Services Available Online in Bangladesh
The notion of mobile government is taken from Electronic government. E-government is a system that 
enables cooperation between the government, its citizens, and its several departments. The primary 
goal of E-Gov is to provide government stakeholders with efficient and cost-effective services (Al-
Azizi et al., 2018). The concept of e-Bangladesh was formed in 2002 to administer e-Gov 
infrastructure and technology projects for residents, according to Sadik Hasan (2003). Bangladesh's 
ranking for technological usage has improved since 2002, according to a 2014 UN study (United 
Nations, 2014). Bangladesh is ready for e-Gov, according to this ranking. However, many in 
Bangladesh are unwilling to adopt new technologies. This stops the public from collecting government 
benefits. The Bangladeshi government wants to provide efficient and engaging services. Bangladesh's 
imperative for enhanced telecommunications infrastructure is a primary concern. Government bodies 
have recently created improvement in mobile services.

2.2 Adoption of mobile government
In recent years, several studies have looked into how m-Gov is being used (e.g., Liu et al., 2014; 
Ahmad & Khalid, 2017).  A research project carried out by Shareef et al. (2012) wanted to understand 
citizens' willingness to use m-Gov services. Their research technique for mobile government 
acceptance varies from the government website. Liang et al. (2017) employed the basement theory 
framework to evaluate the adoption of e-Gov cloud technology in China they found organizational, 
technological, and cloud trust factors drove e-Gov cloud service uptake. Liu et al. (2014) researched 
m-Gov adoption in the countryside of China and found TAM components and honesty determined m-
Gov acceptability. Ahmad and Khalid (2017) performed study in the UAE and found that, in addition 
to TAM components, cost, trust, social impact, service variety, and demographic characteristics 
influenced consumers' behavior toward mobile government services. Table 1 shows review of some 
relevant literature.  

2.3 Mobile Government Applications
Most people will use mobile apps for government services if they trust them and think they will work 
well (Sharma, et al., 2018). In their study they used a structural equation model and a neural network 
model. Besides in the UTAUT model, two additional constructs were included in their research. 
Information and trust are these two concepts. According to a survey of UAE nationals, social influence 
and trust are not negatively correlated with end users' willingness to utilize apps for government 
services on mobile devices (Sharma, et al., 2018). Researchers have shown that mobile government 
makes it simpler for people to access government services (Almarashdeh, 2018). Researchers employ 
the structural equation modeling technique to demonstrate this. To verify this theory, many hypotheses 
are developed and investigated. 

From what we've talked about so far, I think there is a gap in the literature about how mobile 
applications are used in government services. I can't find any direct report regarding this issue. In some 
literature, some parts of this topic are discussed only. Like in the literature, there is a discussion about 
the adoption of mobile applications for other countries but there is no article indicating that mobile 
applications have been adopted in Bangladesh for the provision of government services. Consequently, 
a study is currently being conducted to identify the elements that impact individuals' choices to utilize 
mobile applications for accessing government services. A model was created as part of this study to 
elucidate the factors driving the utilization of mobile government services in Bangladesh.

3.Theory, Model and Hypotheses
3.1 Theory and Proposed Model
We have used the popular UTAUT model which is widely used to assess any emerging technology 
adoption from users' perspective. Information systems(IS) research uses UTAUT, a model based on 
eight technology adoption models and the model analyzes human behavior and technology intent 
(Venkatesh, Morris, Davis, & Davis, 2003). By contrasting eight widely accepted frameworks for 
identifying how individuals respond to new technologies, Venkatesh et al. (2003) developed an 
extensive model that integrates the insights of all of them. The UTAUT concept was developed for the 
express purpose of new technology adoption. Numerous studies suggested that UTAUT could be used 
to study IS acceptance and success in emerging nations (Gupta, Dasgupta, & Gupta, 2008). Our 
research is based on this model since it is unified and best represents other technology acceptance 

models. Performance expectancy, effort expectancy, social influence, and facilitating factors make up 
the UTAUT model. 

In addition, we have incorporated two relevant contextual constructs such as trust and 
information quality with the existing UTAUT, which has enhanced the predictive capacity of the 
model. Government mobile applications are not fully captured by the UTAUT's constructs only. 
Government IS services require trust (Hung, Chang, & Kuo, 2013). For this we include trust in our 
research. In order for eGov services, such as mGov, to be successful, government agencies must 
effectively share pertinent information with commercial, public, and municipal organizations, as well 
as the general public (Dwivedi et al., 2017). Numerous studies have investigated the trust and risk 
involved in online (e.g. Luo, Li, Zhang, & Shim, 2010; Alalwan, Dwivedi, Rana, & Simintiras, 2016). 
We have no knowledge of any research that particularly examine the impact of trust and perceived 
threat on the acceptance of government-issued mobile apps. Trust has been recognized as a significant 
exogenous variable in this study on mGov. Besides to spread mobile government, information quality 
plays an important role. For this we include information quality as one of the constructs.

Figure 1 represents the research model that is founded on what we've talked about so far. It is 
thought that UTAUT constructs, as well as trust and the quality of information, are what make people 
use mobile apps for government services.

Figure 1.
Proposed Research Model.
Source: Authors Developed.

3.2 Constructs and Hypothesis
3.2.1 Performance Expectancy
Performance expectancy is approximately how much does a person expects new technology to 
improve their work performance (Venkatesh et al., 2003). As predicted by the UTAUT model, research, 
performance expectancy predicts behavioral intention in order to use cutting-edge technical knowledge 
(Alalwan, Dwivedi, & Rana, 2017). We hypothesize that performance expectancy affects mG-App 
users' behavior intentions. If they want government services on demand, the citizens of Bangladesh 
must use smartphone apps. Alalwan et al. (2017) validated that expectancy of performance affect 
Middle Eastern mobile technology adoption. Thus, we hypothesize:

H1. Performance expectancy and intention to use mGApp are positively related.

3.2.2 Effort Expectancy
Effort expectancy" is a person's estimate of the mental and physical effort required to use a system or 
technology (Venkatesh et al., 2003). Time and effort spent learning a new information system affecting 
usage intentions is suggested by the UTAUT model. Technology adoption studies (e.g. Alalwan et al., 
2017; Hanafizadeh et al., 2014) show that effort expectancy strongly influences behavior. Al-Busaidi 
(2012) noted that users are less likely to use complex information systems. The widely used TAM 
(Davis, 1989) acceptance model states that consumers will adopt modern technology when this is easy 
to use and doesn't require more work. mG-Apps, which require expertise and effort, may affect 
behavioral adoption to use mobile apps. Thus, this study hypothesizes: 
H2. Effort expectancy and intention to use mG-App are positively related.

3.2.3 Social Influence
When consumers are unfamiliar with new services, reference groups may influence their adoption (e.g. 
Ahmad & Khalid, 2017; Venkatesh et al., 2012). Social effect refers to the degree to which individuals 
think that their relatives, friends, coworkers, and other close acquaintances anticipate them to utilize a 
certain technology (Venkatesh et al., 2012). Social influence determines mobile commerce adoption, 
according to Chong (2013). According to Leong and et al., (2013), in Oman, social influence may 
affect mGApp use. According to prior research, social influence may alter behavioral adoption 
(Alalwan et al., 2017). Thus, our hypothesis:
H3. Social influence is positively related to the acceptance of mG-App.

3.2.4 Facilitatin Gconditions
The term "facilitating condition" refers to the extent how an individual views the presence of an 
administrative and technological infrastructure that enables the effective utilization of government 
services (Venkatesh et al., 2003). Users of the MG-App express concerns regarding the ability to 
access links and the speed at which data may be uploaded and downloaded. According to Lewis, 
Fretwell, Ryan, and Parham (2013), people who use new technologies require assistance. Consumers 
are reluctant to adopt new technologies when support structures are weak (Hew, Lee, Ooi, & Wei, 
2015). In his study of consumer behavior in mobile commerce, Chong (2013) demonstrated the impact 
of favorable conditions. Indicators, such as the ones mentioned above, highlight the significance of 
favorable conditions for the adoption of mG-App. Multiple recent IS studies (Ahmad & Khalid, 2017; 
Alalwan et al., 2015) find that enabling factors are the primary influence on behavioral intention. Thus, 
our theories are:
H4. Facilitating conditions and intention to accept mG-App are positively connected.

3.2.5 Trust
Research on the diffusion of technical breakthroughs suggests that people's seeming lack of confidence 
in it can lead to their reluctance to adopt and utilize it. Evaluating the viewpoints of each individual on 
new technology; the way people behave and the degree of trust they have in you can significantly 
impact their willingness to employ advanced technology (Venkatesh, Thong, Chan, Hu, & Brown, 
2011). Trust was found as a significant predictor of information system adoption in multiple research 
investigations. Bangladesh recently adopted mGApps, where individuals prefer to physically access 
services provided by the government. They would rather communicate face-to-face encounters and 
continue manually after service or information requests. If service requests are unclear or unreliable, 
mobile apps may be avoided. Thus, to provide information, consumers must have the trust to use 
mobile apps to transact (Montazemi & Saremi, 2013). This study examines whether respondents are 

willing to trust mG-Apps. If respondents trust mG-Apps, their behavior will improve. For this we 
suggest the following theory:
H5. Trust has a positive effect on individual's behavioral adoption to use mG-App.

3.2.6 Information quality
The concept of information quality is established and described by Delone and McLean (1992, 2003) 
as a system's completeness, timeliness, correctness, and relevance. Inaccurate and irrelevant 
government service information will harm users' behavior. Researchers (Al-Busaidi & Al-Shihi, 2012; 
Sharma, Gaur, Saddikuti, & Rastogi, 2017) have found that the acceptability of recent advancements in 
informational technology is influenced by the presence of high-quality content. According to Tam and 
Oliveira (2016), information quality affects mobile technology use. We hypothesize that information 
quality influences Bangladeshi acceptance of mG-App:
H6. Information quality and intention to accept mG-App are positively related.

4. Methodology
4.1 Variables and Measurement
Based on extant literature, a survey instrument was created. This questionnaire has 23 questions. The 
questionnaire has two parts. Name, age, and other demographic questions are asked initially. 23 close-
ended questions measure this model's 7 constructs in the second section. Items measuring the 
constructs were derived from the literature and adapted to the context of the study. Except for the 
controls, a five-point Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree) was used to 
assess all other critical constructs. The methods used to measure the control variables were based on 
the previous research (Ilmudeen and Bao, 2018). Pre-testing improved measuring item clarity, 
uniformity, and comprehensibility. 30 volunteers participated in a pilot test. Following the pilot test, we 
made adjustments to the research questions.Table 2 shows constructs, measurement items and sources.

4.2 Data Collection Procedure and Sample

212 adult mobile government service users provided data.The authors aimed to get different mobile 
app users to answer the questionnaire. Electronic and hard-copy surveys were distributed. Convenience 
sampling was used to obtain data as it is very easy and less costly for the authors. The Structure 
Equation Model requires 200 responders, according to the literature. For collecting data, we developed 
an online questionnaire using google form and shared indifferent online platforms such as Facebook, 
WhatsApp, and LinkedIn. We also distributed printed version of questionnaire to different citizens who 
showed willingness to provide answers. This procedure yielded 250 data. After data cleansing, 212 
surveys were analyzed.

4.3 Non-Response Bias

The independent t-test was used to compare all of the constructs. From the results of the test, we found 
no statistically significant differences. The chi-squared test for independence was used to double-check 
these findings, and it revealed no statistically significant deviations. This study's data set, thus, was 
deemed to be free of non-response bias.

4.4. Data Analysis

At first stage, we perform some basic analysis. The constructs' validity and reliability, the model's 
predictive value, and the total variance explained were then evaluated using SEM. The SEM approach 
was chosen because it allows researchers to examine the relationships between all of the constructs 
simultaneously. Because of its emphasis on theory construction and discovery rather than model 
verification, SEM is also a more appropriate method for this study. SEM cannot, however, explore the 
non-linear interactions between the components, which could lead to a simplified analysis of the 
complicated decision-making process itself. We have generated six hypotheses for employing SEM, 
and by applying the findings from these hypotheses, we may achieve our research goals.The SEM 
result satisfies both objectives 1 and 2. SEM is therefore the ideal method for our study.

5. Analysis
5.1 Demographics Description
There were a total of 212 participants in this study, with females accounting for 51% (or 108 
participants) and males for 49% (or 104 participants). Ninety percent of the respondents in this study 
are under the age of thirty, making up 191 of the total sample size. The majority of those in the sample 
(67%) have at least a bachelor's degree, with another 19% holding a master's or doctorate, and the 
remaining 14% holding only a secondary school diploma. The study sample is also representative of 
Internet users with regard to their past week's usage frequency. It shows how long people spend online. 
About 38% (or 81 respondents) spent 0-1 hours online, about 24% (or 51 respondents) spent 6-10 
hours, and about 37% (or 80 respondents) spent > 11 hours online. Furthermore, the sample also 
reveals the user's past behavior on the Internet. It reveals that 71 percent of participants (or 151 
participants) have been Internet users for more than eight years. About 10% of the sample, or 21 
people, had used the Internet for fewer than one year, while about 19%, or 40 people, had been doing 
so for five or more years. Results show that the majority of the sample group regularly uses the 
Internet. Table 3 shows summary of the demographics of the respondents. 

5.2 Common Method Bias and Multicollinearity Test
A behavioral study using cross-sectional survey data is prone to common method bias (CMB). Since 
there was no external verification of the data, we focused on CMB which might compromise the 
study's findings. We evaluated CMB using SPSS 23.0 and Harman's single-factor test. Principal axis 
factor (PAF) analysis was performed to determine the number of variables necessary to explain 
variance. The results of our test indicate that a single construct accounted for only 34.87 percent of the 
variance, which is much lower than the minimum value of 50 percent. The evaluation of CMB was 
conducted utilizing the variance inflation factor (VIF) data obtained from the comprehensive 
collinearity test (Table 4). The lower VIF values (< 3.3) indicated that this study is free from CMB 
risk. Also, VIF scores below 10 indicate that this study does not have multicollinearity.

5.3 Measurement Model
Construct reliability measurements include Cronbach's alpha, Dijkstra-rho Henseler's (A), and 
composite reliability. The results showed that each construct had reliability criterion values of 0.70 or 
above, proving internal reliability (Henseler et al., 2014; Henseler et al., 2009) (Table 5). Their 
loadings determined indicators reliability. Item loadings greater than 0.70 suggested a higher 
correlation between an item and its construct (Hair et al., 2012). Thus, loading should exceed 0.70. 
Table 5 shows reasonable loading values. The indication is reliable.

The average variance extracted (AVE) values were used to determine convergent validity. If the 
AVE values for all variables are more than 0.5, a data set demonstrates convergent validity (Fornell and 
Larcker, 1981). Table 5 demonstrates that the AVE values for all variables fall within an acceptable 
range. Convergent validity is therefore verified.

The heterotrait-monotrait ratio assessed discriminant validity. HTMT measures average 
indicator correlations across constructs. Henseler et al. (2014) recommended discriminant validity 
below 0.90. Table 6 shows heterotrait-monotrait ratios for all variables are below 0.90. This supports 
constructs' discriminant validity according to Henseler et al., (2014). Tables 5 and 6 show that 
variables are within the literature's range. We found convergent validity and good internal reliability.

In this table, the values of loading, Cronbach's alpha, rho-A, composite reliability and average 
variable extracted are mentioned which are calculated by using SmartPLS software.

In the above table HTMT ratio is shown which confirms the discriminant validity of this 
research. As all the values given in table 6 are less than 0.90 we can say that this research has 
discriminant validity.

By using the Fornell Larckar approach this report measure the convergent validity of the data. 
All AVE square roots are greater than their corresponding correlation coefficients, as seen in Table 7. 
The condition for Fornell Larckar approach is established in the table 7. So convergent validity is 
prevailed here.

5.4 Structural Model
After verifying the measuring model's psychometrics, this research studies the structural model. SEM 
determines path strength, importance, and insignificance. Structural evaluation follows measuring test 
rules. R-square assessed structural model fit. Path coefficients (Beta) and t-statistics were utilized to 
evaluate the study hypotheses individually. Bootstrapping with 5,000 re-samples determined path 
significance. The model explained 69.2% of behavioral adoption variance, according to R-square. Path 
coefficients need to be statistically significant at a p-value of at least 0.05 in order to confirm the 
relationships (Byrne, 2016). Table 8 displays structural model path, coefficients, t-statistics, p-value, 
and decision.

Table 8 shows that, at the 5% level of confidence, the results for H1 (p<0.05), H2 (p<0.05), H4 
(p<0.05), H5(p<0.05), and H6(p<0.05) are all significant. At the 5% level of significance, however, the 
path for H3 (p>0.05) lacks statistical significance. This suggests that trust, information quality, 
facilitating conditions, performance expectancy, and effort expectancy all have a big impact on how 
mobile government is adopted behaviorally. Social influence, however, has no effect on the adoption of 
mobile governance.

6. Discussion
Government agencies use mobile phones and other digital means to reach people and citizens to 
increase participation, knowledge, trust, and engagement. Government decision-makers have struggled 
to reach remote citizens with updated information. Sparse locations hinder socioeconomic progress in 
emerging countries. Mobile apps may help society's socioeconomic growth and government service 
delivery. The study shows that citizens across the nation are eager to utilize mobile apps for services 
offered by the government. In this paper, the researchers examined six parameters affecting mG-App 
use by the citizens. Five of six criteria influenced citizens' use of mobile government app. Trust, 
information quality, performance expectancy, facilitating conditions and effort expectancy affect mG-
App adoption in developing countries like Bangladesh. Reasons for the six conceptions' importance 
and non-significance are discussed in the followingsection.

The mG-confidence app is the best way to figure out how people will use new technology. 
Thus, consumers must enter personal and credit card information to use mG-Apps for private 
transactions. The mG-Apps are more likely to be trusted when they have up-to-date information and 
are easy to use. Implementing encryption measures to comply with stricter privacy regulations can 
increase trust in mG-Apps. The privacy policies and information of the mG-new App aim to promote 
user engagement. This proves that a lack of trust is one of the biggest reasons why people don't use 
new systems or technologies (Alalwan et al., 2017).

Consequently, performance expectancy is the second most important constructs in selecting 
mG-App. Citizens evaluate mG-App based on its functional utilities (performance expectancy). 

Demonstrating and publicizing significant features helps improve government online services. 
Furthermore, by introducing new and varied technical channels, the usefulness of government 
institutions can be expanded (Ghalandari, 2012). A study determined that people's openness to trying 
out new technologies is significantly influenced by their expectations of how well they will work 
(Alalwan et al., 2017).

Consequently, effort expectancy is a significant anticipator of users' desire to utilize mG-App. 
This research reveals that inhabitants of Bangladesh, even expats, prefer to execute financial activities 
and acquire information about government services via mobile applications that involve less effort and 
time than other traditional means. The majority of research using the UTAUT has discovered a 
statistically significant correlation between effort expectancy and behavioral adoption (Alalwan et al., 
2017). In contrast to earlier studies (Ahmad & Khalid, 2017), our study reveals that the correlation 
between social impact and behavioral adoption is minimal, suggesting that residents in Bangladesh are 
unlikely to advocate the usage of mG-Apps to their loved ones. In a study done in the Sultanate of 
Oman, Riffai, Grant, and Edgar (2012) found that social impact did not significantly predict behavioral 
adoption in the mobile banking environment. Furthermore, this conclusion aligns with earlier research 
conducted in several sectors of information systems (Alalwan et al., 2017). 

The results also show that supportive settings make it easier for people to change their behavior 
to use the mG-App.  Citizens emphasize available funds, specific skill sets, and amenities such as 
increased Internet access, secured mobile apps, and phones to access and employ mG-App for utilizing 
and accessing govt. services through mobile applications. Multiple further empirical research in the 
field of information systems provide evidence to support this idea (Ahmad & Khalid, 2017). 

The results conclusively demonstrated a robust and favorable relation between the quality of 
information and the intention to utilize the mG-App. This demonstrates the significance of factors such 
as relevant content, frequent updates, and comparable features in driving mG-app adoption. Individuals 
are more inclined to utilize mobile applications if they offer superior information. The findings align 
with previous research indicating the significance of information quality in influencing a user's 
adoption of new technology (Sharma et al., 2017).

7. Implications

7.1 Implications for Theory

Researchers and academics will find the result of this study useful. The model has extended the 
UTAUT framework by include information quality and trust in its explanation of users' acceptance of 
mG-Apps in an Asian environment. The UTAUT model is a well-known framework for analyzing how 
people respond to and adopt new technologies. These two new components can be used by other 
researchers when they work with the UTAUT theory. The statistical findings demonstrate that this 
study's research model can predict behavioral adoption toward mG-App. All measurement indices and 
structural models were within their allowed range. The UTAUT's R-square initially stood at 53% as 
anticipated, but rose to 69.2% upon the inclusion of more data. Therefore, the inclusion of additional 
components enhances the predictive capacity of the study model. This research is a valuable addition 
to the growing database of theory that pertains to the utilization of mobile government, e-government, 
and mobile application development. Second, the study's results supplement the literature about the 
usage of mobile devices for government functions. Furthermore, this research's results can be applied 
to advancing technological advancements in studies of adoption. This study looks at how popular 
government service apps are for mobile devices in a South Asian country like Bangladesh. It adds 
important results to the literature.

7.2 Implications for Practices
This study shows that information quality, effort expectancy, facilitating conditions, trust, performance 
expectancy are significantly related in the context of mG-Apps adoption. Thus, respected authorities 
should consider those concepts while developing citizen-centric mobile apps. Government agencies 
would utilize these findings to develop and implement similar projects in several areas. The results of 
this study are going to support Bangladeshi government agencies in the development of policies that 
effectively encourage the use of mG-Apps. The acceptability of mG-Apps is influenced by both 
performance expectancy and trust, and decision-makers can improve the quality of these apps by 
providing reliable and expedient services. Performance and effort expectancy also affect behavior. In 
other words, residents favor low-effort government service mobile apps. Therefore, it is advisable for 
government mobile app developers to minimize the complexity of app usage and exploration. 
Experienced users can also assist creating mobile apps. Surokkha, a nationwide platform, allows 
residents to register for Coronavirus immunizations, receive certificates, and store data. Government 
officials may add a mG-Apps feedback signal to Surokkha to include user input. The Bangladeshi 
government may also organize a PPP to encourage smart mobile app use. Facilitating factors also 
affect behavioral adoption. This suggests residents' value government-provided mobile access to 
government services. It is advisable for the government to periodically provide concise training 
programs on facility usage in public and commercial organizations across the country. The 
organization indicated above would provide information to potential and prospective clients regarding 
government services accessible on mobile devices, as well as update them on new and upcoming 
services.

The strong link between trust and how people plan to use mG-Apps shows that security and 
privacy are important to people when they use state services on smartphones and other tools. 
Programmers and system analysts should enhance the security of apps by implementing an additional 
safety mechanism to safeguard against mG-Apps. The Bangladeshi government's "Mobile Applications 
Secure Development Guidelines" ensures security and robustness. The quality of information that 
citizens receive has an impact on their behavioral intentions. This suggests that the government is 
expected to provide citizens with information on government services that is precise, accurate, 
meaningful, pertinent, complete, and timely. When information is linked to mobile transactions, 
timeliness and trust are even higher. Mobile app developers should adopt the One Web Approach to 
display the same content on all mobile devices. These mobile apps should have automated notifications 
for the latest modifications. Public and corporate institutions should ensure user data relevancy and 
timeliness. 
8. Conclusion, limitations and Future Research Directions
8.1 Conclusion
Within this work, we tried to identify the crucial elements impacting the behavioral adoption of 
Bangladeshi citizens to utilize the mG-App. In conclusion, the study gave a good understanding of the 
most important things. The findings indicated that positive behavioral intentions were influenced by 
factors including information quality, effort expectancy, facilitating factor, trust, and performance 
expectancy. When considering whether or not to use mG-App, these factors are crucial. There was no 
empirical support indicating that social influence had an impact on the intention to take action, 
implying that individuals in Bangladesh are resistant to the influence of recommendations when it 
comes to their utilization of the mG-App. Therefore, mG-App are strongly recommended for use by 
the people of Bangladesh. As another bonus, it has been found that user-friendly technology increases 
users' behavioral intentions. Government entities will benefit from the results of this investigation since 
they will provide appropriate tactics to encourage more people to get government services through 
mobile apps.

8.2 Limitations and Future Research Directions
Even though this study has made important contributions, it also has some problems. Firstly, this study 
only looks at the opinions of people in Bangladesh, hence the researcher recommended that the 
proposed study model should be implemented with caution in other Asian nations. Future research can 
be conducted to other country context to validate this model. Secondly, the data acquired for this study 
is limited to Dhaka city as the author is a student; financing to collect data across the country is a 
challenge. Future studies can be done by obtaining data from all over the country. Thirdly, because the 
bulk of the respondents were between the ages of 20 and 40, it was suggested that the proposed study 
model be tested with more balanced age group information. Fourthly, this study did not evaluate the 
influence of demographic variables as moderators. If that effect can be seen, the outcome could be 
more interesting. Finally, this study focuses on the initial adoption mG-App, future studies can assess 
the continuous usage intention of mG-app.
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ABSTRACT
Purpose: The objective of this study is to identify and analyze various factors 
that influence users' acceptance of mobile government applications (mG-Apps).
Methodology: This study has constructed a research model grounded on the 
Unified Theory of Acceptance and Use of Technology (UTAUT). Further, 
information quality and trust, two vital constructs, have been added to the 
UTAUT to enhance the predictability of the model. Data collected from a sample 
size of 212 from Bangladesh has been used to test the model.
Findings: We have employed the popular structural equation modeling (SEM) 
to assess the data. Our results suggest that the significant elements impacting 
users' acceptance of mG-Appsare performance expectancy, effort expectancy, 
facilitating conditions, information quality and trust. In contrast, social influence 
is identified as an insignificant predictor.
Practical Implications: This research will assist different government agencies, 
policymakers, and practitioners in the creation of timely and effective policies to 
develop and promote myriad mG-Apps to render services to the citizens.
Originality/Value: This research has offered an innovative framework to assess 
the acceptance of mG-apps by the citizens. This unique model has been 
constructed by expanding UTAUT with two key contextual constructs such as 
information quality and trust. We believe, this study will contribute to the extant 
body of theory surrounding the use of mobile government, e-government, and 
mobile applications development.
Limitations: This study only looks at the opinions of people in Bangladesh, 
hence the researchers recommend that the proposed study model should be 
validated by using data collected from other similar countries.

1. Introduction
Major developments in technology in recent years have significantly improved a number of mobile 
device features.Besides,most technology advancements in the telecommunications industry have made 
it possible to provide services to citizens more quickly (Biel, Grill, & Gruhn, 2010). Innovative 
hardware and software capabilities allow governmental and commercial organizations to provide 
mobile consumers a wide variety of services (Payne, 2013). Both private and public institutions have a 
significant chance to minimize the digital divide that exists between the general population and the 
government because of the proliferation of modern mobile devices such as smartphones, iPads, and
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other tablets that can run applications. For instance, after mobile applications for online payments were 
introduced, mobile device usage in African nations significantly increased from 50% to 58.4% (Al-
Azizi, Al-Badi, & Al-Zrafi, 2018). These data signify the need to use mobile apps to improve public 
services. 

Many government organizations in Bangladesh have begun to invest in and devote funds to 
projects that would leverage mobile applications to put their resources into action. Mobile applications 
provide a variety of internet-based services and are viewed as promising new markets for Bangladeshi 
government stakeholders to interact and communicate with one another. The mobile services are 
widely available and practical. People have the option to use mobile apps to conduct many types of 
transactions, such as financial or instructive ones. Apps for mobile devices allow users to pay bills, 
report violations, and communicate with authorities (Naqvi & Al-Shihi, 2014). However, research has 
shown that past government-run online programs have been either ineffective or had significant delays 
in being adopted, and the objectives of mGov adoption have not been met thus far (Gao, Krogstie, & 
Siau, 2014). For instance, in the context of underdeveloped countries, 35% of eGov programs were 
determined to be unsuccessful, only 15% of projects were successful, and 50% were only partially 
completed (Napitupulu & Sensuse, 2014).

There has been a rise in the quantity of government-related mobile apps recently since mobile 
communication technologies have developed. "Electronic government" (hereinafter referred to as 
"eGov") is defined as "the use of ICTs and their application by government to offer information and 
public services to the populace". Governments are increasingly employing contemporary methods to 
reconsider their services and offer online services to the public (Veeramootoo, Nunkoo, & Dwivedi, 
2018). On the other hand, the public tends to view the use of mobile apps for government services with 
doubt and distrust (Dwivedi et al., 2017). However, among the most crucial resources for mobile 
governance (mGov) is thought to be smartphone apps (Abdelghaffar & Magdy, 2012). Due to the 
portability of mobile devices and their ability to enable 24/7 Internet access, mobile applications are 
currently employed extensively across practically all corporate and government sectors (Al-Masaeed & 
Love, 2015). As a way to provide citizens with more convenient and timely services, mobile 
applications are increasingly being used by the government. Currently, many governments are 
developing mobile apps to provide vital services to their citizens, thus it's important to assess their 
acceptance (Rana & Dwivedi, 2015). The term "Mg-App" is used frequently in this study to refer to 
apps for government services on mobile devices. 

The prior research relating to mobile use for government services in Bangladesh is at nascent 
stage. Thus, this study aims to provide insights about various determinants of using mobile apps for 
government services and to propose strategies to enhance accessibility and convenience for users. 
Specifically, the goals of this research are to (i) determinethe predictorsand (ii) analyze those predictors 
of mG-Apps adoption in Bangladesh. We use structural Equation Modeling (SEM) approach to 
accomplish our research goals. The first objective is achieved by investigating the literature. The 
second objective is achieved by testing hypotheses.

In the first part of this report, the introduction is written where the whole summary of this 
report is included. The remaining portions of this article are constructed as follows: literature review is 
presented in Chapter 2 which includes both table of important literature and description of other 
literature. In chapter 3, theoretical framework of this report is written which includes description of 
theory, model of this research and construct and hypothesis of that model. Analyzing the data and 
drawing conclusions is covered in the fifth chapter. Chapter six covers the discussion of the analysis. 
Research implications are narrated in Chapter 7. Finally, chapter 8 presents the final thoughts, caveats, 
and directions for future study.

2. Literature Review
2.1 An Overview of Government Services Available Online in Bangladesh
The notion of mobile government is taken from Electronic government. E-government is a system that 
enables cooperation between the government, its citizens, and its several departments. The primary 
goal of E-Gov is to provide government stakeholders with efficient and cost-effective services (Al-
Azizi et al., 2018). The concept of e-Bangladesh was formed in 2002 to administer e-Gov 
infrastructure and technology projects for residents, according to Sadik Hasan (2003). Bangladesh's 
ranking for technological usage has improved since 2002, according to a 2014 UN study (United 
Nations, 2014). Bangladesh is ready for e-Gov, according to this ranking. However, many in 
Bangladesh are unwilling to adopt new technologies. This stops the public from collecting government 
benefits. The Bangladeshi government wants to provide efficient and engaging services. Bangladesh's 
imperative for enhanced telecommunications infrastructure is a primary concern. Government bodies 
have recently created improvement in mobile services.

2.2 Adoption of mobile government
In recent years, several studies have looked into how m-Gov is being used (e.g., Liu et al., 2014; 
Ahmad & Khalid, 2017).  A research project carried out by Shareef et al. (2012) wanted to understand 
citizens' willingness to use m-Gov services. Their research technique for mobile government 
acceptance varies from the government website. Liang et al. (2017) employed the basement theory 
framework to evaluate the adoption of e-Gov cloud technology in China they found organizational, 
technological, and cloud trust factors drove e-Gov cloud service uptake. Liu et al. (2014) researched 
m-Gov adoption in the countryside of China and found TAM components and honesty determined m-
Gov acceptability. Ahmad and Khalid (2017) performed study in the UAE and found that, in addition 
to TAM components, cost, trust, social impact, service variety, and demographic characteristics 
influenced consumers' behavior toward mobile government services. Table 1 shows review of some 
relevant literature.  

2.3 Mobile Government Applications
Most people will use mobile apps for government services if they trust them and think they will work 
well (Sharma, et al., 2018). In their study they used a structural equation model and a neural network 
model. Besides in the UTAUT model, two additional constructs were included in their research. 
Information and trust are these two concepts. According to a survey of UAE nationals, social influence 
and trust are not negatively correlated with end users' willingness to utilize apps for government 
services on mobile devices (Sharma, et al., 2018). Researchers have shown that mobile government 
makes it simpler for people to access government services (Almarashdeh, 2018). Researchers employ 
the structural equation modeling technique to demonstrate this. To verify this theory, many hypotheses 
are developed and investigated. 

From what we've talked about so far, I think there is a gap in the literature about how mobile 
applications are used in government services. I can't find any direct report regarding this issue. In some 
literature, some parts of this topic are discussed only. Like in the literature, there is a discussion about 
the adoption of mobile applications for other countries but there is no article indicating that mobile 
applications have been adopted in Bangladesh for the provision of government services. Consequently, 
a study is currently being conducted to identify the elements that impact individuals' choices to utilize 
mobile applications for accessing government services. A model was created as part of this study to 
elucidate the factors driving the utilization of mobile government services in Bangladesh.

3.Theory, Model and Hypotheses
3.1 Theory and Proposed Model
We have used the popular UTAUT model which is widely used to assess any emerging technology 
adoption from users' perspective. Information systems(IS) research uses UTAUT, a model based on 
eight technology adoption models and the model analyzes human behavior and technology intent 
(Venkatesh, Morris, Davis, & Davis, 2003). By contrasting eight widely accepted frameworks for 
identifying how individuals respond to new technologies, Venkatesh et al. (2003) developed an 
extensive model that integrates the insights of all of them. The UTAUT concept was developed for the 
express purpose of new technology adoption. Numerous studies suggested that UTAUT could be used 
to study IS acceptance and success in emerging nations (Gupta, Dasgupta, & Gupta, 2008). Our 
research is based on this model since it is unified and best represents other technology acceptance 

models. Performance expectancy, effort expectancy, social influence, and facilitating factors make up 
the UTAUT model. 

In addition, we have incorporated two relevant contextual constructs such as trust and 
information quality with the existing UTAUT, which has enhanced the predictive capacity of the 
model. Government mobile applications are not fully captured by the UTAUT's constructs only. 
Government IS services require trust (Hung, Chang, & Kuo, 2013). For this we include trust in our 
research. In order for eGov services, such as mGov, to be successful, government agencies must 
effectively share pertinent information with commercial, public, and municipal organizations, as well 
as the general public (Dwivedi et al., 2017). Numerous studies have investigated the trust and risk 
involved in online (e.g. Luo, Li, Zhang, & Shim, 2010; Alalwan, Dwivedi, Rana, & Simintiras, 2016). 
We have no knowledge of any research that particularly examine the impact of trust and perceived 
threat on the acceptance of government-issued mobile apps. Trust has been recognized as a significant 
exogenous variable in this study on mGov. Besides to spread mobile government, information quality 
plays an important role. For this we include information quality as one of the constructs.

Figure 1 represents the research model that is founded on what we've talked about so far. It is 
thought that UTAUT constructs, as well as trust and the quality of information, are what make people 
use mobile apps for government services.

Figure 1.
Proposed Research Model.
Source: Authors Developed.

3.2 Constructs and Hypothesis
3.2.1 Performance Expectancy
Performance expectancy is approximately how much does a person expects new technology to 
improve their work performance (Venkatesh et al., 2003). As predicted by the UTAUT model, research, 
performance expectancy predicts behavioral intention in order to use cutting-edge technical knowledge 
(Alalwan, Dwivedi, & Rana, 2017). We hypothesize that performance expectancy affects mG-App 
users' behavior intentions. If they want government services on demand, the citizens of Bangladesh 
must use smartphone apps. Alalwan et al. (2017) validated that expectancy of performance affect 
Middle Eastern mobile technology adoption. Thus, we hypothesize:

H1. Performance expectancy and intention to use mGApp are positively related.

3.2.2 Effort Expectancy
Effort expectancy" is a person's estimate of the mental and physical effort required to use a system or 
technology (Venkatesh et al., 2003). Time and effort spent learning a new information system affecting 
usage intentions is suggested by the UTAUT model. Technology adoption studies (e.g. Alalwan et al., 
2017; Hanafizadeh et al., 2014) show that effort expectancy strongly influences behavior. Al-Busaidi 
(2012) noted that users are less likely to use complex information systems. The widely used TAM 
(Davis, 1989) acceptance model states that consumers will adopt modern technology when this is easy 
to use and doesn't require more work. mG-Apps, which require expertise and effort, may affect 
behavioral adoption to use mobile apps. Thus, this study hypothesizes: 
H2. Effort expectancy and intention to use mG-App are positively related.

3.2.3 Social Influence
When consumers are unfamiliar with new services, reference groups may influence their adoption (e.g. 
Ahmad & Khalid, 2017; Venkatesh et al., 2012). Social effect refers to the degree to which individuals 
think that their relatives, friends, coworkers, and other close acquaintances anticipate them to utilize a 
certain technology (Venkatesh et al., 2012). Social influence determines mobile commerce adoption, 
according to Chong (2013). According to Leong and et al., (2013), in Oman, social influence may 
affect mGApp use. According to prior research, social influence may alter behavioral adoption 
(Alalwan et al., 2017). Thus, our hypothesis:
H3. Social influence is positively related to the acceptance of mG-App.

3.2.4 Facilitatin Gconditions
The term "facilitating condition" refers to the extent how an individual views the presence of an 
administrative and technological infrastructure that enables the effective utilization of government 
services (Venkatesh et al., 2003). Users of the MG-App express concerns regarding the ability to 
access links and the speed at which data may be uploaded and downloaded. According to Lewis, 
Fretwell, Ryan, and Parham (2013), people who use new technologies require assistance. Consumers 
are reluctant to adopt new technologies when support structures are weak (Hew, Lee, Ooi, & Wei, 
2015). In his study of consumer behavior in mobile commerce, Chong (2013) demonstrated the impact 
of favorable conditions. Indicators, such as the ones mentioned above, highlight the significance of 
favorable conditions for the adoption of mG-App. Multiple recent IS studies (Ahmad & Khalid, 2017; 
Alalwan et al., 2015) find that enabling factors are the primary influence on behavioral intention. Thus, 
our theories are:
H4. Facilitating conditions and intention to accept mG-App are positively connected.

3.2.5 Trust
Research on the diffusion of technical breakthroughs suggests that people's seeming lack of confidence 
in it can lead to their reluctance to adopt and utilize it. Evaluating the viewpoints of each individual on 
new technology; the way people behave and the degree of trust they have in you can significantly 
impact their willingness to employ advanced technology (Venkatesh, Thong, Chan, Hu, & Brown, 
2011). Trust was found as a significant predictor of information system adoption in multiple research 
investigations. Bangladesh recently adopted mGApps, where individuals prefer to physically access 
services provided by the government. They would rather communicate face-to-face encounters and 
continue manually after service or information requests. If service requests are unclear or unreliable, 
mobile apps may be avoided. Thus, to provide information, consumers must have the trust to use 
mobile apps to transact (Montazemi & Saremi, 2013). This study examines whether respondents are 

willing to trust mG-Apps. If respondents trust mG-Apps, their behavior will improve. For this we 
suggest the following theory:
H5. Trust has a positive effect on individual's behavioral adoption to use mG-App.

3.2.6 Information quality
The concept of information quality is established and described by Delone and McLean (1992, 2003) 
as a system's completeness, timeliness, correctness, and relevance. Inaccurate and irrelevant 
government service information will harm users' behavior. Researchers (Al-Busaidi & Al-Shihi, 2012; 
Sharma, Gaur, Saddikuti, & Rastogi, 2017) have found that the acceptability of recent advancements in 
informational technology is influenced by the presence of high-quality content. According to Tam and 
Oliveira (2016), information quality affects mobile technology use. We hypothesize that information 
quality influences Bangladeshi acceptance of mG-App:
H6. Information quality and intention to accept mG-App are positively related.

4. Methodology
4.1 Variables and Measurement
Based on extant literature, a survey instrument was created. This questionnaire has 23 questions. The 
questionnaire has two parts. Name, age, and other demographic questions are asked initially. 23 close-
ended questions measure this model's 7 constructs in the second section. Items measuring the 
constructs were derived from the literature and adapted to the context of the study. Except for the 
controls, a five-point Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree) was used to 
assess all other critical constructs. The methods used to measure the control variables were based on 
the previous research (Ilmudeen and Bao, 2018). Pre-testing improved measuring item clarity, 
uniformity, and comprehensibility. 30 volunteers participated in a pilot test. Following the pilot test, we 
made adjustments to the research questions.Table 2 shows constructs, measurement items and sources.

4.2 Data Collection Procedure and Sample

212 adult mobile government service users provided data.The authors aimed to get different mobile 
app users to answer the questionnaire. Electronic and hard-copy surveys were distributed. Convenience 
sampling was used to obtain data as it is very easy and less costly for the authors. The Structure 
Equation Model requires 200 responders, according to the literature. For collecting data, we developed 
an online questionnaire using google form and shared indifferent online platforms such as Facebook, 
WhatsApp, and LinkedIn. We also distributed printed version of questionnaire to different citizens who 
showed willingness to provide answers. This procedure yielded 250 data. After data cleansing, 212 
surveys were analyzed.

4.3 Non-Response Bias

The independent t-test was used to compare all of the constructs. From the results of the test, we found 
no statistically significant differences. The chi-squared test for independence was used to double-check 
these findings, and it revealed no statistically significant deviations. This study's data set, thus, was 
deemed to be free of non-response bias.

4.4. Data Analysis

At first stage, we perform some basic analysis. The constructs' validity and reliability, the model's 
predictive value, and the total variance explained were then evaluated using SEM. The SEM approach 
was chosen because it allows researchers to examine the relationships between all of the constructs 
simultaneously. Because of its emphasis on theory construction and discovery rather than model 
verification, SEM is also a more appropriate method for this study. SEM cannot, however, explore the 
non-linear interactions between the components, which could lead to a simplified analysis of the 
complicated decision-making process itself. We have generated six hypotheses for employing SEM, 
and by applying the findings from these hypotheses, we may achieve our research goals.The SEM 
result satisfies both objectives 1 and 2. SEM is therefore the ideal method for our study.

5. Analysis
5.1 Demographics Description
There were a total of 212 participants in this study, with females accounting for 51% (or 108 
participants) and males for 49% (or 104 participants). Ninety percent of the respondents in this study 
are under the age of thirty, making up 191 of the total sample size. The majority of those in the sample 
(67%) have at least a bachelor's degree, with another 19% holding a master's or doctorate, and the 
remaining 14% holding only a secondary school diploma. The study sample is also representative of 
Internet users with regard to their past week's usage frequency. It shows how long people spend online. 
About 38% (or 81 respondents) spent 0-1 hours online, about 24% (or 51 respondents) spent 6-10 
hours, and about 37% (or 80 respondents) spent > 11 hours online. Furthermore, the sample also 
reveals the user's past behavior on the Internet. It reveals that 71 percent of participants (or 151 
participants) have been Internet users for more than eight years. About 10% of the sample, or 21 
people, had used the Internet for fewer than one year, while about 19%, or 40 people, had been doing 
so for five or more years. Results show that the majority of the sample group regularly uses the 
Internet. Table 3 shows summary of the demographics of the respondents. 

5.2 Common Method Bias and Multicollinearity Test
A behavioral study using cross-sectional survey data is prone to common method bias (CMB). Since 
there was no external verification of the data, we focused on CMB which might compromise the 
study's findings. We evaluated CMB using SPSS 23.0 and Harman's single-factor test. Principal axis 
factor (PAF) analysis was performed to determine the number of variables necessary to explain 
variance. The results of our test indicate that a single construct accounted for only 34.87 percent of the 
variance, which is much lower than the minimum value of 50 percent. The evaluation of CMB was 
conducted utilizing the variance inflation factor (VIF) data obtained from the comprehensive 
collinearity test (Table 4). The lower VIF values (< 3.3) indicated that this study is free from CMB 
risk. Also, VIF scores below 10 indicate that this study does not have multicollinearity.

5.3 Measurement Model
Construct reliability measurements include Cronbach's alpha, Dijkstra-rho Henseler's (A), and 
composite reliability. The results showed that each construct had reliability criterion values of 0.70 or 
above, proving internal reliability (Henseler et al., 2014; Henseler et al., 2009) (Table 5). Their 
loadings determined indicators reliability. Item loadings greater than 0.70 suggested a higher 
correlation between an item and its construct (Hair et al., 2012). Thus, loading should exceed 0.70. 
Table 5 shows reasonable loading values. The indication is reliable.

The average variance extracted (AVE) values were used to determine convergent validity. If the 
AVE values for all variables are more than 0.5, a data set demonstrates convergent validity (Fornell and 
Larcker, 1981). Table 5 demonstrates that the AVE values for all variables fall within an acceptable 
range. Convergent validity is therefore verified.

The heterotrait-monotrait ratio assessed discriminant validity. HTMT measures average 
indicator correlations across constructs. Henseler et al. (2014) recommended discriminant validity 
below 0.90. Table 6 shows heterotrait-monotrait ratios for all variables are below 0.90. This supports 
constructs' discriminant validity according to Henseler et al., (2014). Tables 5 and 6 show that 
variables are within the literature's range. We found convergent validity and good internal reliability.

In this table, the values of loading, Cronbach's alpha, rho-A, composite reliability and average 
variable extracted are mentioned which are calculated by using SmartPLS software.

In the above table HTMT ratio is shown which confirms the discriminant validity of this 
research. As all the values given in table 6 are less than 0.90 we can say that this research has 
discriminant validity.

By using the Fornell Larckar approach this report measure the convergent validity of the data. 
All AVE square roots are greater than their corresponding correlation coefficients, as seen in Table 7. 
The condition for Fornell Larckar approach is established in the table 7. So convergent validity is 
prevailed here.

5.4 Structural Model
After verifying the measuring model's psychometrics, this research studies the structural model. SEM 
determines path strength, importance, and insignificance. Structural evaluation follows measuring test 
rules. R-square assessed structural model fit. Path coefficients (Beta) and t-statistics were utilized to 
evaluate the study hypotheses individually. Bootstrapping with 5,000 re-samples determined path 
significance. The model explained 69.2% of behavioral adoption variance, according to R-square. Path 
coefficients need to be statistically significant at a p-value of at least 0.05 in order to confirm the 
relationships (Byrne, 2016). Table 8 displays structural model path, coefficients, t-statistics, p-value, 
and decision.

Table 8 shows that, at the 5% level of confidence, the results for H1 (p<0.05), H2 (p<0.05), H4 
(p<0.05), H5(p<0.05), and H6(p<0.05) are all significant. At the 5% level of significance, however, the 
path for H3 (p>0.05) lacks statistical significance. This suggests that trust, information quality, 
facilitating conditions, performance expectancy, and effort expectancy all have a big impact on how 
mobile government is adopted behaviorally. Social influence, however, has no effect on the adoption of 
mobile governance.

6. Discussion
Government agencies use mobile phones and other digital means to reach people and citizens to 
increase participation, knowledge, trust, and engagement. Government decision-makers have struggled 
to reach remote citizens with updated information. Sparse locations hinder socioeconomic progress in 
emerging countries. Mobile apps may help society's socioeconomic growth and government service 
delivery. The study shows that citizens across the nation are eager to utilize mobile apps for services 
offered by the government. In this paper, the researchers examined six parameters affecting mG-App 
use by the citizens. Five of six criteria influenced citizens' use of mobile government app. Trust, 
information quality, performance expectancy, facilitating conditions and effort expectancy affect mG-
App adoption in developing countries like Bangladesh. Reasons for the six conceptions' importance 
and non-significance are discussed in the followingsection.

The mG-confidence app is the best way to figure out how people will use new technology. 
Thus, consumers must enter personal and credit card information to use mG-Apps for private 
transactions. The mG-Apps are more likely to be trusted when they have up-to-date information and 
are easy to use. Implementing encryption measures to comply with stricter privacy regulations can 
increase trust in mG-Apps. The privacy policies and information of the mG-new App aim to promote 
user engagement. This proves that a lack of trust is one of the biggest reasons why people don't use 
new systems or technologies (Alalwan et al., 2017).

Consequently, performance expectancy is the second most important constructs in selecting 
mG-App. Citizens evaluate mG-App based on its functional utilities (performance expectancy). 

Demonstrating and publicizing significant features helps improve government online services. 
Furthermore, by introducing new and varied technical channels, the usefulness of government 
institutions can be expanded (Ghalandari, 2012). A study determined that people's openness to trying 
out new technologies is significantly influenced by their expectations of how well they will work 
(Alalwan et al., 2017).

Consequently, effort expectancy is a significant anticipator of users' desire to utilize mG-App. 
This research reveals that inhabitants of Bangladesh, even expats, prefer to execute financial activities 
and acquire information about government services via mobile applications that involve less effort and 
time than other traditional means. The majority of research using the UTAUT has discovered a 
statistically significant correlation between effort expectancy and behavioral adoption (Alalwan et al., 
2017). In contrast to earlier studies (Ahmad & Khalid, 2017), our study reveals that the correlation 
between social impact and behavioral adoption is minimal, suggesting that residents in Bangladesh are 
unlikely to advocate the usage of mG-Apps to their loved ones. In a study done in the Sultanate of 
Oman, Riffai, Grant, and Edgar (2012) found that social impact did not significantly predict behavioral 
adoption in the mobile banking environment. Furthermore, this conclusion aligns with earlier research 
conducted in several sectors of information systems (Alalwan et al., 2017). 

The results also show that supportive settings make it easier for people to change their behavior 
to use the mG-App.  Citizens emphasize available funds, specific skill sets, and amenities such as 
increased Internet access, secured mobile apps, and phones to access and employ mG-App for utilizing 
and accessing govt. services through mobile applications. Multiple further empirical research in the 
field of information systems provide evidence to support this idea (Ahmad & Khalid, 2017). 

The results conclusively demonstrated a robust and favorable relation between the quality of 
information and the intention to utilize the mG-App. This demonstrates the significance of factors such 
as relevant content, frequent updates, and comparable features in driving mG-app adoption. Individuals 
are more inclined to utilize mobile applications if they offer superior information. The findings align 
with previous research indicating the significance of information quality in influencing a user's 
adoption of new technology (Sharma et al., 2017).

7. Implications

7.1 Implications for Theory

Researchers and academics will find the result of this study useful. The model has extended the 
UTAUT framework by include information quality and trust in its explanation of users' acceptance of 
mG-Apps in an Asian environment. The UTAUT model is a well-known framework for analyzing how 
people respond to and adopt new technologies. These two new components can be used by other 
researchers when they work with the UTAUT theory. The statistical findings demonstrate that this 
study's research model can predict behavioral adoption toward mG-App. All measurement indices and 
structural models were within their allowed range. The UTAUT's R-square initially stood at 53% as 
anticipated, but rose to 69.2% upon the inclusion of more data. Therefore, the inclusion of additional 
components enhances the predictive capacity of the study model. This research is a valuable addition 
to the growing database of theory that pertains to the utilization of mobile government, e-government, 
and mobile application development. Second, the study's results supplement the literature about the 
usage of mobile devices for government functions. Furthermore, this research's results can be applied 
to advancing technological advancements in studies of adoption. This study looks at how popular 
government service apps are for mobile devices in a South Asian country like Bangladesh. It adds 
important results to the literature.

7.2 Implications for Practices
This study shows that information quality, effort expectancy, facilitating conditions, trust, performance 
expectancy are significantly related in the context of mG-Apps adoption. Thus, respected authorities 
should consider those concepts while developing citizen-centric mobile apps. Government agencies 
would utilize these findings to develop and implement similar projects in several areas. The results of 
this study are going to support Bangladeshi government agencies in the development of policies that 
effectively encourage the use of mG-Apps. The acceptability of mG-Apps is influenced by both 
performance expectancy and trust, and decision-makers can improve the quality of these apps by 
providing reliable and expedient services. Performance and effort expectancy also affect behavior. In 
other words, residents favor low-effort government service mobile apps. Therefore, it is advisable for 
government mobile app developers to minimize the complexity of app usage and exploration. 
Experienced users can also assist creating mobile apps. Surokkha, a nationwide platform, allows 
residents to register for Coronavirus immunizations, receive certificates, and store data. Government 
officials may add a mG-Apps feedback signal to Surokkha to include user input. The Bangladeshi 
government may also organize a PPP to encourage smart mobile app use. Facilitating factors also 
affect behavioral adoption. This suggests residents' value government-provided mobile access to 
government services. It is advisable for the government to periodically provide concise training 
programs on facility usage in public and commercial organizations across the country. The 
organization indicated above would provide information to potential and prospective clients regarding 
government services accessible on mobile devices, as well as update them on new and upcoming 
services.

The strong link between trust and how people plan to use mG-Apps shows that security and 
privacy are important to people when they use state services on smartphones and other tools. 
Programmers and system analysts should enhance the security of apps by implementing an additional 
safety mechanism to safeguard against mG-Apps. The Bangladeshi government's "Mobile Applications 
Secure Development Guidelines" ensures security and robustness. The quality of information that 
citizens receive has an impact on their behavioral intentions. This suggests that the government is 
expected to provide citizens with information on government services that is precise, accurate, 
meaningful, pertinent, complete, and timely. When information is linked to mobile transactions, 
timeliness and trust are even higher. Mobile app developers should adopt the One Web Approach to 
display the same content on all mobile devices. These mobile apps should have automated notifications 
for the latest modifications. Public and corporate institutions should ensure user data relevancy and 
timeliness. 
8. Conclusion, limitations and Future Research Directions
8.1 Conclusion
Within this work, we tried to identify the crucial elements impacting the behavioral adoption of 
Bangladeshi citizens to utilize the mG-App. In conclusion, the study gave a good understanding of the 
most important things. The findings indicated that positive behavioral intentions were influenced by 
factors including information quality, effort expectancy, facilitating factor, trust, and performance 
expectancy. When considering whether or not to use mG-App, these factors are crucial. There was no 
empirical support indicating that social influence had an impact on the intention to take action, 
implying that individuals in Bangladesh are resistant to the influence of recommendations when it 
comes to their utilization of the mG-App. Therefore, mG-App are strongly recommended for use by 
the people of Bangladesh. As another bonus, it has been found that user-friendly technology increases 
users' behavioral intentions. Government entities will benefit from the results of this investigation since 
they will provide appropriate tactics to encourage more people to get government services through 
mobile apps.

8.2 Limitations and Future Research Directions
Even though this study has made important contributions, it also has some problems. Firstly, this study 
only looks at the opinions of people in Bangladesh, hence the researcher recommended that the 
proposed study model should be implemented with caution in other Asian nations. Future research can 
be conducted to other country context to validate this model. Secondly, the data acquired for this study 
is limited to Dhaka city as the author is a student; financing to collect data across the country is a 
challenge. Future studies can be done by obtaining data from all over the country. Thirdly, because the 
bulk of the respondents were between the ages of 20 and 40, it was suggested that the proposed study 
model be tested with more balanced age group information. Fourthly, this study did not evaluate the 
influence of demographic variables as moderators. If that effect can be seen, the outcome could be 
more interesting. Finally, this study focuses on the initial adoption mG-App, future studies can assess 
the continuous usage intention of mG-app.

References
Abaza, M., & Saif, F. (2015). The adoption of mobile government services in developing countries. 

International Journal of Computer Science Issues, 12(1), 137-145.
Abdelghaffar, H., & Magdy, Y. (2012). The adoption of mobile government services in developing 

countries:The case of Egypt. International Journalof Information, 2(4),333-341.
Ahmad, S. Z., & Khalid, K. (2017). The adoption of M-government services from the user's 

perspectives: Empirical evidence from the United Arab Emirates. International Journal of 
Information Management, 37(5), 367-379.

Akter, S., D'Ambra, J. & Ray, P. (2013). Development and validation of an instrument to measure user 
perceived service quality of mHealth. Information Management, 50(4),181-195.

Alalwan, A. A., Dwivedi, Y. K., Rana, N. P., Lal, B., & Williams, M. D. (2015). Consumer adoption of 
Internet banking in Jordan: Examining the role of hedonic motivation, habit, self-efficacy and 
trust. Journal of Financial Services Marketing, 20(2), 145-157.

Alalwan, A. A., Dwivedi, Y. K., Rana, N. P., & Simintiras, A. C. (2016a). Jordanian consumers' 
adoption of telebanking: In?uence of perceived usefulness, trust and self- efficacy. The 
International Journal of Bank Marketing, 34(5), 690-709.

Alalwan, A. A., Dwivedi, Y. K., Rana, N. P., & Williams, M. D. (2016b). Consumer adoption of mobile 
banking in Jordan: Examining the role of usefulness, ease of use, perceived risk and self-
e?cacy. Journal of Enterprise Information Management, 29(1),118-139.

Alalwan, A. A., Dwivedi, Y. K., & Rana, N. P. (2017). Factors in?uencing adoption of mobile banking 
by Jordanian bank customers: Extending UTAUT2 with trust. International Journal of 
Information Management, 37(3), 99-110.

Alarcón, D. & Sánchez, J. A., (2015), Assessing convergent and discriminant validity in the ADHD-R 
IV rating scale: User-written commands for Average Variance Extracted (AVE), Composite 
Reliability (CR), and Heterotrait-Monotrait ratio of correlations (HTMT). Spanish STATA 
Meeting, Accessed on 13-07-2017, Available at: [http://www.stata.com/meeting/spain15/ 
abstracts/materials/spain15_alarcon.pdf].

Alateyah, S., Crowder, R. M., & Wills, G. B. (2013). Factors a?ecting the Citizen's intention to adopt 
E-government in Saudi Arabia. International Journal of Social, Human Science and 
Engineering, 7(9), 80-85.

Al-Azizi, L., Al-Badi, A.H., & Al-Zra?, T. (2018),Exploring the factors inuencing employees' 
willingness to use mobile applications in Oman: using Utaut model, Journal of e-Government 
Studies and Best Practices, 2018 (2018), DOI:10.5171/2018.

Al-Busaidi, H. A. S. (2012). A model of intention to use mobile government services. a (Ph.D. thesis at 
School of Management and Information Systems, Faculty of Business and Law, Victoria 
University).Retrieved from https://vuir.vu.edu.au/21309/

Al-Busaidi, K. A., & Al-Shihi, H. (2012). Key factors to instructors' satisfaction of learning 
management systems in blended learning. Journal of Computing in Higher Education, 24(1), 
18-39.

Al-Hubaishi, H., Ahmad, S. & Hussain, M., 2017. Exploring mobile government from the service 
quality perspective. Journal of Enterprise Information Management, 30(1),4-16.

Al-Masaeed, S., & Love, S. (2015). Building a user centric success factors model for mobile 
government. In IGI Global eBooks (pp. 1579-1599). https://doi.org/10.4018/978-1-4666-7456-
1.ch068

 Almarashdeh, I., (2018). The Important of Service Quality and the Trust in Technology on Users 
Perspectives to Continues Use of Mobile Services. Journal of Theoretical & Applied 
Information Technology, 96(10). 2954-2972.

Asongu, S. A., & Nwachukwu, J. C. (2016). The mobile phone in the di?usion of knowledge for 
institutional quality in sub-Saharan Africa. World Development, 86,133-147.

Attuquayefio, S., & Addo, H. (2014). Review of studies with UTAUT as conceptual framework. 
European Scientific Journal, 10(8), 249-258.

Azzalini, A., Browne, R. P., Genton, M. G., & McNicholas, P. D. (2016). On nomenclature for, and the 
relative merits of, two formulations of skew distributions. Statistics & Probability Letters, 110, 
201-206.

Bennet, M. A., Sankaranarayanan, S., & Babu, G. S. (2015). Performance and analysis of e?ective iris 
recognition system using independent component analysis. Journal of Chemical and 
Pharmaceutical Sciences, 8(3), 571-576.

Biel, B., Grill, T., & Gruhn, V. (2010). Exploring the bene?ts of the combination of a software 
architecture analysis and a usability evaluation of a mobile application. Journal of Systems and 
Software, 83(11), 2031-2044.

Bonett, D. G., & Wright, T. A. (2015). Cronbach's alpha reliability: Interval estimation, hypothesis 
testing, and sample size planning. Journal of Organizational Behavior, 36(1), 3-15.

Byrne, B. M. (2016). Structural equation modeling with AMOS: Basic concepts, applications, and 
programming. Routledge eBooks. https://doi.org/10.4324/9781315757421

Chai, S., Herath, T., Park, I., & Rao, H. -R. (2006). Repeated use of e-gov web sites: A satisfaction and 
con?dentiality perspective. International Journal of Electronic Government Research (IJEGR), 
2(3), 1-22.

Chiang, W.-Y. K., Zhang, D., & Zhou, L. (2006). Predicting and explaining patronage behavior toward 
web and traditional stores using neural networks: A comparative analysis with logistic 
regression. Decision Support Systems, 41(2), 514-531. 

Chen, Z., Vogel, D. and Wang, Z., 2016. How to satisfy citizens? Using mobile government to 
reengineer fair government processes. Decision Support Systems, 82, 47-57.

Chong, A. Y.-L. (2013a). Mobile commerce usage activities: The roles of demographic and motivation 
variables. Technological Forecasting and Social Change, 80(7), 1350- 1359.

Chong, A. Y.-L. (2013b). A two-staged SEM-neural network approach for understanding and 
predicting the determinants of m-commerce adoption. Expert Systems with Applications, 40(4), 
1240-1247.

Chong, A. Y.-L., Liu, M. J., Luo, J., & Keng-Boon, O. (2015). Predicting RFID adoption in healthcare 
supply chain from the perspectives of users. International Journal of Production Economics, 
159, 66-75.

Colesca, S. E. (2015). Understanding Trust in e-Government. Engineering Economics, 63(4), 7-15.
Davis, F. D. (1989). Perceived usefulness, perceived ease of use, and user acceptance of information 

technology. MIS Quarterly, 13(3), 319-340.
Delone, W. H., & McLean, E. R. (1992). Information systems success: The quest for the dependent 

variable. Information Systems Research, 3(1), 60-95.
Delone, W. H., & McLean, E. R. (2003). The DeLone and McLean model of information systems 

success: A ten-year update. Journal of Management Information Systems, 19(4),9-30.
Dwivedi, Y. K., Rana, N. P., Janssen, M., Lal, B., Williams, M. D., & Clement, M. (2017). An 

empirical validation of a unified model of electronic government adoption (UMEGA). 
Government Information Quarterly, 34(2), 211-230.

Gao, S., Krogstie, J., & Siau, K. (2014). Adoption of mobile information services: An empirical study. 
Mobile Information Systems, 10(2), 147-171.

Ghalandari, K. (2012). The effect of performance expectancy, effort expectancy, social influence and 
facilitating conditions on acceptance of e-banking services in Iran: The moderating role of age 
and gender. Middle-East Journal of Scientific Research, 12(6), 801-807.

Gilbert, D., Balestrini, P., & Littleboy, D. (2004). Barriers and benefits in the adoption of 
e?government. International Journal of Public Sector Management, 17(4), 286-301.

Gupta, B., Dasgupta, S., & Gupta, A. (2008). Adoption of ICT in a government organisation in a 
developing country: An empirical study. The Journal of Strategic Information Systems, 17(2), 
140-154.

Hanafizadeh, P., Behboudi, M., Koshksaray, A. A., & Tabar, M. J. S. (2014). Mobile- banking adoption 
by Iranian bank clients. Telematics and Informatics, 31(1), 62-78.

Haykin, S. (2001). Neural networks: Principles and practices (2nd edn.). Upper Saddle River,NJ.: 
Prentice Hall.

Hew, J.-J., Lee, V.-H., Ooi, K.-B., & Wei, J. (2015). What catalyzes mobile apps usage intention: An 
empirical analysis. Industrial Management & Data Systems, 115(7), 1269-1291.

Hajiheydari, N. and Ashkani, M., 2018. Mobile application user behavior in the developing countries: 
A survey in Iran. Information Systems, 77, 22-33.

Hung, S.-Y., Chang, C.-M., & Kuo, S.-R. (2013). User acceptance of mobile e- government services: 
An empirical study. Government Information Quarterly, 30(1), 33- 44.

Lallmahomed, M. Z., Lallmahomed, N., & Lallmahomed, G. M. (2017). Factors influencing the 
adoption of e-government Services in Mauritius. Telematics and Informatics, 34(4), 57-72.

Leong, L.-Y., Hew, T.-S., Tan, G. W.-H., & Ooi, K.-B. (2013). Predicting the determinants of the NFC-
enabled mobile credit card acceptance: A neural networks approach. Expert Systems with 
Applications, 40(14), 5604-5620.

Lewis, C. C., Fretwell, C. E., Ryan, J., & Parham, J. B. (2013). Faculty use of established and 
emerging technologies in higher education: A unified theory of acceptance and use of 
technology perspective. International Journal of Higher Education, 2(2), 22-34.

Liang, Y., Qi, G., Wei, K., & Chen, J. (2017). Exploring the determinant and in?uence mechanism of e-
government cloud adoption in government agencies in China. Government Information 
Quarterly, 34(3), 481-495.

Liébana-Cabanillas, F., Marinkovi?, V., & Kalini?, Z. (2017). A SEM-neural network approach for 
predicting antecedents of m-commerce acceptance. International Journal of Information 
Management, 37(2), 14-24.

Liu, Y., Li, H., Kostakos, V., Goncalves, J., Hosio, S., & Hu, F. (2014). An empirical investigation of 
mobile government adoption in rural China: A case study in Zhejiang province. Government 
Information Quarterly, 31(3), 432-442.

Luo, X., Li, H., Zhang, J., & Shim, J. P. (2010). Examining multi-dimensional trust and multi-faceted 
risk in initial acceptance of emerging technologies: An empirical study of mobile banking 
services. Decision Support Systems, 49(2), 222-234.

Martins, C., Oliveira, T., & Popovic, A. (2014). Understanding the Internet banking adoption: A unified 
theory of acceptance and use of technology and perceived risk application. International 
Journal of information management, 34(1), 1-13.

MOE, (2013), Ministry of Education, Accessed on 27-8-2016, Retrieved from www.moe.gov.om.
Montazemi, A. R., & Saremi, H. Q. (2013). Factors affecting internet banking pre- usage expectation 

formation, In the proceeding of 46th. Hawaii International Conference on System Sciences, 
4666-4675. Retrieved from https://experts.mcmaster.ca/display/publication1657076

MOP (2000). Ministry of Manpower. Accessed on 13-7-2017, Available at: http://www.manpower.gov.om/.
Murugesan, S. (2013). Mobile apps in Africa. IT Professional, 15(5), 8-11.
Napitupulu, D., & Sensuse, D. I. (2014). The critical success factors study for e-government 

implementation. International Journal of Computer Applications, 89(16), 23-32.
Naqvi, S. J., & Al-Shihi, H. (2014). Factors a?ecting M-commerce adoption in Oman using technology 

acceptance modeling approach. TEM Journal, 3(4), 315-322.
Nixon, M. P. (2016). Human (E) government revisited. International Journal of business and 

eGovernment Studies, 8(1), 1-18.
Payne, J. (2013). Secure mobile application development. IT Professional, 15(3), 6-9.
Royal Oman Police, (2000), Royal Oman Police, Accessed on Available at: https://www.rop.gov.om.
Poulton, M. M. (2001). Multi-layer perceptrons and back-propagation learning. Handbook of 

Geophysical Exploration: Seismic Exploration. 30. Handbook of Geophysical Exploration: 
Seismic Exploration (pp. 27-53). Handbook of Geophysical Exploration: Seismic Exploration.

Raitoharju, R. (2014). Information technology acceptance in the Finnish social and healthcare sector: 
Exploring the effects of cultural factors. Publications of the Tuku School of Economics.

Rana, N. P., & Dwivedi, Y. K. (2015). Citizen's adoption of an e-government system: Validating 
extended social cognitive theory (SCT). Government Information Quarterly, 32(2), 172-181.

Rana, N. P., Dwivedi, Y. K., Williams, M. D., & Weerakkody, V. (2015). Investigating success of an e-
government initiative: Validation of an integrated IS success model. Information Systems 
Frontiers, 17(1), 127-142.

Rana, N. P., Dwivedi, Y. K., Williams, M. D., & Weerakkody, V. (2016). Adoption of online public 
grievance redressal system in India: Toward developing a unified view. Computers in Human 
Behavior, 59, 265-282.

Rana, N. P., Dwivedi, Y. K., Lal, B., Williams, M. D., & Clement, M. (2017). Citizens 'adoption of an 
electronic government system: Toward a unified view. Information Systems Frontiers, 19(3), 
549-568.

Riffai, M. M. M. A., Grant, K., & Edgar, D. (2012). Big TAM in Oman: Exploring the promise of on-
line banking, its adoption by customers and the challenges of banking in Oman. International 
Journal of Information Management, 32(3), 239-250.

Sexton, R. S., Johnson, R. A., & Hignite, M. A. (2002). Predicting internet/e- commerce use. Internet 
Research, 12(5), 402-410.

Shareef, M. A., Archer, N., & Dwivedi, Y. K. (2012). Examining adoption behavior of mobile 
government. The Journal of Computer Information Systems, 53(2), 39-49.

Sharma, S. K., Joshi, A., & Sharma, H. (2016). A multi-analytical approach to predict the Facebook 
usage in higher education. Computers in Human Behavior, 55, 340-353.

Sharma, S., Al-Badi, A., Rana, N. and Al-Azizi, L., 2018. Mobile applications in government services 
(mG-App) from user's perspectives: A predictive modelling approach. Government Information 
Quarterly, 35(4), 557-568.

Sharma, S. K., Gaur, A., Saddikuti, V., & Rastogi, A. (2017). Structural equation model(SEM)-neural 
network (NN) model for predicting quality determinants of e- learning management systems. 
Behaviour & Information Technology, 36(10), 1053-1066.

Sim, J.-J., Tan, G. W.-H., Wong, J. C., Ooi, K.-B., & Hew, T.-S. (2014). Understanding and predicting 
the motivators of mobile music acceptance-a multi-stage MRA- artificial neural network 
approach. Telematics and Informatics, 31(4), 569-584.

Sun, Y., Liu, L., Peng, X., Dong, Y., & Barnes, S. J. (2014). Understanding Chinese users' continuance 
intention toward online social networks: An integrative theoretical model. Electronic Markets, 
24(1), 57-66.

Tam, C., & Oliveira, T. (2016). Understanding the impact of m-banking on individual performance: 
DeLone & McLean and TTF perspective. Computers in Human Behavior, 61, 233-244.

Tan, G. W.-H., Ooi, K.-B., Leong, L.-Y., & Lin, B. (2014). Predicting the drivers of behavioral 
intention to use mobile learning: A hybrid SEM-neural networks approach. Computers in 
Human Behavior, 36, 198-213.

The Public Authority for Consumer Protection (2000). The Public Authority for Consumer Protection. 
Accessed on 26-08-2016, Available at http://pacp.gov.om.

UN E-Government Survey (2014). E-Government Survey 2014. Retrieved from:<http://unpan3.un.org/ 
egovkb/Portals/egovkb/Documents/un/2014-Survey/E-Gov_ Complete_Survey-2014.pdf >

United Nations (2014). Government survey 2014: E-government for the future we want. United 
Nations: Department of economic and social affairs.

Veeramootoo, N., Nunkoo, R., & Dwivedi, Y. K. (2018). What determines success of an e-government 
service? Validation of an integrative model of e-?ling continuance usage. Government 
Information Quarterly, 35(2), 161-174.

Venkatesh, V., Morris, M. G., Davis, G. B., & Davis, F. D. (2003). User acceptance of information 
technology: Toward a unified view. MIS Quarterly, 27(3), 425-478. https://doi.org/10.2307/ 
30036540

Venkatesh, V., Thong, J. Y., Chan, F. K., Hu, P. J. H., & Brown, S. A. (2011). Extending the two-stage 
information systems continuance model: Incorporating UTAUT predictors and the role of 
context. Information Systems Journal, 21(6), 527-555.

Venkatesh, V., Thong, J. Y., & Xu, X. (2012). Consumer acceptance and use of information 
technology: Extending the uni?ed theory of acceptance and use of technology. MIS Quarterly, 
36, 157-178.

Viechtbauer, W., Smits, L., Kotz, D., Budé, L., Spigt, M., Serroyen, J., & Crutzen, R. (2015). A simple 
formula for the calculation of sample size in pilot studies. Journal of Clinical Epidemiology, 
68(11), 1375-1379.

Wang, Y.-S., & Liao, Y.-W. (2008). Assessing eGovernment systems success: A validation of the 
DeLone and McLean model of information systems success. Government Information 
Quarterly, 25(4), 717-733.

Williams, M. D., Rana, N. P., Dwivedi, Y. K., & Lal, B. (2011). Is UTAUT really used or justice for the 
sake of it? A systematic review of citations of UTAUT's originating article. In the proceeding of 
the European Conference on Information Systems (ECIS2011). 231.

Yang, K., & Forney, J. C. (2013). The moderating role of consumer technology anxiety in mobile 
shopping adoption: Differential effects of facilitating conditions and social infiuences. Journal 
of Electronic Commerce Research, 14(4), 334.

Zhou, T. (2012). Understanding users' initial trust in mobile banking: An elaboration likelihood 
perspective. Computers in Human Behavior, 28(4), 1518-1525.

Zhou, T., Lu, Y., & Wang, B. (2010). Integrating TTF and UTAUT to explain mobile banking user 
adoption. Computers in Human Behavior, 26(4), 760-767.

Zhu, J. and Hou, H., 2021. Research on User Experience Evaluation of Mobile Applications in 
Government Services. IEEE Access, 9, 52634-52641. 



Meem & Khayer (2024). The Acceptance of Mobile Applications for Government Services...336

  

The Acceptance of Mobile Applications for Government Services (MG- App): 
A Study From Users' Perspective
Monisha Akter Meem1 & Dr. Abul Khayer2*

ABSTRACT
Purpose: The objective of this study is to identify and analyze various factors 
that influence users' acceptance of mobile government applications (mG-Apps).
Methodology: This study has constructed a research model grounded on the 
Unified Theory of Acceptance and Use of Technology (UTAUT). Further, 
information quality and trust, two vital constructs, have been added to the 
UTAUT to enhance the predictability of the model. Data collected from a sample 
size of 212 from Bangladesh has been used to test the model.
Findings: We have employed the popular structural equation modeling (SEM) 
to assess the data. Our results suggest that the significant elements impacting 
users' acceptance of mG-Appsare performance expectancy, effort expectancy, 
facilitating conditions, information quality and trust. In contrast, social influence 
is identified as an insignificant predictor.
Practical Implications: This research will assist different government agencies, 
policymakers, and practitioners in the creation of timely and effective policies to 
develop and promote myriad mG-Apps to render services to the citizens.
Originality/Value: This research has offered an innovative framework to assess 
the acceptance of mG-apps by the citizens. This unique model has been 
constructed by expanding UTAUT with two key contextual constructs such as 
information quality and trust. We believe, this study will contribute to the extant 
body of theory surrounding the use of mobile government, e-government, and 
mobile applications development.
Limitations: This study only looks at the opinions of people in Bangladesh, 
hence the researchers recommend that the proposed study model should be 
validated by using data collected from other similar countries.

1. Introduction
Major developments in technology in recent years have significantly improved a number of mobile 
device features.Besides,most technology advancements in the telecommunications industry have made 
it possible to provide services to citizens more quickly (Biel, Grill, & Gruhn, 2010). Innovative 
hardware and software capabilities allow governmental and commercial organizations to provide 
mobile consumers a wide variety of services (Payne, 2013). Both private and public institutions have a 
significant chance to minimize the digital divide that exists between the general population and the 
government because of the proliferation of modern mobile devices such as smartphones, iPads, and
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other tablets that can run applications. For instance, after mobile applications for online payments were 
introduced, mobile device usage in African nations significantly increased from 50% to 58.4% (Al-
Azizi, Al-Badi, & Al-Zrafi, 2018). These data signify the need to use mobile apps to improve public 
services. 

Many government organizations in Bangladesh have begun to invest in and devote funds to 
projects that would leverage mobile applications to put their resources into action. Mobile applications 
provide a variety of internet-based services and are viewed as promising new markets for Bangladeshi 
government stakeholders to interact and communicate with one another. The mobile services are 
widely available and practical. People have the option to use mobile apps to conduct many types of 
transactions, such as financial or instructive ones. Apps for mobile devices allow users to pay bills, 
report violations, and communicate with authorities (Naqvi & Al-Shihi, 2014). However, research has 
shown that past government-run online programs have been either ineffective or had significant delays 
in being adopted, and the objectives of mGov adoption have not been met thus far (Gao, Krogstie, & 
Siau, 2014). For instance, in the context of underdeveloped countries, 35% of eGov programs were 
determined to be unsuccessful, only 15% of projects were successful, and 50% were only partially 
completed (Napitupulu & Sensuse, 2014).

There has been a rise in the quantity of government-related mobile apps recently since mobile 
communication technologies have developed. "Electronic government" (hereinafter referred to as 
"eGov") is defined as "the use of ICTs and their application by government to offer information and 
public services to the populace". Governments are increasingly employing contemporary methods to 
reconsider their services and offer online services to the public (Veeramootoo, Nunkoo, & Dwivedi, 
2018). On the other hand, the public tends to view the use of mobile apps for government services with 
doubt and distrust (Dwivedi et al., 2017). However, among the most crucial resources for mobile 
governance (mGov) is thought to be smartphone apps (Abdelghaffar & Magdy, 2012). Due to the 
portability of mobile devices and their ability to enable 24/7 Internet access, mobile applications are 
currently employed extensively across practically all corporate and government sectors (Al-Masaeed & 
Love, 2015). As a way to provide citizens with more convenient and timely services, mobile 
applications are increasingly being used by the government. Currently, many governments are 
developing mobile apps to provide vital services to their citizens, thus it's important to assess their 
acceptance (Rana & Dwivedi, 2015). The term "Mg-App" is used frequently in this study to refer to 
apps for government services on mobile devices. 

The prior research relating to mobile use for government services in Bangladesh is at nascent 
stage. Thus, this study aims to provide insights about various determinants of using mobile apps for 
government services and to propose strategies to enhance accessibility and convenience for users. 
Specifically, the goals of this research are to (i) determinethe predictorsand (ii) analyze those predictors 
of mG-Apps adoption in Bangladesh. We use structural Equation Modeling (SEM) approach to 
accomplish our research goals. The first objective is achieved by investigating the literature. The 
second objective is achieved by testing hypotheses.

In the first part of this report, the introduction is written where the whole summary of this 
report is included. The remaining portions of this article are constructed as follows: literature review is 
presented in Chapter 2 which includes both table of important literature and description of other 
literature. In chapter 3, theoretical framework of this report is written which includes description of 
theory, model of this research and construct and hypothesis of that model. Analyzing the data and 
drawing conclusions is covered in the fifth chapter. Chapter six covers the discussion of the analysis. 
Research implications are narrated in Chapter 7. Finally, chapter 8 presents the final thoughts, caveats, 
and directions for future study.

2. Literature Review
2.1 An Overview of Government Services Available Online in Bangladesh
The notion of mobile government is taken from Electronic government. E-government is a system that 
enables cooperation between the government, its citizens, and its several departments. The primary 
goal of E-Gov is to provide government stakeholders with efficient and cost-effective services (Al-
Azizi et al., 2018). The concept of e-Bangladesh was formed in 2002 to administer e-Gov 
infrastructure and technology projects for residents, according to Sadik Hasan (2003). Bangladesh's 
ranking for technological usage has improved since 2002, according to a 2014 UN study (United 
Nations, 2014). Bangladesh is ready for e-Gov, according to this ranking. However, many in 
Bangladesh are unwilling to adopt new technologies. This stops the public from collecting government 
benefits. The Bangladeshi government wants to provide efficient and engaging services. Bangladesh's 
imperative for enhanced telecommunications infrastructure is a primary concern. Government bodies 
have recently created improvement in mobile services.

2.2 Adoption of mobile government
In recent years, several studies have looked into how m-Gov is being used (e.g., Liu et al., 2014; 
Ahmad & Khalid, 2017).  A research project carried out by Shareef et al. (2012) wanted to understand 
citizens' willingness to use m-Gov services. Their research technique for mobile government 
acceptance varies from the government website. Liang et al. (2017) employed the basement theory 
framework to evaluate the adoption of e-Gov cloud technology in China they found organizational, 
technological, and cloud trust factors drove e-Gov cloud service uptake. Liu et al. (2014) researched 
m-Gov adoption in the countryside of China and found TAM components and honesty determined m-
Gov acceptability. Ahmad and Khalid (2017) performed study in the UAE and found that, in addition 
to TAM components, cost, trust, social impact, service variety, and demographic characteristics 
influenced consumers' behavior toward mobile government services. Table 1 shows review of some 
relevant literature.  

2.3 Mobile Government Applications
Most people will use mobile apps for government services if they trust them and think they will work 
well (Sharma, et al., 2018). In their study they used a structural equation model and a neural network 
model. Besides in the UTAUT model, two additional constructs were included in their research. 
Information and trust are these two concepts. According to a survey of UAE nationals, social influence 
and trust are not negatively correlated with end users' willingness to utilize apps for government 
services on mobile devices (Sharma, et al., 2018). Researchers have shown that mobile government 
makes it simpler for people to access government services (Almarashdeh, 2018). Researchers employ 
the structural equation modeling technique to demonstrate this. To verify this theory, many hypotheses 
are developed and investigated. 

From what we've talked about so far, I think there is a gap in the literature about how mobile 
applications are used in government services. I can't find any direct report regarding this issue. In some 
literature, some parts of this topic are discussed only. Like in the literature, there is a discussion about 
the adoption of mobile applications for other countries but there is no article indicating that mobile 
applications have been adopted in Bangladesh for the provision of government services. Consequently, 
a study is currently being conducted to identify the elements that impact individuals' choices to utilize 
mobile applications for accessing government services. A model was created as part of this study to 
elucidate the factors driving the utilization of mobile government services in Bangladesh.

3.Theory, Model and Hypotheses
3.1 Theory and Proposed Model
We have used the popular UTAUT model which is widely used to assess any emerging technology 
adoption from users' perspective. Information systems(IS) research uses UTAUT, a model based on 
eight technology adoption models and the model analyzes human behavior and technology intent 
(Venkatesh, Morris, Davis, & Davis, 2003). By contrasting eight widely accepted frameworks for 
identifying how individuals respond to new technologies, Venkatesh et al. (2003) developed an 
extensive model that integrates the insights of all of them. The UTAUT concept was developed for the 
express purpose of new technology adoption. Numerous studies suggested that UTAUT could be used 
to study IS acceptance and success in emerging nations (Gupta, Dasgupta, & Gupta, 2008). Our 
research is based on this model since it is unified and best represents other technology acceptance 

models. Performance expectancy, effort expectancy, social influence, and facilitating factors make up 
the UTAUT model. 

In addition, we have incorporated two relevant contextual constructs such as trust and 
information quality with the existing UTAUT, which has enhanced the predictive capacity of the 
model. Government mobile applications are not fully captured by the UTAUT's constructs only. 
Government IS services require trust (Hung, Chang, & Kuo, 2013). For this we include trust in our 
research. In order for eGov services, such as mGov, to be successful, government agencies must 
effectively share pertinent information with commercial, public, and municipal organizations, as well 
as the general public (Dwivedi et al., 2017). Numerous studies have investigated the trust and risk 
involved in online (e.g. Luo, Li, Zhang, & Shim, 2010; Alalwan, Dwivedi, Rana, & Simintiras, 2016). 
We have no knowledge of any research that particularly examine the impact of trust and perceived 
threat on the acceptance of government-issued mobile apps. Trust has been recognized as a significant 
exogenous variable in this study on mGov. Besides to spread mobile government, information quality 
plays an important role. For this we include information quality as one of the constructs.

Figure 1 represents the research model that is founded on what we've talked about so far. It is 
thought that UTAUT constructs, as well as trust and the quality of information, are what make people 
use mobile apps for government services.

Figure 1.
Proposed Research Model.
Source: Authors Developed.

3.2 Constructs and Hypothesis
3.2.1 Performance Expectancy
Performance expectancy is approximately how much does a person expects new technology to 
improve their work performance (Venkatesh et al., 2003). As predicted by the UTAUT model, research, 
performance expectancy predicts behavioral intention in order to use cutting-edge technical knowledge 
(Alalwan, Dwivedi, & Rana, 2017). We hypothesize that performance expectancy affects mG-App 
users' behavior intentions. If they want government services on demand, the citizens of Bangladesh 
must use smartphone apps. Alalwan et al. (2017) validated that expectancy of performance affect 
Middle Eastern mobile technology adoption. Thus, we hypothesize:

H1. Performance expectancy and intention to use mGApp are positively related.

3.2.2 Effort Expectancy
Effort expectancy" is a person's estimate of the mental and physical effort required to use a system or 
technology (Venkatesh et al., 2003). Time and effort spent learning a new information system affecting 
usage intentions is suggested by the UTAUT model. Technology adoption studies (e.g. Alalwan et al., 
2017; Hanafizadeh et al., 2014) show that effort expectancy strongly influences behavior. Al-Busaidi 
(2012) noted that users are less likely to use complex information systems. The widely used TAM 
(Davis, 1989) acceptance model states that consumers will adopt modern technology when this is easy 
to use and doesn't require more work. mG-Apps, which require expertise and effort, may affect 
behavioral adoption to use mobile apps. Thus, this study hypothesizes: 
H2. Effort expectancy and intention to use mG-App are positively related.

3.2.3 Social Influence
When consumers are unfamiliar with new services, reference groups may influence their adoption (e.g. 
Ahmad & Khalid, 2017; Venkatesh et al., 2012). Social effect refers to the degree to which individuals 
think that their relatives, friends, coworkers, and other close acquaintances anticipate them to utilize a 
certain technology (Venkatesh et al., 2012). Social influence determines mobile commerce adoption, 
according to Chong (2013). According to Leong and et al., (2013), in Oman, social influence may 
affect mGApp use. According to prior research, social influence may alter behavioral adoption 
(Alalwan et al., 2017). Thus, our hypothesis:
H3. Social influence is positively related to the acceptance of mG-App.

3.2.4 Facilitatin Gconditions
The term "facilitating condition" refers to the extent how an individual views the presence of an 
administrative and technological infrastructure that enables the effective utilization of government 
services (Venkatesh et al., 2003). Users of the MG-App express concerns regarding the ability to 
access links and the speed at which data may be uploaded and downloaded. According to Lewis, 
Fretwell, Ryan, and Parham (2013), people who use new technologies require assistance. Consumers 
are reluctant to adopt new technologies when support structures are weak (Hew, Lee, Ooi, & Wei, 
2015). In his study of consumer behavior in mobile commerce, Chong (2013) demonstrated the impact 
of favorable conditions. Indicators, such as the ones mentioned above, highlight the significance of 
favorable conditions for the adoption of mG-App. Multiple recent IS studies (Ahmad & Khalid, 2017; 
Alalwan et al., 2015) find that enabling factors are the primary influence on behavioral intention. Thus, 
our theories are:
H4. Facilitating conditions and intention to accept mG-App are positively connected.

3.2.5 Trust
Research on the diffusion of technical breakthroughs suggests that people's seeming lack of confidence 
in it can lead to their reluctance to adopt and utilize it. Evaluating the viewpoints of each individual on 
new technology; the way people behave and the degree of trust they have in you can significantly 
impact their willingness to employ advanced technology (Venkatesh, Thong, Chan, Hu, & Brown, 
2011). Trust was found as a significant predictor of information system adoption in multiple research 
investigations. Bangladesh recently adopted mGApps, where individuals prefer to physically access 
services provided by the government. They would rather communicate face-to-face encounters and 
continue manually after service or information requests. If service requests are unclear or unreliable, 
mobile apps may be avoided. Thus, to provide information, consumers must have the trust to use 
mobile apps to transact (Montazemi & Saremi, 2013). This study examines whether respondents are 

willing to trust mG-Apps. If respondents trust mG-Apps, their behavior will improve. For this we 
suggest the following theory:
H5. Trust has a positive effect on individual's behavioral adoption to use mG-App.

3.2.6 Information quality
The concept of information quality is established and described by Delone and McLean (1992, 2003) 
as a system's completeness, timeliness, correctness, and relevance. Inaccurate and irrelevant 
government service information will harm users' behavior. Researchers (Al-Busaidi & Al-Shihi, 2012; 
Sharma, Gaur, Saddikuti, & Rastogi, 2017) have found that the acceptability of recent advancements in 
informational technology is influenced by the presence of high-quality content. According to Tam and 
Oliveira (2016), information quality affects mobile technology use. We hypothesize that information 
quality influences Bangladeshi acceptance of mG-App:
H6. Information quality and intention to accept mG-App are positively related.

4. Methodology
4.1 Variables and Measurement
Based on extant literature, a survey instrument was created. This questionnaire has 23 questions. The 
questionnaire has two parts. Name, age, and other demographic questions are asked initially. 23 close-
ended questions measure this model's 7 constructs in the second section. Items measuring the 
constructs were derived from the literature and adapted to the context of the study. Except for the 
controls, a five-point Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree) was used to 
assess all other critical constructs. The methods used to measure the control variables were based on 
the previous research (Ilmudeen and Bao, 2018). Pre-testing improved measuring item clarity, 
uniformity, and comprehensibility. 30 volunteers participated in a pilot test. Following the pilot test, we 
made adjustments to the research questions.Table 2 shows constructs, measurement items and sources.

4.2 Data Collection Procedure and Sample

212 adult mobile government service users provided data.The authors aimed to get different mobile 
app users to answer the questionnaire. Electronic and hard-copy surveys were distributed. Convenience 
sampling was used to obtain data as it is very easy and less costly for the authors. The Structure 
Equation Model requires 200 responders, according to the literature. For collecting data, we developed 
an online questionnaire using google form and shared indifferent online platforms such as Facebook, 
WhatsApp, and LinkedIn. We also distributed printed version of questionnaire to different citizens who 
showed willingness to provide answers. This procedure yielded 250 data. After data cleansing, 212 
surveys were analyzed.

4.3 Non-Response Bias

The independent t-test was used to compare all of the constructs. From the results of the test, we found 
no statistically significant differences. The chi-squared test for independence was used to double-check 
these findings, and it revealed no statistically significant deviations. This study's data set, thus, was 
deemed to be free of non-response bias.

4.4. Data Analysis

At first stage, we perform some basic analysis. The constructs' validity and reliability, the model's 
predictive value, and the total variance explained were then evaluated using SEM. The SEM approach 
was chosen because it allows researchers to examine the relationships between all of the constructs 
simultaneously. Because of its emphasis on theory construction and discovery rather than model 
verification, SEM is also a more appropriate method for this study. SEM cannot, however, explore the 
non-linear interactions between the components, which could lead to a simplified analysis of the 
complicated decision-making process itself. We have generated six hypotheses for employing SEM, 
and by applying the findings from these hypotheses, we may achieve our research goals.The SEM 
result satisfies both objectives 1 and 2. SEM is therefore the ideal method for our study.

5. Analysis
5.1 Demographics Description
There were a total of 212 participants in this study, with females accounting for 51% (or 108 
participants) and males for 49% (or 104 participants). Ninety percent of the respondents in this study 
are under the age of thirty, making up 191 of the total sample size. The majority of those in the sample 
(67%) have at least a bachelor's degree, with another 19% holding a master's or doctorate, and the 
remaining 14% holding only a secondary school diploma. The study sample is also representative of 
Internet users with regard to their past week's usage frequency. It shows how long people spend online. 
About 38% (or 81 respondents) spent 0-1 hours online, about 24% (or 51 respondents) spent 6-10 
hours, and about 37% (or 80 respondents) spent > 11 hours online. Furthermore, the sample also 
reveals the user's past behavior on the Internet. It reveals that 71 percent of participants (or 151 
participants) have been Internet users for more than eight years. About 10% of the sample, or 21 
people, had used the Internet for fewer than one year, while about 19%, or 40 people, had been doing 
so for five or more years. Results show that the majority of the sample group regularly uses the 
Internet. Table 3 shows summary of the demographics of the respondents. 

5.2 Common Method Bias and Multicollinearity Test
A behavioral study using cross-sectional survey data is prone to common method bias (CMB). Since 
there was no external verification of the data, we focused on CMB which might compromise the 
study's findings. We evaluated CMB using SPSS 23.0 and Harman's single-factor test. Principal axis 
factor (PAF) analysis was performed to determine the number of variables necessary to explain 
variance. The results of our test indicate that a single construct accounted for only 34.87 percent of the 
variance, which is much lower than the minimum value of 50 percent. The evaluation of CMB was 
conducted utilizing the variance inflation factor (VIF) data obtained from the comprehensive 
collinearity test (Table 4). The lower VIF values (< 3.3) indicated that this study is free from CMB 
risk. Also, VIF scores below 10 indicate that this study does not have multicollinearity.

5.3 Measurement Model
Construct reliability measurements include Cronbach's alpha, Dijkstra-rho Henseler's (A), and 
composite reliability. The results showed that each construct had reliability criterion values of 0.70 or 
above, proving internal reliability (Henseler et al., 2014; Henseler et al., 2009) (Table 5). Their 
loadings determined indicators reliability. Item loadings greater than 0.70 suggested a higher 
correlation between an item and its construct (Hair et al., 2012). Thus, loading should exceed 0.70. 
Table 5 shows reasonable loading values. The indication is reliable.

The average variance extracted (AVE) values were used to determine convergent validity. If the 
AVE values for all variables are more than 0.5, a data set demonstrates convergent validity (Fornell and 
Larcker, 1981). Table 5 demonstrates that the AVE values for all variables fall within an acceptable 
range. Convergent validity is therefore verified.

The heterotrait-monotrait ratio assessed discriminant validity. HTMT measures average 
indicator correlations across constructs. Henseler et al. (2014) recommended discriminant validity 
below 0.90. Table 6 shows heterotrait-monotrait ratios for all variables are below 0.90. This supports 
constructs' discriminant validity according to Henseler et al., (2014). Tables 5 and 6 show that 
variables are within the literature's range. We found convergent validity and good internal reliability.

In this table, the values of loading, Cronbach's alpha, rho-A, composite reliability and average 
variable extracted are mentioned which are calculated by using SmartPLS software.

In the above table HTMT ratio is shown which confirms the discriminant validity of this 
research. As all the values given in table 6 are less than 0.90 we can say that this research has 
discriminant validity.

By using the Fornell Larckar approach this report measure the convergent validity of the data. 
All AVE square roots are greater than their corresponding correlation coefficients, as seen in Table 7. 
The condition for Fornell Larckar approach is established in the table 7. So convergent validity is 
prevailed here.

5.4 Structural Model
After verifying the measuring model's psychometrics, this research studies the structural model. SEM 
determines path strength, importance, and insignificance. Structural evaluation follows measuring test 
rules. R-square assessed structural model fit. Path coefficients (Beta) and t-statistics were utilized to 
evaluate the study hypotheses individually. Bootstrapping with 5,000 re-samples determined path 
significance. The model explained 69.2% of behavioral adoption variance, according to R-square. Path 
coefficients need to be statistically significant at a p-value of at least 0.05 in order to confirm the 
relationships (Byrne, 2016). Table 8 displays structural model path, coefficients, t-statistics, p-value, 
and decision.

Table 8 shows that, at the 5% level of confidence, the results for H1 (p<0.05), H2 (p<0.05), H4 
(p<0.05), H5(p<0.05), and H6(p<0.05) are all significant. At the 5% level of significance, however, the 
path for H3 (p>0.05) lacks statistical significance. This suggests that trust, information quality, 
facilitating conditions, performance expectancy, and effort expectancy all have a big impact on how 
mobile government is adopted behaviorally. Social influence, however, has no effect on the adoption of 
mobile governance.

6. Discussion
Government agencies use mobile phones and other digital means to reach people and citizens to 
increase participation, knowledge, trust, and engagement. Government decision-makers have struggled 
to reach remote citizens with updated information. Sparse locations hinder socioeconomic progress in 
emerging countries. Mobile apps may help society's socioeconomic growth and government service 
delivery. The study shows that citizens across the nation are eager to utilize mobile apps for services 
offered by the government. In this paper, the researchers examined six parameters affecting mG-App 
use by the citizens. Five of six criteria influenced citizens' use of mobile government app. Trust, 
information quality, performance expectancy, facilitating conditions and effort expectancy affect mG-
App adoption in developing countries like Bangladesh. Reasons for the six conceptions' importance 
and non-significance are discussed in the followingsection.

The mG-confidence app is the best way to figure out how people will use new technology. 
Thus, consumers must enter personal and credit card information to use mG-Apps for private 
transactions. The mG-Apps are more likely to be trusted when they have up-to-date information and 
are easy to use. Implementing encryption measures to comply with stricter privacy regulations can 
increase trust in mG-Apps. The privacy policies and information of the mG-new App aim to promote 
user engagement. This proves that a lack of trust is one of the biggest reasons why people don't use 
new systems or technologies (Alalwan et al., 2017).

Consequently, performance expectancy is the second most important constructs in selecting 
mG-App. Citizens evaluate mG-App based on its functional utilities (performance expectancy). 

Demonstrating and publicizing significant features helps improve government online services. 
Furthermore, by introducing new and varied technical channels, the usefulness of government 
institutions can be expanded (Ghalandari, 2012). A study determined that people's openness to trying 
out new technologies is significantly influenced by their expectations of how well they will work 
(Alalwan et al., 2017).

Consequently, effort expectancy is a significant anticipator of users' desire to utilize mG-App. 
This research reveals that inhabitants of Bangladesh, even expats, prefer to execute financial activities 
and acquire information about government services via mobile applications that involve less effort and 
time than other traditional means. The majority of research using the UTAUT has discovered a 
statistically significant correlation between effort expectancy and behavioral adoption (Alalwan et al., 
2017). In contrast to earlier studies (Ahmad & Khalid, 2017), our study reveals that the correlation 
between social impact and behavioral adoption is minimal, suggesting that residents in Bangladesh are 
unlikely to advocate the usage of mG-Apps to their loved ones. In a study done in the Sultanate of 
Oman, Riffai, Grant, and Edgar (2012) found that social impact did not significantly predict behavioral 
adoption in the mobile banking environment. Furthermore, this conclusion aligns with earlier research 
conducted in several sectors of information systems (Alalwan et al., 2017). 

The results also show that supportive settings make it easier for people to change their behavior 
to use the mG-App.  Citizens emphasize available funds, specific skill sets, and amenities such as 
increased Internet access, secured mobile apps, and phones to access and employ mG-App for utilizing 
and accessing govt. services through mobile applications. Multiple further empirical research in the 
field of information systems provide evidence to support this idea (Ahmad & Khalid, 2017). 

The results conclusively demonstrated a robust and favorable relation between the quality of 
information and the intention to utilize the mG-App. This demonstrates the significance of factors such 
as relevant content, frequent updates, and comparable features in driving mG-app adoption. Individuals 
are more inclined to utilize mobile applications if they offer superior information. The findings align 
with previous research indicating the significance of information quality in influencing a user's 
adoption of new technology (Sharma et al., 2017).

7. Implications

7.1 Implications for Theory

Researchers and academics will find the result of this study useful. The model has extended the 
UTAUT framework by include information quality and trust in its explanation of users' acceptance of 
mG-Apps in an Asian environment. The UTAUT model is a well-known framework for analyzing how 
people respond to and adopt new technologies. These two new components can be used by other 
researchers when they work with the UTAUT theory. The statistical findings demonstrate that this 
study's research model can predict behavioral adoption toward mG-App. All measurement indices and 
structural models were within their allowed range. The UTAUT's R-square initially stood at 53% as 
anticipated, but rose to 69.2% upon the inclusion of more data. Therefore, the inclusion of additional 
components enhances the predictive capacity of the study model. This research is a valuable addition 
to the growing database of theory that pertains to the utilization of mobile government, e-government, 
and mobile application development. Second, the study's results supplement the literature about the 
usage of mobile devices for government functions. Furthermore, this research's results can be applied 
to advancing technological advancements in studies of adoption. This study looks at how popular 
government service apps are for mobile devices in a South Asian country like Bangladesh. It adds 
important results to the literature.

7.2 Implications for Practices
This study shows that information quality, effort expectancy, facilitating conditions, trust, performance 
expectancy are significantly related in the context of mG-Apps adoption. Thus, respected authorities 
should consider those concepts while developing citizen-centric mobile apps. Government agencies 
would utilize these findings to develop and implement similar projects in several areas. The results of 
this study are going to support Bangladeshi government agencies in the development of policies that 
effectively encourage the use of mG-Apps. The acceptability of mG-Apps is influenced by both 
performance expectancy and trust, and decision-makers can improve the quality of these apps by 
providing reliable and expedient services. Performance and effort expectancy also affect behavior. In 
other words, residents favor low-effort government service mobile apps. Therefore, it is advisable for 
government mobile app developers to minimize the complexity of app usage and exploration. 
Experienced users can also assist creating mobile apps. Surokkha, a nationwide platform, allows 
residents to register for Coronavirus immunizations, receive certificates, and store data. Government 
officials may add a mG-Apps feedback signal to Surokkha to include user input. The Bangladeshi 
government may also organize a PPP to encourage smart mobile app use. Facilitating factors also 
affect behavioral adoption. This suggests residents' value government-provided mobile access to 
government services. It is advisable for the government to periodically provide concise training 
programs on facility usage in public and commercial organizations across the country. The 
organization indicated above would provide information to potential and prospective clients regarding 
government services accessible on mobile devices, as well as update them on new and upcoming 
services.

The strong link between trust and how people plan to use mG-Apps shows that security and 
privacy are important to people when they use state services on smartphones and other tools. 
Programmers and system analysts should enhance the security of apps by implementing an additional 
safety mechanism to safeguard against mG-Apps. The Bangladeshi government's "Mobile Applications 
Secure Development Guidelines" ensures security and robustness. The quality of information that 
citizens receive has an impact on their behavioral intentions. This suggests that the government is 
expected to provide citizens with information on government services that is precise, accurate, 
meaningful, pertinent, complete, and timely. When information is linked to mobile transactions, 
timeliness and trust are even higher. Mobile app developers should adopt the One Web Approach to 
display the same content on all mobile devices. These mobile apps should have automated notifications 
for the latest modifications. Public and corporate institutions should ensure user data relevancy and 
timeliness. 
8. Conclusion, limitations and Future Research Directions
8.1 Conclusion
Within this work, we tried to identify the crucial elements impacting the behavioral adoption of 
Bangladeshi citizens to utilize the mG-App. In conclusion, the study gave a good understanding of the 
most important things. The findings indicated that positive behavioral intentions were influenced by 
factors including information quality, effort expectancy, facilitating factor, trust, and performance 
expectancy. When considering whether or not to use mG-App, these factors are crucial. There was no 
empirical support indicating that social influence had an impact on the intention to take action, 
implying that individuals in Bangladesh are resistant to the influence of recommendations when it 
comes to their utilization of the mG-App. Therefore, mG-App are strongly recommended for use by 
the people of Bangladesh. As another bonus, it has been found that user-friendly technology increases 
users' behavioral intentions. Government entities will benefit from the results of this investigation since 
they will provide appropriate tactics to encourage more people to get government services through 
mobile apps.

8.2 Limitations and Future Research Directions
Even though this study has made important contributions, it also has some problems. Firstly, this study 
only looks at the opinions of people in Bangladesh, hence the researcher recommended that the 
proposed study model should be implemented with caution in other Asian nations. Future research can 
be conducted to other country context to validate this model. Secondly, the data acquired for this study 
is limited to Dhaka city as the author is a student; financing to collect data across the country is a 
challenge. Future studies can be done by obtaining data from all over the country. Thirdly, because the 
bulk of the respondents were between the ages of 20 and 40, it was suggested that the proposed study 
model be tested with more balanced age group information. Fourthly, this study did not evaluate the 
influence of demographic variables as moderators. If that effect can be seen, the outcome could be 
more interesting. Finally, this study focuses on the initial adoption mG-App, future studies can assess 
the continuous usage intention of mG-app.
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ABSTRACT
Purpose: The objective of this study is to identify and analyze various factors 
that influence users' acceptance of mobile government applications (mG-Apps).
Methodology: This study has constructed a research model grounded on the 
Unified Theory of Acceptance and Use of Technology (UTAUT). Further, 
information quality and trust, two vital constructs, have been added to the 
UTAUT to enhance the predictability of the model. Data collected from a sample 
size of 212 from Bangladesh has been used to test the model.
Findings: We have employed the popular structural equation modeling (SEM) 
to assess the data. Our results suggest that the significant elements impacting 
users' acceptance of mG-Appsare performance expectancy, effort expectancy, 
facilitating conditions, information quality and trust. In contrast, social influence 
is identified as an insignificant predictor.
Practical Implications: This research will assist different government agencies, 
policymakers, and practitioners in the creation of timely and effective policies to 
develop and promote myriad mG-Apps to render services to the citizens.
Originality/Value: This research has offered an innovative framework to assess 
the acceptance of mG-apps by the citizens. This unique model has been 
constructed by expanding UTAUT with two key contextual constructs such as 
information quality and trust. We believe, this study will contribute to the extant 
body of theory surrounding the use of mobile government, e-government, and 
mobile applications development.
Limitations: This study only looks at the opinions of people in Bangladesh, 
hence the researchers recommend that the proposed study model should be 
validated by using data collected from other similar countries.

1. Introduction
Major developments in technology in recent years have significantly improved a number of mobile 
device features.Besides,most technology advancements in the telecommunications industry have made 
it possible to provide services to citizens more quickly (Biel, Grill, & Gruhn, 2010). Innovative 
hardware and software capabilities allow governmental and commercial organizations to provide 
mobile consumers a wide variety of services (Payne, 2013). Both private and public institutions have a 
significant chance to minimize the digital divide that exists between the general population and the 
government because of the proliferation of modern mobile devices such as smartphones, iPads, and
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other tablets that can run applications. For instance, after mobile applications for online payments were 
introduced, mobile device usage in African nations significantly increased from 50% to 58.4% (Al-
Azizi, Al-Badi, & Al-Zrafi, 2018). These data signify the need to use mobile apps to improve public 
services. 

Many government organizations in Bangladesh have begun to invest in and devote funds to 
projects that would leverage mobile applications to put their resources into action. Mobile applications 
provide a variety of internet-based services and are viewed as promising new markets for Bangladeshi 
government stakeholders to interact and communicate with one another. The mobile services are 
widely available and practical. People have the option to use mobile apps to conduct many types of 
transactions, such as financial or instructive ones. Apps for mobile devices allow users to pay bills, 
report violations, and communicate with authorities (Naqvi & Al-Shihi, 2014). However, research has 
shown that past government-run online programs have been either ineffective or had significant delays 
in being adopted, and the objectives of mGov adoption have not been met thus far (Gao, Krogstie, & 
Siau, 2014). For instance, in the context of underdeveloped countries, 35% of eGov programs were 
determined to be unsuccessful, only 15% of projects were successful, and 50% were only partially 
completed (Napitupulu & Sensuse, 2014).

There has been a rise in the quantity of government-related mobile apps recently since mobile 
communication technologies have developed. "Electronic government" (hereinafter referred to as 
"eGov") is defined as "the use of ICTs and their application by government to offer information and 
public services to the populace". Governments are increasingly employing contemporary methods to 
reconsider their services and offer online services to the public (Veeramootoo, Nunkoo, & Dwivedi, 
2018). On the other hand, the public tends to view the use of mobile apps for government services with 
doubt and distrust (Dwivedi et al., 2017). However, among the most crucial resources for mobile 
governance (mGov) is thought to be smartphone apps (Abdelghaffar & Magdy, 2012). Due to the 
portability of mobile devices and their ability to enable 24/7 Internet access, mobile applications are 
currently employed extensively across practically all corporate and government sectors (Al-Masaeed & 
Love, 2015). As a way to provide citizens with more convenient and timely services, mobile 
applications are increasingly being used by the government. Currently, many governments are 
developing mobile apps to provide vital services to their citizens, thus it's important to assess their 
acceptance (Rana & Dwivedi, 2015). The term "Mg-App" is used frequently in this study to refer to 
apps for government services on mobile devices. 

The prior research relating to mobile use for government services in Bangladesh is at nascent 
stage. Thus, this study aims to provide insights about various determinants of using mobile apps for 
government services and to propose strategies to enhance accessibility and convenience for users. 
Specifically, the goals of this research are to (i) determinethe predictorsand (ii) analyze those predictors 
of mG-Apps adoption in Bangladesh. We use structural Equation Modeling (SEM) approach to 
accomplish our research goals. The first objective is achieved by investigating the literature. The 
second objective is achieved by testing hypotheses.

In the first part of this report, the introduction is written where the whole summary of this 
report is included. The remaining portions of this article are constructed as follows: literature review is 
presented in Chapter 2 which includes both table of important literature and description of other 
literature. In chapter 3, theoretical framework of this report is written which includes description of 
theory, model of this research and construct and hypothesis of that model. Analyzing the data and 
drawing conclusions is covered in the fifth chapter. Chapter six covers the discussion of the analysis. 
Research implications are narrated in Chapter 7. Finally, chapter 8 presents the final thoughts, caveats, 
and directions for future study.

2. Literature Review
2.1 An Overview of Government Services Available Online in Bangladesh
The notion of mobile government is taken from Electronic government. E-government is a system that 
enables cooperation between the government, its citizens, and its several departments. The primary 
goal of E-Gov is to provide government stakeholders with efficient and cost-effective services (Al-
Azizi et al., 2018). The concept of e-Bangladesh was formed in 2002 to administer e-Gov 
infrastructure and technology projects for residents, according to Sadik Hasan (2003). Bangladesh's 
ranking for technological usage has improved since 2002, according to a 2014 UN study (United 
Nations, 2014). Bangladesh is ready for e-Gov, according to this ranking. However, many in 
Bangladesh are unwilling to adopt new technologies. This stops the public from collecting government 
benefits. The Bangladeshi government wants to provide efficient and engaging services. Bangladesh's 
imperative for enhanced telecommunications infrastructure is a primary concern. Government bodies 
have recently created improvement in mobile services.

2.2 Adoption of mobile government
In recent years, several studies have looked into how m-Gov is being used (e.g., Liu et al., 2014; 
Ahmad & Khalid, 2017).  A research project carried out by Shareef et al. (2012) wanted to understand 
citizens' willingness to use m-Gov services. Their research technique for mobile government 
acceptance varies from the government website. Liang et al. (2017) employed the basement theory 
framework to evaluate the adoption of e-Gov cloud technology in China they found organizational, 
technological, and cloud trust factors drove e-Gov cloud service uptake. Liu et al. (2014) researched 
m-Gov adoption in the countryside of China and found TAM components and honesty determined m-
Gov acceptability. Ahmad and Khalid (2017) performed study in the UAE and found that, in addition 
to TAM components, cost, trust, social impact, service variety, and demographic characteristics 
influenced consumers' behavior toward mobile government services. Table 1 shows review of some 
relevant literature.  

2.3 Mobile Government Applications
Most people will use mobile apps for government services if they trust them and think they will work 
well (Sharma, et al., 2018). In their study they used a structural equation model and a neural network 
model. Besides in the UTAUT model, two additional constructs were included in their research. 
Information and trust are these two concepts. According to a survey of UAE nationals, social influence 
and trust are not negatively correlated with end users' willingness to utilize apps for government 
services on mobile devices (Sharma, et al., 2018). Researchers have shown that mobile government 
makes it simpler for people to access government services (Almarashdeh, 2018). Researchers employ 
the structural equation modeling technique to demonstrate this. To verify this theory, many hypotheses 
are developed and investigated. 

From what we've talked about so far, I think there is a gap in the literature about how mobile 
applications are used in government services. I can't find any direct report regarding this issue. In some 
literature, some parts of this topic are discussed only. Like in the literature, there is a discussion about 
the adoption of mobile applications for other countries but there is no article indicating that mobile 
applications have been adopted in Bangladesh for the provision of government services. Consequently, 
a study is currently being conducted to identify the elements that impact individuals' choices to utilize 
mobile applications for accessing government services. A model was created as part of this study to 
elucidate the factors driving the utilization of mobile government services in Bangladesh.

3.Theory, Model and Hypotheses
3.1 Theory and Proposed Model
We have used the popular UTAUT model which is widely used to assess any emerging technology 
adoption from users' perspective. Information systems(IS) research uses UTAUT, a model based on 
eight technology adoption models and the model analyzes human behavior and technology intent 
(Venkatesh, Morris, Davis, & Davis, 2003). By contrasting eight widely accepted frameworks for 
identifying how individuals respond to new technologies, Venkatesh et al. (2003) developed an 
extensive model that integrates the insights of all of them. The UTAUT concept was developed for the 
express purpose of new technology adoption. Numerous studies suggested that UTAUT could be used 
to study IS acceptance and success in emerging nations (Gupta, Dasgupta, & Gupta, 2008). Our 
research is based on this model since it is unified and best represents other technology acceptance 

models. Performance expectancy, effort expectancy, social influence, and facilitating factors make up 
the UTAUT model. 

In addition, we have incorporated two relevant contextual constructs such as trust and 
information quality with the existing UTAUT, which has enhanced the predictive capacity of the 
model. Government mobile applications are not fully captured by the UTAUT's constructs only. 
Government IS services require trust (Hung, Chang, & Kuo, 2013). For this we include trust in our 
research. In order for eGov services, such as mGov, to be successful, government agencies must 
effectively share pertinent information with commercial, public, and municipal organizations, as well 
as the general public (Dwivedi et al., 2017). Numerous studies have investigated the trust and risk 
involved in online (e.g. Luo, Li, Zhang, & Shim, 2010; Alalwan, Dwivedi, Rana, & Simintiras, 2016). 
We have no knowledge of any research that particularly examine the impact of trust and perceived 
threat on the acceptance of government-issued mobile apps. Trust has been recognized as a significant 
exogenous variable in this study on mGov. Besides to spread mobile government, information quality 
plays an important role. For this we include information quality as one of the constructs.

Figure 1 represents the research model that is founded on what we've talked about so far. It is 
thought that UTAUT constructs, as well as trust and the quality of information, are what make people 
use mobile apps for government services.

Figure 1.
Proposed Research Model.
Source: Authors Developed.

3.2 Constructs and Hypothesis
3.2.1 Performance Expectancy
Performance expectancy is approximately how much does a person expects new technology to 
improve their work performance (Venkatesh et al., 2003). As predicted by the UTAUT model, research, 
performance expectancy predicts behavioral intention in order to use cutting-edge technical knowledge 
(Alalwan, Dwivedi, & Rana, 2017). We hypothesize that performance expectancy affects mG-App 
users' behavior intentions. If they want government services on demand, the citizens of Bangladesh 
must use smartphone apps. Alalwan et al. (2017) validated that expectancy of performance affect 
Middle Eastern mobile technology adoption. Thus, we hypothesize:

H1. Performance expectancy and intention to use mGApp are positively related.

3.2.2 Effort Expectancy
Effort expectancy" is a person's estimate of the mental and physical effort required to use a system or 
technology (Venkatesh et al., 2003). Time and effort spent learning a new information system affecting 
usage intentions is suggested by the UTAUT model. Technology adoption studies (e.g. Alalwan et al., 
2017; Hanafizadeh et al., 2014) show that effort expectancy strongly influences behavior. Al-Busaidi 
(2012) noted that users are less likely to use complex information systems. The widely used TAM 
(Davis, 1989) acceptance model states that consumers will adopt modern technology when this is easy 
to use and doesn't require more work. mG-Apps, which require expertise and effort, may affect 
behavioral adoption to use mobile apps. Thus, this study hypothesizes: 
H2. Effort expectancy and intention to use mG-App are positively related.

3.2.3 Social Influence
When consumers are unfamiliar with new services, reference groups may influence their adoption (e.g. 
Ahmad & Khalid, 2017; Venkatesh et al., 2012). Social effect refers to the degree to which individuals 
think that their relatives, friends, coworkers, and other close acquaintances anticipate them to utilize a 
certain technology (Venkatesh et al., 2012). Social influence determines mobile commerce adoption, 
according to Chong (2013). According to Leong and et al., (2013), in Oman, social influence may 
affect mGApp use. According to prior research, social influence may alter behavioral adoption 
(Alalwan et al., 2017). Thus, our hypothesis:
H3. Social influence is positively related to the acceptance of mG-App.

3.2.4 Facilitatin Gconditions
The term "facilitating condition" refers to the extent how an individual views the presence of an 
administrative and technological infrastructure that enables the effective utilization of government 
services (Venkatesh et al., 2003). Users of the MG-App express concerns regarding the ability to 
access links and the speed at which data may be uploaded and downloaded. According to Lewis, 
Fretwell, Ryan, and Parham (2013), people who use new technologies require assistance. Consumers 
are reluctant to adopt new technologies when support structures are weak (Hew, Lee, Ooi, & Wei, 
2015). In his study of consumer behavior in mobile commerce, Chong (2013) demonstrated the impact 
of favorable conditions. Indicators, such as the ones mentioned above, highlight the significance of 
favorable conditions for the adoption of mG-App. Multiple recent IS studies (Ahmad & Khalid, 2017; 
Alalwan et al., 2015) find that enabling factors are the primary influence on behavioral intention. Thus, 
our theories are:
H4. Facilitating conditions and intention to accept mG-App are positively connected.

3.2.5 Trust
Research on the diffusion of technical breakthroughs suggests that people's seeming lack of confidence 
in it can lead to their reluctance to adopt and utilize it. Evaluating the viewpoints of each individual on 
new technology; the way people behave and the degree of trust they have in you can significantly 
impact their willingness to employ advanced technology (Venkatesh, Thong, Chan, Hu, & Brown, 
2011). Trust was found as a significant predictor of information system adoption in multiple research 
investigations. Bangladesh recently adopted mGApps, where individuals prefer to physically access 
services provided by the government. They would rather communicate face-to-face encounters and 
continue manually after service or information requests. If service requests are unclear or unreliable, 
mobile apps may be avoided. Thus, to provide information, consumers must have the trust to use 
mobile apps to transact (Montazemi & Saremi, 2013). This study examines whether respondents are 

willing to trust mG-Apps. If respondents trust mG-Apps, their behavior will improve. For this we 
suggest the following theory:
H5. Trust has a positive effect on individual's behavioral adoption to use mG-App.

3.2.6 Information quality
The concept of information quality is established and described by Delone and McLean (1992, 2003) 
as a system's completeness, timeliness, correctness, and relevance. Inaccurate and irrelevant 
government service information will harm users' behavior. Researchers (Al-Busaidi & Al-Shihi, 2012; 
Sharma, Gaur, Saddikuti, & Rastogi, 2017) have found that the acceptability of recent advancements in 
informational technology is influenced by the presence of high-quality content. According to Tam and 
Oliveira (2016), information quality affects mobile technology use. We hypothesize that information 
quality influences Bangladeshi acceptance of mG-App:
H6. Information quality and intention to accept mG-App are positively related.

4. Methodology
4.1 Variables and Measurement
Based on extant literature, a survey instrument was created. This questionnaire has 23 questions. The 
questionnaire has two parts. Name, age, and other demographic questions are asked initially. 23 close-
ended questions measure this model's 7 constructs in the second section. Items measuring the 
constructs were derived from the literature and adapted to the context of the study. Except for the 
controls, a five-point Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree) was used to 
assess all other critical constructs. The methods used to measure the control variables were based on 
the previous research (Ilmudeen and Bao, 2018). Pre-testing improved measuring item clarity, 
uniformity, and comprehensibility. 30 volunteers participated in a pilot test. Following the pilot test, we 
made adjustments to the research questions.Table 2 shows constructs, measurement items and sources.

4.2 Data Collection Procedure and Sample

212 adult mobile government service users provided data.The authors aimed to get different mobile 
app users to answer the questionnaire. Electronic and hard-copy surveys were distributed. Convenience 
sampling was used to obtain data as it is very easy and less costly for the authors. The Structure 
Equation Model requires 200 responders, according to the literature. For collecting data, we developed 
an online questionnaire using google form and shared indifferent online platforms such as Facebook, 
WhatsApp, and LinkedIn. We also distributed printed version of questionnaire to different citizens who 
showed willingness to provide answers. This procedure yielded 250 data. After data cleansing, 212 
surveys were analyzed.

4.3 Non-Response Bias

The independent t-test was used to compare all of the constructs. From the results of the test, we found 
no statistically significant differences. The chi-squared test for independence was used to double-check 
these findings, and it revealed no statistically significant deviations. This study's data set, thus, was 
deemed to be free of non-response bias.

4.4. Data Analysis

At first stage, we perform some basic analysis. The constructs' validity and reliability, the model's 
predictive value, and the total variance explained were then evaluated using SEM. The SEM approach 
was chosen because it allows researchers to examine the relationships between all of the constructs 
simultaneously. Because of its emphasis on theory construction and discovery rather than model 
verification, SEM is also a more appropriate method for this study. SEM cannot, however, explore the 
non-linear interactions between the components, which could lead to a simplified analysis of the 
complicated decision-making process itself. We have generated six hypotheses for employing SEM, 
and by applying the findings from these hypotheses, we may achieve our research goals.The SEM 
result satisfies both objectives 1 and 2. SEM is therefore the ideal method for our study.

5. Analysis
5.1 Demographics Description
There were a total of 212 participants in this study, with females accounting for 51% (or 108 
participants) and males for 49% (or 104 participants). Ninety percent of the respondents in this study 
are under the age of thirty, making up 191 of the total sample size. The majority of those in the sample 
(67%) have at least a bachelor's degree, with another 19% holding a master's or doctorate, and the 
remaining 14% holding only a secondary school diploma. The study sample is also representative of 
Internet users with regard to their past week's usage frequency. It shows how long people spend online. 
About 38% (or 81 respondents) spent 0-1 hours online, about 24% (or 51 respondents) spent 6-10 
hours, and about 37% (or 80 respondents) spent > 11 hours online. Furthermore, the sample also 
reveals the user's past behavior on the Internet. It reveals that 71 percent of participants (or 151 
participants) have been Internet users for more than eight years. About 10% of the sample, or 21 
people, had used the Internet for fewer than one year, while about 19%, or 40 people, had been doing 
so for five or more years. Results show that the majority of the sample group regularly uses the 
Internet. Table 3 shows summary of the demographics of the respondents. 

5.2 Common Method Bias and Multicollinearity Test
A behavioral study using cross-sectional survey data is prone to common method bias (CMB). Since 
there was no external verification of the data, we focused on CMB which might compromise the 
study's findings. We evaluated CMB using SPSS 23.0 and Harman's single-factor test. Principal axis 
factor (PAF) analysis was performed to determine the number of variables necessary to explain 
variance. The results of our test indicate that a single construct accounted for only 34.87 percent of the 
variance, which is much lower than the minimum value of 50 percent. The evaluation of CMB was 
conducted utilizing the variance inflation factor (VIF) data obtained from the comprehensive 
collinearity test (Table 4). The lower VIF values (< 3.3) indicated that this study is free from CMB 
risk. Also, VIF scores below 10 indicate that this study does not have multicollinearity.

5.3 Measurement Model
Construct reliability measurements include Cronbach's alpha, Dijkstra-rho Henseler's (A), and 
composite reliability. The results showed that each construct had reliability criterion values of 0.70 or 
above, proving internal reliability (Henseler et al., 2014; Henseler et al., 2009) (Table 5). Their 
loadings determined indicators reliability. Item loadings greater than 0.70 suggested a higher 
correlation between an item and its construct (Hair et al., 2012). Thus, loading should exceed 0.70. 
Table 5 shows reasonable loading values. The indication is reliable.

The average variance extracted (AVE) values were used to determine convergent validity. If the 
AVE values for all variables are more than 0.5, a data set demonstrates convergent validity (Fornell and 
Larcker, 1981). Table 5 demonstrates that the AVE values for all variables fall within an acceptable 
range. Convergent validity is therefore verified.

The heterotrait-monotrait ratio assessed discriminant validity. HTMT measures average 
indicator correlations across constructs. Henseler et al. (2014) recommended discriminant validity 
below 0.90. Table 6 shows heterotrait-monotrait ratios for all variables are below 0.90. This supports 
constructs' discriminant validity according to Henseler et al., (2014). Tables 5 and 6 show that 
variables are within the literature's range. We found convergent validity and good internal reliability.

In this table, the values of loading, Cronbach's alpha, rho-A, composite reliability and average 
variable extracted are mentioned which are calculated by using SmartPLS software.

In the above table HTMT ratio is shown which confirms the discriminant validity of this 
research. As all the values given in table 6 are less than 0.90 we can say that this research has 
discriminant validity.

By using the Fornell Larckar approach this report measure the convergent validity of the data. 
All AVE square roots are greater than their corresponding correlation coefficients, as seen in Table 7. 
The condition for Fornell Larckar approach is established in the table 7. So convergent validity is 
prevailed here.

5.4 Structural Model
After verifying the measuring model's psychometrics, this research studies the structural model. SEM 
determines path strength, importance, and insignificance. Structural evaluation follows measuring test 
rules. R-square assessed structural model fit. Path coefficients (Beta) and t-statistics were utilized to 
evaluate the study hypotheses individually. Bootstrapping with 5,000 re-samples determined path 
significance. The model explained 69.2% of behavioral adoption variance, according to R-square. Path 
coefficients need to be statistically significant at a p-value of at least 0.05 in order to confirm the 
relationships (Byrne, 2016). Table 8 displays structural model path, coefficients, t-statistics, p-value, 
and decision.

Table 8 shows that, at the 5% level of confidence, the results for H1 (p<0.05), H2 (p<0.05), H4 
(p<0.05), H5(p<0.05), and H6(p<0.05) are all significant. At the 5% level of significance, however, the 
path for H3 (p>0.05) lacks statistical significance. This suggests that trust, information quality, 
facilitating conditions, performance expectancy, and effort expectancy all have a big impact on how 
mobile government is adopted behaviorally. Social influence, however, has no effect on the adoption of 
mobile governance.

6. Discussion
Government agencies use mobile phones and other digital means to reach people and citizens to 
increase participation, knowledge, trust, and engagement. Government decision-makers have struggled 
to reach remote citizens with updated information. Sparse locations hinder socioeconomic progress in 
emerging countries. Mobile apps may help society's socioeconomic growth and government service 
delivery. The study shows that citizens across the nation are eager to utilize mobile apps for services 
offered by the government. In this paper, the researchers examined six parameters affecting mG-App 
use by the citizens. Five of six criteria influenced citizens' use of mobile government app. Trust, 
information quality, performance expectancy, facilitating conditions and effort expectancy affect mG-
App adoption in developing countries like Bangladesh. Reasons for the six conceptions' importance 
and non-significance are discussed in the followingsection.

The mG-confidence app is the best way to figure out how people will use new technology. 
Thus, consumers must enter personal and credit card information to use mG-Apps for private 
transactions. The mG-Apps are more likely to be trusted when they have up-to-date information and 
are easy to use. Implementing encryption measures to comply with stricter privacy regulations can 
increase trust in mG-Apps. The privacy policies and information of the mG-new App aim to promote 
user engagement. This proves that a lack of trust is one of the biggest reasons why people don't use 
new systems or technologies (Alalwan et al., 2017).

Consequently, performance expectancy is the second most important constructs in selecting 
mG-App. Citizens evaluate mG-App based on its functional utilities (performance expectancy). 

Demonstrating and publicizing significant features helps improve government online services. 
Furthermore, by introducing new and varied technical channels, the usefulness of government 
institutions can be expanded (Ghalandari, 2012). A study determined that people's openness to trying 
out new technologies is significantly influenced by their expectations of how well they will work 
(Alalwan et al., 2017).

Consequently, effort expectancy is a significant anticipator of users' desire to utilize mG-App. 
This research reveals that inhabitants of Bangladesh, even expats, prefer to execute financial activities 
and acquire information about government services via mobile applications that involve less effort and 
time than other traditional means. The majority of research using the UTAUT has discovered a 
statistically significant correlation between effort expectancy and behavioral adoption (Alalwan et al., 
2017). In contrast to earlier studies (Ahmad & Khalid, 2017), our study reveals that the correlation 
between social impact and behavioral adoption is minimal, suggesting that residents in Bangladesh are 
unlikely to advocate the usage of mG-Apps to their loved ones. In a study done in the Sultanate of 
Oman, Riffai, Grant, and Edgar (2012) found that social impact did not significantly predict behavioral 
adoption in the mobile banking environment. Furthermore, this conclusion aligns with earlier research 
conducted in several sectors of information systems (Alalwan et al., 2017). 

The results also show that supportive settings make it easier for people to change their behavior 
to use the mG-App.  Citizens emphasize available funds, specific skill sets, and amenities such as 
increased Internet access, secured mobile apps, and phones to access and employ mG-App for utilizing 
and accessing govt. services through mobile applications. Multiple further empirical research in the 
field of information systems provide evidence to support this idea (Ahmad & Khalid, 2017). 

The results conclusively demonstrated a robust and favorable relation between the quality of 
information and the intention to utilize the mG-App. This demonstrates the significance of factors such 
as relevant content, frequent updates, and comparable features in driving mG-app adoption. Individuals 
are more inclined to utilize mobile applications if they offer superior information. The findings align 
with previous research indicating the significance of information quality in influencing a user's 
adoption of new technology (Sharma et al., 2017).

7. Implications

7.1 Implications for Theory

Researchers and academics will find the result of this study useful. The model has extended the 
UTAUT framework by include information quality and trust in its explanation of users' acceptance of 
mG-Apps in an Asian environment. The UTAUT model is a well-known framework for analyzing how 
people respond to and adopt new technologies. These two new components can be used by other 
researchers when they work with the UTAUT theory. The statistical findings demonstrate that this 
study's research model can predict behavioral adoption toward mG-App. All measurement indices and 
structural models were within their allowed range. The UTAUT's R-square initially stood at 53% as 
anticipated, but rose to 69.2% upon the inclusion of more data. Therefore, the inclusion of additional 
components enhances the predictive capacity of the study model. This research is a valuable addition 
to the growing database of theory that pertains to the utilization of mobile government, e-government, 
and mobile application development. Second, the study's results supplement the literature about the 
usage of mobile devices for government functions. Furthermore, this research's results can be applied 
to advancing technological advancements in studies of adoption. This study looks at how popular 
government service apps are for mobile devices in a South Asian country like Bangladesh. It adds 
important results to the literature.

7.2 Implications for Practices
This study shows that information quality, effort expectancy, facilitating conditions, trust, performance 
expectancy are significantly related in the context of mG-Apps adoption. Thus, respected authorities 
should consider those concepts while developing citizen-centric mobile apps. Government agencies 
would utilize these findings to develop and implement similar projects in several areas. The results of 
this study are going to support Bangladeshi government agencies in the development of policies that 
effectively encourage the use of mG-Apps. The acceptability of mG-Apps is influenced by both 
performance expectancy and trust, and decision-makers can improve the quality of these apps by 
providing reliable and expedient services. Performance and effort expectancy also affect behavior. In 
other words, residents favor low-effort government service mobile apps. Therefore, it is advisable for 
government mobile app developers to minimize the complexity of app usage and exploration. 
Experienced users can also assist creating mobile apps. Surokkha, a nationwide platform, allows 
residents to register for Coronavirus immunizations, receive certificates, and store data. Government 
officials may add a mG-Apps feedback signal to Surokkha to include user input. The Bangladeshi 
government may also organize a PPP to encourage smart mobile app use. Facilitating factors also 
affect behavioral adoption. This suggests residents' value government-provided mobile access to 
government services. It is advisable for the government to periodically provide concise training 
programs on facility usage in public and commercial organizations across the country. The 
organization indicated above would provide information to potential and prospective clients regarding 
government services accessible on mobile devices, as well as update them on new and upcoming 
services.

The strong link between trust and how people plan to use mG-Apps shows that security and 
privacy are important to people when they use state services on smartphones and other tools. 
Programmers and system analysts should enhance the security of apps by implementing an additional 
safety mechanism to safeguard against mG-Apps. The Bangladeshi government's "Mobile Applications 
Secure Development Guidelines" ensures security and robustness. The quality of information that 
citizens receive has an impact on their behavioral intentions. This suggests that the government is 
expected to provide citizens with information on government services that is precise, accurate, 
meaningful, pertinent, complete, and timely. When information is linked to mobile transactions, 
timeliness and trust are even higher. Mobile app developers should adopt the One Web Approach to 
display the same content on all mobile devices. These mobile apps should have automated notifications 
for the latest modifications. Public and corporate institutions should ensure user data relevancy and 
timeliness. 
8. Conclusion, limitations and Future Research Directions
8.1 Conclusion
Within this work, we tried to identify the crucial elements impacting the behavioral adoption of 
Bangladeshi citizens to utilize the mG-App. In conclusion, the study gave a good understanding of the 
most important things. The findings indicated that positive behavioral intentions were influenced by 
factors including information quality, effort expectancy, facilitating factor, trust, and performance 
expectancy. When considering whether or not to use mG-App, these factors are crucial. There was no 
empirical support indicating that social influence had an impact on the intention to take action, 
implying that individuals in Bangladesh are resistant to the influence of recommendations when it 
comes to their utilization of the mG-App. Therefore, mG-App are strongly recommended for use by 
the people of Bangladesh. As another bonus, it has been found that user-friendly technology increases 
users' behavioral intentions. Government entities will benefit from the results of this investigation since 
they will provide appropriate tactics to encourage more people to get government services through 
mobile apps.

8.2 Limitations and Future Research Directions
Even though this study has made important contributions, it also has some problems. Firstly, this study 
only looks at the opinions of people in Bangladesh, hence the researcher recommended that the 
proposed study model should be implemented with caution in other Asian nations. Future research can 
be conducted to other country context to validate this model. Secondly, the data acquired for this study 
is limited to Dhaka city as the author is a student; financing to collect data across the country is a 
challenge. Future studies can be done by obtaining data from all over the country. Thirdly, because the 
bulk of the respondents were between the ages of 20 and 40, it was suggested that the proposed study 
model be tested with more balanced age group information. Fourthly, this study did not evaluate the 
influence of demographic variables as moderators. If that effect can be seen, the outcome could be 
more interesting. Finally, this study focuses on the initial adoption mG-App, future studies can assess 
the continuous usage intention of mG-app.
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